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PREFACE 


For some time the author has been engaged In teaching biomet¬ 
rical methods to students in America and China. During this 
time he has had opportunity also to examine and analyze data 
collected by investigators engaged in many dijBEerent fields of re¬ 
search. These contacts have impressed him with the need of a 
text that would present in simple form the fundamentals of statis¬ 
tical analysis, including the application of the experimental error 
concept and the method of variance analysis, in such a way as to 
enable the beginner to follow through the various steps needed for 
the analysis of his data. 

The author realizes that there are many excellent texts, both 
general and specific, available on the subject. However, there 
does not seem to be any simple text combining in one volume 
methods for the measurement of variation, correlation, curve fitting, 
the probable error concept, and the analysis of variance. It is for 
this purpose that the present volume is prepared, and emphasis 
is placed on the interpretation and application of formulas rather 
than on their derivation and development. While particular con¬ 
sideration is given to the application of the different methods to 
agricultural data and examples are drawn largely from this field, 
the methods can be applied to any data that can be treated statis¬ 
tically. On account of the increasing interest in the problems of 
plot technic on the part of many investigators, the final chapter 
is given to a brief discussion of some of the more important phases 
of this subject. 

The preparation and publication of this text have been made 
possible by funds furnished cooperatively by the China Foundation 
for the Promotion of Education and Culture and the National 
Agricultural Research Bureau of the Ministry of Industries of the 
National Government of the Republic of China. The author 
expresses his deep appreciation to these two organizations for their 
generous aid and cooperation. 
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thanks are due him for many valuable criticisms and suggestions. 
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excellent assistance she has rendered in all phases of the work, 
and feels that without her help it would have been impossible to 
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APPLICATION OF STATISTICAL 
METHODS TO AGRICULTURAL 
RESEARCH 


CHAPTER I 

INTRODUCTION 

During recent years there has been a growing tendency in most 
fields of investigation to reduce the observations and data accumu¬ 
lated to an orderly arrangement that will make possible the evalua¬ 
tion of the results by means of some systematic method of analysis. 
That is, there has been a change from the earlier practices to more 
exact methods of expressing the results statistically. Formerly 
in a number of fields of investigation facts were observed and 
tabulated in such a way that it was rather difficult for anyone but 
the experimenter to gain a clear idea of the results. During these 
earlier years the field of statistics and statistical analysis had a few 
supporters, and the methods were gradually being developed and 
simplified so that some of the methods could be used by the non- 
mathematically trained investigator. 

Formerly it was thought by many that statistical analysis be¬ 
longed to a very specialized field, but more and more the methods 
of statistical analysis are finding their way into the workshops of 
scientists in all fields. This has been due largely to the fact that 
some of the enthusiastic supporters of the methods of statistics 
have worked faithfully to develop the methods so that they may 
be useful and usable for those persons who are not particularly 
trained in higher mathematics. Another reason was the real need 
felt on the part of students in biology, agriculture, sociology, edu¬ 
cation, psychology, economics, and the like, for some method that 
would enable them to systematize their re cords and reduce the 
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faots which their results gave to a few simple statements. The 
result is that during recent years there has been a very rapid ad¬ 
vancement in the field of statistical analysis and many useful 
methods are now available for the analysis of data arising from 
different sources* Many excellent textbooks, some of them general 
and some of them devoted to a special field of statistical analysis^ 
have been written and are available to the public. 

While there has been a very rapid growth in the application 
of statistics to the affairs of everyday life, in some cases mistakes 
have been made by those who are taking up some of the methods 
for the first time. It cannot be said that all mistakes are due to 
amateurs, but often a beginner is apt to feel that the application 
of some form of mathematics to the analysis of his data may make 
up or overcome all of the shortcomings or weaknesses that may be 
present in the data themselves. It must be understood at the 
outset that no conclusions, even if based on the most intricate 
mathematical analysis, can ever be more reliable than are the data 
which have been used in the analysis. 

^Collectim of Data, This leads to the question of the kind and 
amount of data to collect, and we may say that the data should be 
based on a sufficiently large sample to be representative of the con¬ 
dition which it is intended to analyze. We should never form an 
opinion or come to any conclusion so that we may be biased in the 
collection of data, and we must be certain that the material studied 
is a fair sample. For example, if we were to study the health of the 
children in a certain community or city, we would not go to the best 
part of the city or to the best homes and take our data from the 
children found there. Neither would we collect our data from only 
the poorest part of the city, nor from the workshops. It would be 
necessary to study children from all environments of the city so that 
we could say the data were a fairly representative cross section of 
the children of that community. 

Again, if we are to study the incomes of a group of merchants 
iwe would not go to a city and collect the data from only the mer¬ 
chants on the more prominent streets. It would be necessary 
also to have data from the small stores on the side streets if the 
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data are to be fairly representative of the group as a whole. Again, 
if we are interested in studying the variation of a lot of wheat 
plants, it is not sufficient to go into a field and collect all of the 
plants in one comer of the field. The field will differ in its fertility 
and naturally the growth of the plants will be affected, and it is 
necessary to collect the plants so that they are truly representative 
of all of the plants that may be in the field. This leads to the 
term random sample. 

Random Sample. What is meant by a random sample? It 
means that in collecting a sample, or a lot of individuals that will 
make up a sample, one must make the collection purely at random, 
that is without any bias whatsoever in the selection. It does not 
mean that one can discard individuals at will unless for some reason 
they do not represent normal reactions to a particular environment 
or condition from which they have been taken. 

Referring again to the matter of collecting wheat plants for 
study, one can look at a field and see that a certain number of the 
plants are tall, another lot quite short, and the remainder of the 
plants about average, and then set out to collect plants on the basis 
of the estimates he has made. This will not lead to a random 
sample, since one cannot estimate the proper number of the dif¬ 
ferent types to collect without exact counts. A random sample 
would be obtained if it were possible to go through a field of wheat, 
taking every tenth or twentieth plant in each row regardless of the 
conditions under which it has been produced, unless it is evident 
that it has been injured. Taking every tenth plant eliminates any 
bias or personal choice. One may have too large a sample for his 
study when he is finished, but it would again be possible to take 
another sample from this first collection by placing the plants 
together and again taking every tenth plant. 

If one were interested in studying the height of the men in a 
certain city it would be necessary that his material be a random 
sample, and such a sample may be made up in any one of several 
ways. If it is a city having a directory, one could take every tenth 
male in the directory, or every fiftieth, depending on the size of 
the population and the number it is intended to study. Again, 
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it would be possible to take the data on certain of the important 
comers where traffic is heavy, and study every tenth or twentieth 
individual, or whatever number may be decided on. If this were 
done at several important corners the result would be a random 
sample, providing the days on which the samples were taken 
were representative days. They should be business days and not 
holidays, since on holidays a certain class of people would not 
be appearing on the busy street corners, while those who do 
not ordinarily appear might be out in greater numbers. In order, 
then, that the data may be representative, it is necessary that it 
be collected at random, and based on sufficient observations to give 
a fair sample. 

Measuring and Recording Data. After the data have been 
collected it is necessary to measure and tabulate the results. One 
should give careful consideration to the methods that are to be 
used and to the steps that are to be followed in connection with 
this work. In the first place, it is important that extreme accuracy 
be observed at all points. Even if one expects to apply the most 
involved methods of mathematical analysis to the data, it does not 
mean that such application will smooth out, eliminate, or reduce 
inaccuracies in measuring and recording the data. 

One must make sure that the apparatus for measuring and weigh¬ 
ing are correct so that they will give correct readings to the degree 
of exactness that it is intended to follow in making such measure¬ 
ments. If the rule or the scale is not reading properly, then each 
record wiU be influenced by an error. The errors may be propor¬ 
tional to the size of the item or they may not, depending on the 
actual discrepancies of the apparatus. 

Since in most cases it is not possible to check all the measure¬ 
ments, readings, and observations made in collecting the data, it 
is of the greatest importance that this work be done with extreme 
accuracy. Such manipulations as divisions and multiplications 
made from the records may be checked and errors eliminated, but 
due to the fact that with most data one does not have an opportunity 
to recollect them, it is therefore impossible to check on the accuracy. 
The fact that the measurements cannot be checked should not be 
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considered an excuse for careless work but an important argument 
for extreme accuracy. 

In all cases wherever it is possible the measuring and recording 
should be checked. For example, if it is possible for two people 
to work together in weighing a lot of objects, one to do the weighing 
and one to do the recording, it is possible to check the actual taking 
of the weights and the recording. The person doing the weighing 
reads the weight to the person recording, and the record is made. 
Then the object is reweighed, letting the person doing the recording 
read back the weight to the person in charge of the weighing. This 
will slow up the work to some extent but will make for greater 
accuracy. 

When the objects are being weighed on the type of balance that 
requires the changing or handling of several weights, it is better 
to devise some system that does not require the reading of the total 
amount of the weights on the scale pan. For example, with certain 
work the smaller types of laboratory balances are used and these 
may require the handling and rehandling of gram weights. If 
there is a great deal of weighing to be done it is more convenient 
to mark off a chart on a card that is placed directly in front of the 
balance, recording on this chart the various sized weights, as for 
example 500 grams, 200 grams, 100 grams, and so on. When these 
weights are not on the scale pan they should be placed on the chart 
over the proper number. Then when an object is weighed the 
weight may be quickly counted up by glancing at the chart and 
adding those numbers on the vacant places together with any weight 
that may be on the beam of the balance. 

For checking the measuring and recording of data other devices 
may be developed, and it is worth while for each laboratory to 
consider ways and means of reducing errors or mistakes to a mini¬ 
mum. The recording of the figures must be carefully done, and the 
figures recorded so as to leave no doubt as to the numbers intended. 
For example, after recording numbers rapidly there may be doubt 
as to whether a 3 or a 5 is meant, and again as to whether a 7 or a 9 
is meant. 

The question of the fineness of the readings to be used when 
measuring or weighing objects needs to be considered, since it may 
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be possible to save a considerable amount of time with certain 
kinds of data. For example, suppose that the weights of grain 
for several hundred wheat plants are to be obtained with the purpose 
of determining the average weight. If this is all the information 
desired from this weight value it is not necessary that time be spent 
reading the weighing to hundredths, or even tenths, of a gram. 
Sufficient information may usually be obtained by reading the 
weights to the whole unit, or gram. 

With this kind of material it is often possible to save time by 
recording the weights directly into groups or classes. In Chapter 
II the arrangement of data in classes is fully discussed, and con¬ 
siderable time may be saved with such a problem as the weighing 
of grain by recording the individuals directly in the proper classes. 
In doing this it would not be necessary to know the exact weight 
of any of the individuals since the groups or classes would usually 
differ by at least a unit, as one gram, if not more, and therefore the 
group or class to which a particular individual belongs may be 
readily determined without noting its weight exactly. It would 
only be necessary to be more exact regarding those individuals 
that are near the division points between any two groups. This 
suggestion is made in some detail to call attention to the possibility 
of saving time in the weighing and recording of observations. There 
is no need to make the readings to a very fine point if later the 
objects are to be grouped in large classes. It may be, however, 
that there will be other facts wanted and then it will be desirable 
to make the readings to a finer degree, but this point should be 
determined if possible before much time is spent in detailed meas¬ 
urements. 

Calculation of Results. In the calculation of results it is im¬ 
portant that extreme care be observ'ed. This means that for the 
more careful work systems for checking each operation should be 
devised. Where there is to be considerable statistical work done 
it is important that certain laboratory rules be established to be 
used in making and checking the calculations. 

In the first place, for uniformity it is best to adopt certain stand¬ 
ards as to the number of decimal places to be retained, and to 
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adopt a rule for raising or lowering a number when reading to a 
certain number of decimal places. For example, if the number 
4.235 has been obtained and the laboratory practice is to read to 
two decimals, a standard should be set as to what is to be done 
with the 6 in this case. Will the number in the second decimal 
place be raised and the reading made 4.24, or will the 5 be dropped? 
In some laboratories the rule is to always raise the number, while 
in others if the third decimal is exactly 6 it is dropped, and the 
number would be read 4.23. If it is 5+, the number is read 4.24. 
In certain operations it is possible to use the following practice. 
The first time a number comes out exactly 5 in the last decimal 
the number preceding may be raised, the second time the 6 may 
be dropped, and so on. 

It is also important to adopt standards relative to the handling 
of squares and square roots. For example, if a certain division is 
to be made and the square root of the quotient extracted, and the 
answer is to be correct to two decimals, it is necessary that the 
quotient be carried to four decimal places. If three decimals are 
to be kept in the answer, then for accuracy the square or quotient 
should be carried to six decimal places. This is especially important 
when the square root is to be used in making multiplications and 
for other computations, and it is therefore very necessary for the 
greatest accuracy that a suflScient number of decimals be retained. 

In connection with the matter of laboratory standards, it is 
important that certain operations always be handled in the same 
way and the same number of decimals retained. This is particularly 
true where many studies of a similar kind are being investigated 
and various comparisons are to be made between the different 
results. 

Interpretation of Results, The most important part of any 
statistical analysis is the proper interpretation of results. It is a 
matter of common knowledge that the same statistics may some¬ 
times be used to prove the very opposite result. This is often due 
to a selection of part of the statistics and to a neglect of some of 
the more important factors that may not have been considered. 
For example, Chaddock gives a good illustration of the danger of 
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not considering all of the factors when drawing conclusions. His 
data are taken from a report of a college relative to the amount 
of smoking done by the students and the failures so far as their 
class work is concerned. The data as given by Chaddock are 


i 

1 

Non- 

SMOKEBS 

Modebate 

Smoeebs 

Excessive 

Smokebs 

Numbeb ov Students Investigated 

111 

35 

18 

Avebaqb Wobk vob Yeab 

85 . 2 % 

73 . 3 % 

69 . 7 % 

Pbopobtion of Failubes 

3 . 2 % 

14 . 1 % 

24 . 1 % 


Taking the data as they are it is apparent that there seems to 
be some high relation between excessive smoking and failure in 
college work, but the question arises as to whether this is due to 
smoking or due to the fact that those who smoke a great deal may 
be those who are more interested in the social life of the college, or 
those who probably went to college not so much to obtain training 
aa to pass a few years with pleasant associates. In other words, 
there are other factors that need to be considered, and one should 
not draw the conclusion that excessive smoking leads to failure 
in classes. On the other hand, it is true that the data do not war¬ 
rant the conclusion that excessive smoking aids in college work. 

One of the great dangers in statistical interpretation is due to 
the fact that perhaps inexperienced investigators, or those who 
may be using statistical methods for the first time, are apt to be 
imbued with the idea that the mathematical manipulations and the 
application of diffictdt formulas have a tendency to remove their 
data from the field of actuality, and therefore they fail to keep a 
proper balance between mathematical analysis and common sense. 
We should never lose sight of the common sense side of the problem, 
and should not be led to the drawing of conclusions that may not 
be justified by the affairs of everyday life even though mathematical 
manipulations seem to indicate otherwise. This does not mean 
that we should not announce a new or outstanding result which 








INTEODUOTION 


9 


has been obtained from the application of statistical analysis, but 
we must study all of the factors involved and make certain that 
the result we are about to announce may be substantiated when 
the data are critically examined from aU viewpoints. 

There is one source of error in the handling and interpretation of 
statistics that is quite common, and one which affords numerous 
opportunities for incorrect conclusions or interpretations. This is 
the matter of the use of percentages. As an illustration we may 
consider the following data, which are the results obtained from 
two different methods of preparing soil for the growing of a crop 
of feterita. 


A 

B 

Gain of B 
OVEB A 

Gain in 
Per Cent 

4.7 

9.8 

5.1 

108.51 

7.1 

12.8 

5.7 

80.28 

25.0 

28.4 

3.4 

13.60 

11.7 

20.9 

9.2 

78.63 

16,0 

23.8 

7.8 

48.75 

6.2 

16.5 

9.3 

150.00 

70.7 

111.2 

40.5 

479.77 


The results in the first series, A, were obtained when the soil 
was plowed in the fall. Those in the second series, B, are the 
results obtained from fallowing the soil. The results in the third 
column give the gain of B over A, and in the fourth column this 
gain is expressed in per cent, obtained in the usual way by divid¬ 
ing the gain of B over A by the value of A and multiplying by 
100. One method too commonly used for expressing the final 
results is to average such percentages. Summing the values in 
the fourth column and dividing by the number of tests we have 
an average of 79.96. Using this to evaluate the results, we would 
say that the results from the second method show a gain of 79.96 
per cent over the first method. This is an incorrect interpretation, 
since percentages should not be averaged. 

The data should be handled in another way, by obtaining the 
average of A and the average of B, or 11.78 and 18.53, respectively. 
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The gain of B over A is now 6.75, and dividing this gain by the 
average of A, 11.78, the result is 67.30 per cent. This is the correct 
percentage value to use when expressing the gain of B over A. 
It is to be noted that there is a big difference between the two 
percentage values. In general^ it is not a wise procedure to average 
percentages. 

This example illustrates the danger of averaging percentage 
values, and great care should be observed at all times in handling 
percentages. In this connection ‘Student’ has said that percentages 
should bo used with the greatest care, they are fertile mothers of 
fallacy. 

It is important, therefore, to use caution in the interpretation 
of results. This is especially true for those who may be using 
statistical analysis for the first time since, as already stated, there 
is a tendency for them to rely too much on the results of their 
analysis and too little on the common sense values. Statistical 
analysis and good judgment should go hand in hand, and we should 
never feel that the application of even the most refined methods 
of statistical analysis relieves us of using our own best judgment 
in the interpretation of the results. This does not mean that we 
would announce a certain conclusion if all of the evidence of the 
statistical analysis proved otherwise, but it does mean that wo 
should not be carried away with the manifold methods of statistical 
analysis and rely entirely on figures alone. Sound judgment and 
statistical analysis should continue hand in hand until the final 
result is announced. 



CHAPTER II 


FREQUENCY DISTRIBUTIONS 

As indicated in the previous chapter, when one is planning to 
make a statistical analysis of a particular lot of data it is necessary 
to obtain measurements or records of a sufficient number of in¬ 
dividuals so that the data can be considered reliable. In other 
words, the population should be large enough to be truly repre¬ 
sentative of the condition it is planned to study. After one has 
measured or counted the characteristics of a large number of in¬ 
dividuals, say several hundred, a thousand, or more, it is very 
difficult to form a definite idea of the nature of the material. One 
has many numbers recorded, but from studying these item by item 
he cannot draw any conclusion as to the population as a whole. It 
is clear, then, that it is desirable so to arrange the individuals as 
to obtain definite information regarding the population. The 
simplest way to do this is to arrange the various individuals in 
groups or classes. That is, in accordance with the nature of the 
material under observation one can decide what kind of grouping 
or classification he desires to follow and then record the individual 
items in the various groups according to the value or size of the. 
character being studied. Such an arrangement of the individuals of 
a population in classes or groups is called a frequency distribution. 

Number of Classes and Class Range or Interval, When a frequency 
distribution is to be made the first question to be decided is the 
number of classes to be used. This involves another point, the 
size of the classes, or the class range or class interval. 

Regarding the number of classes, it is impossible to set a definite 
number that should be used in making frequency distributions. 
It would be arbitrary to fix an exact number, and furthermore, 
the nature of the different kinds of mat^erial that may be studied 
is so variable that it is impossible to establish a definite number 
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of classes. For example, if one were counting the petals of a flower 
such as the common buttercup {Ranunculus bulbosus) it would 
be possible to have only a few classes since the number of petals 
on this plant usually vary from five to ten. Again, if the number 
of ray florets of a flower such as the common field daisy {Chrysan¬ 
themum leucanthemum) are being studied, they vary over a wide 
range. (See Table 11.) In such a study a large number of classes 
must be used, for if several classes were combined in a single class 
some of the important biological facts would be obscured. However, 
in dealing with data obtained by measuring or weighing, or even 
by counting such material as the number of seeds per plant, it is 
possible to group several measurements together and it is not 
necessary to have separate classes for each unit. Usually for most 
cases from 10 to 20 classes will be sufficient, but at times more 
may be needed. With certain kinds of material it is possible to 
have only a few classes. For example, when the number of culms 
per plant for wheat plants that have been grown under uniform 
conditions are grouped in classes, it is possible in certain cases to 
have only eight or ten classes. The same may be true with reference 
to the number of spikelets per head for wheat plants. Therefore, 
the nature of the material will quite largely determine the number 
of classes, and the important facts of the behavior of the material 
should not be obscured by having too few nor lost sight of by having 
too many classes. It may be stated with reference to the number 
of classes that the important consideration is to have a sufficient 
number to give a fairly uniform distribution. 

The size of the class interval, then, will depend on the number 
of classes used. In deciding on the class interval the limits must 
also be considered carefully so that no confusion will arise in group¬ 
ing the material in the various classes. While the limits are impor¬ 
tant, the same is also true of the mid-points of the classes, and it is 
well to consider both when deciding the class limits. That is, 
since after arranging the individuals in the various classes it is 
customary to assign to all the individuals in each class a value 
or weight equal to the mid-point of the class, the class limits should 
be so chosen as to leave no doubt as to what the mid-point is, and 
it should be readily determined. In making a frequency distri¬ 
bution of a population whose characters have been recorded by 
counting, for instance number of seeds, it is well to choose class 
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limits whose mid-points are integers as, for example, 1-5, 6-10, 
11-15, and the like. Here the mid-points will be 3, 8, 13, and so on. 

When material that has been obtained by weighing or measuring 
is to be grouped, it is possible to use in some cases a plan similar 
to that suggested for numbers. Often, however, this is not so 
easily done and it is very important that the class limits be selected 
so that no confusion will arise as to the mid-points of the classes. 
This will be simplified if the matter is approached geometrically 
rather than arithmetically. Suppose one has a group size 1 to 5. 
If the class is arranged as follows: 

1 2 3 4 5 

it is clear that 3 is the mid-point since there are two spaces, from 
1 to 2 and from 2 to 3, below it and the same number of spaces 
above it. 

Suppose we have objects that have been measured in centimeters 
and we wish to arrange them in classes. If the data are of such a 
nature that some individuals are found with a very low value, say 
.1 or .3 of a centimeter, and other individuals are found measuring 
as high as 15 or 20 centimeters, we might arrange the first class 
to include all individuals whose measurements are more than 0.0 
but less than 2.0 centimeters. The class limits then would be 0.0 
as the lower limit and 1,9, or in reality 1.999-1-, as the upper limit. 
This means that all the individuals measuring up to but not equal 
to 2.0 centimeters would be placed in the first class. The mid-point 
of this class is then taken as 1.0 centimeter. For the second class 
the lower limit would be 2.0 and the upper limit 3.999 + . This 
class would include all individuals measuring 2.0 or more but less 
than 4.0 centimeters, and the mid-point of this class is 3.0 centi¬ 
meters. The other classes would be arranged similarly. In other 
words, in establishing class mid-points and class limits, the space 
included between the limits must be considered rather than the 
limits themselves. Thus, with the classes just considered, we have 
the following arrangement. 

0.0 .5 1.0 1.5 2.0 2.5 3.0 3.5 4.0 

As stated, the first class is from 0.0 to 1.999+, and it is clear that 
the mid-point is 1.0 since there are two spaces below and two spaces 
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dbove this mid-point. The mid-points of the other classes are 
determined similarly. This illustration further emphasizes the 
statement above, that when determining mid-points we should 
consider the distance included within the class limits. 

In stating the limits of the classes, then, they are usually handled 
as follows: 0.0-1.9, 2.0-3.9, 4.0-5.9, and so on, for the case just 
cited. Again, if we have material that has been weighed in grams 
and the classes diflFer by 3 grams, they would be arranged as fol¬ 
lows: 0.0-2.9, 3.0-6.9, 6.0-8.9 grams, and so on. 

It should be kept in mind that so far as possible the class interval 
should be the same for all classes. This will be illustrated very 
clearly in later chapters when we are dealing with the calculation 
of the various constants. Unless absolutely necessary the class 
interval should not be of varying sizes. It is possible in some 


Table 1 

Yields in Grams of 100 Soy Bean Plots Grown 
AT Hsuchow, Kiangsu, in 1933 


230 

264 

274 

236 

291 

276 

309 

241 

290 

3:57 

330 

23.5 

273 

335 

304 

216 

292 

318 

216 

217 

297 

344 

300 

200 

256 

369 

257 

286 

246 

317 

241 

249 

258 

265 

235 

310 

312 

192 

223 

306 

448 

239 

229 

288 

328 

342 

242 

250 

274 

310 

218 

268 

309 

211 

252 

229 

295 

186 

274 

350 

375 

214 

262 

312 

336 

225 

340 

329 

312 

275 

302 

303 

279 

805 

233 

271 

246 

269 

283 

290 

289 

216 

292 

318 

288 

237 

261 

318 

310 

269 

306 

240 

234 

152 

223 

283 

316 

305 

217 

297 
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cases that it will be necessary to change the class interval in certain 
classes in either the extre- ie lower or upper part of the frequency 
distribution, but if this is done it should be carefully noted. 

Making a Frequency Distribution. The method of making a 
frequency distribution may be illustrated by the use of the data 
given in Table 1, page 14. These data are the yields in grams of 
100 soy bean plots grown at Hsuchow, Kiangsu, in 1933. The first 
step is to decide on the number of classes and the class limits. 
The usual procedure would bo to look through the data to determine 
the range of the measurements. From the data in Table 1 it is 
found that the lowest value is 152 grams while the highest is 448 
grams. If we take the difference between these two measurements 
we find that the total range is 296 grams. By making use of this 
range we decide how many classes we will use and this will help 
determine the class interval, as follows. If we divide the total 
range, 296, by 30 we find that 30 is contained in 296 about ten 
times. This means that 10 or 11 classes would be sufficient to 
include all the individuals. Again, if we divide 296 by 25 we 
find that we will need 12 or 13 classes. If we decide to use this 
number of classes then the number that we have divided by may be 
taken as the class interval. 

The next point to determine is the lower limit of the first class. 
As a general practice this will depend somewhat on the mid-point 
that may be desired. It is usually wise to select the lower limit 
of the first class so that the few individuals that may be in the 
first class w^ould be fairly represented by the mid-point of that 
class. For the data in Table 1 we will select 140.0 as the 
lower limit of the first class and since we are using 25 as 
the class interval the upper limit will be 164.9+ grams. In 
practice it is not necessary to continue to write this value as 
164.9 + , as it is understood that all individuals weighing 140.0 
grams but less than 165 grams are to be included in this class. 
The second class will then have the limits 165.0 to 189.9+, 
the third 190.0 to 214.9+ , and so on until we have enough 
classes to include all the individuals. Since the largest weight 
is 448 grams we must continue our classes so that there is a class 
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for this measurement, which means that we would continue our 
system of classification by intervals of 25 up to 440.0-464.9+. 
The complete number of classes with their class limits are given 
in Table 2. 

When the classification system has been determined we would 
take each individual item in turn and record it in its proper class. 
For example, the first weight is 230 grams and it will be placed in 
class 215.0-239.9. The most convenient way is to make a mark 


Table 2 

Fbeqdkncy Distribution for Data in Table I 


Class Value 

V 

Number of Individuals in 
Each Class 

Total 

/ 

140.0-164.9 

/ 

1 

165.0-189.9 

/ 

1 

190.0-214.9 

//// 

4 

215.0-239.9 

rw rw /n/ rr-i/ 


240.0-264.9 

/H/ rw rw 

15 

265.0-289.9 

m/ rw /H/ // 

17 

290.0-314.9 

mj /H/ rw /w 

23 

315.0-339.9 

rw m/ / 

11 

340.0-364.9 

//// 

4 

365.0-389.9 

// 

2 

390.0-414.9 

/ 

1 

415.0-439.9 

/ 

0 

440.0-464.9 

1 

100 


Ifc should be noted that in arranging the classes for this frequency distribution 
the claas limits are 140.0-164.9 grams, 165.0-189.0 granny 190.0-214.9 grams, and 
so on, rather than 140-165 grams, 165-190 grams, 1^-215 ^rams, and so on. The 
arran^ment followed denotes clearly in which class an individuid should be placed, 
while if the first class ended in 165 nams and the second class began with 165 
grams it would not be clear in which class an individual weighing 105 grams would 
1^ placed. 
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for this individual. The second individual weight is 291 and it will 
be placed in class 290.0-314.9, and so on for all the individuals. 
If a mark is made for each individual that occurs in a particular 
class and if each four marks in the class are crossed with the fifth 
mark, it will be easy to sum the individuals in each class when the 
distribution is completed. Following this system, for these 100 
individuals we have the results as given in Table 2, page 16. 

In common practice it is customary to use the capital letter V 
to refer to the classes or class value, and in any computations this 
V refers to the mid-point of the class. The number of individuals 
in the different classes are designated by the letter /, or the 
frequency or number of times each class is represented. The total 
number in the population is designated by the letter N, 

In making a frequency distribution it is very necessary that great 
care be taken that the marks are put in the proper classes. Such a 
system as just described does not permit of any method of checking 
except to make a second distribution. If the second distribution 
differs from the first there is no way to find what particular in¬ 
dividual or individuals have been placed in the wrong class unless 
a third distribution is made, either for the total or for those par¬ 
ticular classes where the discrepancies occur. For large numbers 
of individuals this system of recording the frequencies is also tedious. 
It is often true also that we have several measurements or charac¬ 
teristics for each individual of our population, and as we may want 
to study these characteristics in various ways it is often more 
convenient to copy all the data on cards. One card would be used 
for the measurements or characteristics for each individual in the 
population. 

It may seem that the work of copying the records on cards will 
consume considerable time, but experience has shown that where 
one has three or four or more characters or measurements to be 
studied the time spent in copying the data on cards is more than 
saved as the data are studied later. There is also an added advan¬ 
tage in the card system, as the cards furnish a duplicate record of 
valuable data. The first record, which may have been taken on 
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loose-leaf sheet s or in a record book, can serve as a permanent record 
which should be kept in a safe place at all times. The data as 
recorded on cards will furnish the material for study. It is impor¬ 
tant, of course, that after being copied the data should be read 
back with the original for purposes of checking. 

An illustration of how the card system is used is given here* 
Suppose we have the following data to be studied. 


1. 

Average height of plant, cm. 

69.8 

2. 

Number of culms per plant 

*■» 

O 

3. 

Average number of spikelets per culm 

34 

4. 

Total number of grains per plant 

157 

6 . 

Average number of grains per head 

62 

6. 

Total weight of grains per plant, gms. 

2.671 

7. 

Average yield of grains per head, gms. 

.857 

8. 

Average weight of kernels in milligrams 

16.376 


For each of the individuals in the population we would have a 
similar record. One may have special cards printed with the 
headings to be used, but this is unnecessary and it often happens 
that it is desired to make changes in such headings from time to 
time. Plain cards may be used and instead of taking the time to 
write the headings for the characters to be studied it is sufficient 
to use numbers to designate the characters. It is even unnecessary 
to use numbers since the various characters may be recorded in 
order on the cards. If this latter system is followed then it is 
only necessary to have one guide card which would name in order 
the characters studied and would give the unit of measurement. 
The cards chosen for this work should not be too large, as they will 
not handle easily. A card three inches by five inches will take care 
of a good many characters. It might also be suggested that it is 
better to use a card than a light-weight paper, since papers of or¬ 
dinary thickness do not shuffle or sort out so weU as do cards of 
heavier paper. Cards of the thickness of ordinary library cards. 
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or of even lighter weight, are very satisfactory. We may arrange 
the data on a card as follows: 


1 

2 

3 

4 

61^8 

3 

34 

157 

S 

6 

7 

8 

62 

2.571 

.ez7 

16.376 


After recording the data on cards one would arrange his classes 
as before and then would sort out the cards, for one character at a 
time, placing them in piles in accordance with the system of classifi¬ 
cation and the value of the character for the particular grouping 
that is being made. It may be desirable to have small trays to 
hold the different cards, and to use slips of paper to indicate the 
class limits for each particular tray. It is not necessary to use 
these trays, as a little experience will enable one to do the sorting 
very conveniently without any elaborate system of trays. 

When the sorting for the entire population has been completed 
the cards in each pile or group are counted and the number recorded 
in the proper class. The work may be checked very readily by 
counting back each pile of cards in turn. When checking in this 
way it is necessary to keep in mind only one set of class limits at 
a time. Thus, when checking for class 215.0-239.9 of our frequency 
distribution above it is necessary to keep only these numbers in 
mind, and if one card is found which belongs outside of this class 
it is a simple matter to place it in its proper class. In this way a 
frequency distribution can be made and checked much more quickly 
than by recording item by item as was done above. It may be 
desirable to keep the cards in the groups into which they have been 
sorted, in case they are needed for further study, and they may be 
tied together with twine or bound with rubber bands. 




20 STATISTIOAt. inCTHODS APPLIED TO AOBIOULTTTBAL EBSXASOH 

Types of Freqvmcy Distributions. Frequency distributions are 
of various types, depending on the nature of the material under 
observation. One is the symmetrical distribution, such as is 
obtained in the case of tossing coins, where one side of the coin is 
designated heads and the other side tails, and recording the number 
of heads. Suppose eight coins are tossed and the number of heads 
turned up are recorded. It is possible to have various numbers 
of heads, from no heads, or all tails, to eight heads and no tails. 
If this is done a great many times a frequency distribution ap¬ 
proaching the normal or symmetrical type will result. The result 
of tossing eight coins 2000 times and recording the number of 
heads is given in Table 3. 


Tabls 3 


DiSTElBtmON OF Numbeb of Hbads Obtaiubd By 
Tossmo Eight Coins 2000 Tiubs 


KUMBSX OF HSABI 

V 

Fbkqubncy of Oooub- 
BEiTGF OF Number of 
Heads in V 

s 

Results Obtatsed by 
Expanding the 
Binomial 2000 (i+i)® 

0 

11 

7.8126 

1 

62 

62.6000 

2 

196 

218.7600 

8 

421 

437.6000 

4 

674 

646.8750 

6 

467 

437.6000 

0 

203 

218.7600 

7 

65 

62.6000 

8 

11 

7.8125 

_i 

2000 

2000.0000 


This gives a frequency distribution approaching the normal or 
symmetrical type and is similar to the one that would be obtained 
by expanding the binomial 2000 (J-fi)*- In other words, normal 
distributions may be obtained by expanding a binomial similar to 
the one given here. 
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A normal curve is also obtained from the data given by Yule, 
where the heights in inches have been obtained for 8586 men from 
England, Scotland, Wales, and Ireland. This distribution is given 
in Table 4. 


Table 4 

Distribution of Heights in Inches 
OF A Number of Men from Eng¬ 
land, Scotland, Wales, and 
Ireland (Yule) 


Height Without 
Shoes, Inches 

Total 

Frequency 

67 

2 

68 

4 

69 

14 

60 

41 

61 

83 

62 

169 

aj 

394 

64 

669 

65 

990 

66 

1223 

67 

1329 

68 

1230 

69 

1063 

70 

646 

71 

S92 

72 

202 

73 

79 

74 

32 

75 

16 

76 

6 

77 

2 

8685 


Biological data do not always show symmetrical distributions, 
the asymmetrical or skew distributions being frequently obtained. 
A distribution of this type does not show a gradual rise until a 
middle value is found and then a similar decrease, but shows a 
greater tailing off on one side of the distribution than on the other. 
These distributions are very common and are of various kinds, 
ranging from those that are only slightly asymmetrical to those 
that have a class of greatest frequency and the observations sloping 
off to the one side of this class. 
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In Table 5, giving data on the heights in centimeters of 400 oat 
plants, arranged in classes differing by five centimeters, we have 
an asymmetrical type of distribution where the frequencies are 
not so uniformly grouped around the central values as they are 
in Tables 3 and 4. 


Table 5 


Distribution of Heights in Ckntbikters 
OP 400 Oat Plants 


Height or Plant in 
Centimeters 

Freqxtbnot 

45.0-49.9 

2 

50.0-54.9 

9 

55.0-59.9 

20 

60.0-64.9 

85 

65.0-69.9 

91 

70.0-74.9 

125 

75,0-79.9 

91 

80.0-84.9 

26 

85.0-89.9 

0 

90.0-94.9 

1 

400 


Another asymmetrical distribution is shown in Table 6. This is 
a distribution of 400 oat plants according to their weight of grain 


Table 6 

Distribution of Weights 
OF Grain in Grams of 
400 Oat Plants 


Weight in 
Grams 

Frequency 

.00- .99 

3 

1.00-1.99 

50 

2.00-2.99 

106 

3.00-3.99 

109 

4.00-4.99 

80 

6.00-5.99 

42 

6.00-6.99 

7 

7.00-7,99 

2 

8.00-8.99 

1 

400 


Table 7 

Distribution of Weights 
OF Grain in Grams of 
600 Oat Plants 


Weight in 
Grams 

Frequency 

.00- 1.99 

1 

2.00- 3.99 


4.00- 5.99 


6.00- 7.99 

71 

8.00- 9.99 

12 

10.00-11.99 

7 

12.00-13.99 

3 


500 
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in grams. The frequencies increase rapidly until the third class 
(2,00-2.99 grams) is reached, then the increase from the third to 
the fourth class is very slight. From the fourth class there is a 
very rapid decrease. 

A more pronounced asymmetrical distribution is shown in Table 
7, page 22. This is also a distribution of another lot of oat plants 
with respect to weight of grain. Here the rise is more rapid than 
in Table 6. In the distribution in Table 7 the greatest frequency 
is reached in the second class, then a gradual decrease is observed. 

An example of another type of asymmetrical distribution is 
given in Table 8, showing the distribution of number of culms of 500 
oat plants. The frequencies increase very rapidly to the fourth 
class, then decrease very gradually from the fifth and through the 
remaining classes. 

Table 8 

Distribution of Number 
OF Culms of 500 
Oat Plants 


Data furnished by Dr. A. C. 
Fraaer, Cornell University 


Number 

OF Culms 

Frequency 

1 

18 

2 

60 

3 

115 

4 

198 

5 

64 

6 

31 

7 

19 

8 

7 

9 

2 

10 

0 

11 

1 


600 


Table 9 


Distribution of Number 
of Spurs on Flowers 
OF Aquilegia 


Number 

OF Spurs 

Frequency 

5 

449 

6 

187 

7 

66 

8 

12 

9 

4 

10 

1 


719 


An asymmetrical distribution of the extreme skew type is 
shown in Table 9, with the distribution of the number of spurs on 
the flowers of Aquilegia canadensis. In this distribution the first 
class has the greatest frequency and there is a gradual decrease to 
only one individual in class 10. This type of frequency is known 
as a J-type, since the curve resulting resembles the letter J. 
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There is another type of frequency distribution that is often 
extremely asymmetrical, known as the 17-type. These are not very 
common but nevertheless do occur with certain kinds of data. An 
illustration, while not arising from a true frequency distribution, is 
given in Table 10, showing the per cent of cloudiness at Ithaca, 
New York. The data are the averages for six years. This distribu¬ 
tion begins with a high percentage in January and gradually decreases 
until June. Then there is a gradual increase until another class of 
high percentage is reached in December. 

Table 10 

Pbb Cent or Cloudiness 
AT Ithaoa, New Yoek. Avebaqb 
roB Six Yeabs 


j 

Month 

Peb Cent or 
Cloudiness 

January 

69.8 

February 

64.8 

March 

61.0 

April 

53.8 

May 

42.8 

June 

88.3 

July 

40.0 

August 

43.2 

September 

47.0 

October 

49.3 

November 

72.8 

December 

73.5 


Data furnished by United States Depart¬ 
ment of Agriculture Weather Bureau, at 
Ithaca, New York 


At times there are frequency distributions that are not only 
asymmetrical but are irregular in that they show an increase in fre¬ 
quencies up to a certain class, then a decrease followed by another 
increase until a second high peak is reached. Often several irregu¬ 
larities of this sort occur, depending on the nature of the data. 
Distributions of this kind are found in the variation of the ray 
florets of the common fleld daisy, as illustrated in Table 11 with 
the coimts of the number of ray florets on the heads of daisies from 
the same plot of ground on different dates in the same year. 
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Table 11 


Distribution of the Ray Florets of the Common Daisy 
FROM THE Same Plot of Ground on Different Days 


Number of 
Ray Florets 

Frequencies 

ON 

June 23 

Frequencies 

ON 

June 27 

Frequencies 

ON 

July 1 

4 



2 

5 


1 

3 

6 

1 

3 

9 

7 

0 

4 

5 

8 

2 

12 

12 

9 

6 

13 

20 

10 

4 

17 

25 

11 

7 

50 

47 

12 

18 

70 

C7 

13 

33 

126 

132 

14 

22 

97 

75 

15 

28 

100 

68 

16 

34 

109 

85 

17 

56 

108 

93 

18 

62 

114 

75 

19 

66 

153 

70 

20 

116 

170 

118 

21 

185 

22S 

113 

22 

89 

97 


23 

40 

62 

21 

24 

40 

40 

18 

25 

35 

26 

13 

23 

19 

20 

14 

27 

20 

13 

6 

28 

13 

18 1 

4 

29 

15 

16 

4 

SO 

17 

7 

5 

31 

13 

2 

4 

32 

5 

1 

1 

33 

8 

3 

2 

34 

3 

3 


35 

1 



Total 

948 

1673 

1156 


There is a decided grouping around the number 21 and a second- 
ary grouping around number 13. In such irregular distributions, 
as pointed out earlier, it is unwise to change the classification 
system by combining classes since one might obscure important 
biological facts. If the classes were doubled in the case of the data 
in Table 11 one could not be sure of the point of greatest frequency. 
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Therefore, in cases of this sort it is important to keep a large number 
of classes. 

The foregoing distributions illustrate some of the various types 
that are found with different kinds of data. The examples show 
gradations from the normal type of distribution to the extreme 
-types and ?7-types. One may expect, therefore, to find various 
kinds of frequency distributions between these extremes depending 
on the nature of the data that are being analyzed. 



CHAPTER III 


GRAPHIC ILLUSTRATION 

Graphic illustration is important in presenting statistics in such 
a way that they will convey to the eye quickly and clearly the facts 
or tendencies of the data under observation. It is very important 
to be able to present statistical information in some graphic form 
that will not only present the facts but will show them in an in¬ 
teresting way. Much has been written and many suggestions made 
as to methods of illustrating pictorially the facts and results of 
statistical studies. It is not the purpose in this short chapter to 
give any more than a few suggestions as to methods that may be 
used with the type of analysis discussed in these chapters. The 
student who desires to go further is referred to more extensive 
publications on the subject. 

Of course, if one has material of a simple nature such as the height 
of men or length of wheat heads, the easiest way is to present a 
picture or photograph of the material. Often this is not possible, 
and one may obtain the same effect by a line diagram, in which, in 
accordance with a proper scale of measurement, each individual 
object is represented by the length or height of a line. Such an 
illustration is given in Figure 1. 



Fig. 1. Diagram illustrating the length of 40 wheat heads. 
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The data represented here are the measurements of the length 
of 40 wheat heads. The measurements were taken in centimeters, 
and the length of the line represents the actual length of the head 
measured. In this arrangement the first line represents the short* 
est head, the second line the next longer, and so on until the last 
line represents the longest head. It would also be possible to 
represent the length of head by a dot and connect the dots by a 
line. This method of graphic illustration has been termed an 
offive. When the population is small this method of illustration 
is satisfactory, but if one had several hundred wheat heads, for 
instance, it becomes rather laborious and does not convey any 
clearer picture than other methods of illustration. 

Another method of graphic illustration, which is similar to the 
one just described where the length of line represents a particular 
item, is that known as the bar diagram. In this method the value 
of each item is represented by the length of a bar. The advantage 
of the bar diagram over the line diagram is that the bar diagram 
tends to emphasize the facts since the width of the bar is wider 
than a mere line. The use of the bar diagram is illustrated in 
Figiure 2. 


Sweet PotatoCg 
Irish Potatoes 
Rice 
Corn 
Kaoliang 
MiUet 
Soy Beana 
Wheat 
Cotton 

Fio. 2. Diagram showing the production in catties per mow 
of some of the important crops in China. Data from C. O, 
Chang, in 2^he Statistical Monthly, January-February, 1932. 
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The data presented in this diagram are the yields in catties per 
mow of several of the important crops in China. The length of 
the bar for the various crops illustrates graphically the yields ob¬ 
tained from these different crops. As stated, one value of the bar 
diagram is that it tends to emphasize the facts that it is desired 
to illustrate. Another advantage is that it is possible to have 
each bar represent more than one type of information, as, for 
example, it would be possible to extend this chart to give the 
yield of rice straw and rice grain, or of seed cotton and lint cotton, 
and so on. 

When one is dealing with data that have been arranged in fre¬ 
quency distributions, as discussed in Chapter II, it is often more 
convenient to illustrate the data by what is known as a frequency 
curve. The frequency curve will often convey the facts of the 
frequency distribution, or the tendency for the individuals to vary, 
better than mere observation of the numbers themselves. This 
is particularly true for the person who is not accustomed to 
thinking in terms of figures, and a line diagram will give him a 
much better idea of the data than the figures given in a frequency 
distribution. 

The ordinary way of illustrating the data from a frequency 
distribution is to plot on some convenient coordinate paper the 
values corresponding to the classes and the frequency of the classes 
on what we may call the x and y axes. The classes, either class 
limits or class centers, are marked off on the horizontal or x axis 
and are called the abscissal distances, and the frequencies of the 
classes are marked off on lines drawn perpendicular to the x axis 
by using some convenient scale of measurement. These perpen¬ 
dicular lines are referred to as ordinates and the frequency of a 
particular class, represented by the area between the class limits, 
is sometimes referred to as an ordinate value. As an illustration 
of the plotting of a frequency curve the data in Table 6 in Chapter 
II have been used for plotting the curve in Figure 3, page 30. 
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Fio. 3. Graphic illustration of the weights of grain for 400 
oat plemta. Data from Table 6 in Chapter II. 



The class values are represented in order on the base line by the 
mid-points of the classes, beginning with the first class, and then 
on the ordinates erected on the mid-points of the several classes 
distances are located indicating the frequency of the classes. In 
locating these points any convenient scale may be used, such as 
letting each centimeter in height represent 10 individuals, or any 
convenient system may be used that makes it easy to locate the 
various points on the several ordinates. With the scale used, say 
for the first class of Table 6, a point is marked off indicating the 
three individuals of this particular class. For the second class, 
which centers at 1.5, the number of individuals is 60, and this is 
located on the proper ordinate, and so on for all of the different 
points. These points are then connected by straight lines, 
and when completed this gives what is known as a frequency 
curve. In this case it is often thought of as a broken-line 
curve, that is, the data are illustrated just as they occur 
without any attempt to smooth the curve. This method of 
plotting a curve is sometimes referred to as the method of loaded 
or weighted ordinates. 
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Another method of illustrating a frequency distribution is some¬ 
times referred to as a histogram, or illustrating by what is known 
as the system of rectangles. This method is shown in Figure 4, 
with the same data as used in Figure 3. 



Fio. 4. Histogram for the same data as illustrated in Figure 3. 

This method of plotting a frequency curve consists of locating 
the distances on the proper ordinates, as before, but instead of 
connecting the several points by means of a straight line a 
rectangle is erected on the ordinate by first drawing through 
the point as located a line horizontal to the base line and 
extending half way to the next class center, or half way to 
the ordinate representing the mid-point of the next class. Then 
lines from the end of this line are drawn perpendicular to the 
base line, thus completing the rectangle. With this method of 
illustration rectangles are erected on all of the ordinates in ac¬ 
cordance with the location of the points on the basis of the scale 
of measurement. 

It is purely a matter of choice as to which method is used to 
illustrate a frequency distribution. It may be possible that in 
some cases the system of rectangles will emphasize the frequencies 
at the extremes of the distribution a little more than does the 
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frequency curve. If the system of rectangles is to be used it is 
better to follow the method shown in Figure 6, which is a graphic 
illustration of the same data as used in Figures 3 and 4. 



Fio. 5. Histogram with izmer lines eliminated for the same 
data as illustrated in Figure 4. 


The points for drawing the rectangles are located as in Figure 4, 
but instead of completing the rectangles the inner lines are omitted. 
This will be clear on referring to Figure 5. This method is less 
confusing than that in Figure 4, since there are fewer lines and 
therefore the picture is more clearly brought out. 

It may often be important to illustrate more than one frequency 
distribution on the same diagram, and it may be possible that 
the size of the population of the diflFerent frequency distributions 
or the number of observations is not the same in each case. When 
this is true and the curves are plotted as explained above by marking 
off on the ordinates points indicating the frequency of each class, 
that is by using the actual numbers in the different classes, one 
would have a diagram similar to that shown in Figure 6, page 33. 

In this illustration, due to the difference in size of the populations, 
we do not have as accurate an idea of the relation between the two 
distributions as we would if the effect of the difference in the size 
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of the populations 
were eliminated. 

This may be done by 
calculating the fre¬ 
quency in each class 
as a percentage of 
the whole population, 
and then plotting the 
percentages for each 
class rather than the 
actual numbers. 

This has been done 
in Figure 7, using 
the same data as in 
Figure 6. 

On observing 
Figure 7 it is clear 
that a better idea of 
the two distributions 
is obtained than is possible from Figure 6. In plotting the two 
graphs in Figure 7 the solid line is used for one and the dotted line 
for the other. If one has more than two curves to include in the 



Fio. 6. Graphic illustration of the data from 
Table 8 in Chapter II, which are the number of 
culms for 600 oat plants. The lower curve is for 
one-half of the population and the upper curve is 
for the total population. 



Fro. 7. Illustrating the use of percentages in 
plotting the same data as shown in Figure 6. 


same figure a dot- 
and-dash line may be 
used for the third 
distribution, and 
perhaps a long dash 
line if one chooses to 
illustrate four distri¬ 
butions in one figure. 

Another illustra¬ 
tion of plotting a 
frequency curve is 
given in Figure 8, 
page 34. The data 
used are from Table 
3, in Chapter II. 
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Two curves are included in this diagram. The solid line repre¬ 
sents the actual results and the dotted line represents the results 
expected if the observed results had agreed with those obtained 
from expanding the binomial 2000 (i+i)®. The two curves agree 
rather closely, and show that the results from experience, or 




GRAPHIC ILLUSTRATION 


35 


experiment, agree rather well with those expected. The difference, 
as shall be discussed later, is due to chance variation. 

An illustration of a frequency curve for a decidedly skew dis¬ 
tribution is given in Figure 9. 



1 3 5 7 9 11 13 


Fio. 9, Graphic illustration of the distribu¬ 
tion of weights of grain for 600 oat plants. 

Data from Table 7 in Chapter II. 

The data illustrated are taken from Table 7 in Chapter IT, and 
are the weights of grain for 600 oat plants. It is seen that the curve 
starts with a rather high frequency in the first class and reaches 
a maximum frequency in the second class, and from this point there 
is a gradual decrease. 

A case of an extremely skew, or asymmetrical, curve is illustrated 
in Figure 10. 
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The data are from Table 9 in 
Chapter II. In this distribution 
the curve starts at the first class, 
which is the class of greatest fre¬ 
quency, and decreases rapidly 
until the last class is reached. 
On account of the general shape 
of this frequency curve, which 
resembles the letter J of the Eng¬ 
lish alphabet, it is referred to as 
a J-shape curve. 

There will be additional meth¬ 
ods used for graphic illustration 
in the course of the discussions 
following, but they will be similar 
to the ones discussed here. As 
already stated, there are other 
ways of making graphic illustra¬ 
tion, but for tlie type of problems 
with which we are most concerned 
the more important have been 
shown here. 

For the plotting of data, by 
either the frequency curve or his¬ 
togram, there are certain con¬ 
siderations or rules that should 
be observed, as follows: 

The choice of scale is im¬ 
portant as the completed 
curve should be drawn to 


Fio. 10. Illustrating the dis- such a scale that it does not 

tribution of number of spurs on exaggerate HOP minimize the 

facts it is intended to show. 
That is, the height of a figure 
should not be too great in proportion to its width, nor should 
the width be made so great as to minimize the differences 
between the several classes, which may be the important fact 


that it is intended to illustrate. 




GRAPHIC ILLUSTRATION 


37 


When several diagrams are used to illustrate similar results 
it is best, so far as possible, to use the same scale of measure¬ 
ment in the plotting, so that the curves may be directly com¬ 
pared with each other. 

It is important not to put too many curves on one diagram, 
usually not more than four or five, especially if the curves 
overlap considerably. If a number of curves are included 
on one diagram then the entire diagram loses interest, since 
it forces the reader to trace carefully the different lines in order 
to follow the various frequency distributions. Therefore a 
number of graphs on the same figure should be avoided. 

When plotting curves including populations of varying 
numbers of observations it is better to determine the per¬ 
centages and plot the curves on the basis of the percentages 
for the different classes. 

So far as possible, the zero line should always be shown. 
There may be occasions when it will require too much s])ace 
to start the base of the diagram at zero, and in these cases 
it would be well to indicate the zero line by a break in the 
diagram, as illustrated in the following example. When this 




1 2 3 4 6 6 7 

Illustrating break in diagram to indicate zero line. 
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is not done there are times when we may over-emphasize the 
tendency of the curve to increase in a certain direction. 

Unless for some very special reason, it is better for the hori¬ 
zontal scale to read from left to right and for the vertical 
scale to read from the bottom to the top. In i)reY)aring a 
diagram it is better to give the figures for the abscissal values 
at the bottom of the diagram and the grouping for the ordinate 
values to the left of the diagram. 

One should not, in order to economize on space, plot fre¬ 
quency curves on such a small scale that they lose the effect 
they are intended to convey. All the figures and lettering 
must be carefully done so as to convey a clear idea of what the 
diagram is intended to show. 

The foregoing discussion and illustrations, together with some of 
the general rules to be followed, give some idea of the methods used 
for ordinary graphic illustration. For more elaborate illustrations 
various methods have been devised which are particularly useful. 
If the reader is interested in further information he may consult 
the more extensive discussions on this subject. 



CHAPTER IV 

CONSTANTS OP POSITION 


In Chapter II we have discussed the method of classifying in¬ 
dividuals into groups and have shown that the type of frequency 
distribution so obtained may vary with the nature of the character 
of the material. While such frequency distributions are useful 
and furnish some information regarding the data being studied, 
what is needed is more than mere classification. A frequency 
distribution gives some idea of the range of the material, but it is 
not possible from a study of a frequency distribution to make any 
definite quantitative statements regarding the nature of the material 
as a whole. W'e might have two frequency distributions of similar 
material having the same range, and yet they may differ with re¬ 
spect to the tendency of the individuals to be grouped around 
certain central values. For example, the two distributions given 
below will illustrate this point. The data are yields per culm for 
two different varieties of oats. 


Distribution of Yields Per Culm of Oats 
IN DsCIGRAIklS 


Glass 

Variety A 

Variety B 

0.0-0.9 

78 

153 

1.0-1.9 

96 

86 

2.0-2.9 

72 

40 

3.0-3.9 

37 

15 

4.0-4.9 

12 

5 

6.0-6.9 

4 

1 

Total 

299 

300 


It is evident that in comparing these two frequency distributions 
we need to know more than the range of the material. It is not 
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enough to state that for Variety A there is a different arrangement 
of the frequencies than for Variety B. 

What is needed, therefore, in addition to knowing the range, 
is to know something concerning the tendency of the individuals 
to center about certain values, or the position of the individuals, 
and some expression that will give a measure of this position. Such 
measures of position are called averages, and they define the position 
of the distribution in the same terms or values that have been used 
in the study of the variable. For example, if we are studying the 
length of a variable which has been measured in centimeters, then 
the average is expressed in centimeters, or if the weight of a variable 
has been studied and determined in grams the average is expressed 
in grams, and so on for other units of measurement. 

Yule mentions some of the desirable points regarding these 
position constants, or averages, as follows: “(a) In the first 
place, it almost goes without saying that an average should be 
rigidly defined, and not left to the mere estimation of the observer. 
An average that was merely estimated would depend too largely 
on the observer as well as the data. (6) An average should be 
based on all the observations made. If not, it is not really a charac¬ 
teristic of the whole distribution, (c) It is desirable that the 
average should possess some simple and obvious properties to 
render its general nature readily comprehensible: an average should 
not be of too abstract a mathematical character, (d) It is, of 
course, desirable that an average should be calculated with reason¬ 
able ease and rapidity. Other things being equal, the easier cal¬ 
culated is the better of two forms of average. At the same time 
too great weight must not be attached to mere ease of calculation, 
to the neglect of other factors. . . It is also desirable that the 
average should not be affected seriously by methods of grouping 
or fiuctuations of sampling, and finally it is very important that 
the average may be treated algebraically. 

The most common constants for determining position are the 
arithmetic mean, the median, and the mode. To these may be 
added the geometric mean, which has certain special uses. These 
constants may be defined as follows. 

The arithmetic mean is the value obtained by summing all of the 
individual items and dividing by the total number of items. 
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The median of a series may be expressed as the value of that 
individual in a population which divides the distribution into 
two equal parts. 

The mode is the value that occurs most frequently in the dis¬ 
tribution, or the most common measurement. There are two 
types of mode which may be considered, the empirical mode and 
the calculated or theoretical mode. These will be discussed in 
detail later. 

The geometric mean of a frequency distribution is the result 
obtained by multiplying together the values of all the items and 
determining the nth root of their product. 

These constants of position will now be discussed in the order 
named. 

Arithmetic Mean. As indicated by the definition, the arithmetic 
mean, or more briefly the mean, is obtained by summing the values 
of all the individuals and dividing this sum by the total number of 
individuals. It is easily determined and readily understood, and 
it may be noted that it fulfills the first two conditions suggested 
by Yule. It is evident that the arithmetic; mean is not dependent 
upon any particular method of grouping but depends chiefly on the 
values of the items concerned. It should bo pointed out that one 
of the characteristics of the mean is that often its value does not 
agree with any particular individual of a group. For example, 
suppose that 100 men students were measured as to height. The 
value for the mean may be 67.56 inches, while it is entirely possible 
that not one of the 100 measured would bo exactly this height. 

When the number of individuals being studied is small the most 
direct way to obtain the mean is to sum the values of all the in¬ 
dividuals and divide by the total number. For large numbers of 
individuals it is more convenient to determine the mean from a 
frequency distribution. In calculating the mean from a frequency 
distribution the several individuals in any one particular class are 
considered as having a value equal to the mid-point of that class. 
For example, in Table 12 the two individuals in the first class are 
assigned the value of 137.5 grams, since this is the mid-point of 
that class. The individuals in the remaining classes are treated 
similarly. That such a process under ordinary circumstances does 
not introduce an appreciable error is made clear by the following 
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example with yields of soy beans from 100 plots. The mean 
determined by summing the individual plot yields and dividing by 
the total number of plots is 276.460 grams, while the mean obtained 
by grouping the 100 yields into classes differing by 26 grams is 
276.500 grams. The difference between the two means is only .040 
grams. 

In some cases there may be differences somewhat larger than this 
one, but in general with the usual types of frequency distributions 
the difference between what may be called the true arithmetic 
mean (obtained by summing the values of all the individuals and 
dividing by the total number) and the mean obtained by grouping 
will be slight. This is on the assumption that when the population 
studied is sufficiently large the individuals in each class will be 
centered about the mid-point of the class. There are exceptions 
to this condition if one should have the types of curves where the 
measurements give the shapes known as the J-type or the 17-type 
curves, because under such conditions there would be a tendency 
for the individuals to pile up more in that part of the class toward 
the class of greatest frequency. In such cases the individuals 
would not be equally distributed around the mid-point. Such 
types of distribution are rather unusual, and for those that are 
symmetrical or only moderately asymmetrical the individuals of a 
class will be found to be rather evenly distributed around the mid¬ 
point, except in the extreme classes where only a few individuals 
are found. For certain distributions there may be a tendency for 
the individuals in the classes below the class of greatest frequency 
to pile up somewhat in the upper half of the class, but any effect 
that might be caused by this condition would be smoothed out by 
the opposite tendency for the individuals in the groups above the 
class of greatest frequency. In the final result the mean for an 
average distribution where a sufficient number of individuals have 
been studied will agree closely with the value obtained by summing 
all the items and dividing by the total number. 

The method of calculating the mean from a frequency distribution 
is shown in Table 12. 
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Tablb 12 

Method of Calchlatino the Mean feom a Grohped Pbeqhencv 
Distkibhtion. Data aee Yields in Gbams of Soy Bean 
Plots Gbown at Hsuchow in 1933 


Class 

V 

/ 

/r 

125.0-149.9 

137.5 

2 

275.0 

160.(>~174.9 

162.5 

2 

325.0 

175.0-199.9 

187.5 

15 

2812.5 

200.0-224.9 

212.5 

42 

8925.0 

225.0-249.9 

237.5 

69 

16387.5 

250.0-274.9 

262.5 

78 

20475.0 

275.0-299.9 

287.5 

67 

19262.5 

300.0-324.9 

312.5 

57 

17812.5 

325.0-349.9 

337.5 

42 

14175.0 

a50.0-374.9 

862.5 

18 

6525.0 

375.0-399.9 

387.5 

5 

1937.5 

400.0-424.9 

412.5 

2 

825.0 

425.0-449.9 

437.5 

1 

437.6 



J/=400 2/7-= 110175.0 

_1_ 


H/r HOl7o.O rtWr Acthttr 

400 =275.4375 grams 


The method illustrated in Table 12 is simple in that the mid¬ 
point of a class is taken to represent the value of all individuals 
in that class. This mid-point or value (F) is multiplied by the 
number of individuals in the class, giving /F. The values in column 
/F are summed and the total divided by 400, giving the mean equal 
to 275.4375 grams. The formula for the mean {M) calculated by 
this method is 


2/f 


This process sometimes requires the multiplication of large num¬ 
bers and hence is laborious, but a shorter method may be used. 
The details of this method are given in Table 13. 
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Table 13 


Method of Caloulatirg the Mean by the Short Method 
Assumed Mean (O) ^ 262.5 


Class 

V 

/ 

(V-O) 
or D 

iD 

125.6-149.9 

137.5 

2 

-125 

- 250 

150.0-174.9 

162.5 

2 

-100 

- 200 

175.6-199.9 

187.5 

16 

- 76 

-1125 

200.6-224.9 

212.5 

42 

- 60 

-2100 

226.0-249.9 

237.5 

69 

- 25 

-1725 

260.0-274.9 

262.5 

78 

0 


275.6-299.9 

287.5 

67 

25 

1675 

300.6-324.9 

312.5 

67 

50 

2850 

326.6-349.9 

337.5 

42 

75 

3160 

350.6-374.9 

362.5 

18 

100 

1800 

375.6-399.9 

387.5 

6 

125 

625 

400.6-424.9 

412.5 

2 

150 

300 

425.0-449.9 

437.5 

1 

N^4Q0 

175 

i 1 

175 

10575 

-5400 

2/D=5i75 

i 


®=W=12.9376 

Af=262.o+12.9375=27o.4375 grams 


With this method we assume some value as the mean, as, for 
example, the mid-point of class 250.0-271.9, or 262.5. This value 
is referred to as the guess at the mean, and is designated by O, 
The deviation of the mid-point of each class from this guess is 
obtained and recorded in column D, It must be kept in mind that 
the deviations of the classes below the guess, or to the left of the 
assumed mean if the curve is plotted, are recorded as minus, and 
those above, or to the right of the assumed mean, as plus. 

The next step is to multiply each value in column D by its cor¬ 
responding frequency and record the result in column fD with the 
proper sign. The algebraic sum of the values in fD is then obtained 
and this sum, divided by the number of individuals, gives a correction 
value, r, for the mean. This correction value shows how far the 
guess, or assumed mean, differs from the true mean. If c is plus 
it means that we have guessed too low, and the value of c must 
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bo added to the guess to obtain the true mean. If c is minus it 
indicates that the guess was too high, and the value of c must then 
be subtracted to obtain ^he true mean. That is, in this particular 
case, the mean was assumed to be at 262.5 grams, but the calculation 
shows this to be too low by 12.9375 grams. In other words, we 
guessed too low, and the value of this correction must be added to 
the assumed mean to obtain the true mean, 275.4375 grams. 

This method is preferable to the one shown in Table 12, since we 
are dealing with smaller numbers in the product column (/Z>) and 
the multiplication and addition are simpler. It should be kept 
in mind that as a rule the smaller the numbers to be used in cal¬ 
culations the greater will bo the accuracy of the results. For 
example, there is more chance of making an error in multiplying 
137.5 by 2 than there is in multiplying 125 by 2. For each ad¬ 
ditional figure to be multiplied there is a chance for error. 

The formula for the mean as calculated by the second method is 

Let 0=as3umod mean 

2/D 

c=correction, or 

The sign of c may be either plus or minus. 

We can write the formula 

M = D-f-c, thus obtaining the algebraic sum. 

A more convenient method and the one commonly used in cal¬ 
culating the mean is one in which the class intervals are considered 
as unity. This is called the unity-step method. It is illustrated 
by Table 14, page 46, with the same data as were used in Tables 12 
and 13. This method is the one recommended for use in preference 
to all others, as it will prove to be less laborious and since smaller 
numbers are used in the calculations there are fewer chances for 
making errors. 

This method is much shorter than the one illustrated in Table 13 
and differs from it in that instead of measuring the deviations of 
the classes from the assumed mean by actual differences they are 
measured on the basis of unity values. In other words, since in 
most frequency distributions the class interval is the same for 
each class, or the classes are separated by an equal amount, we 
assume the simplest difference to measure these class intervals. 
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Table 14 

Method op Calcxjlatino the Mean by the 
Unity-Step Method 

Assumed Mean 262.5 


ClASS 

f 

(F-G) 

D 

JD 

125.0-149.9 

2 

-6 

-10 

160.0-174.9 

2 

-4 

- 8 

175.0-199.9 

16 

—3 

-45 

200.0-224.9 

42 

-2 

-84 

225.0-249.9 

69 

-1 

-69 

250.0-274.9 

78 

0 


275.0-299.9 

67 

1 

67 

300.0-324.9 

67 

2 

114 

325.0-349.9 

42 

3 

126 

350.0-374.9 

18 

4 

72 

375.0-399.9 

5 

5 

25 

400.0-424.9 

2 

6 

12 

426.0-449.9 

1 

Ar=406 

7 

7 

423 

-216 

2/I>=207 


e^yifD/NXci e =^^=.5176X25= 12.9375 

Af=262.5+12.9375=275.4875 grams 


Since the simplest difference is one, then each class is assumed to 
be one unit or one step removed from the preceding class. For this 
reason it is important that frequency distributions be so arranged 
that the class interval is uniform throughout the distribution. 

In the unity-step method we again guess at the mean, and 
assume each class in turn to differ from this guess, O, by one unit. 
These differences are recorded in column D and are then multiplied 
by the corresponding frequency, having regard to the proper sign, 
giving the column /Z>. The values in /D are summed algebraically 
and the result is divided by the total number of individuals, giving 
a correction value, c. This value c is multiplied by the class interval 
and then added to the assumed mean to obtain the true mean. We 
obtain the same value for the mean (275.4375) as by the two 
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preceding methods, and the calculations are much simpler. For 
instance, by the unity-step method the values in column D are 
-6, -4,-3, and so on, while by the method in Table 13 they are -125,, 
-100, -76, and so on, and it is easier to obtain the values for column 
fD from the smaller deviations. 

The formula for obtaining the mean by the unity-step method 
is to obtain c as before. 

Then 

class interval, or ei) 

In Table 15, using the same data as in Table 14, the guess has 
been taken at 337.6 and the same value for the mean is obtained. 
It is noted that in this case the sign of c is minus, therefore the 
numerical value of c must be subtracted from O to obtain the mean. 
This merely shows that it makes no difference what value is taken 
as the assumed mean so long as the proper signs and correction are 

Tablb 15 


Method of Calculatino the Mean by the Unity-Step Method 
Assumed Mean (G)=^o^l,6 


Class 

j 

(r-G) 

D 

fD 

125.0-149.9 

2 

-8 

- 16 

150.0-174.9 

2 

-7 

- 14 

176.0-199.9 

16 

-e 

- 90 

200.0-224.9 

42 

-5 

- 210 

225.0-249.9 



- 27« 

250.0-274.9 

78 

-3 

- 2: ;4 

275.0-299.9 

67 

-2 

- 134 

300.0-324.9 

67 

-1 

- 67 

825.0-349.9 

42 

0 


360.0-374.9 

is 

1 

18 

376.0-399.9 

5 

2 

10 

400.0-424.9 

2 

3 

6 

426.0-449.9 

1 

Ar=400 

4 

4 

38 

-1031 

993 


c=-7^=-2.4825X25=-62.0625 


Af=337.5-|-(-) 62.0626 = 276.4376 
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regarded. Assuming the mean in different classes also affords a 
method for checking the calculation of the mean. Often computers 
may find it desirable to assume the mean in the first class, especially 
if the frequency distribution has only a few classes, and in this 
way the use of minus signs is avoided. 

Another example to show the unity-step method for determining 
the mean is given in Table 16. The data are the weights in grams 
of 400 wheat plots grown at Hsuchow, China, during the season 
of 1932-33. 


Table 16 


Method of Caloulatino the Mean by the Unity-Step 
Method. Data Are Weights in Grams of 
Wheat Grown At Hsuchow in 1932-33 

Assumed Mean (O) =^4:12.5 


Class 

/ 

(F-O) 

D 

ID 

260.0-274.9 

4 

-6 

-24 

276.0-299.9 

3 

-5 

-15 

300.0-324.9 

13 

-4 

-52 

325.0-349.9 

27 

-3 

-81 

350.0-374.9 

42 

-2 

-84 

375.0-399.9 

£5 

-1 

-65 

400.0-424.9 

66 

0 


425.0-449.9 

69 

1 

59 

450.0-474.9 

43 

2 

86 

476.0-499.9 

44 

3 

132 

600.0-^24.9 

17 

4 

68 

525.0-549.9 

13 

5 

65 

650.0-1674.9 

7 

6 

42 

575.0-599.9 

6 

7 

42 

600.0-621.9 

1 

J7=400 

8 

8 

602 

-311 

191 


e 


191 

®4bo“ 


.4775X2$«11.9S75 


M 413.64-11.9376 = 424.4376 
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The result of the calculation is 

c=.4775x25=11.9375 
Af=412.5+11.9375=424.4375 

Thus the mean for this distribution is 424.4375 grams. 

In order to show the effect of grouping, or of arranging the classes 
differently, on the mean, we may use the same data as given in 
Table 12. The same individual plot yields have been grouped by 
three other systems of classification, namely by class intervals of 
30, 40, and 60 grams. These distributions are shown in Table 17, 
page 60, and the same table is used later in the discussion of the 
mode. 

The means obtained are as foUows: 


Class 

Interval 

25 Grams 

Glass 

Interval 

30 Grams 

Class 

Interval 

40 Grams 

Class 

Interval 

50 Grams 

Mean=275.4375 

278.276 

276.400 

275.500 


It is seen that although the class interval has been changed con¬ 
siderably and even in one case has been doubled, as compared with 
the original distribution in Table 12, still the mean is only sUghtly 
affected. 

A very important advantage of the mean as a constant of position 
is that it may be treated algebraically. That is, when we have the 
means of several series of similar material etc.) and the 

number of the population in each case (Wi, Wgj we can deter¬ 
mine the mean of the whole series by the following formula 

etc., and 
etc. 

N 

For example, with the data used in Table 12 the population was 
divided and the means of the first 200 plots and the last 200 plots 
were obtained. The mean of the first 200 plots is 273.625 and for 
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the remaining 200 plots it is 277.250. Substituting these values 
in the equation above we have 

This is the same value as obtained when all of the 400 individuals 
are grouped in one distribution, using the same class interval. 

Another illustration may be given. The average height of a 
certain variety of oats was obtained for each of three years and 
was found to be 76.110, 70.840, and 75.200 centimeters, respectively. 
There were 600 plants measured the first year and 400 in each of 
the other two years. By the above formula 

(500x76.110)4-(400x70.84C)+(400x75.200) ^ 

a:74.20o 

This formula indicates that it is possible to combine the means 
from different frequency distributions of similar material, but it 
is weU to point out that means should not be averaged unless prop¬ 
erly weighted, that is weighting by the number of individuals 
studied. For example, in the case of the three means cited in the 
last illustration we have from the formula a general mean of 74.208, 
while if we averaged the three means without weighting, the average 
would be 74.050. 

Suppose we take another example which illustrates a typical 
case where mistakes are made by obtaining the mean incorrectly. 
The illustration assumes the yields of rice obtained from farms of 
different sizes. 


Number 

Total Yield, 

Average Yield, 

OF Mow 

Catties 

Catties 

10 

1300 

ISO 

60 

7500 

160 

80 

16000 

200 


We find the average yields for the three different areas to be 130, 
150, and 200 catties. Now if these averages are summed and 
divided by 3 we have an average yield of 160 catties per mow. 
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This is the lorong way to treat these data. The correct way is to 
weight in accordance with the above formula, and we have 

_ a0Xl30)+(50Xl50)+(80 x 200) , 

- 16 + 6 O+ 8 O =177.14 

From this it is clear that the correct average is 177.14 catties per 
mow. It should be kept in mind that for correct results averages 
should never be combined without proper weighting. This is true 
whether the individual averages are expressed in units of measure¬ 
ment or on a percentage basis. 

Median, The next constant of position to be considered is the 
median. The median may be considered in this light. Suppose 
that a number of men were arranged according to height, beginning 
with the shortest and arranging in order to the tallest; then, if there 
were an odd number the middle one could be measured and this 
height would represent the median value. If there were an even 
number the median would be taken as the average of the two in¬ 
dividuals at the middle. It is evident that the median may be 
determined without knowing the exact measurements of the in¬ 
dividual items. With the men grouped as above we do not need 
to know the individual height of any man except the middle one, 
if the number is odd, or of the two men nearest the middle if the 
number is even. There would be no change in the median even 
if a dwarf occurred in the series, or if we should find a giant as the 
tallest individual in the group. It must also be clear, then, that 
the median is not necessarily a value that is found in the series. 
If we have an odd number then the median does represent a meas¬ 
urement found in our series. In the example cited it is the height 
of the middle man. However, if we have an even number the 
median value does not correspond with any individual in the whole 
series. 

Considered from the standpoint of a frequency distribution and 
a plotted curve, the median is the point on the x axis above and 
below which 50 per cent of the individuals lie. From the foregoing 
it is apparent that the calculation of the median ought not to be a 
very difficult process. An example will show how readily it is 
determined, using the distribution given in Table 12 repeated here 
as Table 18. 
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Table 18 

Method of Calculating the Median 


1 

Class 

/ 

125.0-140.9 

2 

150.0-174.9 

2 

175.0-199.9 

15 

200.0-224.9 

42 

225.0-249.9 

69 130 

250.0-274.9 

78 

275.0-299.9 

67 

300.0-324.9 

57 

325.0-349.9 

42 

350.0-374.9 

18 

375.0-399.9 

6 

400.0-424.9 

2 

425.0-449.9 

1 

N =* 400' 


Aft=250.0+ 


25 (400/2-130) 
78 


272.436 


The point sought is the one above and below which one-half 
(200) of the individuals lie. The first step is to add the frequencies, 
beginning with the lowest class, until 200 are obtained. Adding 
all those up to and including class 225.0-249.9 gives 130 individuals. 
In the next class there are 78 individuals, and there are needed 
200-130, or 70, individuals to complete the number desired (200). 
Now the 78 individuals of class 250.0-274.9 are treated as if they 
were uniformly distributed throughout the class. With the usual 
types of frequency distributions this treatment does not introduce 
any serious error. The question now arises as to how far beyond 
the lower limit of this class we must proceed to obtain the 70 in¬ 
dividuals necessary to complete one-half of the total population. 
There are 78 individuals altogether in the class, and as we need 70 
to make up the total of 200 we must take 70/78 of the class, so we 
divide 70 by 78, obtaining .89744 as the result. This means that 
.89744 of the class must be included to obtain the 70 individuals 
needed. Since the class interval is 25 grams, we must multiply 
•89744 by 25, giving 22.436 as the distance above the lower limit 
of class 250.0-274.9 that the median falls. The median will then 




64 STATISTICAL METHODS APPLIED TO AGRICULTURAL RESEARCH 


bo 250.04-22.436, or 272.436 grams. This may be put in a formula 
as follows: 

LU ilft'ss median 

1/slower limit of class in which median lies 

as the number of individuals up to the class in which the median lies 
&sthe number of individuals in the class in which the median lies 
ts class interval 

JV stotal number of individuals in the population 


Then 




♦ (JV/ g-o) 
b 


Substituting in this formula the values from the example just 
given, we have 


Mi = 250.0+ 


25 (400/2-130) 
78 


=250.0+22.436=272.436 


The mean for this distribution is 275.4375 grams. 

Another illustration to show the determination of the median, 
and the comparison between the median and the mean, is given in 
Table 19. 


Table 19 


Method of CALOUiiATiNG the Median. 
Data are Heights in Centimeters 
of 400 Oat Plants 


Class 

/ 

45.0-49.9 

2 

50.0-54.9 

9 

55.0^9.9 

20 

60.0-64.9 

35 

65.0-69.9 

91 167 

70.0-74.9 

' 125 

75.0-79.9 

91 

80.0-84.9 

26 

85.0-89.9 

0 

90.0-94.9 

1 


N = 400 


......5(400/2-157) 

Ml =70.0H—^—j25- - * 


Mean=71.00 centimeteia 


71.72 
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These data are the heights in centimeters of 400 oat plants. As 
we sum the frequencies up to and including class 65.0-69.9 we have 
a total of 157. Now the number needed to make exactly 200, 
one-half of the total population, is 43. This means we must include 
enough of class 70.0-74.9 to obtain the 43 individuals. As there 
are 125 individuals in this class we obtain 43/125 x 5 (the class 
interval). The result is 1.72, which added to the lower limit of 
the class (70.0) gives a median value of 71.72 centimeters. The 
mean for this distribution is 71.00 centimeters. 

Mode. As stated earlier, there are two types of mode that may 
be considered. An observation of the different frequency distri¬ 
butions that have been given in this and previous chapters indicates 
that there is usually one class that has more individuals than any 
other. This is true of most frequency distributions, especially if 
the population is large enough to give a fairly satisfactory distri¬ 
bution. The class that has the largest number of individuals is 
called the modal class, and the mode is designated by either the 
class limits, or, better, by the mid-point of this class. This is 
called the empirical mode. The other type of mode is known as 
the theoretical mode, which is the maximum ordinate of the theo¬ 
retical curve which most nearly fits the observations. The empirical 
mode gives a general idea of type without any calculation, since, 
when the frequency distribution is completed, the empirical mode 
is determined by the class having the greatest frequency. This 
empirical mode has its limitations, since it is readily affected by 
methods of grouping. It is, however, a convenient constant de¬ 
noting position and may be compared with other modes of similar 
material obtained from other distributions where the class limits 
have been the same. The theoretical mode, since it is the maximum 
ordinate of a theoretical curve, requires special calculation and for 
this reason is not so easily determined by one unfamiliar with the 
steps of curve fitting. 

That the mode is affected by methods of grouping is shown by 
referring to the frequency distributions in Table 17, where the 
same individuals as in Table 12 have been grouped into classes with 
class intervals of 30, 40, and 50 grams. It will be noted that with 
the different classifications the empirical modes are as follows: 
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Class 

Intbuval 

25 Gbams 

Class 

Intbbval 

30 Gbams 

Class 

Intebval 

40 Gbams 

Class 

Intebval 

50 Gbams 

Mode =262.500 

260.000 

265.000 

250.000 


It is seen that the empirical mode varies from 260.000 grams to 
265.000 grams according to the different methods of grouping. It 
has been shown that the mean is very little affected by the different 
olassihcations. 

As already stated, the exact, or theoretical mode, is difficult to 
calculate as it is the maximum ordinate of the theoretical curve 
that best fits the distribution. The following relationship gives 
an approximate value for the mode which for most distributions 
agrees fairly closely with the theoretical mode. 

Modes Mean (Mean — Median) 

or 

Mode—Median=2 (Median — Mean) 

That is, there is a general relationship between these three con¬ 
stants. The median is about one-third of the distance from the 
mean toward the mode, or the median lies between the mean and 
the mode but is nearer the mean than the mode. Using this formula 
and calculating the modes for the four distributions in Table 20 
we have 


Class 

Intebval 

23 Gbams 

Class 

Intebval 

30 Gbams 

Class 

Intebval 

40 Gbams 

Class 

Intebval 

50 Gbams 

Modo=266.433 

265.178 

268.867 

265.837 


While these approximate modes are affected by grouping, there 
is not the fiuctuation between the different approximate modes 
as was found with the empirical modes. It is evident from the 
formula that the mode thus calculated includes all of the individuals 
since both the mean and the median are involved, while the empirical 
mode is dependent entirely on the class with the greatest frequency. 
That the mode as calculated by this formula agrees fairly closely 
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with the theoretical mode obtained from the theoretical curve is 
evident from the foJowing frequency distribution, which gives the 
total yield in grams of 400 oat plants. 


Total Yield of 
Plant, Gbams 


0.0-0.9 


1.0-1.9 

60 

2.0-2.9 

108 

8.0-3.9 

109 

4.0-4.9 

80 

5.0-6.9 

42 

6.0-6.9 

7 

7.0-7.9 

2 

8.0-8.9 

1 

400 


The empirical mode is 3.500 grams; the theoretical mode 3.1505 
grams; and the mode calculated by the above formula 3.2133 grams. 

Yule has given several comparisons between the approximate 
mode, which is the one calculated by the above formula, and the 
true mode, as follows: 


ComparjSon of the Approximate and True 
Modes for Five Distributions op 
Pauperism in the Unions OF 
England and Wales 


Yea a 

Approximate 

Mode 

Troe Mode 

1850 

6.767 

6.816 

1860 

4.610 

4.657 

1870 

5.238 

5.088 

1881 

8.217 

8.240 

1891 

8.007 

2.987 
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Another method for obtaining the approximate theoretical mode 
has been given by Mills. By this method we have 

JDslower limit of modal class 
= frequency of class next below modal class in value 
/ 2 S frequency of class next above modal class in value 
is class intervai 

Mode^L+j^Xi 

This may also be changed as follows and used for checking the 
calculation: 


Then 


Let supper limit of modal class 


Mode^Ia-j^xi 


When this method is used it is evident that there is a closer 
agreement between the empirical mode and the approximate 
theoretical mode thus calculated. This method does not include 
the whole distribution as only three classes, the middle class and 
the class below and above the middle class, are involved. The 
mode calculated by this method is dependent on the distribution 
in these three classes and is not at all affected by the remaining 
classes of the frequency distribution. 

The following summary shows clearly the effect of grouping 
on the mean, median, empirical mode, and the calculated approxi¬ 
mate mode for the data appearing in Table 12. 



Class 
Interval 
25 Grams 

Class 
Interval 
30 Grams 

Class 
Interval 
40 Grams 

Class 
Interval 
50 Grams 

Mbak 

275.4375 

276.276 

276.400 

275.500 

Median 

272.436 

272.576 

273.889 

272.279 

Rmfirioai. Mode 

Approximate Mode (Calcu¬ 

282.500 

260.000 

265.000 

250.000 

lated BY Fibst Method) 
Approximate Mode (Calcu¬ 

266.433 

265.178 

268.867 

265.837 

lated BY Second Method) 

262.325 

260.630 

266.320 

259.250 


In Chapter II the importance of having sufficient numbers for 
the population was stressed. This is made more evident now by 
comparing the constants of the distributions in Table 20, where we 
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have used the material appearing in Table 12. In the first distri¬ 
bution we have only 100 of the individuals; in the next two we have 
200 in each distribution; and finally we have the distribution for 
the entire 400 individuals. In the first distribution it is noted 
that there is no well defined empirical mode, as class 300.0-324.9 
has 20 individuals and class 225.0-249.9 has 19 individuals, while 
the two classes in between have 17 and 16 individuals, respectively. 
For the second distribution with 200 individuals we see that there 
is a tendency for more individuals to fall in the class 225.0-249.9, 
and thus we have the modal class at this point. Taking the next 
distribution we find that the empirical mode has shifted again to 
class 250.0-274.9, and for the grouping of the entire 400 individuals 
we find that the empirical mode remains in class 250.0-274.9. We 
note also that while the mean does not fluctuate so much for these 
four distributions yet it does vary from 273.625 to 277.250. The 
median ranges from 271.094 to 275.000. 

Table 20 


Effect of Numbeb of Individuals on Mean, Median, and Mode 


Class 

Fibst 100 
Individuals 

Fibst 200 
Individuals 

Last 200 
Individuals 

Total 400 
Individuals 

125.(>«149.9 

1 

2 


2 

150.0-174.9 

0 

0 

2 

2 

176.0-199.9 

2 

7 

8 

15 

200.0-224.9 

11 

25 

17 

42 

225.0-249.9 

19 

39 

30 

69 

2.50.0-274.9 

17 

32 

46 

78 

276.0-299.9 

16 

S3 

34 

67 

300.0-324.9 

20 

29 

28 

67 

325.0-349.9 

9 

22 

20 

42 

350.0-374.9 

2 

6 

12 

18 

375.0-399.9 

2 

S 

2 

6 

400.0-424.9 

0 

1 

1 

2 

425.0-449.9 

1 

1 


1 

Mean 

Median 

Empibioal Mode 

276.600 

275.000 

312.500 

273.626 

271.094 

237.600 

277.260 

273.370 

262.600 

276.4376 

272.436 

262.600 
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From this illustration it is clear that for the best results in statisti¬ 
cal analysis one should have a fairly large population. Usually 
100 or 200 individuals are insufficient and it is better to have 400 
or more individuals. There are, however, occasions when it is 
impossible to have a large number in the population and under such 
conditions one should be careful in drawing his conclusions and use 
all the safeguards that will be pointed out in later chapters to 
qualify any deductions he may make. 

The three constants of position—^arithmetic mean, median, and 
mode—^may now be compared as to their usefulness. In the first 
place it may be stated that the arithmetic mean is more useful 
generally than the other two constants. It is more widely under¬ 
stood and in its determination all of the individuals are included 
and each one affects the value of the arithmetic mean. 

The median gives an idea of type and is more quickly determined 
than the mean. The values of the individuals, except those at 
the middle or near the middle, do not affect the location of the 
median. That is, the extreme individuals either below or above 
the median, no matter what their individual measurements may 
be, do not affect the location of the median. 

The mode is also readily determined, the empirical mode being 
at once evident from the frequency distribution and the approxi¬ 
mate mode being easily calculated. The mode also gives an idea 
of type. 

For a perfect symmetrical distribution these three constants 
will be located at the same point, but in the asymmetrical distribu¬ 
tions so frequently found they differ from each other in value. The 
question naturally arises as to which one should be used to represent 
position or type. In answer to this it may be stated that no one 
of these constants can be recommended to be used at all times in 
preference to the others. As has already been indicated, the mean 
is more generally useful, but there are occasions when it may not 
represent the actual condition as accurately as will the median or 
mode. For example, if one were studying the incomes of the male 
members of a certain community, say a Chinese village, one might 
find the following conditions. It may be possible that in the village 
there is one rather well-to-do individual while the majority of the 
men are laborers or farmers, and the incomes might be distributed 
in accordance with the following frequency distribution. 
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Ikcomb Fsb 
YeAB, DoLLAiUS 


eo.o- 99.9 

8 

100.0- 119.9 

13 

120.0- 139.9 

16 

140.0- 159.9 

22 

160.0- 179.9 

17 

180.0- 199.9 

12 

200.0- 219.9 

11 

6000.0-6019.9 

1 


100 


From this distribution it is evident that 22 of the 100 individuals 
have incomes around $150.00, while the one well-to-do individual 
has an income of $6010.00. Now in this case if we should use the 
arithmetic mean to represent the incomes we would have an aver¬ 
age income of $210.20, but it is clear that the majority of the men 
receive incomes less than this amount. In this instance the 
arithmetic mean does not give us the best idea of type. Here the 
mode will give us a better idea, as the empirical mode is at $150,000 
and the approximate mode calculated by the second method referred 
to above is $160,303. The median, which is $151,818, is also 
recommended in this case to represent the actual condition. 

Thus, for certain kinds of distributions we may find that the 
mean fails to give as true an idea of the position or type as does 
one of the other constants. It is necessary that one should become 
thoroughly familiar with the uses and limitations of these three 
types of average so that he may know which will give the best 
expression of the condition in which he is interested or which he 
wishes to emphasize. Often with social or economic studies the 
mode or median may be a better constant than the mean. 

While discussing averages it may be important to point out the 
usefulness of the moving average. The moving average may be 
used to represent the general trend or tendency for results that are 
recurring over a long period of time, or where it is desired to reduce 
or smooth the effects of the slight fluctuations that may occur from 
year to year. An example will make this clear. 
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Table 21 

Method op Calculatino Moving Avbbaob. Data pboh 
Univebsity op Illinois Aobicdltubal Experiment 
Station, Showing Result op Selecting 
Maize fob High Oil Content 


Yeab 

Average Percentage 
Oil in Crop 

Each Generation 

3~Year 

Moving 

Average 

5~Year 

Moving 

Average 

1898 

4.70 



1897 

4.73 

4.86 


1898 

5.15 

5.17 

5.27 

1899 

5.64 

5.64 

5.55 

1900 

6.12 

5.95 

5.88 

1901 

6.09 

6.21 

6.16 

1902 

6.41 

6.83 

6.42 

1903 

6.60 

6.63 

6.65 

1904 

6.97 

6.92 

6.91 

1905 

7.29 

7.21 

7.11 

1906 

7.37 

7.36 

7.25 

1907 

7.43 

7.33 

7.27 

1908 

7,19 

7.22 

7.35 

1909 

7.05 

7.32 

7.38 

1910 

7.72 

7.43 

7.43 

1911 

7.51 

7.64 

7.63 

1912 

7.70 

7.79 

7.87 

1913 

8.15 

8.05 

8.02 

1914 

8.29 

8.30 

8.22 

1915 

8.46 

8.42 

8.39 

1916 

8.50 

8.50 

8.63 

1917 

8.53 

8.79 

8.78 

1918 

9.35 

8.98 

8.94 

1919 

9,05 

9.23 

9.23 

1920 

9.28 

9.42 

9.50 

1921 

9.94 

9.69 

9.64 

1922 

9.86 

9.96 

9.80 

1923 

10.08 

9.93 

9.99 

1924 

9.86 

10.05 

1 

1925 

10.21 


1 


In Table 21 we have the results by individual years of selecting 
oom for hi gh oil content. These may be combined in a three-year 
or a five-year moving average. For the three-year moving 
average one may center the first result on the year 1897, and 
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thus he would average the result of the previous year and the result 
of the following year with the result for 1897, and obtain a moving 
average of 4.86. For the year 1898 he would use the results for 
1897, 1898, and 1899. 

For the five-year moving average he would proceed as follows. 
He might center his first result on the year 1898,and for this would 
average the results of the two previous years and the two succeeding 
years with the result for 1898. He would continue through the 
series in this manner. 

In certain instances it may be found desirable to follow some 
system of weighting when obtaining the moving average. That 
is, there may be certain reasons why the results of one year or of a 
particular condition may be more important than others, and in 
such cases one may weight the results by making one result say 
twice as valuable as another. This is done only in special cases 
and is not a necessary part of the calculation of moving averages. 

Oeometric Mean. An illustration of the calculation of the geomet¬ 
ric mean is given in Table 22, using the data appearing in Table 12. 


Table 22 

Method op Calculating the Geombtbio Mean 


CSKTBB 

Loos 

Cbntxb 

POWEBS 

Pboducts 

OF Loos 

ANI> PoWBBS 

137.6 

2.1383 

2 

4.2766 

162.5 

2.2109 

2 

4.4218 

187.6 

2.2730 

15 

34.0960 

212.6 

2.3274 

42 

97.7508 

237.5 

2.3767 

69 

163.9253 

262.5 

2.4191 

78 

188.6898 

287.5 

2.4686 

67 

164.7262 

812.5 

2.4948 

57 

142.2036 

337.5 

2.5283 

42 

106.1886 

S62.5 

2.6693 

IS 

46.0674 

387.5 

2.5883 

5 

12.9415 

412.5 

2.61 .^4 

2 

6.2808 

437.6 

2.0410 

1 

2.6410 



400 

9'73:i564 


Log 973.1664/400= 2.4829 
Natural number of log 2.4329= 270.96 
Geometric mean=270.96 
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This oonstant is not used very often, and especially is this true in 
connection ■with frequency curves and general statistical analysis. 
The geometric mean is the antilogarithm of the mean of the loga¬ 
rithms of the numbers. Seciist gives the following formula for 
determining the geometric mean: 


G«ometrio means^/piXpjXpiX. . . p, 

(Pi, etc., referring to the vsluca of the different 
items, and n to the numbej of items) 


The steps in the calculation of the geometric mean are as follows. 
First the logarithms of the mid-points (center) of the classes are 
obtained and these are multiplied by the frequencies (powers), 
giving the products in the last column. These products are then 
summed and divided by the total number (400), giving the logarithm 
(2.4329) for the geometric mean. The antilogarithm (270.96) of 
this value is the geometric mean. 

The geometric mean will always be less than the arithmetic 
mean, and it has not come into general use partly on account of the 
diflGiculty m calculation but more because of the fact that it *‘does 
not possess any simple and obvious properties which render its 
general nature readily comprehensible.^’ Yule states that the use 
of the geometric mean finds its simplest application in estimating 
the numbers of a population midway between two epochs (say two 
census years) at which the population is known. 

A brief comparison may now be made between the more common 
constants of position 


ARITHMETIC MEAN 
Easy to calculate 
when aU the measure¬ 
ments of the individu¬ 
als can be summed 
and divided by their 
number. 


MEDIAN 

Easy to determine 
when all the individu¬ 
als may be arranged 
in order. 


MODE 

Empirical mode 
easy to determine but 
readily affected by 
methods of grouping. 
Theoretical mode can¬ 
not be determined 
exactly without fitting 
a theoretical curve to 
the distribution. May 
be determined ap« 
proximately. 
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arithmetic mean 
Is affected by the 
measurements of all 
the individuals. Since 
this is so it is some¬ 
times too greatly af¬ 
fected by abnormal 
individuals or indi¬ 
viduals removed at 
some distance from 
the central tendency 
of the distribution. 

May be treated 
algebraically, which is 
one of its important 
characteristics. 


MEDIAN 

Is determined mere¬ 
ly by its position in 
the distribution and is 
not affected by ab¬ 
normal individuals. 


Cannot be treated 
algebraically, that is 
the median of two 
or three distributions 
cannot be determined 
from the median 
values of the individu- 
3I distributions. 


MODE 

Is not so affected 
by abnormal individu¬ 
als and is an im¬ 
portant constant of 
position because it is 
located where the fre¬ 
quency is greatest. 


Is unsuited for alge¬ 
braical work for, like 
the median, the mode 
of several distribu¬ 
tions cannot be deter¬ 
mined by noting the 
modes of the individu¬ 
al distributions. 



CHAPTER V 

CONSTANTS OP DEVIATION OR DISPERSION 

When the type of a frequency distribution, as defined by the 
constants of position, has been determined, one is interested in 
knowing of the spread, or deviation from this type, that the material 
exhibits. On first consideration it might seem that if one had the 
type definitely denoted by the mean, then the range of the distri¬ 
bution might tell sufficiently accurately what it is needed to know 
regarding the spread or variability of the material. However, it 
will soon be evident that such is not the case. For example, in 
Table 12 (Chapter IV), giving the yields of soy beans, the range as 
now given is 325 grams, but if the one individual in the last class 
were eliminated the range would be only 300 grams. Thus by 
eliminating one individual out of a population of 400 the range 
would be decreased by 25 grams. The mean would be only slightly 
affected, as after eliminating the individual in the last class it would 
be 275.0313, while the mean for the 400 individuals is 275.4375 
grams. Suppose again that an individual had been found that 
measured only 100 grams, the range would have been increased by 
25 grams by the addition of only one individual. When considering 
the range alone, or the range and the mean together, one does not 
obtain any definite idea regarding the spread of the material, for 
these alone do not give an accurate idea of the form of the distri¬ 
bution. Two distributions may be obtained with the same range, 
yet in one the majority of the population may be grouped closely 
about the mean while in the other the grouping may spread out 
considerably from the mean. It is clear, then, that the range is 
not a good measure of the variability of a group of individuals. 
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What is needed is a constant for measuring dispersion that satis* 
fles the conditions that were laid down for the constants of position. 
The best constant of dispersion is one that considers the values 
of all of the individuals, one that may be treated algebraically, 
and one that may be useful in many calculations that are based 
directly or indirectly on the deviation. The constants commonly 
used are the average deviation ^ the variance or its square root tho 
standard deviation, and the qnartile deviation or semi-interquartile 
range. Those most generally useful are the variance and its square 
root, the standard deviation. In general, for the analysis of fre¬ 
quency distributions the standard deviation is most commonly 
used. The variance, however, is especially valuable, as will be 
seen in later discussions. The constants of position will be con¬ 
sidered in the order named. 


Average Deviation, The average deviation, or mean deviation, 
is the average of all deviations from the mean of the series. It 
is expressed in the same unit of measurement that has been used 
in recording the items. 

When the number of individuals is small the average deviation 
may be obtained without grouping, as illustrated in Table 23. 
The formula for the average deviation (A.D.) in such cases is 


The plus sign, when used in this and other formulas, means that 
the operation is completed without regard to sign. With the data 
in Table 23 the deviation of each individual from the mean (297.35) 
is determined, and these deviations are summed without regard 
to sign. The total summation (677.10) is divided by the number 
of individuals (20), giving the average deviation (33.855). Sub' 
stituting these values in the formula 




677.10 
20 * 


3S.855 
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Table 23 


Method of CALCoLATiNa the Average Deviation 

FROM UhGBOUPBD MATERIAL. DaTA ARB YIELDS 

IN Grams of Soy Bean Rows 


Yield in Grams 

D 

230 

-67.35 

291 

- 6.35 

290 

- 7.35 

273 

-24.35 

292 

- 5.35 

-m 

- .35 

236 

-41.35 

246 

-51.35 

258 

-39.36 

312 

14.a5 

44S 

150.65 

328 

30.65 

274 

-23.35 

309 

11.65 

295 

- 2.35 

375 

77.65 

336 

38.65 

312 

14.65 

279 

-18.35 

246 

-51.35 

5947 

2+D=677.10 


^ = 20 
Af=297.35 

2+D (without regard to sign) s 677.10 
^ ^ 077.10 

A.D.=i — = 33.855 grams 


Usually one is dealing with a large number of individuals and, 
as was found with the constants of position, it is more convenient 
to obtain the average deviation from a grouped distribution. The 
method of obtaining the average deviation from a grouped distri* 
bution is illustrated in Table 24. 
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Table 24 

Method of Calculating "hb Average Deviation from the Mean 


Class 

V 

/ 

(V-Afj 

D 

/D 

125.0-149.9 

187.5 

2 

-137.9375 

-276.8760 

160.0-174.9 

162.5 

2 

-112.9375 

-225.8750 

175.0-199.9 

187.5 

15 

- 87.9375 

-1319.0625 

200.0-224.9 

212.5 

42 

- 62.9375 

-2643.3750 

225.0-249.9 

237.5 

69 

- 37.9375 

-2617.6875 

250.0-274.9 

262.5 

78 

- 12.9375 

-1009.1250 

275.0-299.9 

287.5 

67 

12.0625 

808.1875 

300.0-324.9 

312.5 

67 

37.0625 

2112.5625 

325.0-349.9 

837.5 

42 

62.0625 

2606.6250 

350.0-374.9 

362.5 

18 

87.0625 

1567.1250 

375.0-399.9 

387.5 

6 

112.0625 

660.3125 

400.0-424.9 

412.5 

2 

137.0325 

274.1250 

425.0-449.9 

437.5 

1 

162.0625 

162.0625 



JV=400 

S4./£)=ieiba.oooo 

1 


M=275.4375 


A,D. 


16182.0000 

400 


40.455 


The process consists of taking the deviation of each class from 
the mean (275.4375 grams in this case), multiplying each devia¬ 
tion by its respective frequency, and summing without regard to 
sign. This sum is then divided by the total number, JV, and the 
result is the average deviation. The formula is 


A,D. 


2+/D 

N 


Substituting the values from Table 24 in the above formula 


^ ^ 16182.0000 
400 “ 


= 40.455 grama 


It is to be noted that the average deviation is given in grams, or 
the unit used in obtaining the data. 

Sometimes it may be convenient to compute the average de¬ 
viation from an assumed mean, but care must be taken when so 
doing. The method of calculating the average deviation from an 
assumed mean is illustrated in Table 25, with the same data as were 
used in Table 24. 
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Table 25 

Method of CALcrcrLATiNa the Atebaqe Detiatiok from ah 
Assumed Mean 

Assumed Mean (0)^2%1.6 


Class 

V 

/ 

D 

/£> 

126.0-149.9 

137.6 

2 

-150 

- 300 

160.0-174.9 

162.6 

2 

-125 

- 250 

175.0-199.9 

187.5 

16 

-100 

-1500 

200.0-224.9 

212.5 

42 

- 75 

-3150 

225.0-249.9 

237.5 

69 

- 60 

-3450 

260.0-274.9 

262.6 

78 (208) 

- 26 

-1960 -10600 

275.0-299.9 

287.6 

67 

0 


300.0-324.9 

312.6 

57 

25 

1425 

325.0-349.9 

337.5 

42 

60 

2100 

360.0-874.9 

362.6 

18 

75 

1350 

375.0-39J1.9 

387.6 

5 

100 

600 

400.0-424.9 

412.6 

2 

125 

250 

426.0-449.9 

437.6 

_1^(192) 

150 

150 6775 



A/'=400 


2 = 16375 


4825 

400 


= 12.0625 


To obtain A,D. we have 


16875 - (208 X 12.0625)+(192 X 12.0625) = 
10375 - 2509.000+2316.000=16182 


A.D.= 


16182 
400 ' 


40.455 


When using this method for calculating the average deviation 
from an assumed mean, the several deviations from the assumed 
mean are multiplied by their respective frequencies. There will 
result a series of negative values and a series of positive values. 
The difference between these two values will be used in making the 
correction for the average deviation, and will be referred to as the 
total difference or the total error. This total difference, divided by 
the number in the population, will give the average error. If the 
assumed mean should be the same as the true mean, then it is 
evident that there will be as large a minus value as a plus value, 
and the algebraic sum will be 0. In actual practice this very seldom 
happens. 
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With the data in Table 25 the average error is used in making 
the proper correction in the following way. The assumed mean 
is 287.5 and the deviations (Z>) of the mid>points of the several 
classes from this assumed mean are obtained and multiplied by their 
respective frequencies, giving the values in column fD. These 
values are summed without regard to sign and the total is 16375, 
The difference between the plus and minus values, 10600 and 5775, 
is 4825, the amount of the total error resulting from working from 
an assumed mean. This amount, 4825, divided by the number in 
the population, 400, equals 12.0625, the average error. When 
correcting, the sign of this average error need not be considered. 

Now the deviations of the frequencies of the lower part of the 
distribution, that is those below the class of the assumed mean, 
which total 208, are too large since they were calculated from 287.5 
rather than from 275.4375, the true mean. That is, since the 
assumed mean was higher than the true mean the frequencies of 
these individuals in the lower part of the distribution are too large, 
and similarly, those in the upper part of the distribution, 192, are 
too small. It is necessary to make a correction for the total, 16375, 
on account of this fact. Multiplying the average error, 12.0625, 
by the frequencies 208 and 192 gives the correction for the total 
deviations, and the total of the values in column fD must be cor¬ 
rected by this amount. We have 

16375 - (208 X 12.0625)+(192 X 12.0625) = 16182 

This value, 16182, divided by 400, gives 40.455, the same average 
deviation as obtained by the longer method. 

This process may be shortened somewhat. Since the frequencies 
of 208 individuals are too large and the frequencies of 192 individuals 
are too small, we may correct by taking the difference between these 
two frequencies, keeping in mind which group is too large and which 
is too small. The difference between 208 and 192 is 16, and since 
the larger number, 208, is from the group in which the frequencies 
are too large it means the final value must be corrected by sub¬ 
tracting 16 times the average error, 12.0625. The product is 
193.000, and subtracting this value from 16375 gives the corrected 
value which, when divided by the number of individuals, 400. 



72 STATISTICAL METHODS APPLIED TO AGRICULTURAL RESEARCH 


gives the average deviation, 40.455. This is the same value as 
obtained before. In making the correction in this way it is always 
necessary to keep in mind which group of frequencies is too high 
and which is too low, so that when taking the difference between 
the frequencies one will know whether to subtract or add the 
correction. 

If the assumed mean falls outside of the group in which the 
true mean lies, then the above method needs modification. It is 
usually more convenient and avoids possibility of error if the devia¬ 
tions are obtained from the true mean and the average deviation 
determined as in Table 24. It is evident that when the deviations 
are obtained from the true mean the sum of the negative values 
is equal to the sum of the positive values. Since this is true it is 
possible to obtain the average deviation by summing either the 
negative or positive values, using the formula 

A.D.^2/N afD^) 

where summation of either negative or positive values. 

Summing the positive values in Table 24 we have 8091 and sub¬ 
stituting this value in the formula 

A ,D ,« 2/400 X 8091=40.455 

The same result is obtained by summing the negative values, 
disregarding the sign. 

From this relation the average deviation of a frequency dis¬ 
tribution may be obtained from an assumed mean. 

Isi .Ysnumber of individuals in s population 

na~ number of individuals above the true mean 
n 5 =number of individuals below the true moan 
2/Da =5 sum of the product valvies of the n® variates from the assumed mean 
2/Di,=sum of the product values of the variates from the assumed mean 
e a: correction or the d3il6vence between the true mean and the assumed 
mean 

When the tnu mean is larger than the assumed mean the formula 
is 

A«D ^2/N (S/Dfl—eWfl) 
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When the true mean is smaller than the assumed mean the for¬ 
mula is 

A.D,^2/N (E/Dft-cnt) 

With the data in Table 25 the true mean is smaller than the 
assumed mean. The sum of the frequencies below the true mean 
is 208 and the sum of their product values is 10600. The cor¬ 
rection, or the difference between the true mean and the assumed 
mean, is 12.0625. Substituting these values in the formula to 
be used when the true mean is lower than the assumed mean 

A.D,- 2/400 [10600-(208X 12.0625)]=8091/200=40.455 

With the data in Table 26 the true mean is higher than the as¬ 
sumed mean. 


Table 2G 

Method of Calculating the Average Deviation from an Assumed 
Mean Outside the Class in Which the True Mean is Found 

Assumed Mean (G)^262,5 


Class 

V 

/ 

D 


125.0-149.9 

137.5 

2 

-125 

- 250 

150.0-174.9 

162.5 

2 

-100 

- 200 

175.0-199.9 

187.6 


- 75 

-1125 

200.0-224.9 

212.6 

42 

- 50 


22.1.0-249.9 

237.5 

69 

- 25 

-1725 -5400 

260.0-274.9 

262.5 

78 (208) 

0 


275.0-299.9 

287.6 

67 

26 

1675 

800.0-824.9 

312.6 

67 

50 

2 ai 0 

82.1.0-349.9 

337.6 

42 

76 

3150 

860.0-374.9 

862.5 

18 

100 

1800 

87.5.0-399.9 

387.5 

6 

126 

625 

400.0-424.9 

412.5 

2 

160 

300 

426.0-449.9 

437.5 

1 (192) 
81=400 

176 

175 10675 
2=15975 




8091 


[10575-(192X12.9376)]*^ 


40.455 
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There are 192 individuals above the true mean and the sum of their 
product values is 10575. Substituting these values in the formula 
to be used when the true mean is higher than the assumed mean 
A .Z). =2/400 [10575 - (192 X 12.9375)]=8091/200 * 40.455 

It may be pointed out that if desired the average deviation may 
be calculated by the unity-step method, as was illustrated in de¬ 
termining the mean. Often such a procedure will save time in 
calculation. 

In the foregoing illustrations the calculations have been made 
from the mean. It may be pointed out that the average deviation 
can also be determined from the median. If the median is used 
rather than the mean the average deviation will be smaller, as 
the average deviation has a minimum value when calculated from 
the median. For example, the average deviation for the distri¬ 
bution in Table 26 is 40.335 when calculated from the median. 
This is slightly less than 40.455, the average deviation obtained by 
calculating from the mean. 

The average deviation has the advantage of being easy to cal¬ 
culate and may be conveniently used in some cases where a measure 
of variability is wanted quickly. It does not lend itself to algebraic 
treatment and is not so useful a constant as the standard deviation. 

Standard Deviation, As has been suggested, the variance, which 
is the arithmetic mean of the squares of all deviations measured 
from the mean, has a useful place in statistics. The square root 
of the variance, or standard deviation, is used more commonly as 
a constant of dispersion in the general study of frequency distri¬ 
butions. Yule defines the standard deviation as the square root 
of the arithmetic mean of the squares of all deviations, deviations 
being measured from the arithmetic mean of the observations. The 
standard deviation is designated by St, Dev,^ or S, D,, and very 
often by the small Greek letter Sigma (a*). 

While the average deviation is obtained from the first moment, 
XDjN, the standard deviation is obtained from the second moment, 
XD^jN. The formula is 

S.D.^y/j,]yt/N 

The moments here refer to the summation of all the deviations 
about the mean divided by the number of individuals. When 
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there are only a few individuals under observation the deviation 
of each one from the mean may be obtained, then squared, and the 
total number summed. This summation divided by the number 
of individuals gives the variance, and the square root of this variance 
is the standard deviation. This method of calculating the standard 
deviation from ungrouped material is shown in Table 27. 


Table 27 

Method or Calculatino the Standard Deviation 
FROM Ungrouped Material. Data are 
Yields in Grams of Soy Bean Rows 


Yield 

IN GllAMS 

D 

- 


230 

-67.35 

4536.0225 

291 

- 6.65 

40.3225 

290 

- 7.35 

64.0225 

273 

-24.35 

592.9225 

292 

- 5.35 

28.6225 

297 

- .35 

.1225 

256 

-41.35 

1709.8225 

246 

-51.35 

2636.8225 

258 

-39.35 

1.548.4225 

312 

14.65 

214.6225 

448 

150.65 

22695.4225 

328 

30.65 

939.4225 

274 

-23.35 

545.2225 

309 

11.65 

135.7225 

295 

- 2.35 

5.5225 

375 

77.65 

6029.5225 

336 

38.65 

1493.8225 

312 

14.65 

214.6225 

279 

-18.35 

336.7225 

246 


2636.8225 

6947 

-51.35 1 

2152=46394.6500 


N=20 M=297.35 


46394.6500 

8,D 




46394.6600 


20 

V2819.727500 

48.164 
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Usually one is concerned with a large number of individuals^ 
and in such cases it is better to make a frequency distribution and 
work from the grouped material. This method of calculating the 
standard deviation from a frequency distribution is shown in Table 
28, using the same data as in Table 12. 


Table 28 

Method of Calculating the Standard Deviation from the 

True Mean 


CX.A8S 

V 

/ 

F-Af 

(F-3f)2 

/(F.Af)2 

125.0-149.9 

137.5 

2 

-137.9375 

19026.7539 

38053.5078 

150.0-174.9 

162.5 

O 

-112.9375 

12754.8789 

25509.7578 

175.0-199.9 

187.5 

15 

- 87.9375 

7733.0039 

115995.0585 

200.0-224.9 

212.5 

42 

- 62.9375 

35J61.1289 

l(i6367.4138 

225.0-249.9 

237.5 

69 

- 37.9375 

1439.2539 

1/9308.5191 

250.0-274.9 

262.5 

78 

- 12.9375 

167.3789 

13065.5642 

275.0-299.9 

287.5 

67 

12.0626 

145.5039 

9748.7613 

800.0-324.9 

312.5 

57 

37.0625 

1373.6289 

78296.8473 

325.0-349.9 

337.5 

42 

62.0625 

3851.7639 

161773.6638 

850.0-374.9 

362.5 

18 

87.062.5 

7679.8789 

136437.8202 

375.0-399.9 

387.5 

5 

112.0625 

12558.0039 

62790.0195 

400.0-424.9 

412.5 

2 

137.0625 

18786.1289 

37572.2578 

425.0-449.9 

437.5 

1 

162.0625 

262()4.2)39 

26264.2539 


i7=4bd 


2/(F.M)2=971173.4350 


276.4375 


S.D. = v'2427.933587 = 49.274 


The process consists of obtaining the deviations of each class 
from the mean, or V-M. These deviations are then squared, giving 
(F-JHf)®, and multiplied by their respective frequencies. The values 
thus obtained are summed, giving Xf{V-MY, This summation is 
divided by the number of individuals and the square root of the 
result is taken* The formula is 

S,D aV2/(F-M)V-^ 

Substituting the values obtained in Table 28 


<S.D.» N/971173.43607400a V2427.9^587 » 49.274 




CONSTANTS OF DEVIATION OB DISPERSION 


77 


The value of the standard deviation, 49.274, is expressed in grams, 
the same unit of measurement that was used in obtaining the 
weight of seed of each ploi;. 

This method of obtaining the standard deviation is somewhat 
laborious, since one often has to deal with large numbers. A shorter 
method is illustrated in Table 29, using the same data and following 
the plan used to determine the mean by working from an assumed 
mean. 


Table 29 

Method of Calculating the Standard Deviation by Working 
FROM AN Assumed Mean 

Assumed Mean (GJ = 262.5 


C1.ASS 

V 

/ 

D 

JD 

/Da 

125.0-149.9 

137.5 

2 

-125 

- 250 

31250 

150.0-174.9 

1(52.5 

2 

-100 

- 200 

20000 

175.0-199.9 

187.5 

15 

- 75 

-1125 

84375 

200.0-224.9 

212.5 

42 

- 50 

-2100 

105000 

225.0-249.9 

237.5 

69 

- 25 

-1725 

43125 

2o0.0-274.9 

202.5 

78 

0 



275.0-299.9 

287,5 

67 

25 

1675 

41875 

300.0-324.9 

312.5 1 

57 

50 

2850 

142500 

325.0-349.9 

337.5 

42 

75 

3150 

236250 

350.0-374.9 1 

302.5 ! 

18 

100 

1800 

180000 

375.0-399.9 

387.5 

5 

125 

625 

78125 

400.0-424.9 

412.5 

1 2 

150 

300 

45000 

425.0-449.9 

437.5 

1 1 

175 

175 

1 30625 



N = 406 


10575 2/D2=1038125 1 





- 5400 





2/I)=5175 



5175 

400 -12.93 <5 


S.D. 



1038125 
400 ' 


- (12.9376 > 


«V2427.933594 


« 49.274 
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With this method a mean is assumed which may be at anypoint 
either within or without the distribution. It makes no difiFerenoe 
what value is selected so long as the proper correction is made. 
Usually it is better to select a value near the middle of the distri¬ 
bution since this will involve smaller values for the deviations than 
if an extreme value is chosen, and the multiplications will be made 
more easily. On the other hand, if the mid-point of the first class 
is chosen one does not have to deal with minus signs, and in some 
instances and for certain kinds of calculations this may be helpful. 

After the mean is assumed, the deviations of the several classes 
from this mean are set down in column 2). These deviations are 
multiplied by their respective frequencies, giving column /D, and 
these values are summed, having regard to the signs. The algebraic 
sum is obtained and this is divided by N, giving c, the correction 
for the mean, or the difference between the true and the assumed 
mean. As stated in Chapter IV, this value is added to the assumed 
mean to obtain the true mean. The sign must be observed in 
obtaining the mean, so that where a negative value is obtained it is 
really subtracted. This point must be watched carefully. 

The next step is to determine /D*. Since /Z>x2)—/D* it is not 
necessary to write down the column of values but simply multiply 
the values in column D by their corresponding values in column 
fD. The resulting products are summed, giving XfD^, and divided 
by N, or XjD^jN, This summation will always be too high when 
working from an assumed mean, and must be corrected by the value 
of the correction, c. Since, in obtaining the /D* values one is 
working with the second powers, or squares, it is necessary to square 
c before subtracting from 2/Z)*/N. The formula for this method 
of calculating the standard deviation is 


Substituting the values obtained in Table 29 

8.D. a V1038126/400- (12.9376)2=« V2427.fi3^94»»9.271 
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It was stated above that the value of XfD^jN will always be 
higher when working from an assumed mean rather than from the 
true mean. Perhaps an a'gebraio proof will make this clear. 

Let M as true mean 

(7=assumed mean 
c=correction for the mean 
M^O^c 
V = class value 

F-M = an amount designated by a 
F-Gasanamornt designated by d 


Then 

By substitution 

Transpose 

Square 


V-M= F-.((?+c), since Af = ((?4-c),= F-Gf-c 


a = d-^e 


a-l-c = d 


Multiply by the frciiuency, /, sum and divide by N 
2 fat/N+S f 2ac/N +2 fc3/N= 2 fd^/N 

Now S/ 2ac/N=0, since the sum of the products of the deviations 
around the mean is 0. In other words, when the deviations are 
measured Irom the mean, the sum of the deviations will be 0, since 
there are as many negative as there are positive values. This can 
be proved by summing the negative and positive values of the last 
co.umn of Table 24. The values thus summed are -8091.0000 and 


+8091.0000. 


Therefor© 


J.faH/N+'S.fiii/N^-LSdyS 


By transposing, and since 
2/=J/ 


Then 




or, the sum of the squares measured from the mean equals the sum 
of the squares measured from an assumed mean minus c‘, or the 
square of the correction. 

Now, since 


Therefore 
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Thus the deviations measured from an assumed mean are always 
higher than when measured from the true mean, and c* must always 
be subtracted from Xfd^/N, or as designated above XfD^/N-c'‘. 

This fact may also be demonstrated geometrically, as illustrated 
by Figure 11. 



Fio. 11. Illustrating the fact that deviations measured from the 
mean, M, are less than when measured from any assumed point, O. 


Suppose on the horizontal line XX' a perpendicular is erected at 
Mf the mean of a series. Now let a distance MY be marked off 
equal to the standard deviation, cr. Then let G be any value 
assumed as the mean of the series and the line ¥G, or d, be drawn. 
The difference between M and G is c, the correction for the mean. 
Now since the line o* is drawn through the mean it is shorter than 
any other line drawn from XX' to point T. This may be proved 
since cr, d, and c are three sides of a right-angled triangle and 

o2-J-c2=:d2 


or 

and 


02=-d2«c2 


0 =:>/ — 


The standard deviation is the root-mean-square deviation from 
the mean and d is the root-mean-square deviation from the assumed 
origin, 0, Thus it follows, as indicated, that the root-mean-square 
is smallest when calculated from the mean and that when calculated 
from any other origin the sum of the squares is too high and a cor¬ 
rection must be made, depending on the value of c\ 

The calculation of the standard deviation may be shortened 
still more by the unity-step method, as in the case with the mean. 
This is done by assuming that the class interval is one unit, as was 
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done in the calculation of the mean by the unity-step method, rather 
than the actual value. The columns are an*anged and the work 
carried out as indicated in Table 30, using the same distribution as 
before. The formula for this method is 

fif.D. = V 2 /D 27 zsr-c 2 X ci 

Table 30 

Method of Calculatinq the Standard Deviation by the 
Unity-Step Method 
Assumed Mean (O) =^262.5 


Class 

V 

/ 


JD 

flA 

125.0-149.9 

137.5 

2 

-6 

-10 

50 

150.0-174.9 

162.5 

2 

-4 

- 8 

32 

175.0-199.9 

187.5 

15 

-3 

-45 

135 

200.0-224.9 

212.5 

42 

-2 

-84 

168 

225.0-249.9 

237.5 

69 

-1 

-69 

69 

250.0-274.9 

262.5 

78 

0 



275.0-299.9 

287.5 

67 

1 

67 

67 

300.0-324.9 

812.5 

57 

2 

114 

228 

825.0-349.9 

337.5 

42 

3 

126 

378 

350.0-374.9 

362.5 

18 

4 

72 

288 

375.0-399.9 

387.5 

5 

5 

25 

125 

^00.0-424.9 

412.5 

2 

6 

12 

72 

425.0-449.9 

437.5 

1 

7 

7 

49 



N = 400 


4:^3 

2/D»=i661 





-216 





5 

:/D = 207 

1 



=Vjirs^94 X 26 

_ a 49.274 _ 

The calculations are made on the assumption that the classes 
differ by unity. After the square root has been obtained it is mul¬ 
tiplied by the class interval, if the class interval is any other value 
than unity, and the result is the true or corrected standard deviation. 
Substituting the values from Table 30 in the formula 

8.D .= v'1661/400- (.6i76y X 26 
= V.3.884694' X 26 
> 49.274 
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The value of the standard deviation, 49.274, is the same as obtain¬ 
ed by the longer methods. The unity-step method is much simpler 
to use, since the numbers are smaller and the calculations may be 
handled conveniently without the aid of calculating machines. 

Another example will illustrate the unity-step method of cal¬ 
culating the standard deviation. 


Table 31 

Method of Caloulatikq THE Standard Deviation by the 
Unity-Step Method 

Data are Heights in Centimeters of 400 Oat Plants 
Assumed Mean ( 0 )^ 72,5 


Cl<ASS 


B 

D 

fD 

fDi 

45.0-499 

47.6 

2 


-10 

50 

60.0-64.9 

62.6 

9 


-86 

144 

66.(W9.9 

67.6 

20 


-60 

180 

60.0-64.9 

62.6 

85 


-70 

140 

66.0-69.9 

67.6 

91 


-91 

91 

70.0-74.9 

72.6 

125 

0 



76.0-79.9 ' 

77.5 

91 

1 

91 

91 

80.0-84,9 1 

82.6 

26 

2 

52 

104 

86.0-89.9 1 

87.6 

0 

3 

0 

0 

90.0-94.9 

92.5 

1 

4 

4 

16 


JV=400 


-267 

2/JCW«8i6 





147 





2/D=-120 



.-120 
" 400 


= -.300 




.300» X 6 


=Vl. 950000 X 6 
=6.982 


The various steps are no doubt clear. Substituting in the formula 
the values obtained in Table 31 

S.D, =V816/400- (-.300)* X 6 

-VOboobo' X 3 

-6.982 
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It may be well to emphasize again the importance of observing 
the signs in the column fD and also the calculations from the sum 
of this column to insure ihe proper correction for the mean. In 
practical work it is necessary to retain only sufficient decimals for 
accuracy. It should be pointed out, however, that when the class 
interval is large a slight error may result by reading to only three 
decimals and later obtaining the true mean or standard deviation 
by multiplying by a large class interval, such as 50 or 100, and 
sometimes by a smaller amount. Therefore to be correct to three 
decimals the calculations should be carried far enough so that the 
constant will be correct to the number of places to be kept in the 
record. 

Before leaving the standard deviation it may be well to point 
out two other useful formulas that may be used to obtain the stand¬ 
ard deviation. They are especially useful when the population 
is not too large and one may be working from ungrouped data. 
These methods are illustrated in Table 32. 

Table 32 

Illustrating Special Methods of 
Determining Standard Devia¬ 
tion FROM UnGROUPBD DaTA 


X 

*2 

60 

2500 

42 

1764 

64 

2916 

56 

3136 

47 

2209 

48 

2304 

63 

2809 

42 

1764 

45 

2025 

50 

2500 

51 

2601 

538 

2*2=26528 




M 


^8 

li 


48.909 


First Method: 
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SJ). =- (48.909P 

«V'l9.640O83 
= 4.421 


Second Method: 


S.D. 


/ll (26628)-(638)» 
y ■ (ii)» ■ 


■V' 


291808-289444 


121 


2364 

121 

4.420 


The first method is to work directly from the values of the ob¬ 
served items, X. These are summed and the mean is obtained. 
Instead of obtaining the differences between the several items and 
the mean, the mean is assumed to be 0 and the x values are squared 
directly and summed. This sum is then divided by the number of 
individuals, N, and the correction in this case is the mean, M. The 
formula is 

S,D, = 's/^xyN^M2 


With the values in Table 32 

S.D, =S n/ 26528/11 - (48.909)2 
«Vl9.546083 
= 4.421 


The standard deviation for this distribution determined in the 
usual way by obtaining the deviation of each item from the mean 
and squaring is 4.420, a value very close to the one obtained by the 
shorter method. 

The formula for the second method is 



N (2a?2) ^(2a?)a 
”"jV2 


The several items are squared and summed and the total is 
multiplied by N. From this result is subtracted the square of the 
total sum of the x values. The remainder is divided by the square 
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of N and the square root extracted. Substituting the values in 
Table 32 


JD= /ll (28628)-(63^ 

■ ■ V (11)* 


201808 - 289444 
121 


V' 

"V121 


= 4.420 


This method is very useful if the population is not too large 
and has the advantage that if the mean cannot be obtained exactly 
there is no error introduced in the squares, as is the case when the 
deviations are obtained from an approximate mean. For example, 
in this case the mean is 48.909+and for each deviation that would 
be obtained there would be a slight error. Since the total, X x, 
is used and not X x/N, these slight errors are eliminated and at the 
same time the calculations are simplified and shortened. 

The standard deviation measures the spread or variability of 
the group for which it has been calculated and is, of course, always 
expressed in the same unit of measurement that has been used to 
make the record. One of the general empirical rules is that six 
times the standard deviation will include approximately 99 per 
cent of all the observations. This holds more generally for frequency 
distributions that are symmetrical or only slightly asymmetrical. 
For example, in Table 28, six times the standard deviation, 49.274, 
is 295.644, and a range of this amount contains nearly all of the 400 
individuals. If one-half this amount is added to or subtracted 
from the mean we have a range from 127.6166 to 423.2595, and this 
includes practically all the individuals except the one in class 
425.0-449.9. 

For distributions that are symmetrical or only shghtly asymmet¬ 
rical there is a relation between the average deviation and standard 
deviation. The average deviation is approximately four-fifths 
of the standard deviation. The exact relation is shown by 


A,D.^.7d79S,D. 
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For the data shown in Table 28, the average deviation is 40.456 
and the standard deviation is 49.274. When the average deviation 
is divided by the standard deviation the quotient is .8210. From 
the results in Table 31 the average deviation is 6.497 and the stand¬ 
ard deviation is 6.982. Dividing the average deviation by the 
standard deviation the quotient is .7873. While these values differ 
from the theoretical value of .7979, it should be borne in mind that 
the exact relationship as stated above holds only in symmetrical 
distributions. 

It has been stated that six times the standard deviation includes 
about 99 per cent of all the individuals of a distribution. If the 
average deviation is to be used for this purpose instead of the 
standard deviation, it must be multiplied by the factor 7.6. 

In discussing the mean it was pointed out that the mean of 
several series taken together could be obtained from the means 
of the individual series by applying the formula 

^ njM i-f n2af 2-f nsAfa, etc. 

In a similar manner the standard deviation of several series may 
be obtained. 

If M is the mean of all the series together and and Jfj the 
means of the individual series, then 

Afi-Af=di 

Now the sum of the deviations of each series about the mean, Jf, 
is equal to (o-j* +di) and nj ( 0 ^ 2 *+^ 2 ^)- Therefore, if cr equals 
the standard deviation for the whole series, we have 


and 


Na^^ni (ai2+di2)+ti2 (aa^-f-cV) 

- W - 


This may at times prove to be a useful formula. 


Coefficient of Variability. As has been stated, the standard 
deviation is an expression measuring the variability of a group of 
individuals from their mean and is expressed in units of measure' 
ment. For this reason one cannot compare directly the variability 
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as measured by the standard deviation of a group whose measure¬ 
ments have been recorded in grams with another whose measure¬ 
ments have been recorded in inches, and the like. When dealing 
with distributions of similar material where the method of classi¬ 
fication has been the same or nearly the same the standard devia¬ 
tion may be used as an index of variability. For example, if the 
heights of several groups of men of the same race are to be compared 
and the classification has been handled similarly, then the standard 
deviation may be used in comparing the variability of the different 
groups. However, if the several distributions differ in position 
and units of measurement, then the standard deviation as an index 
of variability may be limited in its usefulness. 

In order, then, to compare variabilities based on different units, 
a relative measure of variability has been brought into use. It 
is the coefficient of variability and is expressed 

In other words, it is the standard deviation expressed as a per¬ 
centage of the mean. This constant considers both the variability 
as expressed by the standard deviation and the position of the 
distribution as expressed by the mean, and therefore gives a constant 
expressing relative variability. 

By the use of this constant the variability of different groups 
may be compared directly. For example, with the two lots of 
data presented in Tables 30 and 31, those in Table 30 deal with the 
yields per plot of soy beans, measured in grams, while the data in 
Table 31 deal with the heights of oat plants measured in centimeters. 
In the first case the standard deviation is 49.274, and in the second 
case it is 6.982. The first standard deviation is several times larger 
than the second, but we cannot say from this that the yield of 
soy beans per plot is several times more variable than the height 
of oat plants. We must express this variability with relation to 
the mean in each case. In other words, we use the coefficient of 
variability, and find that the coefficient of variability for the yields 
of the soy bean plots is 17.889 while that for the heights of the oat 
plants is 9.834. While the variability of the yields of the soy bean 
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plots is greater than that of the heights of the oat plants, h cannot 
be said that it is several times higher, as was indicated by the stand¬ 
ard deviation, but only twice as high. 

In general practice, therefore, it is always better to obtain the 
coefficient of variability. While both the standard deviation and 
the coefficient of variability may be used as an index of variability, 
it should be remembered that when distributions vary in position 
and when different units of measurement have been used the coeffi¬ 
cient of variability is to be preferred. There are cases having a 
very low mean and a very great spread of the distribution, resulting 
in a standard deviation higher than the mean value. In such cases 
the coefficient of variability may be extremely high and care should 
be used in interpreting the variability constants. 

Quartile Deviation. The median has already been explained as 
that point on the x axis which divides the population into exactly 
one-half. The quartiles may now be discussed. We have 
and quartile, Qi, is the point on the x axis below 

which one-quarter of the values lie. Three-quarters of the values 
lie above it. The second quartile is the same as the median, 
and Q 3 is the point below which three-fourths of the values lie, 
with one-fourth greater. 

The quartile deviation is determined by the following relation 

The coefficient that is sometimes used corresponding to the coef¬ 
ficient of variability is to divide the quartile deviation, Q, by the 
median, or 

M% 

The values of and ^3 may be determined in a manner similar 
to that described for the me^an. The data that served for the 
calculation of the median, in Table 18, are used hero. 


Total number of individuals = 400 

One-fourth the number of individuals =100 

Number of individuals up to class 225.0-249.9= 61 
Difference between 61 and 100 = 39 

Frequency of class 225.0-249.9 = 69 

Ckuss interval 25 


«i=226.0+(^X25) a239.1S0 
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In a. similar manner may be obtained. 


Total number of individuals =400 

Three-fourths the number of individuals = 300 

Number of individuals up to class 300.0-324.9=275 
Difference between 275 and 300 = 25 

Frequency of class 300.0-324,9 = 67 

Class interval = 25 


Qj=300.0-|-(|^X26)=S10.966 
From the values of Q-^ and we have 

There is a definite relation between the standard deviation and 
the quartile deviation for symmetrical curves, and for curves that 
are only slightly asymmetrical the relation also holds. This re¬ 
lation is expressed as 

Q=.6745XiS.Z). 

or the quartile deviation is approximately a little more than two- 
thirds of the standard deviation. The importance of this rela¬ 
tionship will be shown in later discussions. The standard deviation 
for the distribution used above is 49.274 (Table 28). If the quartile 
deviation, 35.9175, is divided by the standard deviation the result 
is .7289, while for strictly symmetrical curves it should be ,6745. 

The three constants of dispersion — average deviation, standard 
deviation, and quartile deviation — are constants that measure 
dispersion in the units of measurement that were used in obtaining 
the original records. These may be considered as measures of 
absolute variability. The average deviation is not generally used. 
It is a constant that may be used to give an approximate expression 
of variability, and the same is true of the quartile deviation. Of 
the three constants the quartile deviation is the most readily deter¬ 
mined, that is with the least calculation, but except for the symmet¬ 
rical or nearly symmetrical curves it does not express the variabili* 
ty as well as does the standard deviation. The standard deviation 
is the most useful of the three constants. The coefficient of varia¬ 
bility is used to compare different degrees of dispersion when the 
material has been measured in various units of measurement. 



CHAPTER VI 


SIMPLE CORRELATION 

In the discussi on of the constants of position and of dispersion 
in the previous chapters we have considered the variation of only 
one character at a time. That is, by the methods given we can 
determine certain facts regarding the height of men, for example, 
or again certain facts regarding the weight of these same men. 
Often, however, the problem concerns how such characters vary 
together, or whether there is any relationship between two such 
characters. There are many problems in biological, social, and 
economic statistics where a study of relationship or association is 
of greater importance than merely to determine the variation of 
any one of the factors alone. Not only may we be interested in 
learning how two characters may be associated, but sometimes the 
relationships of more than two characters are important. That 
is, there may be certain causes operating to produce a certain 
effect and the question arises as to the definite relation between the 
factors or causes and the final result, and how this relation may be 
measured. 

One is interested to know whether as one character or factor 
increases there is a corresponding increase, or a decrease, in a second 
character. For example, if a certain man is found who is 66 inches 
tall and weighs 165 pounds, what may be the expected weight of 
another man who may be 68 inches tall? The one man who is 66 
inches tall has an average weight of ( 165 / 66 ) pounds for each 
inch in height. From this is it to be expected that the man 68 
inches tall would add another 2^ pounds for each additional inch 
in height and therefore weigh 170 pounds? If this does not follow, 
then it is interesting to know what is the relation between weight 
and height. For example, in a population of several hundred men 
how close is the association between weight and height? 

There are numerous other problems in relationship where it is 
desired to determine the measure of such relation. Such questions 
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aa the relation between height and yield of wheat plants; between 
length of head of wheat plants and the number of kernels produced; 
between the size of farm and amount of income; between weather 
factors, as rainfall, sunshine, and the like, and the yields of crops; 
and many other similar problems, frequently arise. We think of 
characters that are associated as being correlated, and in order to 
measure the intensity of the association we have the methods which 
have been derived for the analysis of correlation. With many 
factors in whose correlation we may be interested we do not find 
absolute or perfect correlation, nor do we find complete independ¬ 
ence. Different factors will show different degrees of correlation, 
and often the same factors obtained under different conditions will 
show different degrees of association. Such relationships may be 
shown by a diagram, as the scatter diagram in Figure 12 giving the 
relation between the weight and height of men. 



Fio, 12. Scatter diagram showing re¬ 
lation between weight and height of men. 


Thifj scatter diagram is made up in the following manner fix>m 
the data in Table 33, page 92. For example, the second weight in 
the table is gi>en as 120 pounds and the height of that particular 
man is giren as 62 inches. The dot for this pair of characters 
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Table 33 

Data Usta m SCATTERDiagram Showing 
Relation Between Weight and 
Height of Men 


Weight 

HiilGHT 

Weight 

Height 

IN 

IN 

IN 

in 

Pounds 

Ingb:ji» 

Pounds 

Inches 

X 

y 

X 

y 

140 

67 

127 

61 

120 

62 

206 

75 

191 

73 

123 

62 

140 

65 

137 

64 

172 

71 

187 

69 

190 

69 

145 

65 

175 

68 

197 

74 

210 

75 

185 

72 

132 

64 

157 

66 

190 

72 

194 

73 

125 

61 

142 

63 

192 


190 

71 


74 

142 

67 

136 

63 

168 

68 

162 

66 

188 

70 


may be located on the diagram by extending lines from the weight 
and height scales corresponding to the values 120 and 62 and 
the dot is located at the point of intersection of the lines. In 
actual practice it is not necessary to draw the intersecting lines 
for each dot but they may be located by carefully noting the 
scale and placing the dots at the proper position. The diagram 
when completed gives a graphic illustration of the association 
of these characters, and is useful in presenting a general idea 
of the relationship. It is not convenient, however, to compare 
the correlation between these characters by means of this scatter 
diagram and the correlation between any other pair of characters 
which may be shown by another scatter diagram, where the class 
values may be different. 

Another scatter diagram where the correlation is not so pro¬ 
nounced is given in Figure 13, page 93. This scatter diagram is 
made up from the yield records of a number of oat plots. A 
number of different varieties were grown in ten plots each and 
the rolRtion between the yield of the first five plots and the 
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peld of the second five plots for each variety is shown in the 
diagram. Each dot represents one variety and is located as 
described for Figure 12. 


880 390 400 410 420 430 440 450 460 470 480 



Fia. 13. Scatter diagram showing relation between yields 
of first five plots and yields of second five plots for a 
number of varieties of oats. 


The illustrations give some idea of how two different lots of data 
may be compared by means of the scatter diagram, and it is evident 
that with the data in Figure 12 the relationship is more pronounced 
than it is with the data in Figure 13. Since it is possible to describe 
the relationship in both instances by means of qualitative terms 
only, it becomes evident that what is needed is to be able to express 
the relationship by means of some definite quantitative value, and 
such a value to be comparable with other values should be independ¬ 
ent of units of measurement. 

Relationship may also be sho\ra by means of a graph, as illus¬ 
trated in Figure 14. 
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Fio. 14. Graphic illustration of the re¬ 
lation between the yield of cotton at the 
first picking and the total yield. 

The data in the graph are taken from Table 34, which is made 
up from the data in the first ten classes only of Table 42. 


Tablb 34 

Yields of Seed C!otton Peb Plot fob 
THE Fiest Picking, and Total 
Yield fob the Same Plot 


Mid-point 

Value 

First 

Picking 

Mean 

Value 

Total 

Picking 

12.5 

.275.0 

37.5 

350.0 

02.5 

344.7 

87.5 

885.0 

: 1.2.5 

431.0 

137.5 

462.7 

162.5 

1 514.0 

187.5 

537.5 

212.5 

023.4 

237.5 

595.8 
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In plotting the graph for these data the mid-point values of the 
yield for the first picking are measured oflF on the horizontal scale 
and the mean value of the total picking corresponding to each 
mid-point value is measured off on the perpendicular scale. For 
example, to locate the first point on the graph, the mid-point value 
(on the horizontal scale) is 12.5 and the corresponding mean value 
for the total picking, 275.0, is measured off on the perpendicular 
scale and a cross placed where lines extended from the two values 
would intersect. Each of the other points is located in a similar 
manner. It should be noted that in order to obtain a better idea 
of the relationship each scale should be started with the lowest 
value, increasing the values to the right and upward. It is then 
possible to associate low values on the horizontal scale with low 
values on the perpendicular scale. 

When such a graph is completed it furnishes some idea of the 
general tendency as to the amount of association or relation between 
two characters, but, like the scatter diagram, it does not give any 
definite numerical value which may be compared with other values 
obtained from similar data. As will be seen later, a straight line 
may be fitted to such a graph but even this, while useful for the 
particular graph, does not furnish a definite means of comparing 
the data in one graph with those in another unless the data are 
similar and the same method of grouping has been followed. What 
is needed, as already stated, is some quantitative expression that 
will denote the amount of association or correlation. There are 
several methods for measuring correlation and these will be dis¬ 
cussed separately. The most common measure of correlation is 
the correlation coefficient, which is used to measure linear cor¬ 
relation. By linear correlation is meant that the means as plotted 
in Figure 14, for example, may be represented by a straight line. 

Correlation Coefficient. It has been stated that it is necessary 
to have some convenient numerical expression to measure relation¬ 
ship. This is especially true since graphic methods do not lend 
themselves readily to comparisons of one lot of data with another. 
Then^ too, we are usually dealing with a large population and hence 
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there is need for a convenient method for measuring relationship. 
The correlation coefficient, denoted by r, gives such a numerical 
expression and may be obtained from the following formula 

N iOxOy) 

In this formula x represents the deviations of the x values from 
the mean of x, and y the deviations of the y values from the mean 
of y, cr, and cr^ are the standard deviations of the two characters, 
and N represents the number in the population or the number of 
pairs of characters. 

From this formula it is evident that the value of r depends on 
the variability of the characters concerned and on the number of 
pairs of characters that are being studied. The variability of the 
characters is determined by the standard deviations. In addition 
to measuring the variability by means of the standard deviations, 
for the calculation of r it is necessary also to determine the general 
scatter of the individuals from their respective means. As pre¬ 
viously pointed out, it is usually easier to calculate the deviations 
from an assumed mean rather than from the true mean, and the 
above formula may therefore be modified to 


^DJDy 
N - 

OxOy 


In this formula XD^Dy, which may be more conveniently called 
SP, represents the product of all deviations of x from the assumed 
mean of x and all deviations of y from the assumed mean of j/, 
c, and Cy are the corrections for the mean of x and the mean of y, 
and cr^ and a-y are the standard deviations of x and y obtained by 
working from the assumed mean. 

When the number in the population is not too large it may be 
convenient to determine the relation from the ungrouped material, 
that is, to obtain the correlation coefficient directly from the items 
themselves without arranging them in any particular grouping. 
The method of determining the correlation coefficient from ungroup- 
ed data is illustrated in Table 35, using the formula for calculating 
the correlation coefScient from an assumed mean. The data for 
X are the average yield of the first five plots and the data for y the 
average yield of the last five plots of each variety in a test of oats. 



Method of CALcxrLATiNa the Coebelation Coefficient from Ungrohped Material. Data ae 
Average Yield of the First Five Plots, x, and the Average Yield of the Last Five Plots 
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The first step is to assume a mean yield, G, for x and for y, and 
determine the deviations of the individual items from the assumed 
mean. These deviations, with their proper signs, are recorded in 
the columns and D^. The algebraic sum of each column is 
obtained and divided by the number of individuals, giving c, or the 
correction for the mean of x and the mean of y, respectively. The 
values in columns and are squared and summed and the 
standard deviation obtained in the usual manner. In addition to 
the correction values and the standard deviations it is necessary 
to have the product of the deviation of each item from its respective 
mean. That is, for the first pair, x deviates from the assumed mean 
of X by 32 units, and y deviates from the assumed mean of y by 15 
units. The product of these deviations is obtained, giving the 
value 480, and recorded in the column headed DJDy, which is 
more conveniently referred to as SP. Such product values are 
obtained for each pair in turn, being very careful to observe the 
proper signs. When all the products have been determined their 
algebraic sum is obtained. This gives the total product deviation 
of all the pairs of individuals from their respective means. It is 
necessary to have the average product deviation, and this is obtained 
by dividing XDJDy by the number of pairs (in this case 20). 
Since these products were obtained from an assumed mean it is 
necessary to correct for this fact, and since we are dealing with prod¬ 
ucts the product of the corrections is therefore obtained and sub¬ 
tracted from the mean product deviation. This gives the correct 
mean product deviation, 620.225000, as measured from the true 
mean. The ratio of this value to the product of the standard 
deviations gives the value of the correlation coefficient, .852. This 
means that as the yield of x increases there is also an increase in 
the yield of y. 

Frequently it is necessary to obtain the correlation for a large 
number of individuals, and in such cases, unless the latest types 
of calculating machines are available, it is usually more convenient 
to make what is called a double-entry, or correlation, table. Even 
when calculating machines are available it is helpful to make a 
correlation table, as such a table gives a graphic illustration of the 
general relationship of the characters concerned. The method of 
making a correlation table is illustrated in Figure 15 with the 
data from Table 35. 
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X 

380.0 390.0 400.0 410.0 420.0 430.0 440.0 450.0 460.0 470.0 
389.9 399.9 409.9 419.9 429.9 439.9 449.9 469.9 469.9 479.9 

2 
0 
2 
2 
7 
4 
2 

1311221 431 19 

Fia. 16. Method of making a correlation table. The data are 
from Table 35. 

Note: One individual having an x value of 621 and a y value of 405 is omitted 
to save space in the table. 

The first step in making a correlation table is to decide on the 
number of classes and class interval to be used for each character, 
as explained in Chapter II on Frequency Distributions. For the 
data in Table 35 the class interval has been chosen as 10. The 
classes for each character would be set up on cross-section paper and 
designated by the name of the characters studied, or by the letters 
X and y. The letter x is usually taken to represent the columns 
and the letter y to represent the rows in the table. This gives what 
is called a double-entry table. 

In arranging the classes for a correlation table it is usually better 
to begin at the same corner of the table with the lowest class for 
each character, having the classes increase in orderly steps. Tables 
may be arranged in other ways, but this plan makes it easier to 
determine at a glance the trend or relationship. For the data in 
Table 35 each pair of characters would be taken in turn and a mark 
made in the proper compartment for their numerical values, as 
shown in Figure 16. For example, the first pair of characters in 
Table 35 has a value of 467 for x and of 436 for y. The value of x, 
467, belongs in column 460.0-469.9 and the value of y, 435, belongs 
in row 430.0-439.9, and a mark is made in the proper compartment 
or cell. The second pair is located in column 400.0-409.9 and row 


380.0-389.9 

/ 

/ 






1 


390.0-399.9 





r 





400.0-409.9 


/ 



/ 



i 


y 410.0-419.9 




/ 


/ 





420.0-429.9 


/ 

/ 


/ 

/ 


// 

/ 


430.0-439.9 







/ 

/ 

// 


440.0-449.9 








/ 


/ 
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420.0-429.9, and the remaining individuals are similarly located in 
their proper compartments. The illustration used here gives the 
location of only a few individuals, but usually we are concerned 
with a large population and the process would be continued until 
all the individuals have been recorded in their proper compart¬ 
ments in the table. When all the individuals have been properly 
located a double-entry, or correlation, table results. For con¬ 
venience each row or column of such a table may be designated as 
an array. 

This method of recording the data in a correlation table does not 
permit of any convenient means of checking. In order to check the 
arrangement a second table must be made, and if the two tables do 
not agree it is necessary to make a third table, or at least a distri¬ 
bution for those classes where the discrepancies occur. For this 
reason it is much better to make use of the card system, explained 
in Chapter II on Frequency Distributions. As stated in that chapter, 
all of the data for an individual will be recorded on one card, and 
there will be as many cards as there are individuals in the popula¬ 
tion studied. A table will be set up with the proper classes and 
the cards will be sorted first for only one of the two characters to 
be correlated. When this sorting has been completed each pile 
of cards will be carefully checked to see that none have been placed 
in the wrong class. 

Suppose that this grouping has been done for the y character, 
then the groups for this character will be kept separate by means of 
rubber bands or some other convenient arrangement. Each group 
of cards already sorted for the y character will now be sorted for 
the X character, and after checking to see that each card is in its 
proper class the cards in each pile will be counted and the number 
recorded in the proper compartment of the correlation table. Thus, 
a frequency distribution is first made for the y character, and then 
with each lot of cards grouped according to the y character a second 
frequency distribution is made with each separate group of cards 
for the z character. 

It may be felt that it will take considerable time to copy the 
data on cards, but, as pointed out earlier, such a system will make 
a duplicate record of the data and such a duplicate record of 



SIMPLE CORRELATION 


101 


important data is always desirable. It might also be pointed out 
that considerable time will be saved when making correlation 
tables by using the card system rather than the method of recording 
pair by pair, as first discussed. The checking is simplified as each 
pile of cards is checked before it is counted. Another method of 
checking which is also quickly done is to resort the cards for the x 
character and then group them for the y character. Often it 
happens that one character is to be correlated with several others. 
In such cases it is better to make the first grouping according to the 
one character that is to be used several times and keep this grouping 
for all the tables that are to be made. 

When the correlation table has been completed the correlation 
coefficient may be determined as illustrated in Table 36, page 102, 
The data used are the average weight of kernels per plant in 
milligrams, Xy and the average height of plant in centimeters, y, 
fo: oats. The first step is to determine the sum of the frequencies 
for the X and y characters. The correction for the mean and the 
standard deviation for each character is obtained by the method 
already illustrated for determining the correction and standard 
deviation from grouped material when working from an assumed 
mean by the unity-step method. The advantage of working from 
an assumed mean by the unity-step method has already been 
emphasized, but it is of very great importance in determining the 
correlation coefficient since by the unity-step method the calcula¬ 
tions are much simpler. Also, as will be shown later, for determin¬ 
ing the correlation coefficient it is not necessary to multiply c or the 
standard deviation by the class interval. 

Having determined the corrections and the standard deviations 
it remains only to obtain the values for the product column. As 
stated in connection with the method for determining r from un¬ 
grouped data, it is necessary to determine the deviation of each 
individual from its respective mean, or and obtain the 
product of these deviations. Since there may be a number of 
individuals in any one class these product values may be obtained 
by groups or classes rather than by taking each individual separate¬ 
ly. As it is necessary to determine the deviations of the x charac¬ 
ters from the mean of x and of the y characters from the mean of yj 



Method of Calculating the Cokrelation Coefficient from Grouped Material. Data are the 
Average Weight of Kernels Per Plant in Milligrams, x, and the Average 
_Heigh t of Pl ant in Centimeters, y, for Oats_ 
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(.640)*= Vl .400000 - .291600=1.081 
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it is more convenient to obtain the values in the product column 
{XP) in two steps. The values in the column are first deter¬ 
mined. These values represent the sum of the deviations in each 
y array measured from the assumed mean of x. For example, for 
y class 65.0-69.9 there are 2 individuals in x class 15. It is noted 
that these 2 individuals, as well as all individuals in class 16, deviate 
by +1 from the assumed mean of x. We multiply these 2 indi¬ 
viduals by +1, giving the product +2 for column For the next 
y class, 60.0-64.9, there are 2 individuals in class 13 and these 
deviate by — 1 from the assumed mean, so the product is 2x-l, 
or -2. In class 14 there are 5 individuals, but since this is the 
class of the assumed mean the deviation of this class from the 
assumed mean is 0, and the product is 5x0, or 0. In class 15 
there are 3 individuals that deviate by +1 from the assumed mean, 
and the product is 3 x +1, or +3. In class 16 there is 1 individual 
which deviates by +2 from the assumed mean, and the product is 
1 X -f2, or +2. The sum of these products, -2, 0, + 3,+2, equals 
+ 3. Care should be taken to observe the signs in obtaining the 
sum. Proceeding in the same manner for the other arrays the 
results given in column are obtained. The complete steps in 
determining these values are given here. 


y 

Class 

Values m y Classes Multiplied by Their 
Respective Deviations prom the Mean of x 

Sum or 

55.0-59.9 

2X+1 1 

-f2 

60.0-64.9 

2X-1, 6X0, 3X+1, lX+2 

-f3 

65.0-69.9 

IX-2, 12X-1, 22X0, 8X-f-l, 2X-f2 

—2 

70.0-74.9 

3X-2, 27X-1, 52 X 0, 43X+1, lOX+2, 2X + 3, I 
2X+4, IX+o 1 

+49 

75.0-79.9 

llX-1, 60 X0, 42X+1, 16X+2, 3"x+3, lX-f6 : 

+75 

80.0-8479 

”lX-2, 2X -1, 25 X0, 28X+lVl4X+2, 2X+3, i 
lX+4 

+62 

85.0^89.9 

4X0, 2X+1, lX+3i i 

T 5 



-hl96 

-2 

"+194’ 


When all the products have been obtained for column they 
are summed, having regard to the signs, and since the deviations 
have been obtained from the assumed mean of x and include all 







104 STATISTICAL MBTHODS APFUBD TO AQBIOT7LTUKAL BBSBABCH 


of the individuals in the table, the sum of these products should 
be the same as the sum of /D*, which deviations have also been 
obtained from the same assumed mean of x, with all the individuals 
in the table represented. If the sum of 2)^^ equals the sum of 
fD^ it shows that the process of obtaining the products of the 
various arrays from the x mean has been correctly carried out. 

Now, to obtain the total product or XP, it is necessary 

only to multiply the values in column by the corresponding 
values in column Dy. Thus, for the first result +2 and 2)^== 
-3, and the product is -6. Multiplying the remaining values 
in 2)^3 by their corresponding values in Dy gives the values in the 
column XP. These values are summed, having regard to signs, 
and this sum is the total product deviation of all the individuals 
from the assumed means. This sum, divided by the number of 
individuals or pairs, gives the mean product deviation. Since this 
has been obtained from an assumed mean it is necessary to correct 
for this fact, and since we are dealing with products the product of 
the corrections is obtained and subtracted from the mean product. 
The remainder is divided by the product of the standard deviations, 
giving the value for r. Substituting the different values in the 
formula the correlation coefficient for these two characters is 

—Wy) 

Ox^V 

204 

400-(.485 X.640) 

1 . 0 ^ 1 . 081 ^ 

It is important to note that when using the corrections and the 
standard deviations in obtaining the correlation coefBcient we 
are dealing with values obtained by the unity-step method and 
yet do not multiply them by the class interval. This is correct 
since the values in the product column, XP, have also been obtained 
by the unity-step method and therefore all values must be treated 
alike. Great care should be exercised to see that this is done in all 
cases, since if one value is multiplied by the class interval it is 
necessary that all values be multiplied by the class interval, and 
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errors may arise if this fact is not kept in mind. For this reason 
it is better to determine the value of the correlation coefficient be¬ 
fore considering the class interval. If the means and standard 
deviations are desired the corrections and standard deviations may 
then be multiplied by the proper class interval. 

The correlation coefficient (.217) as just determined gives the 
measure of relationship between the two characters in question, 
that is, as the average height of jjlant increases there is some in¬ 
crease in the average weight of kernels per plant. The closeness of 
this relationship may be understood better when it is known what 
the highest value of a correlation coefficient may be. In other 
words, if there should be perfect correlation what will be the numeri¬ 
cal value of r. This may be shown by the following illustration. 

Let us now assume the simplest case of relationship. Suppose 
we have some simple characters which may be expressed in units 
and the unit of the first character, which we shall call Xy is assumed 
to be represented by the value 1, and similarily the measurement 
of the second character, t/, that is related to the first is represented 
by the value 1. Then assuming we have a second individual in 
which the first character has increased by 1 unit and likewise the 
second character of the same individual has increased by 1 unit, 
we follow this same scheme for the 3rd, 4th, and succeeding indi¬ 
viduals up to 10. Then we would have the following values for x and yi 


s 

y 

1 

1 

2 

2 

3 

3 

4 

4 

6 

6 

6 

6 

7 

7 

8 

8 

9 : 

9 

10 

1 

10 


In order to show the relationship the ten individuals are placed 
in a correlation table. 









Table 37 

Illttstbatiko a Case ot Pebfeot Positive Cobbelatiom 
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The first individual which has the x character represented by 1 
also has the y character represented by 1, and it belongs in the 
first compartment in the upper left-hand comer of the table. The 
second individual in which the x character is represented by 2 
units also has the y character represented by 2 units, and it belongs 
in the compartment one unit below and one unit to the right of the 
first compartment, and so on for all of the ten individuals. 

Using the formula for the correlation coefficient by working 
from an assumed mean we may now proceed to determine r. As¬ 
suming the mean for each character to be at 5, we obtain the various 
columns in the usual way. The corrections for x and y are the 
same, .6, and the standard deviation for each character is likewise 
the same, V8.25. Substituting these values in the formula 

2P 

f sa- 

0,<ry 



Since we have assumed a case of perfect relationship where the 
same increase in the x character is found in the y character, this 
shows that the numerical value of r can never be more than 1.00. 
Por positive correlation the value of r may vary from 0 to 1.00. 

Now, if another case is assumed in which when the y character 
is represented by 1 unit the x character is represented by 10 units, 
and when the y character is represented by 2 units the x character 
is represented by 9 units, and so on until the y character is repre¬ 
sented by 10 units and the x character by 1 unit, the columns for 
X and y will be as given on page 109. 



Table 38 

iLLUSTBATINa A CASE OF PBEFECT NEGATIVE COBBBLATIOK 
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X 

y 

10 

1 

9 

2 

8 

3 

7 

4 

6 

5 

5 

6 

4 

7 

3 

8 

2 

9 

1 

10 


Placing these values in the proper compartments the results are 
as given in Table 38, page 108. 

Using the same formula for r as before and substituting the 
values from Table 38 in this formula we have 

2P 

rsa- 


10 -( _ -8.50 -(-.25)_ 

V8.25xV8,25 

The correlation coefficien*t is -1.00, due to the fact that SP is 
minus. This shows that it may be possible to have a negative 
value for r, but that it will never be more numerically than -1.00. 
Thus it is clear that the limits of r are from +1.00 to -1.00 in value, 
or the variation in r may be from 0 to +1.00 or -1.00. A positive 
value for r indicates that as the value of one character increases 
there is also an increase in the value of the second character. When 
a negative value for r is obtained it means that as the value for 
one character increases the value of the second character decreases. 

Another illustration of a correlation table and the steps for 
calculating the correlation coefficient are shown in Table 39, page 
110, showing the correlation between the weight of grain after 
threshing, x, and the total weight of heads, y, of kaoliang plants. 




Table 39 

COBRSLATTON BeTWEEK WeIQHT OF GraTN AfTBR ThRESHINO, X, AND ToTAL WEIGHT OF HEADS, 

yy OF Kaoliang Plants 
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The various steps in the calculation are followed through as in the 
previous illustrations. Substituting the difEerent values in the 
formula, r=:.938. This is a much higher value for r than was 
obtained for the data in Table 36. Since r can never be higher than 
1.00, this correlation coefficient of .938 shows a very high relation¬ 
ship or close association for the two characters concerned. More 
will be said in later chapters regarding the evaluation or interpre¬ 
tation of correlation coefficients. 

It is important to note in Table 39 that the correction for y is 
positive while the correction for x is negative. Therefore, in 
obtaining the product of the corrections it is necessary to multiply a 
positive by a negative value and the product will be negative. 
When this negative quantity is subtracted from the mean product 
deviations it is actually added. It is important to stress here that 
at this particular point in the calculations there is danger of errors 
occurring unless the products of the corrections are handled very 
carefully according to their signs. It is possible to have the 
following signs for the corrections and for their products: 

+ x + = + 

- x~ = + 

- x + = - 

+ x- = - 


In the first two cases, where the product is positive and there is a 
positive value for the mean product deviation, the product of the 
corrections is subtracted from the mean product deviation. In the 
other cases, where the product is negative, if the mean product 
deviation is positive then the negative quantity is subtracted, 
which in reality means that it is added. When the mean product 
deviation is negative then the opposite is true. Thus, in subtracting 
a positive correction product from a mean product deviation that 
is negative we actually add, and with a negative correction we 
subtract. 

Another example of correlation is shown in Table 40, page 112. 
The data are the number of kernels per plant, x, and the average 
weight of kernels per plant in milligrams, y, for oats. 



Tablb 40 

TiON Between Number of Kernels Per Plant, x, and the Average Weight of 
Kernels Per Plant in Milligrams, y, for Oats 
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The various steps for calculating the correlation coefficient are 
also shown in this table. It is to be noted that the summation for 
the column Dg.J)y is negative, and that the product of the cor¬ 
rections is negative. In this case it is necessary to subtract a 
negative quantity from a negative quantity, which means that the 
difference is taken since in subtracting a negative quantity it be¬ 
comes plus. Since there is a negative quantity for the XP column 
and therefore a negative quantity to be divided by the product of 
the standard deviations, the sign of the correlation is negative. 
This means for this particular case that as the number of kernels 
per plant increases there is a tendency for the average weight of 
kernels to decrease. 

It has already been stated that when using the unity-step method 
in determining the correlation coefficient it is not necessary to 
correct for the class interval. To prove this statement Table 41 
is given with the classes for x and y omitted. The calculations 
are carried out in the usual manner and by substituting the values 
obtained in the formula for r the correlation coefficient is found 
to be ,665. 

In a correlation table the class limits or the arrangement of the 
classes is necessary only for determining the location of the indi¬ 
viduals in the table. After the table has been completed it is not 
necessary to refer again to the arrangement of classes with regard 
to the size or class interval, and Table 41 given on page 114 is 
merely to emphasize this point. 

Another example of the use of correlation is given in Table 42, 
page 115, showing the correlation between the total yield of cotton, 
X, and the weight of cotton at the first picking, y, for the same 
plot. The value of r is .644, which indicates a fairly close relation 
between the first picking and total yield per plot. 

In calculating the correlation coefficient it is evident that r is 
really a ratio value. This may be made clearer by referring to 
Figure 16, page 116, in which the results &om Table 37 are used. 



rATioH Coefficient Detekhined Without Reference to Interval. Data are i 
Nuhbbr of Spikblets Per Culm, ar, and Total Yield of Plant in Grams, y , for Oats 


114 


BE3BAB0B 



^-(.680X.957) 1 335000 1.279940 

1.454X1.323 “ 1.923642 1.923642 
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Values obtained on the unity-step basis 
1.000 cy= -.691 
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A line RR has been drawn through the means of the rows, cutting 
through the point of intersection of lines XX' and YY\ which rep¬ 
resent the means of x and y, respectively. If a point A is located 
on line YY* and a perpendicular erected to intersect line RR' at J?, 
we have the triangle OAB, in which OA —AB, Since OA and AB 
are distances measured below the mean of x and the mean of y, 
the sign of each is minus. If a point A' is located on line YY' 
and a perpendicular let fall to intersect line RR' at B\ the signs 
of OA' and A'B' are plus. Since the line RR' is drawn through 
the means of the rows, then the ratio of OA to AB may be taken 
to represent the relationship between the two characters, x and 
y. In this instance since OA^AB the ratio OAjAB is 1.00, 
which is true for perfect positive correlation. Now OA may 
represent any value of x and AB may represent any value of y. 
Therefore we may substitute x and y for these values and denote 
a general relationship of a; to y. It is also possible to have the 
ratio of y to x. If the values in Table 38 were used and the same 
reasoning foUowed it is evident that the same numerical value for 
the ratio would be found, but the sign would be negative. 

This ratio value shows the relation between the two characters, 
and this is true for any correlation table. It should be kept in 
mind, however, that the ratio values are determined on the basis 
of the scale of measurement used, and in order to obtain a value 
independent of the scale of measurement it is desirable to express 
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this ratio in terms of some measure common to both z and y. This 
will be made clear by reference to Figure 17, where the means of 
the rows for the data in '^able 39 are represented by dots. 



grain after threshing and the total weight 
of heads of kaoliang plants. 

A line iZiJ' has been drawn by inspection to fit these means. 
Details for fitting the line by more accurate methods will be given 
later. A point A has been located on the line FF' at a; value 10. 
From this point a perpendicular has been drawn to intersect iiiJ' 
at JS. Since point A is located at x 10, the distance of this point 
from the mean of x (18.144) is 8.144. By measuring the length 
of line AB using the same scale of measurement it is found to equal 
10.880 units. Dividing OA by AB we have 

8.144/10.880=.749 

This is the ratio denoting the relationship between x and y, and 
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we may substitute x and y for OA and AB to give a general expres** 
sion of relationship. It must be clear that for any x and y values 
the ratio will be the same, .749. 

If the variation as expressed by the standard deviation were 
the same for x and y, this ratio would express very closely the value 
of the correlation coefficient. Since the variation is not the same 
as measured by the standard deviation it is better to consider the 
standard deviation before obtaining a ratio which will approximate 
r. This is done by dividing OA by the standard deviation of x and 
dividing AB by the standard deviation of y. Thus we have 

OA/^ 

AB/ay 


Substituting the values for the data in Table 39 

8.144/9.812 _ .875 _ po* 

10.880/11.472 .948* 

This value approaches very closely the value for the correlation 
coefficient, .938. It is evident that the correlation coefficient may 
be represented by a ratio in the manner just described. 

Regression Lines, The determination of the correlation co¬ 
efficient is of value in judging the relationship of data that have 
already been studied. Another important use of correlation is to 
predict on the basis of past experience or results already obtained 
what may be expected to occur with other similar material. For 
example, if it is found that rainfall at a certain period of the year 
is related to the yield of wheat for any given locality, then it is 
important to be able to predict on the basis of the amount of rainfall 
what the yield for a particular season may be. In other words, for 
^ particular amount of rainfall what may be the expected yield? 
Again, if the weight and height of men are correlated to a certain 
degree, what will be the expected weight of a group of men of a 
given height? The analysis of correlation is useful in answering 
these and similar questions by means of prediction lines or re¬ 
gression lines. In Figure 17 the line was drawn by inspection, as 
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stated, but for purposes of prediction the lines should be fitted by 
more exact methods. The methods for fitting these prediction or 
regression lines will now be discussed. 

Let us assume the simplest case for the line denoting the re¬ 
gression, in which the means of the rows fall exactly on the straight 
^e, as for example BR in Figure 18. (Adapted from Yule.) 



Let the slope of this line SB to the vertical line MM^, that is the 
tangent of angle BMA, or the ratio AB to BM, be represented by 
6i, and let the deviations of the x values be measured from the mean 
of X (M,) and the deviations of y be measured from the mean of y 
(My). Now, for any one row of y values in which we have n obser¬ 
vations, we have 

2(a!)=r»l)iy 

Then, since this gives the values for any one row we would have 
for the whole table 


Z(a;)stl2(ny) 
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Since y represents deviations from the mean of y and since for 
the whole table there will be as many negative deviations as positive 
deviations, therefore 


and 


2(ny)=0 

2(»)=:6i2(ny)=.0 


Since x represents the deviations from the mean of x and since 
Xx equals 0, then the line BM must pass through the mean of x 
and therefore is the mean of x. 

In a similar manner it will later be shown that another line that 
passes through the means of the columns will also pass through 
this same point M. From this it follows that the regression lines 
will intersect at Jkf, which is the mean of the whole distribution, or, 
in other words, the regression lines will intersect at the same point 
that the line representing the mean of x and the line representing 
the mean of y cross each other. 

We may now proceed to determine the value of bi by working 
from the mean product deviation, as already found from the product 
columns of our correlation tables. This mean product deviation 
equals XxyjN and may be represented by p. 

Hence 


p^Hxy/N 

Now, for the product deviations of any one row of the y distri¬ 
bution, using the equation representing the deviations of any one 
row 

2(a;)=n 6xy 

multiplying by y, then 

S(a!y)=n 

This represents the product values for any one row. For the 
whole table the product values are represented by 


Since 


2(ni/2)=:JVoay 
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we have 

Since 


6l <r*j, 


p^Hxy/N 


we have by substitution and transposition 

hi (T\^"Lxy/N^p 

and 

hi^p/a\ 

From the formula for the correlation coefficient 

N p 

rsz -- or r=s—— 

<r^O'y 

we have 

p^r(T^<Tjf 

Substituting this in the formula 

hl-p/ 


we have 


&i= 






Therefore by cancellation 


h 


<ry 


Now, since is the ratio of AB to BM^ and since AB is measured 
on the X scale and BM on the y scale, it is clear that the ratio of 
any distance measured vertically from the line MM^ to the line 
RR to any distance marked off on BM will give the same ratio as 
AB to BM. Therefore, since AB may represent any deviation of x 
and BM any deviation of y, then may be equal to xjy. Sub¬ 
stituting this value xjy in the formula above we have 


X 

7 


Therefore 


ay 
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Now X represents deviations from the mean of x, and y deviations 
from the mean of y. For the location, or plotting, of our line we 
need to express them in the original units or values. That is, 
we need to consider the original scales of measurement. To do 
this we make x=(X—MJ) and y — {Y—My), and the formula be¬ 
comes by substitution 


ay 


In this formula M, and represent the means of x and y, 
respectively, cr, and are the standard deviations of x and y, 
respectively, and r is the correlation coefficient. This gives the 
regression equation for x on y. 

It is possible to follow through the same argument for the means 
of columns, and the regression equation in this instance becomes 


Hence 


r-My=r-£?L(X-Af,) 

Ox 


These equations may now be applied to the values obtained in 
Table 36. From the correction values, M, and My may be obtained 
in the usual manner, giving 14.485 and = 75.200. The 
standard deviations are multiplied by the class interval, giving 
the true standard deviation, or 


<r,= 1.056Xl=1.036 
<ri,=1.081X6=6.405 


It should be noted that for the determination of regression the 
standard deviation must always be multiplied by the proper class 
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interval. Substituting the values for the means, standard deviations, 
and r in the formula for the regression of x on y, we have 


X-14.485«.217^-^ (F-75.200) 

Z-14.485=.217X.195 (F-76.200) 
X-14.48o=.042 (F-76.200) 
X-14.486 =« .042 r - 3.168 
X=.042F+11.327 


In order to fit these lines to the correlation table it is necessary to 
select certain values of y and determine the calculated values of 
X from the equation 


For r=60 


For r=85 


For F=75.200 


X=.042F+11.327 
X= .042(60)+11.327 
X=2.520+11.327 
X= 13.847 

X=.042(85)+11.327 
X=3.570+11.327 
X=14.897 

X= .042(75.200)+11.827 
X=:3.168+11.327 
X= 14.485 


Connecting these points with a straight line and extending the 
line to the limits of the correlation table we have a graph of the 
regression line. (See Figure 19, on page 124.) 

For the regression of y on a; for the data in Table 36 we have 
the equation 

F-76.200=t .217f4it(X-14.485) 
l.OoO 

F-76.200= .217 X5.118 (X-14.486) 

F-75.200=l.lll (X-14.485) 

F-76.200=1.lllX -16.093 
F=1.111X+69.107 
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13 13 X 14 Af, 18 16 17 18 19 



Fio. 19* Kegression lines fitted to the data in 
Table 36. The line XX' shows the regression of 
X on y and the line YY' shows the regression of 
y on X 

It should be noted that the value of Y cannot be calculated trom 
the equation for x on y. Selecting certain values of x and deter¬ 
mining the calculated values of y from the equation 

r=l.lllX+69.107 

ForX=18 r=l.lll(13)+69.107 

r=il4.443+69.107 
r= 73.650 

ForX=18 F=l.Hl(18)-f-69.107 

r= 19.998+69.107 
r= 79.105 

For X=14.486 r=l.lll (14.486)+69.107 

r=16.098+50.107 
F-76.200 

It is noted that when Y is taken as 75.200 (the mean of y) X 
is found to be 14.486 (the mean of x), and likewise when the mean 
of X, 14.485, is taken for Z, 7 is found to be 75.200. This shows 
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that the regression lines pass through the point of intersection of 
the line for the mean of x and the line for the mean of y. 

Connecting the three points for the Y values by means of a 
straight line we have the regression line of y on rr, as illustrated 
in Figure 19. Such lines are prediction lines. This may be illus¬ 
trated by using the regression of x on y and predicting the expected 
value of X for y class 80.0-84.9. Substituting the mid-point value 
of this class in the equation we have 

For y=82.5 X= .042(82.5)4-11.327 
X=3.4664-11.327 
X= 14.792 

This value, 14.792, is the predicted value of x. The actual value, 
or mean of x, for this particular class, 80.0-84.9, is 14.849, which 
agrees very closely with the predicted value. 

The predicted values obtained by these lines will vary somewhat 
from the actual values, and this is true especially with the extreme 
classes in a correlation table where probably only a few individuals 
are recorded. When a small population is used for determining 
correlation there may be considerable difference between the pre¬ 
dicted and the actual values, and in all cases it must be expected 
that there will be some variation between the predicted and the 
actual values. The extent or the amount of the variation expected 
may be determined by the equation 

iS^=<ra.>/l-r2 

In this equation is the standard deviation of predicted values, 
and is termed the standard deviation of an x array. 

For the variation in the predicted values of x on y for the data 
in Table 36, by substituting in the formula we have 


1.056Vl - (.217)2=81.031 

This is the standard deviation of predicted values of x, and means 
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that the predicted values are subject to this, much variation. More 
will be said regarding this point later. 

For the variation in predicted values of y on a; we have the 
equation 




In this equation is the standard deviation of predicted values, 
and is termed the standard deviation of a j/ array. 

From the data in Table 36, using the regression of y on z, it is 
found that when x equals 13 the predicted value of y is 73.550, 
while the actual t/ mean for this particular group is 72.407. For the 
variation in the predicted values we have 

iSj,a6.406Vl -(.217)»=6.276 

The predicted value of y, 73.550, comes well within the limits of 
the variation as expressed by the standard deviation of the pre¬ 
dicted value, 5.275. 

Using the data in Table 39 and substituting the values of the 
means, standard deviations, and correlation coefficient in the 
formula for the regression of x on y, we have 

Z-18.144= .988,1^®!® (r-23.128) 

11.472 

Z-18.144=.938X.812 (r-23.128) 

Z-18.144= .762 (r-23.128) 

Z-18.144=.762r-17.624 
Z = .762r-J-.620 

For selected values of y we have the following calculated values 
of X 

For r=11.00 Z=.762{ll)-f .620 

Z=8.382+.620 
Z« 8.902 

For r ■76.00 Z= . 762 ( 75 )+.620 

Z=67.160-f-..j20 
Z-67.670 
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For r-28.128 X=.76S (23,128)+.61,0 

Z-17.624+.620 
18.144 


For the regression of j/ on a; for the data in Table 39 we have the 
equation 

11 472 

F-23.128= .938^^2^^-18.144) 

y-23.128= .938X1.232 (A'-18.144) 
y-23.128= 1.166 (A-18.144) 
y-23.128=1.156 A' -20.974 
y=1.156X+2.164 

For selected values of x the calculated values of y are 


For X=10.00 


For A=68.00 


For A=18.144 


y= 1.156 (10)+2.154 
y= 11.660+2.164 
y=13.714 

y= 1.156 (58)+2.164 
y= 67.048+ 2.154 
r=69.202 

y= 1.156 (18.144)+2.164 
y=20.974+ 2.164 
y=23.128 


Here also it is noted that when the mean of x (18.144) is selected 
the regression line passes through 23.128, the mean of y. When the 
mean of y (23.128) is selected the calculated value of x is 18.144, 
the mean of x, showing that the regression lines intersect at the 
same point where the lines representing the means of x and y inter¬ 
sect. The lines obtained are plotted by connecting the points by 
means of a straight line, as illustrated in Figure 20, page 128. 

As another illustration of the use of regression lines the data 
from Table 42 are used. Obtaining the means and the proper 
values for the standard deviations and substituting these values 
in the equation for the regression of x on y we have 

140 660 

Z-475.000= .644ig^5(y-145.225) 

Z-476.000= .644 X 2.017 (y-145.226) 

Z-475.000=1.299 (F-145.225) 

Z-475.000=1.299 F-188.647 
Z=1.299 y+286.S53 
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Fig. 20. Begression lines for the data in 
Table 39. The lino XX' shows the regression 
of X on y and the line YY' shows the regres¬ 
sion of y on X. 


For selected values of y the calculated values of x are 

For F=26.0 X=1.299 (25)+286.363 

X=32.476+286.363 
X=318.828 

For F=300.0 X=1.299 (300)+286.363 

X=389.700+286.303 
X=676.053 

For the regression of y on x from the data in Table 42 the equa¬ 
tion is 

r-146.225=.644j^^ (X-475.000) 

F-146.225=.644X.496 (X-476.000) 

F-145.225=.S19 (X-476.000) 

F-146.226= .319X-161.626 
F=.319X-6.800 
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For selected values of x the calculated values of y are 

For X* 160.0 Fa .819 (160.0) - 6.300 
F=47.850-6.300 
F=41.650 

For Xa760.0 F= .319 (750.0)-6.300 
F= 239.250 - 6.800 
F=232.950 

As a special case to show the relation between the predicted 
and the actual values we may take class 100.0-124.9, and by sub¬ 
stituting the mid-point value of this class we find the predicted 
value of X to be 432.490. The actual mean of x for this class is 
431.000. The expected deviation for the predicted value as ob¬ 
tained from the formula 


5^=(r^Vl-f<5=107.521 

In this case the predicted and actual values agree very closely. 

The meaning of the standard deviation of predicted values may 
be shown by the scatter diagram, Figure 21, page 130. In this 
figure each dot represents an individual. For example, in y 
class 45.0-49.9 there are 2 individuals falling in x class 30.0-39.9. 
The means, standard deviations, and r have been determined for 
these data and the regression line BR' for y on x has been obtained. 
The standard deviation for the predicted values obtained by the 
formula 


iS'y=(ryN/l-r2=4.733 


On each side of the regression line RR^ the linos 8S* are located 
at a distance of 4.733 from RR\ Other lines may be located at 
three times the distance (35^), or 3x4.733, on each side of the 
line RR/ and it is seen that practically all of the individuals in 
the table are included. This would be expected from what was 
stated earlier with reference to the standard deviation, that six 
times the standard deviation, or three times the standard deviation 
measured on either side of the mean value (in this case line RR'), 
includes about 99 per cent of the observations. 
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Fio. 21. Scatter diagram showing the relation 
between two characters of oats. The data are the 
average number of kernels per culm, and the 
average height of plant in centimeters, y. Each 
dot represents an individual and the line EU' 
represents the regression of y on x. On each side of 
this regression line, lines are drawn at a distance of 
one times the standard deviation for the predicted 
values and of throe times the standard deviation 
for the predicted values. 


The foregoing illustrates the use of regression lines in predicting 
expected values. Thus it is possible to predict future events on 
the basis of past experience, provided sufficient data representing 
normal conditions have been obtained to justify predictions being 
made. For example, if over a long period of years the relation 
of rainfall to the yield of wheat has been determined, then it is 
possible from the rainfall records of a certain year to predict the 
wheat yield, keeping in mind of course the standard deviation of 
the prediction. 
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Since the correlation coefficient is obtained as a ratio it is there¬ 
fore independent of the units of measurement, and for this reason 
it is possible to compare correlation coefficients obtained from 
different kinds of data. For example, the correlation between 
weight and height of men may be compared directly with the 
correlation between the length of right arm and the length of the 
index finger, although different units of measurement have been 
used. Further reference will be made in later chapters to the 
interpretation of correlation coefficients. 



CHAPTER VII 

SIMPLE CORRELATION —Continued 

In Chapter VI the measurement of linear correlation was dis¬ 
cussed and it was shown how the correlation coefficient, r, measures 
the relationship between two characters. The use of regression 
lines for predicting expected values for one character on the basis 
of selected values of a second character was also illustrated. It 
may often happen that it is desired to determine simple relationships 
where there may not be sufficient individuals to justify the making 
of a correlation table but where graphic methods will be satisfac¬ 
tory. Such simple relationships may be shown by means of fitted 
lines. In Chapter VI a line was fitted merely by observation or 
inspection (Figure 17). A method for more exact fitting is needed 
for general use and the theory of least squares furnishes such a 
method. It is unnecessary here to give the underlying steps leading 
to the equations for these lines and it is sufficient to state that a 
line fitted to a series of points by the method of least squares should 
be such that the sum of the squares of the distances from the several 
points to the line is a minimum. 


Straight Line, The first line that will be discussed is the straight 
line. To illustrate the fitting of a straight line we may assume the 
following points: 5, 5, 4, 4, 3, 2, 1, 1. These are shown in the graph 
in Figure 22. 



Fig. 22. Showing the points to which a 
straight line is to be fitted. 
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The individual points, which we designate the observed y values, 
are located in the following manner. The first value of t/, 5, is 
located on the first ordiii'^te and is indicated by x. The next 
value of y, 6, is located on the second ordinate, and so on for all 
the points. The method followed here is to take the first ordinate 
as the starting point, letting the distance between the ordinates 
be represented by x. The origin for the calculations is at the first 
ordinate and x for this ordinate is 0. The value of x for the second 
point is 1, for the next point it is 2, and so on for the different obser¬ 
vations. We may if we like take as the starting point one ordinate 
below the first observation, in which case the value of x for the 
first point would be 1. As the distance between the ordinates is of 
equal value, x increases by unity as we proceed from the point 
of origin, or first ordinate. For fitting straight lines it is desirable 
to have the data so arranged that the ordinates are separated by 
equal intervals so that the interval may be taken as unity. When 
this cannot be done and x does not proceed by equal intervals, the 
exact interval between each of the ordinates must be used. 

The straight line which it is desired to fit to this series of obser¬ 
vations may be represented by the equation 

ysia+hx 

In this equation y will be the calculated value for any observed 
value of x; x is taken to represent the distance from the origin for 
which it is desired to calculate the y value; and a and b are the 
unknown quantities that it is necessary to obtain in order that a 
general equation for y may be given. Therefore, when a and b 
are known, the value of y may be obtained for any selected value 
of X, The slope of the line will be determined by b. If the sign 
of 6 is plus the line slopes upward, and if it is minus the line slopes 
downward. 

Substituting the several observed values in the equation 

yssa-hbx 

and starting with the first observation, we have 
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6=a-)-b (0) 

6ssa-t-b ( 1 ) 

4 = 0+6 ( 2 ) 

4 = 0+6 ( 8 ) 

3=0+6 (4) 

2=0+6 (5) 

1=0+6 (S) 

1 = 0+6 (7) 

Total 26 = 80+286 

Now if each value in these individual equations is multiplied in 
turn by the coefficient of 6, or the value of x for that equation, we 
have 

5(0)«a(0)+5(0)(0)or 0 
6(l) = a(l)4.6(l)(l)of 5 = lo-f- 16 
4 (2) = a(2)-f6(2) (2) or 8=2o-^ 4b 
4 (3) = o(3)-f-6(3) (3) or 12=3a+ 96 
3 (4) = a(4)+6(4) (4) or 12=4a+166 
2 (5)=a(5)+6(5) (5) or 10=5a-f 256 
1 (6 )=o( 6)+6(C) (6) or 6=6a+366 
1 (7)«a(7)+6(7) (7) or 7=7a4-496 
Total 60=280+1406 

From these two sums we have two equations for a and 6, which 
when solved will give the required values. It is to be noted that 
the first equation is obtained by summing the values for y, a, and 
X, The coefficient of a in each individual equation is 1 and summing 
these we have the coefficient of a for the first general equation, and 
the sum of the x values is the coefficient of 6. The coefficient of a 
equals the number of equations and therefore the first term of the 
equation may be represented by Xa, This first equation may be 
transposed and represented by the general equation 

2a+2 (x) 6=s2y 

It will be noted that for the second equation obtained by sum¬ 
mation the total of the x values equals the coefficient of a and the 
coefficient of b is the sum of the squares of x, since we multiply the 
coefficient of 6, (aj), in the first equation by x. Therefore the second 
equation may be transposed and expressed in general terms as 

2 (x) a+2 (X*) 6=2xy 

These two general equations may therefore be used for fitting 
straight lines to observed data. It is necessary only to obtain the 
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sum of the x values, the sum of the x* values, the sum of y, and the 
sum of xy. Substituting these in the general equation, we proceed 
to determine the values fcr a and 6. In actual practice it is not 
necessary to write dowm all of the equations as illustrated above 
and the work may be more easily handled by obtaining the values 
for the following columns 

y a X xy 

Using the values obtained for the observed data the columns are 
completed as illustrated in Table 43. 


Table 43 

Columns and Values for Determtnino 
Straight Line for Assumed Data 


V 

a 

X 

xs 


5 

1 


0 

0 

5 

1 

1 

1 

5 

4 

1 

2 

4 

8 

4 

1 

3 

9 

12 

3 

1 

4 

16 

13 

2 

1 

6 

25 

10 

1 

1 

6 

36 

6 

1 

1 

7 

49 

7 

25 

'^8' 

28 

“140 

60 


Substituting in the two general equations the values obtained 
by summing the columns in Table 43 we have 

Equation I 8o+ 286 = 25 
Equation II 28a-f- 1406 = 60 

It should be noted that to satisfy the conditions for all the points 
the values for a and 6 must be calculated from these two general 
equations rather than from any two of the individual equations. 
Solving for a and b by the usual method, that is by treating the 
equations so that the coefficients of a or 6 are made equal, we have 
for 6 
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Multiplying Equation I by 7 

66a+1966= 

176 

Multiplying Equation II by 2 

66a+2806= 

120 

Subtracting 

- 846 = 

65 


6= 

-.666 


To solve for a we may substitute the value for b in either of the 
equations, or solve directly from the two equations as follows: 

Equation 1X6 40a-f-1406=5 125 

Equation 11 28a+1406=s 60 

Subtracting 12a s 65 

0=5.417 

The equation to this line is therefore 

y=6.417-.656» 

The value for a determines the origin of the line and since the 
sign of b is minus the line slopes downward, decreasing by the 
amount of b for each added value of x. For the second ordinate 
where x—l, the line passes through the point where y=s5.417 — 
(.655 X1) or 4.762. Since this line is a straight line two points may 
be determined and the line drawn through them, and for the last 
ordinate y = 5.417 —(.655x7), or .832. For purposes of checking 
it is advisable to locate a third point, and if this point falls on the 



Fio. 23. Showing the fitted line for the points 
given in Fig, 22, 





SIMPLE CORRELATION— Continued 


137 


line it serves as a check on the calculations. The fitted line for this 
example is shown in Figure 23, page 136. 

For a large number of observations the values of x and may 
be conveniently obtained from Table I. For larger numbers up 
to 100 reference may be had to Table XXVIII in Pearson's Tables 
for Statisticians and Biometricians. These summation values may 
also be obtained directly from the following relations 


The sum of N consecutive numbers ssJV 


2 


The sum of the squares of N natural numbers=■ —-' 


For the problem above, where it is desired to obtain the sum of 
the X values from 1 to 7, iV' = 7. Substituting in the equation for 
the sum of N consecutive numbers we have 


For the sum of the x^ values, substituting in the equation for the 
sum of the squares for N natural numbers we have 


7X8X15 
—=140 


These lines are useful in illustrating the trend, and when a line has 
been fitted to pairs of characters it shows the relationship. This 
is illustrated in Figure 24, page 138, using the data in the graph in 
Figure 14 in Chapter VI. This graph shows the mean total yield of 
cotton according to selected values for the yield of the first picking. 

The steps in determining this line, using the columns as suggested, 
are given in Table 44, page 138, and the explanation following. 
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Fig* 24. Straight line fitted to the data illustrated 
in the graph in Fig. 14. This shows the relation 
between the yield of cotton at the first picking and 
the total yield. 


Table 44 

Method op Fitting the Straight Line 
Illustrated in Figure 24 


Mid-Point 
Value Fibst 
Picking 

Mean Value 
Total Picking 

y 

a 

X 



12.5 

275.0 

1 

0 

0 

0 

87.6 

350.0 

1 

1 

1 

356.0 

62.6 

344.7 

1 

2 

4 

689.4 

87.6 

SS5.0 

1 

3 

9 

1155.0 

112.5 

431.0 

1 

4 

16 

1724.0 

137.6 

462.7 

1 

6 

26 

2313.5 

162.0 

614.0 

1 

6 

36 

3084.0 

187.6 

637.6 

1 


49 

8762.6 

212.6 

623.4 

1 


64 

4987.2 

237.5 

696.8 

1 


81 1 

! 6362.2 

Total 

4525.1 

10 

45 

286 

1 2343378 


The two equations are 
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Equation I lOa-f- 45bm 4525,1 

Equation II 45a4-2855« 23433.8 

Solving for a and 6 

Equation IX 4.5=45a4-202.65= 20332.95 

Equation II 45a-f-285 5=23433.8 

Subtracting — 82.55=-3070.85 

5=37.222 

Substituting the value for 5 

Equation! lOa-f1674.990= 4525.1 
10a=2850.110 
o= 285.011 

The equation to the line is 

y=285.011-f37.222x 

For x=0 y=285.011+37.222 (0)=285.011 

For x=9 y=285.011+37.222 (9)=620.009 

It is possible to use straight lines for prediction, as is true of 
regression lines. The application of straight lines for prediction 
may be illustrated with the data in Table 45. These are taken 
from results obtained by the Illinois Agricultural Experiment 
Station, at Urbana, Illinois, in breeding corn for high oil content, 
and the observed values in Table 45 are three-year averages. 


Table 45 

Application of the Use of the Straight Line fob 
Prediction 


Year 

Observed 

Values 

Calculated 

Values 

Predicted 

Values 

1898 

5.17 

5.569 


1901 

6.21 

6.075 


1904 

6.92 

6.581 


1907 1 

7,33 

7.087 


1910 

7.43 

7.593 


1913 

8.05 

8.099 


1916 

8.50 

8.605 


1919 

9.23 


9.111 

1922 

9.96 


9.617 


Using the results for the first seven periods and obtaining the 
equation for the straight line, we have 

5.669+.506x 
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The values for the first seven-year periods calculated from this 
equation may be compared with the observed values and it is seen 
that there is fairly close agreement. To use the line for prediction 
we extend the line one more interval to the next three-year period 
by adding .506 to 8.605, or obtaining 

3/=5.569-h(.606 X 7)=9.111 

This gives a predicted value of 9.111 which is to be compared 
with the observed value, 9.23. Using the same argument to predict 
the average oil content for the next three-year period, the line is 
extended one more interval and the predicted value is found to be 
9.617, which is to be compared with the observed value, 9.96. 
These predicted values agree fairly well with the observed values. 

It must be understood that when using the straight line for pre¬ 
diction in this way we should be certain that the original data 
used in the calculation of the line represent fairly the facts. That 
is, if the data are affected by any unusual conditions or are not 
truly representative we would not be justified in using them to 
obtain prediction lines. 

The use of the straight line may be further illustrated with the 
data in Table 46, giving the yields of corn at the Illinois Agricul¬ 
tural Experiment Station on the same plots for two consecutive 
years. 

Table 46 

Yields of Corn From the Same Plots for Two 
Consecutive Years, Used in Fitting Straight 
Lines Illustrated in Figures 25 and 26 


Data as Obiginally 
Rscobdkd 

Data Rearranged in 
Accordance With 
Yield for 1895 

Plot 

Yield 

Yield 

Plot 

Yield 

Yield 

No. 

1895 

1896 

No. 

1895 

1806 

101 

80.0 

87.9 

103 

25.7 

89.8 

102 

29.1 

89.5 

104 

26.3 

94.8 

103 

25.7 

89.8 

102 

29.1 

89.5 

104 

26.3 

94.8 

101 

80.0 

87.9 

105 

80.3 

96.9 

105 

30.3 

96.9 

100 

31.1 

99.5 

106 

31.1 

99.5 

107 

37.1 

94.6 

109 

34.3 

103.9 

108 

34.6 

92.7 

108 

84.6 

92.7 

109 

84.3 

103.9 

no 

36.3 

102.2 

no 

36.3 

102.2 

107 

37.1 

94.6 
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There are two ways in which the straight line may be i\sed to 
illustrate the relationship between the yields of the same plots 
for the different years. One way is to fit a line to the data for 
each year with the plots in numerical order, as given in Table 46. 
Such lines have been fitted and are shown in Figure 25. For con¬ 
venience the scale used for the data for 1895 is indicated on the left 
of the chart and the scale used for 1896 is indicated on the right. 



Fto. 25. Straight lines fitted to the data in 
the second and third columns of Table 46, 
Since the linos slope in the same general 
direction there is a relation between the yields 
of the individual plots for the two years. 


The relation between the plots for the different years is indicated 
by the slope of the two lines, and since they slope in the same 
general direction it shows that there is a tendency for the plots 
to respond in the same manner in the two different years. 

Another way to apply a straight line to these data is to rearrange 
the data as given in the second part of Table 46. By this rear¬ 
rangement, since we are concerned with jdelds, the yields of the plots 
for the year 1895 are placed in ascending order. The plot numbers 
are indicated in the column preceding the yields, but in fitting the 
line X refers to the difference between the ordinates and not to the 
difference between plot numbers. By such arrangement the graph 
for the yields for 1895 in Figure 26, page 142, takes a gradual up¬ 
ward shope, since the data have been arranged in ascending order. 
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The yields for 1896 are arranged by placing opposite the yield for 
1895 the yield of the same plot in 1896. When the data have been 
rearranged in this way the relation may be shown by fitting only 
one straight line, which in this case would be fitted to the yields for 
1896, Following the usual methods the equation to this line is 

y=90.774-h.979* 

The fitted line is given in the graph in Figure 26. Since the data 
for the first year have been arranged in ascending order and since 



Fio. 26. Straight lino fitted to the data in the 
last column of Table 46. Since the data for 1896 are 
arranged in order of yield and the straight line 
elopes in the same general direction, there is a 
relation between the yields of the individual plots 
for the two years. 


the straight line fitted to the data for the second year also slopes 
upward, we conclude that there is a relation between the yields of 
the same plots for the two different years. 


Parabola. Considering further the use of lines to show rela¬ 
tionship a straight line has been fitted to the data in Table 47, 
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ghowing the yields of wheat obtained from different rates of seeding, 
and the calculated values are given in the third column of the table. 


Table 47 

Results of Fitting Straight Line and Parabolas to Data on Yields 
OF Wheat Obtained From Different Rates of Seeding. 
Data From Kate and Date of Seeding Tests Conducted 
BY United States Department of Agriculture 


Rate of 
Sekdino 

I‘ECK3 

Peb Ache 

Seven- 

Year 

Average 

Yield 

Values 

Calculated 

From 

Straight 

Line 

Values 
Calculated 
From Second 
Order 
Parabola 

Values 
Calculated 
From Third 
Order 
Parabola 

2 

8.9 

10.610 

9.157 

8.758 

a 

10.3 

11.021 

10.538 

10.669 

4 

12.3 1 

11.432 

11.677 

12.006 

5 

12.9 1 

11.843 

12.574 

12.86.5 

6 

13.1. 

12.2o4 

13.22> 

13.342 

7 

13.5 

12.685 

13.6^12 

13..533 

8 

13.8 

13.076 

13.813 

13..534 

9 

13.6 

13.487 

13.742 

13.411 

10 

12.7 

13.898 

13.429 ! 

13.3.50 

11 

1 

13.0 

1 

14.309 

12.874 

13.357 


It is seen that the straight line does not fit the results very well, 
and this suggests the possibility that a curved line may fit the 
observed values better than does the straight line. Such a curved 
line, or parabola, may be fitted to these data by adding to the 
equation for the straight line a quantity that will give some bend 
or curvature to the line. The equation for such a line may be 
represented by 

This is referred to as a second order parabola, considering the 
straight line as the first order parabola. In this equation there 
are three unknowns, a, 6, and c. When these values are determined 
y may be calculated for any selected value of x. It is not necessary 
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to give the steps leading to the different equations, but since we 
have three unknowns we must have three equations for determining 
the values of a, 6, and c. Following the plan for the straight line 
these three equations may be expressed in general terms as 

Equation I 2a4-2(af)6-f2(af2)c=2y 
Equation II 2(a;)a-f2(a;2)6-f.2(a;3)c=2a;y 
Equation III 2(»2)a-f-2(aj3)6+2(a;*)c=2a;2t/ 


Following the system suggested for the straight line, columns 
may be arranged as follows: 

y a X xy x'^ 


For the data in Table 47 the columns are 


V 

a 

X 

x2 

X3 

X* 

xy 

x'iy 

8.9 

1 

0 

0 

0 

0 

0 

0 

10.3 

1 

1 

1 

1 

1 

10.3 

10.3 

12.3 

1 

2 

4 

8 

16 

24.6 

49.2 

12.9 

1 

3 

9 

27 

81 

38.7 

116.1 

13.1 

1 

4 

16 

64 

256 

52.4 

209.6 

13.6 

1 

5 

25 

125 

625 

67,5 

337.5 

13.8 

1 

6 

36 

216 

1296 

82.8 

496.8 

13.6 

1 

7 

49 

343 

2401 

95.2 

666.4 

12.7 

1 

8 

64 

512 

4096 

101.6 

812.8 

13.5 

1 

9 

81 

729 

6561 

121.5 

1093.5 

124.6 

10 

46 

285 

2025 

15333 

594.6 

!_ 

3792.2 


Substituting these summation values in the three general equations 
we have 


Equation I lOa-f 4564-2850=124.0 

Equation II 45a4-2a564-2025c=594.6 

Equation III 285a4-202564.15333c= 3792.2 


Solving from these equations for the unknown quantities a, 
and c we have 


o= 9.157 
6= 1.502 
.121 
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Substituting these values in the equation for the second order 
parabola the equation becomes 

y=9.167+1.502a;-.121*a 

The calculated values from the second order parabola for the 
various rates of seeding are given in column 4 of Table 47. The 
values obtained from this parabola fit the observed values better 
than do those obtained from the straight line. 

It is noted that where the rate of seeding is 10 pecks there is a 
slight drop in the observed yield, 12.7, as compared with the yield 
obtained for the rate of 11 pecks of seed. This drop is not to be 
expected from the nature of the case, nevertheless for purposes 
of illustration these data are used to show how such points may 
be better fitted by means of a parabola of higher order. This is 
done by adding another term to the equation for the second order 
parabola, giving the equation for the third order parabola 

In this equation there are four unknown values, a, &, c, and d, 
whose values are to be determined. It may be noted here that 
while the different equations are really made up by adding an addi¬ 
tional term to the preceding equation, as for example with the 
equation to the straight line, y = a+bz, a third term, cx^, is added 
to give the equation for the second order parabola, the numerical 
values of a and b will necessarily be different in the two equations. 

Since there are four unknowns in the equation for the third order 
parabola it is necessary to have four general equations, which may 
be stated 


Equation I 21a-|-2(a; )6-f 2(a:2)c4-2(x3)d=2y 

Equation II 2(a; )o-|-2(a:2)6-f-2(x3)c-f2(x*)d=2ary 
Equation III 2(a:2)a-f2(a:3)6-f-2(a:4)c-f.V(a:6)d=:2a;2y 
Equation IV 2(a;3)a-f*2(a:^)6-|-2(a:®)c-f-2(a;®)d=2a:8y 

For solving these equations it would be necessary to have the 
following columns 
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By substituting the several values as before the summations 
obtained for these columns are 



124.6 

07 = 

45 


286 

ar3=: 

2025 

a;*=s 

16333 

jfist 

120825 


978405 

xy= 

694.6 


3792.2 

*8y = 

26972.4 


By substituting these values in the four general equations we 
have 

Equation 1 lOo-f- 456+ 285«+ 2025d= 124.6 
Equation II 46o+ 2856+ 2025e+ 15333d= 694.6 
Equation III 285o+ 20256+ 15333e+120825<i= 3792.2 
Equation IV 2025o+153336+120825c+97840od«=26972.4 

The values for a, b, c, and d determined from these equations are 

«* 8.768 
6=2.230 
c=-.335 
d=: .OIG 

and the equation is 

2/=8.758+2.230a:- .335x2+.016*» 

By using these values for the several values of x vve have the 
results as given in column 5 of Table 47. 

By the addition of another term to the general equation the 
calculated value for the 10-peck rate shows a slight drop as com¬ 
pared with the value for the 11-peck rate. This is in accordance 
with the original data, and while the original value is no doubt 
purely accidental the data are used here merely to show how pa¬ 
rabolas of higher order may be useful in fitting values to data which 
by nature would show such tendencies. It is possible to fit pa¬ 
rabolas of higher order by the continual addition of another term, 
as, for example, the equation for the next higher order parabola 
would be 


y ss a+6a;+cx2+(2a9i+«ji^ 
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The calculation of parabolas of the higher orders becomes rather 
laborious, and it is doubtful whether it is often worth while to 
carry the calculations beyond possibly the third or fourth order 
parabola. 

Correlation Ratio. From the results of the application of the 
fitted lines it is clear that the relationship may at times be shown 
better by means of a curved line rather than a straight line. This 
is true with many problems in correlation when we have what is 
termed non-linear correlation. 

The correlation coefficient and the regression lines, as discussed 
in Chapter VI, measure the correlation and predict expected results 
on the assumption that the means of the rows and the means of 
the columns of a correlation table fall on a straight line. There¬ 
fore it is assumed that when using this measure for determining the 
correlation or the regression line based on the value of r we are 
dealing with cases of linear correlation or of linear regression. The 
equations which were used to measure the standard deviations of 
arrays 

really measure the scatter for each array about the regression line, 
which for linear correlation is a straight line. Let us now square 
and transpose each of these equations and we have 


and 


and from these 


and 


f*= 




^ O^y — S^y 
"" 0*y 
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Thus we have the measure of the correlation coefficient, r, in terms 
of the ratio of the scatter of a; or y to the standard deviation for 
the entire distribution of x or the entire distribution of y. The 
first equation gives the correlation of a: on y and the second of y 
on X. These equations may be used for a general measure for corre¬ 
lation where or Sy represents the scatter about the best fitting 
line, and therefore they may be used for linear or non-linear corre¬ 
lation. For linear correlation the numerical values would be 
the same. 

Since in many instances the relationship may be better repre¬ 
sented by curved lines rather than straight lines, the values ob¬ 
tained in measuring the scatter from a straight line will be larger 
than the values obtained from curved lines that will better fit the 
means of the rows or of the columns. Since the correlation coeffi¬ 
cient, r, is calculated on the assumption that the means of the rows 
fall in a straight line it means that the value of r will be lower nu¬ 
merically than would be the case if the scatter of deviations were 
measured from the curved line that would best fit the means of the 
rows or the means of the columns. In order, then, to have a 
general measure for correlation which will be independent of the 
type of line, Pearson has suggested the correlation ratio as a mea^sure 
of such correlation, and this is represented by the Greek letter £ta,7}. 

Using the above equations for r we may now write 

and 



From the first equation we have the correlation ratio of a? on y 
and from the second equation the correlation ratio of y on x, and 
for linear correlation r==r). It is clear that there are two values 
of 7) for each correlation table, while there is only one value for r. 

For purposes of calculation the equations for rj^y and rjy^ may 
be put in the following form 


/2ny 

—N - 
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„ _ f'S.nAmu-My'fl 

jy 

Vy 

In these equations Uy represents the total frequency of any row 
and the total frequency of any colun^n; is the mean of any 
row and nty is the mean of any column; is the mean of the 
entire x population and My the mean of the entire y population; N 
equals the total number in the population; and cr^ is the standard 
deviation for the entire x distribution and cr^ is the standard 
deviation for the entire y distribution. 

We may now write 


- N - 




We may then write the formulas for the correlation ratios as 


and 




Tlyx — 


f^my 

"oiT 


The steps in calculating these two values for the correlation 
ratio are given in Table 48, page 150. We proceed by taking 
each row or column in turn and determining the difference 
between the mean of the row or of the column and the mean of 
the entire population for the same character. These differences 
are then squared and multiplied by their respective frequencies. 
This is done for all of the rows or for aU of the columns. When 
the difference between the mean of each row or column and 
the mean of the whole population is squared and multiplied by its 
frequency, we have the weighted-squared deviations of the dis¬ 
tribution of the rows or of the columns. The sum of these values 
is divided by the number in the population to obtain the mean- 
weighted-squared deviation. Extracting the square root of this 



Method of Calculating the Correlation Ratio. Data are the Average Height of 
Plant, x, and the Average Yield op Culm Per Plant, y, in Oats 
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quantity gives the standard deviation of the means of the rows or 
the means of the columns, depending on which values have been 
used. The ratio of this standard deviation of the means of the 
rows or columns to the standard deviation of the total frequency of 
X or y gives the correlation ratio. 

We may illustrate these various steps by taking the first y array 
for class 0.0~0.9 in Table 48. The mean of this array for x is ob¬ 
tained, using the mid-points of the x classes and making a fre¬ 
quency distribution for the y array in the following manner: 


V 

/ 

SV 

27.5 

1 

27.5 

32.5 

10 

325.0 

37.5 

25 

937.5 

42.5 

19 

807.5 

47.5 

19 

902.5 

52.5 

4 

210.0 


78 

3210.0 


3210.0/78=41.154 


The short method for obtaining the mean from a frequency 
distribution could also be used. The deviation between the mean 
of this array, 41.154, and the mean of the entire z population, 
54.983, is obtained, squared, and multiplied by the frequency of 
the array, 78. Each of the arrays is handled in the same manner. 
Completing the calculations we obtain 9.811. Substituting 
this value in the equation 


we have 


r[xy- 


Ox 


_ 9^811_ 
^**'“ 16 . 9 , 36 “ 


.896 


In a similar manner the correlation ratio for t/ on a; is obtained 
from 

OtTiu 


and 


1-098 
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It is seen that both values for the correlation ratio are higher 
numerically than the correlation coefficient, .865. 

If there were no scatter at all then the standard deviation in the 
numerator and the standard deviation in the denominator would 
be equal, and therefore the correlation ratio would be 1. Since 
the correlation ratio is the result obtained by dividing two standard 
deviations, the correlation ratio does not show whether the re¬ 
lationship is positive or negative. In other words, when the cor¬ 
relation ratio is obtained it does not show by its sign, as does the 
correlation coefficient, whether there is a positive or a negative 
relationship between the two characters. 

In the discussion in the previous chapter relative to making 
correlation tables it was pointed out that such tables are desirable 
for presenting the data graphically. Since it may be possible that 
we are dealing with a case of non-linear relationship, if we determine 
the correlation coefficient, r, without grouping the full degree of 
the association may not be represented by the numerical value of 
r. If we have a number of pairs of characters it is difficult to tell 
by mere inspection whether we are dealing with a case of linear or 
non-linear relationship, while from a correlation table we obtain a 
better idea of the kind of relationship with which we are dealing. 

Another illustration showing the difference between the cor¬ 
relation coefficient and the correlation ratio is given in Table 49, 
page 153. Following the same methods for determining the cor¬ 
relation ratios as in the preceding table we find 

.647 €uid y \ yw — .714 


From both of these illustrations it is seen that the correlation 
values for a correlation table are not numerically the same. This 
may be expected, but in both cases the correlation ratio values 
are higher than the correlation coefficient. In some instances the 
correlation ratio may be about the same value as the correlation 
coefficient, as in Table 49 where 7)g.y is .647 anrl the correlation 
coefficient is .635. This may mean that one of the characters in 
the correlation does not deviate from linearity while the other char¬ 
acter does. In all cases it is better to determine both values for 
the correlation ratio. 



Relation Between Yield in Grams, ar, and Number of Branches 
Per Plant, y, in Buckwheat 
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,635 vty-M7 %,= .714 
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The correlation ratio may be compared with the correlation 
coefficient to determine whether the diflPerence is large enough to 
be significant. This difference depends on the difference between 
the squares of the correlation ratio and the correlation coefficient, 
or in other words the difference between these two, is the 

test of linearity. If the relationship is a linear one then these 
two values, yf and r®, will be equal, and the more the relationship 
diverges from linearity the greater will be the difference between 
the squares of r\ and r. A method which has been frequently used 
to determine the significance of this difference, but which is not 
exact since no account is taken of the number of arrays, is given 
by the following equation: 

Using in this equation the values for the regression of y on x 
from Table 48, 77 ,, = ,904 and r= .865, we have 

The difference between 77 * and r* is .069. Usually unless this 
difference is three times the standard deviation of the difference 
it is understood that no real difference exists between the two values. 
In other words, for this particular case, while the correlation ratio 
is a little higher than the correlation coefficient, the difference is 
not significant. 

Using the value for the correlation ratio for y on x from Table 
49, where 77 ,,^ is .714 and the correlation coefficient is .635, the 
difference between 77 * and r* is .107 and the standard deviation 
of the difference is .029. In this case the difference is more than 
three times the standard deviation of the difference, meaning that 
the difference is significant and that the correlation ratio is the 
better, measure for the correlation between these two characters. 
More will be said regarding the interpretation of this difference in 
Chapter XIII. It should be clear that the correlation ratio is a more 
general measure of correlation, and even in cases where the deviation 
from linearity is slight it gives a more exact measure of correlation. 
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Pearson has suggested a correction for the correlation ratio os 
follows: 


TJ*- 

Correoted - 

1 - 


(^-3) 
N " 
(iC-3) 
N 


in which K represents the number of arrays. Thus, from Table 
48, for rjgy, we have 

T,xv^ .896 


Corrected 




(.896)2 


7-3 

300 


1 - 

.802816 

1 - 


7-3 

*300 

-.013333 

.013333' 


= .800151 


Corrected tj =^/.800151 = .895 


The correction is small, but for a small population or for many 
arrays the correction would be larger. 


Curved Regression Lines, In cases of linear relationship regression 
lines are calculated in order that they may be used for predicting 
expected values in one character for selected values in the other. 
In the case of non-linear correlation we also have regression lines, 
but these are curved regression lines. Fisher has given a means 
of fitting curved regression lines, and Tippett has followed Fisher 
in showing the application. We will now illustrate the fitting of 
curved regression lines according to this method. Following the 
notation of Tippett the general equation for such regression lines 
may be written 

y =c|2-f 

Let yssthe mean of an array for a correlation table, or for un¬ 
grouped data it may be the value of any item. 

Let ^ = the deviation of any array from the middie array. If the 
number of arrays are even then t is still the deviation from the 
middle, which then becomes the average of the two central arrays. 
For ungrouped data the middle items are the ones from which t 
is measured. 
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The equation may be transformed to 

P ssA+BTi+Orj+DTj 


in which 


Ti=(<—since or the mean of f,asO 
* 12 




3Ni~7, 
20 * 


The values of 5, C, and D may be found from the following 
relations 


lO 

D — yrwT '1 


For purposes of calculation, JB, (7, and D may bo more conven¬ 
iently obtained by the following equations, where N is the number 
of arrays: 




If a curve of the next higher order is needed then 

T - 3(iSr2- l) (i^9) 

* 14 560 


and 


jf? — 44100 \ 

^ ~Ar(^ 2 «i) (2^2-4) 


The data for the y means for the x arrays in Table 48 may now 
be taken to illustrate the fitting of a line by use of these equations. 
The origin for the calculations is taken at the middle class and the 
deviations of the several classes are marked off by intervals of 1. 



SIMPLE CORRELATION —Continued 


167 


The deviations below the middle class are preceded by a minus 
sign. It may be stated that if the number of classes were even the 
origin would be taken at tiie center and the values of t would be 
.5, 1.6, 2.6, and so on. The following columns are arranged and 
the necessary sums of these columns obtained. 

y t yi y <2 yt^ 


For the y means for the x arrays in Table 48 the values in these 
columns would be as follows: 


y 

t 


<3 

yi 




“5 

25 

-125 

-5.00 

2.1.00 


.50 

-i 


- tyi 

-2.00 



.60 

-3 

M 

- 27 

-1.60 

4.50 

- 13.60 


_•) 

4 

- 8 

-1.00 


- 4.00 

1.01 

-1 

1 

- 1 

-1.01 

1.01 

- 1.01 

1.48 

0 

0 

0 

0 

0 

0 

1.94 

V 

1 

1 

1.04 

1.94 

1.94 

2.61 

• > 

4 

s 

6.22 

10.44 

20.88 

3.20 

3 


27 

0.60 


86.40 

4.04 

4 

16 

64 

16.16 

64.a4 

258.60 

6.30 

5 

25 

125 

26.60 

132.50 

682.50 

Total 22.08 



i 

48.1)1 

278.83 

854.77 


Substituting these summation values in the equations for Ay By 
and D we obtain 

2.007 
.445 
(7= .068 

D=- .003 

These values will be used in the general equation 

and in accordance with the different values of t the calculated points 
will be determined for each array. For example, where — 5, we 
have 

a',=-125-®^-X-6=»-86.0 
• 20 
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and in the general equation, for this particular array 

r=2.007+(.445 X -6)+(.068 X16) - (.003 X-86.0) 

-2.007 -2.225+1.020+.108«> .810 

Where 

<b 6, we have 
ri=5 

r,-26-^^j^~^ = 16 
STj-m- X6-86.0 

In tho general equation, for this array 

F«2.007-f-(.446 X 5)-f (.068X15)-(.003 X 30.0) 
=2.007+2.226+1.020-.108 =5.144 

The calculated values for the y means for the x arrays from Table 
48 are shown in the last column in Table 50. In making the cal¬ 
culations from these various equations it is very important to 
observe the proper signs. 


Table 60 

Results or FrmNa Different Lines to Data in 
Table 48, on Average Yield of Culm Per 
Plant for the x Arrays 


Avbbaob 
Yield of 
Culm Per 
Plant fob 
X Abbays 

Values 

Calculated 

From 

Straight 

Line 

Values 
Calculated 
From Second 
Order 
Parabola 

Values 
Calculated 
From Third 
Order 
Parabola 

Value.*! 
Calculated 
BY Method 
FOR Curved 
Keoression 
Line 

1.00 

-.216 

.798 

.892 

.910 

.60 

.229 

.635 

.616 

.618 

.60 

.674 

.608 

.686 

.525 

.60 

1.119 

.717 

.634 

.626 

1.01 

1.664 

.962 

.892 

.900 ' 

1.48 

2.009 

1.343 

1.292 

1.327 

1.94 

2.454 

1.860 

1.816 

1.890 

2.61 

2.899 

2.513 

2.440 

2.572 

8.20 

3.844 

3.302 

8.164 

3.363 

4.04 

3.789 

4.227 

3.952 

4.217 

5.80 

1 4.234 

5.288 

4.792 

1 5.144 
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Applying this method the curved regression line may be calculated 
for the X means for the y arrays from Table 48 following the equa¬ 
tions just given, and the ^ralues obtained for A, B, C, and D are 

63.829 
6.764 
C= - .&>9 

D=: .160 

These are substituted in the general equation and the calculated 
values for y are obtained. These calculated values for y are shown 
in Table 51, with the observed values. 

Table 51 

Results of Fitting Curved Regression 
Line to Data in Table 48, on 
Average Height of Culm Per 
Plant for the y Arrays 


Avebagh Height 
OF Culm Per 
Plant for y 
Arrays 

Values Cal¬ 
culated FROM 
Curved Reqres- 
SION Lins 

41.2 

41.342 

63.4 

63.201 

61.9 

61.542 

66,6 

67.265 

71.2 

71.270 

75.0 

74.457 

77.6 

77.726 


The regression lines fitted by this method for the data in Table 
48 are shown in Figure 27, page 160. 

While this method gives better results when the original values 
are of equal weight, very good approximations are obtained when 
it is applied to unweighted values as in a correlation table. The 
method may also be followed where the correlation has been 
worked without grouping, or applied to a series of observations 
in place of the parabola. In the latter application the origin 
is taken at the center and if there are several observations, as for 
example the results over a period of years, the difference between 
any one year and the middle year will be designated by /, and the 
calculations carried out in the usual way. 
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Fio, 27. Curved regression lines fitted to the data in Table 48. 
The dots represent the average yield of oulm and the crosses rep¬ 
resent the average height of plant. 


By inspection of Table 60 it is seen that the values calculated 
by this method for the curved regression line fit the observed values 
much better than do those from the other lines calculated. It 
is evident that the regression is not linear and the straight line 
does not fit the observations. The values obtained from either the 
second or third order parabolas fit better than do those from the 
straight line, but not so well as do those obtained from the method 
for the curved regression line. 

These curved regression lines are used for prediction in the same 
manner as the normal regression lines. When applied to a cor¬ 
relation table the scatter or standard deviation for any row or 
column would be determined by the usual formula for measuring 
the scatter. 

This method of fitting curved regression lines has one distinct 
advantage in that for determining a higher order parabola the values 
for the additional term may be added to the equation without 
changing the values of the preceding terms. On the other hand^ 
when calculating parabolas from the formula y^a+bx+cx^ . . , 
the values of the preceding terms change as a new term is added. 
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Correlation from Ranks. The methods just described determine 
the correlation by considering the position and value of each item 
in the series. It is often convenient to determine the correlation 
by considering the position only, or the rank, of each item. This 
may be done with less labor than is required for the usual methods, 
and is especially useful for making a rapid determination of the 
amount of correlation. Spearman has developed a method for 
obtaining the correlation from the rank or position. By this meth¬ 
od, to determine the correlation between two series, x and y, a 
rank is assigned to each value of x and another rank to each value 
of y. These ranks are determined by noting the values of each item, 
and beginning with the highest or lowest value the ranks are assigned 
in order. The correlation may then be determined from these 
ranks. 

As an illustration of this method we may use the data in Table 
62. These are the yields of the same varieties of wheat under 
two different systems of planting, three-row plots and single-row 
plots. 


Table 52 

Method of Calculating Correlation From Banks 


Three-Row 

Plots 

(1) 

Sihole-Row 

Plots 

&) 

Rank or 
(1) 

X 

Rank of 
(2) 
y 

x-y 

or 

D 

Z?2 

36.7 

34.1 

6.5 

7 

- .5 

.25 

42.5 

40.6 

2 

3 

-1.0 

1.00 

44.9 

41.0 

1 

2 

-1.0 

1.00 

41.0 

42.4 

3 

1 

2.0 

4.00 

32.6 

31.7 

9 

8 

1.0 

1.00 

40.0 

86.5 

6 

5 

0 

0 

40.5 

36.4 

4 

6 

-2.0 

4.00 

36.7 

37.6 

6.5 

4 

2.0 

6.25 

34.0 

31.6 

8 

9 

-1.0 

1.00 

31.3 

28.1 

11 

12 

-1.0 

1.00 

32.2 

30.7 

10 

10 

0 

0 

31.2 

29.9 

12 

11 

1.0 

1.00 

29.6 

28.7 

13 

13 

0 

0 





2Z>»=20..50 

1 


62:z>2 

(Ar2-i) 


6 X 20.50 123.00 

2184 


= .944 






162 STATISTICAL METHODS APPLIED TO AORICTJLTTTBAL RESEARCH 


The varieties are ranked in accordance with their yield and, as 
stated, we may begin with either the highest or lowest yield. In 
this case the ranking is made beginning with the highest yield. 
Thus, plot number 3 in the three-row plots has the highest yield 
and it is given rank number 1. Plot number 2 is given rank number 
2. Wlien two or more observations have the same numerical value 
the ranks for those values are divided between them. For example, 
in the three-row plots in Table 62 there are two plots having a 
yield of 36.7 bushels. As this value comes immediately after the 
value for rank number 5 it would normally be given rank number 
6, but since there are two values exactly the same they are given the 
average of the ranks 6 and 7, and each is assigned the rank of 6.5. 
This method would be followed if more than two of the same values 
were obtained. For example, if there had been three values of 
36.7, then the average of 6, 7, and 8, or 7, would be the rank assis:ned 
to each of the three. 

The yields for the second system of planting are arranged by 
rank in a similar manner. The differences between the ranks of 
the two systems of planting are then obtained, squared, and 
summed. The correlation coefficient obtained in this way will 
be designated r,., and the formula is 

, 6 HD* 

**’'*^"N (iVa-l) 

Here N refers to the number of items. Substituting in this 
formula the values obtained in Table 52 the correlation is .944. 

This is a convenient way of obtaining correlation if the number 
of items is not too large, but this method should not be substituted 
for the usual methods of determining correlation by means of the 
correlation coefficient and the correlation ratio. It will give a 
measure for correlation that approximates closely the value obtained 
for the correlation coefficient. 

Another illustration of the use of the rank method for deter¬ 
mining correlation is given in Table 63 on page 163. The data in 
this table are the results obtained from a yield comparison of a 
nunioer of wheat varieties grown in three-row plots. 
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Table 63 


Anotheb Illustbation or the Method or Caloulatino 
Correlation prom Banks 


Ave. 

All 

Rows 

Ave. 

Middijb 

Rows 

Rank of 
All Rows 

X 

Rank of 
Middle 
Rows 

y 

x-y 

OB 

D 

D* 

47.0 

63.6 

5 

2 

3 

9 

27.6 

31.3 

19 

17 

2 

4 

41.4 

47.1 

10 

8 

2 

4 

86.9 

45.0 

13 

9 

4 

10 

11.6 

12.4 

27 

26 

1 

1 

49.8 

63.0 

4 

8 

1 

1 

29.0 

32.8 

10 

' 16 

0 

0 

22.4 

27.3 

23 

19 

4 

16 

45.1 

48.8 

7 

6 

1 

1 

12.1 

12.1 

26 

27 

-1 

1 

52.9 

64.7 

1 

1 

0 

0 

25.6 

25.2 

21 

23 

-2 

4 

17.0 

15.9 

24 

25 

-1 

1 

S6.3 

! 38.3 

14.5 

13 

1.6 

2.25 

86,3 

37.0 

14.5 

14 

.5 

.25 

46,0 

47.5 

0 

7 

-1 

1 

61.9 

51.9 

2 

5 

-3 

9 

16.6 

16.1 

25 

24 

1 

1 

28.3 

26.5 

18 

20 

-2 

4 

23.1 

25.3 

22 

22 

0 

0 

28.4 

28.3 

17 

18 

-1 

1 

26.8 

25.8 

20 

21 

-1 

1 

88.0 

37.5 

11 

15 

-4 

10 

38.4 

40.3 

12 

12 

0 

0 

8.2 

7.2 

28 

28 

0 

0 

4.8 

4.3 

29 

29 

0 

0 

51.8 

62.0 

3 

4 

-1 

1 

42.3 

43.5 

8 

10 

-2 

4 

42.2 

43.0 

9 

11 

-2 

4 

102.60 


The formula is 


* 1 - 




6X102.60 615.00 

"" 29(841-1) 24360 


.975 
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The data in the first column of the table are the averages of all 
three rows and the data in the second column are the averages 
of the middle rows for the same varieties. Ranks are assigned in 
the manner explained and the correlation is found to be .975. 

As stated above, the value obtained for correlation by the rank 
method will approximate the value of the correlation coefficient. 
It is possible to make a correction for the value obtained from the 
rank method by the following relation: 


For the correlation just determined .975, and 


r=2 sin 


(-?) 


in which tt is taken as 180° (180°=7r radians). Thus we have 


180 X.975 
6 


=29.25® 


Now, from tables of trigonometric functions the logarithm of 
ain 29.25° is 9.68897-10. The number corresponding to this loga¬ 
rithm is found from a table of common logarithms to be .4886. Mul¬ 
tiplying .4886 by 2 we have .9772, which is the value of r for this 
series of observations computed from r^. Table III in the Appendix 
gives corresponding values for r computed from 

Spearman has also given another method for determining r, 
called the foot-rule method. This method gives only a very rough 
estimate of correlation and is not directly comparable with other 
measures of correlation. It may be useful as a quick means of 
obtaining some idea of the relationship. It is based on the gain of 
the rank of one character over the rank of the second character. 
Using the data in Table 53 the ranks are assigned, and where the 
rank in the second method of planting is higher than in the first 
method of planting the difference is recorded. Where the rank of 
the second method is equal to or below that of the first method, no 
value is assigned. The correlation is obtained by the formula 
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rg^\ 


62 {G) 


For the data in Table 63, from column 2), 

G=3+2+2+4+14-l-f4+l+1.6+.6+l = 21.0 
and ri^ = .850 

An approximation to r is given by the formula 


For r^=.850, we have x .850 = 76.60®. From tables giving 

trigonometric values the logarithm of the sin of an angle of 76.50® 
is 9.98843 -lO. From a table of common logarithms the number 
corresponding to this logarithm is found to be .9737. It is clear 
that there is considerable deviation between and r, and therefore 
this method should be used only as a means of obtaining a general 
idea as to whether or not any relationship exists. It is only a rough 
approximation and the value of Vg is not so readily comparable with 
r as is which is determined from ranks directly. 


Coefficient of Contingency, There are some problems of relation¬ 
ship which it is desired to study where the nature of the material 
is such that it cannot be grouped readily into definite quantitative 
or numerical classes. For example, we may be interested in human 
traits, as the relation of eye color to hair color, or problems of this 
sort. There are also cases where one character may be recorded nu¬ 
merically while the character with which it is to be compared can 
be grouped only in broad categories. Then there may be other 
problems in which it is possible to measure both characters by some 
numerical methods but where for convenience it may be desirable 
to group the material in large groups and then determine the re¬ 
lation. 

Pearson has given a measure to determine relationship in cases 
of this kind, and calls this constant the coefficient of contingency. 
For purposes of illustration we may use the data presented by 
Pearson, as given in Table 54, page 166. The first step is to 
determine what may be called independence frequencies. That 
is, on the assumption that there is no relation between the char¬ 
acters, the expected frequency for each observation is calculated. 



Calottlation of thjs Coefficient of Contingency for the Relation in Athletic 
Ability Between Brothers in the Same Family 
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This is done in the following way. The data in Table 54 show 
that for the athletic grouping according to the first brother there 
are 1066 individuals. The same is true for the same group for 
the second brother. It is noted that there are 906 cases where 
the first brother and second brother are both athletic. For this 
observed value the calculated value is determined by obtaining 
the product of 1066 x 1066, the totals of these athletic groupings, 
and dividing this product by the total number in the population. 
Wo have 


1066 X1068 _ 
1690 ^ 


672.400 


This is the expected value on the assumption that there is perfect 
independence, or no correlation between the characters. The same 
method is used to obtain a calculated value for each of the groups or 
classes. Thus, for the case in the second column and first row where 
the observed number is 20, the calculated value is obtained from 

m5xio^ 

1690 


and is found to be 66.231. 

After this has been done for all of the groups or classes in the 
table the differences between the observed and calculated values 
are obtained and squared. This squared value is divided by the 
product of the totals for the row and column concerned. For 
example, for the first observation, 906, the difference is 233.600. 
This is squared and divided by the product of the total for that 
row, 1066, and the total for that column, 1066, or 1136356. For 
the observed value 20 in the second row, the difference is 46.231. 
This difference is squared and divided by the product of the total 
of that row, 105, multiplied by the total of the column, 1066, and 
so on throughout the table. The sum of the several values is then 
obtained and is designated The calculations that have just 
been completed may be represented by the following formula: 

y2 

Ut y 




X» 

AT 



N ) 


nr n^ 
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which gives the mean square contingency. In this formula N 
refers to the number in the population; to the number of indi¬ 
viduals in any row and to the number of individuals in any 
column; and to the number of individuals in any compartment 
common to both. 

The formula that has been developed for the mean square con¬ 
tingency coefficient is 

The calculated value of <f>^ for the data in Table 54 is .8355. Sub¬ 
stituting .8355 in the formula for Ci, the mean square contingency 
coefficient is .675. 

Yule has suggested a method for obtaining the coefficient of 
contingency, and this method may be applied to the data in Table 
54. The independence frequencies are obtained as before. Then 
the observed frequency is squared and divided by the independence 
frequency value, as illustrated in Table 55. 


Table 55 

Values Obtained in Calculating Coefficient 
OF Contingency Following Method of Yule 


Squabb of 
Divided by 

Obsebved Value 

Calculated Value 

(906)V672.400 

1220.756 

(20)V 66.231 

6.039 

(140)2/327.369 

69.871 

(20)2/ 66.231 

6.039 

(76)2/ 6.524 

886.346 

(9)2/ 32.246 

2.512 

(140)2/327.369 

69.871 

(9)2/ 32.246 

2.612 

(370)2/169.386 

858.y26 

3101^872 


-V' 


S^N 

S 


3101.872-1690 
310i:872 


= .076 
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For example, the first observed value, 906, is squared and divided 
by the independence value 672.400, giving 1220.756. This is done 
for each value in the table and the sum, 3101.872, is obtained. 
This sum is designated 8. The coeflBlcienb of contingency is ob¬ 
tained from the formula 

where N is the number of individuals in the total population, in 
this particular case 1690. Substituting these values in the equation 
the coefficient of contingency is .675, which is the same as obtained 
by the first method. 

Another illustration is given in Table 56, page 170, where the 
comparison is made between color of kernel and yield of wheat for 
different varieties. 

The color character can be classified only in broad categories, as 
red and white. The yield, however, is expressed numerically and 
the several columns indicate how the individual strains have yielded 
as compared with a standard variety. Those varieties in the table 
to the left of the heavy vertical line yielded better than the 
standard variety, and those to the right of the line yielded less 
than the standard variety. 

Using the same method as before the independence frequencies 
are obtained and are recorded in the table. From these is found 
to be .343 and 


Cl 




31?= .605 
343 


Using Yule’s method 8 is found to be 479.763 and 

V 479.763 


For the types of examples illustrated here this method of meas¬ 
uring relationship is very useful. One objection is that the value 
varies somewhat with the method of grouping, but a correction 



Table 56 
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Total 
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may be made for this. Let R represent the number of rows and 
C the number of columns. By obtaining the value 

(R-l) (C-1) 

' N 

and subtracting it from we have the corrected value for and 
from this the corrected value of Ci is obtained. 

Thus, for the first problem above, the number of rows and the 
number of columns are the same, 3. By substituting these in 

(jr-i) ((7-1) 

N 


we have 


(3jrl)(3-l) 

1690 


= .0024 


Subtracting this value from we have 


.8355-.0024 = .8331 

and with this corrected value for 

Ci= / -8331= ^74 
V 1.8331 

There is only a slight change in the value of Ci in the third decimal 
place. 

Applying the correction to the second example, where iZ = 2and 
Osa9, we have 


(^*1 ) (C-l)_(2-l) (9-1) _ 

357 

Correcting we have .493 as the corrected value for Cj. In this 
case the value of the coefficient of contingency is reduced by the 
amount of .012. 

The value of with restrictions as to grouping and where the 
distribution is normal or practically so, approaches the correlation 
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ooefficient, r. It is usually better, however, to apply the method 
of contingency to a five by five grouping since the coefiicient is not 
so reliable when less than about 16 compartments or cells are used 
for the calculation. Therefore the method is strictly applicable 
only to large samples, and when used for examples with fewer than 
16 cells care must be exercised in interpretation. 



CHAPTER VIII 


MULTIPLE AND PARTIAL CORRELATION 

In discussing the measurement of correlation thus far we have 
considered the relationship between two variables only. It hap¬ 
pens, however, that there are numerous problems in which it is 
desired to know how several variables may act together to afEect 
one variable. For example, if we are interested in predicting the 
yield of a crop it is necessary to know more than the effect of rainfall 
or the amount of sunshine on the crop, or of any other single factor 
that may influence the crop. In addition to the effect of each of 
the characters alone it is necessary for accurate prediction to deter¬ 
mine the result of all of the envii:onmental factors together on the 
crop yield. The methods of correlation analysis have been ex¬ 
tended to make such determinations possible, and lead to the field 
of multiple correlation. 

Multiple Correlation . By multiple correlation is meant the measure¬ 
ment of the effect of several variables on one variable. As an illustra¬ 
tion we may use the data in Table 57, page 174, giving the weight 
per bushel, weight per 100 kernels, weight of straw, and yield of 
grain for 25 varieties of oats. For convenience the characters are 
designated by A, B, C, and Y, respectively, as indicated in the 
table. We will discuss in order the effect of one, two, and three 
variables on the yield of grain, and will consider to what extent 
yield of grain is dependent on the other three characters. 

We will proceed to determine the effect of these characters on 
the yield, and will approach the problem by determining first the 
simple correlation between yield of grain, Y, and weight per 
bushel, A. This correlation will be determined without grouping 
from the following formula: 

_ M y 
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Tablb 67 

Data on 26 Varieties of Oats, Used to Illustrate 
Analysis of Multiple Correlation 


Obsbbvation 

Number 

Weight 

Peb 

Bushel, 

Pounds 

A 

Weight 
Peb 100 
BLebnels, 
Gbams 

B 

Weight 

OF 

Straw, 

Tons 

C 

Yield 

OF 

Grain, 

Bushels 

Y 

1 

30.50 

2.234 

.87 

47.6 

2 

30.80 

2.074 

1.00 

55.5 

3 

91.62 

2.250 

1.57 

60.4 

4 

31.81 

2.420 

1.49 

61.9 

6 

31.50 

2.584 

1.60 

70.2 

6 

31.81 

2.618 

1.56 

66.8 

7 

34.81 

2.492 

1.37 

62.4 

8 

31.75 

2.774 

1.38 

56.6 

9 

33.69 

2.616 

1.42 

68.0 

10 

32.62 

2.700 

1.44 

67.6 

11 

31.94 

2.764 

1.37 

53.8 

12 

32.75 

2.760 

1.42 

60.5 

13 

32.00 

2.644 

1.51 

63.6 

14 

31.60 

2.734 

1.63 

67.3 

15 

31.94 

2.710 

1.40 

68.1 

16 

31.56 

2.274 

1.53 

a5.4 

17 

32.50 

2.860 

1.44 

66.8 

18 

32.44 

2.824 

1.52 

65.1 

19 

34.00 

2.684 

1.44 

71.3 

20 

32.75 

2.614 

1.50 

73.9 

21 

34.69 

2.830 

1.41 

70.2 

22 

33.06 

2.844 

1.39 

69.5 

23 

29.75 

2.230 

1.02 

50.9 

24 

30.37 

2.066 

.87 

46.3 

25 

85.00 

2.844 

1.32 

66.1 


By substitution of the proper symbols in this formula (shown on 
bottom of the page 173) the correlation coefficients for the several 
variables may be obtained. For example, 

__ 


The meaning of these symbols and the values needed for solving 
for the several correlation coefficients are given in Table 68, page 
175. The standard deviations may be obtained by dividing the 
last value in each column by V 27 - 1 . 
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Simple correlation coeflScients determined from above values 

ray = .664 = .604 foy rt .791 

rah “ •&2l9 rjf^ ss ,§43 

fflc — *424 

In the discussion of paHial correlation coefficients. A, B, C, and Y are the same as 1, 2, 3, and 4, 
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Substituting from Table 58 the necessary values in the formula 
for the simple correlation of Y and A we have 

60894.36- 60747.62^ 146.74_ 

6.14 X 36.64 “ 224.86 

The simple correlation coefficients for the other variables have 
been obtained by the same process, and the several correlation 
coefficients are recorded in Table 68. 

The value for (.654) is the simple correlation between the 
two variables, and it indicates that yield of grain is dependent to 
some extent on the weight per bushel. In Chapter VI we learned 
how to use the correlation coefficient to form a regression equation 
for the purpose of prediction. We may now use the correlation 
coefficient just obtained to predict the yield of grain on the basis 
of our knowledge of the weight per bushel. For this prediction 
we have the following regression equation, in which is the esti¬ 
mated or predicted value of Y based on the observed value of A; 

Ma 

Substituting in this equation the numerical values from Table 
68 , we have 

r«=63.028+.664 ^ (4-82.206)=63.028+(.654 X6.961) (.4 - 32.206) 

8.14 

=63.028+3.892 :A -32.206)=63.028+3.892il -125.346 
r,=3.892A-62.318 

To obtain the value of for the first observed value of A, 30.60 
from Table 67 we have 

Ya= (3.892 X 30.60) -62.318=56.388 

Substituting the other observed values for A we obtain the pre¬ 
dicted yields, P, of Y as given in column 2 of Table 69, page 177. 
For convenience the predicted yields in this table are read to one 
decimal only. 

These predicted yields may be compared with the actual yields, 
giving the errors of estimate as recorded in column 3 of Table 59. 
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Weight of Straw (C) 
P 

6 
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Errors of 
Estimate 
0-P 

6 

t^OO'n<0>eOOSrHiO‘M'^00’^«DuOOit005000<OCOOl>» 
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Predicted from 
Weight Per Bushel 
(A) AND Weight 
Per 100 Kernels(B) 
P 

4 
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Errors of 
Estimate 
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3 
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Weight Per Bushel 
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P 

2 
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<^u5cOOt^v;DwocO<Owov(ocovOOeor^r«c»coio^CO 

- - - - - i 
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Some of these differences are positive and some are negative, and 
if a sufficient number of decimals had been retained the sum of these 
errors of estimate would equal zero. 

In the equation that has been used to obtain the predicted yields 
the value 3.892 may be considered as the regression coefficient, 
and it indicates the amount of difference we may expect to find in 
the yield of grain with a difference of one unit in weight per bushel 
For example, variety 1 has a weight per bushel of 30.50 and its 
predicted yield, read to three decimals, is 56.388, Variety 5 has 
a weight per bushel of 31.50, one unit larger, and its predicted yield 
is 60.280. This is larger than the predicted yield of variety 1 by 
60.280-56.388, or 3.892, which is the value of the regression coeffi¬ 
cient. 

As usual, there are two regression equations for each correlation. 
The regression equation just determined gives the predicted values 
of Y from observed values of A. We may obtain the predicted 
values of A from observed values of Y from the following equa¬ 
tion, in which means the predicted weight per bushel of A from 
observed jields of Y: 


4»=iAfa+r 

V2y*-(sy)jify 

Substituting in this equation the numerical values from Table 
68 we have 

iiy=82.206+.«>4j47 (y-63.028)■S2.206+(.054X.168) (^-68.028) 

00.04 

=82.206+.110 (r -63.028) »82.206+.110y - 6,933 
.<l,= .110y+25.273 

Here the value .110 may be considered the regression coefficient, 
and indicates the amount of difference that may be expected in the 
weight per bushel with a difference of one unit in the yield of grain. 
It is unnecessary here to calculate the predicted values for A based 
on the observed yields of Y. 

It may be of interest to show the relation between the corre¬ 
lation coefficient, r, and these two regression coefficients, 3.892 and 
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.110. This is done by taking the square root of the product of 
these two values, as 


n/8.892 X .110* .654 

In other words, the correlation coefficient is really the geometric 
mean of the two regression coefficients. This result may be used 
as a check on the calculations of the regression coefficients. 

Since from column 3 of Table 59 there is apparent a certain amount 
of variation between the predicted and the observed values of Y, 
it is desirable to determine the standard deviation of the predicted 
values, as was done in Chapter VI. This standard deviation may 
be obtained as follows: 


Oy.a 



(l-r2)CSy2-(230^y] 

^-2 


In this formula JV-2 is used in place of N, and in following formulas 
N-3 and N-4: will be used in place of N. The reason for this will be 
explained in Chapter XIII. 

Substituting in this formula the numerical values from Table 
58 we have 




■-(.^4)2X(133o.27) 
25-2 


_ /.572X 1335.27 _ /7 

V 23 V ■ 


63.774 


23 


“ V33.207565=5.763 


We find the standard deviation of the estimate to be 6.763. 
This standard deviation of estimate may also be determined by 
squaring the errors of estimate in column 3 of Table 59, summing 
these squares and dividing by N-2, and extracting the square root 
of this quotient, but the values are more readily obtained by use 
of the formula for the standard deviation of estimate of predicted 
values. The values obtained by the two methods will agree exactly 
only when a sufficient number of decimals are retained. 



180 STATISTICAL METHODS APPLIED TO AQBIOXJLTXTBAL BESEABCH 


The standard deviation of estimate measured on the basis of 
regression, 6.763, is lower than the standard deviation of Y, 7.469, 
determined from the mean. This leads to the conclusion that the 
variation of the weight per bushel accounts for some of the varia¬ 
bility in yield of grain. By obtaining the value 

100X6.7^=77.26 

7.459 

it is seen that the new standard deviation is 77.26 per cent of the 
original standard deviation, and considering the original standard 
deviation as 100 per cent we find that there is a reduction in the 
average of variability of 22.74 per cent by using the information 
available on weight per bushel. 

The percentage of reduction that may be expected from the 
standard deviation obtained from the mean to the standard devia¬ 
tion of estimate may also be obtained from the following general 
formula. The percentage reduction from cr^ to cr^.a equals 

Using the value of (.654) obtained for the 25 individuals, we 
have 


100 [1-(.664)2] 22.72 

This percentage reduction differs slightly from that obtained 
above, due to the number of decimals retained. It must be clear 

that for a large number of individuals the factor will have very 

little effect. For low correlation and a small sample the effect is 
appreciable. 

The amount of reduction that may be expected from different 
values of r for 2^ = 100 is given in Table 60, page 181, taken from 
Wallace and Snedecor. This table gives the expected reduction in 
the standard deviation calculated on the basis of the regression. 
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Table 60 

Percentage of Reduction Expected 
From Standard Deviation Obtained 
From the Mean to Standard 
Deviation of Estimate 
^=100 


T 

Percentage 

Reduction 

r 

Percentage 

Reduction 

.30 

4.1 

.92 

60.6 

.40 

7.9 

.94 

65.7 

.50 

13.0 

.95 

68.6 

.55 

16.1 

.96 

71.9 

.60 

19.6 

.97 

75.6 


23.6 

.98 

80.0 

.70 

28.2 

.99 

85.8 

,75 

33.5 

.995 

90.0 

.80 

39.7 

.999 

95.5 

.85 

47.1 

.9995 

96.8 

.00 

56.2 

.9999 

98.6 


We may now proceed to determine the effect of two variables, 
weight per bushel (A) and weight per 100 kernels (B), on the yield 
of grain (Y), or to predict the values of Y from observed values of 
A and B. To do this we make use of the correlation between Y 
and A and between Y and B, and then analyze the effect of A and 
B together on Y. From Table 58 we have the necessary correla¬ 
tion coefficients 


ray= .654 
r6j,= .604 
Tab =*.629 

It may be pointed out that is the same as r^y is the same 
as Tah is the same as and so on, and the order of writing 
these subscripts is unimportant. 

From this point the procedure differs somewhat from that when 
considering the relationship between two variables, and it is desir¬ 
able now to make use of what may be called the standard partial 
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regression coefficients, which may be designated and These 
may be obtained from the following equations: 

EqcATtON I Pvu 

Eqtjatiow II r^bOva+l^b =••»» 


From these equations by solving for jS„a we have 


Equation I*tMfa+rai0vb**’’ar 


Multiplying Equation II 

by 

Subtracting 

Factoring 

Dividing by (l-r*,;,) 

By a similar process 


^ah^Va'h^abftvh^^ab^yh 


Pva - r^abPva =* ^Va - i^ab^Vb) 


fiva (1 - 1‘^ab) = ^Va - (T^b^Vb) 




Q,^.^ ^yb-(rah'^Va ) 


Substituting the known values, that is the correlation coefficients 
^ybf and we have 


^ya== 


.e54-(.629X^4)„ 4.4 
1-(.629)2 -•**«'* 


By substituting the correlation coefficients in the formula for 
we have 

/3yi, = ,320 

The two 0 values may also be found by substituting directly the 
proper r values in the general equations, as 

Equation I 1 .000)3ya-f- .629^^5 = .654 
Equation II .629i3ya+l .000.%* * .604 


Solving in the usual way we find 


%«».464 

%6s.320 
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Using these yS values we may now obtain the regression equation 
for estimating Y values from the observed values of the two varia¬ 
bles, A and B. Up to this point we have used regression equations 
based on one variable only, but now it becomes necessary to form a 
new regression equation based on two variables. This gives what 
is known as a multiple regression equation and the formula is 

VSAa-CSA) Ma n/2:B2-(2B) Mi, 

In this equation represents the predicted values of Y from 
the observed values of both A and B. 

Substituting the known values we have 

r«fc-63.028+.454 (A-32.206)+.820 (B-2.569) 

0.14 1.2o 

s*63.028+(.454 X 5.951) (A-32.206)+(.320 X 29.707) (B-2.569) 
tt63.028+2.702 (A-32.206)+9.506 (B-2.569) 

«63.028+2.702A -87.021+9.506B-24.421 
Yah * 2.702A +9.506B - 48.414 

For determining the predicted value for Y based on the observed 
values of A and B for the first variety in Table 57, we have 

ra6»2.702 (30.60)+9.606 (2.234)-48.114 = 55.2 

Appl 3 dng this multiple regression equation and using the data 
in Table 57 we obtain the values in column 4 of Table 59. These 
are the predicted yields of grain when considering both weight per 
bushel and weight per 100 kernels. 

At this point we may consider the multiple correlation coefficient. 
The regression equation indicates how the predicted value of one 
variable may be obtained from the observed values of two other 
variables, but it is also important to have some measure that will 
indicate this relationship. Such a measure is the multiple cor¬ 
relation coefficient. We may use the values determined for 
and ySyjj, Vya and to obtain the multiple correlation coefficient 
from the formula 


B* fj/a^va+’‘yd.^ir5 
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Substituting the numerical values we have 

i2*= (.654 X .464)+(.604 X .320) 

= .296916+ .193280 = .490190 

-B =V~490196=.700 

We may now consider the meaning of this multiple correlation 
coeflScient. This coefficient, J! = .700, is the value of the simple 
correlation between the actual yields and predicted yields as given 
in columns 1 and 4 of Table 59. The correlation between yield 
of grain and weight per bushel is .654, while the coefficient of multiple 
correlation when the effect of weight per 100 kernels is added is 
.700. Thus there is some slight improvement on the estimation 
when two variables are considered. 

The errors of estimate for the effect of two variables are given 
in column 5 of Table 59. It is seen that there is some slight reduc¬ 
tion in the errors of estimate when the effect of two variables is 
considered as compared with the effect of only one variable (column 
3). 

The standard deviation of the estimate may be obtained from 
the formula 

^ V N-3 

Substituting the numerical values the standard deviation of estimate 
is found to be 5.564. Maldng use of this standard deviation to de¬ 
termine the amount of reduction due to the effect of two variables, 
we find 


100X5.504^,7. KO 
7.459~ 

Compared with the standard deviation obtained from the mean 
we have, by considering the effect of two variables, A and B, reduced 
the standard deviation by 25.41 per cent. 

It is often important to consider the effect of several variables 
together, and this may be done by determining additional standard 
partial regression coefficients obtained from supplemental equa¬ 
tions. These equations may be extended by adding a term to 
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each equation and an additional equation for each additional 
variable. For the effect of three variables on a fourth the equa* 
tions are 


^Vb~\~^bc^yc = ^Vb 
^caf^Va'i’^cb^yb'^ 

For the effect of four variables on a fifth the equations are 


^ya"hf‘abfiyb“i-^ac^yc“h^ad^yd = ^ya 
^ba^ya'h t^yb'^-^bct^yc'^^hdl^yd^^yb 
^ca^ya’i'^cbf^yb'i" f^yr“h^cd l^yd—^yc 
^daf^ya-i~^db(^yb^f‘dc/^ye+ i^yd-^yd 

For the effect of five variables on a sixth the equations are 

^ya’-i-f‘abfiyb“h^ac^ye"i~^adPyd~h^aePye = ♦'y« 

^baf^ya-h f^yb‘h^bc(^yc“h^bdf^yd’i‘f'be(^ye = ^yb 
^ra(^Va+^cbf^yb+ f^yc+^cdl-yd^^ce(^ye — ^yc 
^daf^ya'h ^dbt^yb’hl'dcf^yc'h ^y<i+^d«/^y« = ^yd 
^taf^Va'i'^eb ^y6+^«c^yc4“^«<i^Vd+ = ^tfe 

For the effect of six variables on a seventh the equations are 

^ya’i-^ab^yb+^ac(hc-h^adlhd-i-^aePye'i‘^affiyf=rjff^ 

^baf^ya~h f^yb’i-^bcl^yc~h^bdf^yd~hi'bef^ye"i~^bf(^Vf=rpb 
^caf^ya-h^cbf^yb-h ^yc+^cd/^yd+^ceA^yc+rc^/^i//= 
^daf^ya-i-^dbf^yb’h^dcf^yo’h f^yd-h^def^ye-trdffiyf = ^yd 
»’«a^ya4*»’e6^y6+^«c^yc+^ed^yd+ ^ye+»’e/^y^ = ^ye 

r/a^y«4-^/6 ii^yb"¥^fo^ye'^^fdi^vd'\‘^te ^yf—^vf 

It is possible to extend these equations for any number of varia¬ 
bles, but the work of solving them becomes laborious and a more 
convenient method will be presented later. 

For the effect of the three variables A, B, and C on the fourth 
variable Y, we may substitute in the first set of equations above 
the correlation coefficients from Table 58. 

Equation I 1.000 /Sya+ .629 /3y54. .424 /Sy^jss.a*^ 

Equation IX .629 liya+l-000 .643 /8yc = .604 

Equation III .424 .543 /l^y^+l.OOO i8y4.-.791 
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These equations are solved in the usual way. Rewriting Equation 
II and multiplying Equation I by .629, we have 

Eqvaticn n .829 8 m+ 1>000 /3|f«9.e04 

Eqvatiom I .629 ft,a+ .39® ^»6+.267 /3yea.411 


Subtracting 


.eoi /3»6+.278 P»«»».198 (1) 


Rewriting Equation III and multiplying Equation I by .424, we 
have 


Equation III .424 Pva+.643 fit/t+l.OOO /3j,j=.791 
Equation I .424 (Sva+.267 .180 /Sye=.277 


Subtracting 


.276 .820 ^c=.014 


Multiplying (2) by .604 and (1) by .276, we have 

(2) .167 Pub+-495 P„e--S10 
(1) .167 fivfh.076 8p,-.0o3 


( 2 ) 


Subtracting 

.419 Py«=.257 
^«s.613 

Substituting the value for /Spg in (1) 

(1) .604 ^yA+.169 s:.193 

.601 /3vts.024 
litt, = .04O 

Substituting the values of and in Equation I 

Equation I l.OOO ®|,a+(.a29X.040)+(.424X.613)s».654 


Using these y8 values we may form the regression equation for 
predicting the 3 deld of grain, Y, from the observed values of A, B, 
and C. By following the method for the regression equation for 
two variables, and adding a third, the regression equation may be 
writtra as follows: 


ratg=4f|r-f^ya—p: , (A -Mp) 

VSA* 
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V2r»-(2y)Af, 

V2:y»-(sr)A/y 
Vsc* -(SOAfe 




(0-Af.) 


Substituting the numerical values from Table 58 and the neces¬ 
sary y3 values in this equation we have 


=83.028 +.369^^ (A - 32.208) 

+.040.^111 (B- 2.580) 

+.613-?^ (G- 1 370) 
X*Uu 


Completing the necessary calculations we have 

= 3.19a4 +1.188B h21.747 O -40.737 

Substituting the several values for A, B. and C for the individual 
varieties given in Table 57, we obtain the predicted values as given 
in the sixth column of Table 59. For example, for the predicted 
value of Y based on the observed values of A, B, and C for the 
farst variety in Table 57, we have 

y«5c«:i.l96(30.50)+1.188(2.234)+21.747(.87)-40.787a47.8 

It is noted that the predicted values agree more closely with tha 
observed values when we use our knowledge of weight per bushel, 
weight per 100 kernels, and weight of straw. This is evident from 
the last column in Table 59, giving the errors of estimate. 

Following a method similar to that for two variables, we may 
now determine the coefficient of multiple correlation from the 
equation 

Substituting in this equation the numerical values obtained we 
have 

iia* (.S89)(.054)+(.040)(.604) •f(.613)(.791) = .760389 
»V.760369«.866 
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This gives a higher value for B than was obtained with the two 
variables, weight per bushel and weight per 100 kernels, which was 
.700. Again it may be well to point out that this value, jB=s.866, 
is the simple correlation between the predicted and actual yields 
of columns 1 and 6 of Table 69. It is seen that a gradual improve¬ 
ment has been made by adding more variables in our study. The 
correlation coefficient between yield and one variable is .654, be¬ 
tween yield and two variables it is .700, and when the effect of a 
third variable is added it becomes .866. 

In order to determine the amount of reduction that has been 
made by the addition of the variable, weight of straw, we determine 
the standard deviation of estimate from the formula 


Substituting the numerical values in this formula we find 

* 3.987 

To determine from this standard deviation of estimate the amount 
of reduction we have 


100 X 3.987 
7.459 


b53.45 


This shows that there has been a reduction of 46.55 per cent 
in the standard deviation when based on the regression of these 
three variables, as compared with the standard deviation of the 
yield measured from the mean. We may conclude that in this 
case 3 deld depends considerably on the effect of the three variables 
studied. The extent of this dependence may be determined from 
the following general formula 

100X1 

Substituting the coefficient of multiple correlation we have 


100X1-Vl-(.806)* «60.00 
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This shows that the three variables, weight per bushel, weight 
per 100 kernels, and weight of straw, aocount for 50.00 per cent of 
variability of the yield, leaving 60.00 per cent unaccounted for, op 
in other words 50.00 per cent is dependent on characters that have 
not been analyzed in this study. 

The foregoing illustrates how the method of multiple correlation 
may be used to determine the effect of several characters together 
on one particular character. If more characters for these oat 
varieties were available it would be possible to include them and 
determine the effect of all the characters on the yield. There are 
many other problems where multiple correlation may be very useful. 
For example, in the field of economics in the study of farm incomes, 
the size of farm, the number of laborers, the number of animals, 
the yields of different crops, and the like, may be studied in re¬ 
lation to the farmer’s income. 

When it is desired to determine the multiple correlation with 
several variables under consideration, it is better to approach the 
solution in a different way. Using the data in Table 61 we may 
illustrate a more convenient way for determining multiple correla¬ 
tion and the regression coefficients, or y8 values, for several variables 
than can be done by solving the necessary simultaneous equations. 

In Table 61, page 189, the characters have been given the symbols 
A, B, C, D, and Y. It will be noted that the last column in the 
table has been designated 8, This column is added for the purpose 
of simplifying the checking of calculations to be made later, and the 
values in this column are obtained by summing the numbers in 
the other columns in turn. Thus, for the first individual we have 

60 + 204 - 2 + 254 * 1 . 0 = 98.0 

Proceeding in the same way the other values in column 8 are 
obtained. Column 8 is treated as another variable, and wifi appear 
in most of the calculations. 

^For determining the multiple correlation and the regression 
coefficients for the several variables we will follow the method sug¬ 
gested by Wallace and Snedecor, and to obtain the necessary cor¬ 
relation coefficients and J3 values conveniently Tables 62, 63, 64, 
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and 65 have been arranged in systematic order. Tables 62 (pages 
192-3) and 63 (page 194) cover the steps leading to the determina¬ 
tion of the correlation coefficients, and Tables 64 (page 196) and 
65 (page 197) proceed to the calculation of the ^ values. In Tables 
62 and 64 the necessary operations are indicated by symbols, and 
in Tables 63 and 65 the numerical values have been entered. These 
tables may serve as guides and to them may be added the columns 
and lines for any desired number of variables. 

The meaning of the various symbols and the calculations should 
be clear. The different characters are indicated by the letters as at 
the head of the columns in Table 61. As usual, M refers to the mean 
for the variable indicated by the subscript, as for example is 
the mean of A, and similarly for the other variables. The numerical 
values as determined from the data in Table 61 are recorded in 
Table 63 in accordance with the symbols given in Table 62. 

The use of column 8 in Table 63 for purposes of checking the 
calculations may now be explained. The first number in column 
8 is the sum of the numbers in the preceding columns. The means 
for the several variables have been obtained and the mean for S, 
which is the sum in column 8, 4051.1, divided by the number of 
individuals, 25, should give the same result as that obtained by 
summing the means of the other five variables. The values for 
lines and A 2 are determined in accordance with the indicated 
symbols, and the values in line A^ are obtained by subtracting the 
values in line A 2 from those in line A^, At this point the value 
in line A^, column 8^ may be used for checking the calculations. 
This value has been determined from the values in lines A^ and .4 2 , 
column 8, and it should equal the sum of the values for the several 
variables in line A 3 . Thus, 

2071.44-f-2195.12+210.08+2851.68+364.828=7693.148 

It will be noted that in this table, as well as in Table 64, there 
are several blank spaces. For example, there are no values for 
lines JSi, Bg* column A. This is done to avoid repeating 

those values which appear in other columns of the table. For 
example, XAB is the same as XBA, and so on. 





192 8TA.TISTI0AL USTHODS AFFUBD TO AOBIOULTUBAL BKSBABOH 


TaBLI! 

Stbtuiatio Abbabobment OB Symbols fob Dbtbbmikino Cobbblatiob 


A 

B 

0 

Sums 

2B 

1 

20 

Means Mq 


M. 

Ai SA» 

^AB 

2A0 

A,(2:A)Af, 


(2A)ifcf, 

A,2A»-(2A)Ara 

2AjB-(2A)Jlf5 

2A0-.(2A)M, 

Ai V2A»-(2:A)Af« 

>/2A»-(2A)Afa V2BJ-(2B)Afj 

V'2A»-(2A)Afa V2C«-(2A-M<, 

Bi 

2B2 

^BG 

Bt 

CS.B)M„ 

(2B)Af, 

Bt 

2B2-(2B)Afj 

2BC-(2B)Af, 

^4 

V2B»-(2B)Afj 

V2B*-(2B)Aft V20»-(2C)Are 

Oi 

Ot 


202 

(20)3f, 

202-(20)Are 

<7» 


V2C!t-(20)Jlf<, 

A 

A 

A 

A 

i 


A 









^4 

j 



To check the value in line B^, column 8, we sum the values in 
the preceding columns, adding %AB from line in column 6. 
We include XAB since it is the same as XBA, which has been omitted 
to avoid repetition. 

Another illustration of the use of column 8 for checking is given in 
line Bf. The various values as indicated are obtained for the several 
columns, including column 8. The calculations may be checked 
by summing the values in line B^ for columns B, C, D, and Y, adding 
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the value in line column B. This sum should equal the value 
in line Bg, column 8. The reason for using the value in line -^g 
has already been given, that is, that certain values have been 
omitted from the table to avoid repetition. 

In order to check the values in line we sum the values in 
line Cg, columns C, D, and Y, adding the values in lines and 
Bg in column C. The calculations may be checked at other points 
with the values in column S. 
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It is evident that when one has a large number of variables column 
S will be very useful for purposes of checking. It should be stated 
that for the numbers to check absolutely it is necessary that the 
calculation of the values in the individual columns be carried to 
several decimal places. The values in Table 63 have been carried 
to a sufficient number of decimals so that the values in column 3 
agree with those obtained by summation. Where there are a 
large number of calculations it is desirable to decide the number of 
decimal places that will be kept. If the work is carried to only 
three decimal places then it must be recognized that there will 
be some discrepancies in checking with column 8, The differences 
will be slight and will have no effect on the interpretations that may 
later be based on the calculations. If the differences as indicated 
by column S are considerable it indicates that there has been an 
error at some step in the calculations, and a rechecking will be 
necessary. 

Having checked the calculations with the values in column S, 
the next step is to determine the correlation coefficients. The 
correlation coefficient for A with B is obtained by dividing the value 
in line Ag, column B, by the value in line A^, column B. The 
correlation is obtained by dividing the value in line Ag, column 
C, by the value in line A 4 , column C, and so on. The correlation 
coefficients for B with the other variables are determined by dividing 
the values in line by the values in line beginning with column 
C. The correlation coefficients for the other variables are determined 
in the same way, and are entered in Table 63. The standard devia¬ 
tions for A, B, C, D, and Y may be obtained by dividing the last 
number in each column by V^- 1 . 

The next step is to determine the regression coefficients or /3 
values from the correlation coefficients, following the directions 
suggested in Table 64. The steps in the calculations are made 
clear by the instructions given in each line of the table. Substitu¬ 
ting the correlation coefficients from Table 63 and following the 
indicated steps, we have the numerical values as given in Table 
65, lines 1-17. It should be noted that A correlated with A gives 
perfect correlation, hence the value in column A, line 1 , is 1 . 0000 . 
The same is true for perfect correlation in the other characters. 

The operations should be followed through carefully and checked 
by the use of column 3, as was done in Tables 62 and 63, It should 
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be noted that no values are carried forward from column S in Table 
03 to column 8 in Table 65. The first number in column 8 in 
Table 65 is the sum of the correlation coefficients given in the pre¬ 
ceding columns in line 1. The second number appearing in column 
8 for line 3 is the sum of the B correlation coefficients. Since the 
correlation for BA is the same as that for AB, we take this value 
from line 1, column B, adding the B correlation coefficients down 
and across. Thus wo have 

.9578 -hi .0000+.8196-h.6688+.9260« 4.8717 

Similarly, the value In column 8 for line 7 is the sum of the C 
correlation coefficients and includes the correlation coefficients for 
AC and BC from lines 1 and 3 in column C, and the three correlation 
coefficients in line 7. 

As already stated in regard to the checking, if the numerical 
values are to check absolutely it is necessary that a large number of 
decimals be kept in the calculations. For the calculations in this 
example the work has been kept to four decimal places, and at 
certain points in column 8 there are small differences due to the 
dropping of decimals. For example, when four decimals are kept 
in the calculations as in Table 65, the number in line 6 of column 
8 does not check exactly with the result obtained by summing 
the values in the preceding columns in line 6. However, when 
six decimals are retained the results check. Where the difference 
is slight it is evident that no appreciable error has occurred in the 
preceding steps, but when a discrepancy is large a recheck of the 
calculations should be made. 

We may now proceed to determine the j8 values, giving careful 
attention to the proper signs in all operations. In column Y, 
beginning with line d, write down in reverse order with signs changed 
the last values in each block, beginning with block D. In order 
that these steps may be readily followed the blocks A, B, C, and 
D are designated by writing these letters on the last line, or at the 
end, of the block. Following this step we have for line d the last 
value in block D, — .3822; for line c the last value in block C, .1875; 
for line b the last value in block B, .0145; and for line a the last value 
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in block A, —.9680, changing the signs in each case. We now 
transfer to column D, line d, the value in column Y, line d, or .3822, 
which is I3yg- This number is now multiplied by the last number 
in each block of column D, beginning with block C and continuing 
in reverse order, and these products are written in lines c, 6, and a. 
In obtaining these and the succeeding products the value in the 
last block is omitted in each case. Since this value is 1.0000 the 
product would be the same as the number already recorded in 
the first line of the reverse order. 

Summing the numbers in line c of columns Y and D we have .1680, 
which is written down in line c, column C, and which is This 

is multiplied by the last number in each block of column C, beginning 
with the last number in block B, and we have ~ .2399, which is written 
in line 6, column C, and — .1145, which is written in line a, column C. 
Summing the numbers in hne 6, columns Y, D, and C, we have .0996, 
which is written in line 6, column B, and which is the value of 
The product of this number with the last number in block A is 
obtained. This is -.0954, and it is written in line a, column B. 
Summing the numbers in columns B, C, D, and Y we have .4609, 
which is the value for 

These same results may also be obtained from lines 1, 6, 11, 
and 17. Beginning first with line 17, changing the sign, we have 

1 ,0000 fiyd =.3822, /3yd =* .3822 
From line 11 by changing the signs we have 

] .0000/3yc - .9040/3yd= - .1875 

Substituting the value for ySyj (.3822) and completing the calcula¬ 
tions we have 


^yc».1580 

From line 6 by changing the signs we have 

1.0000/3y6+1.6182/3ye-.9262^yd» -.0145 

Substituting the values for /3yo (-1680) and /3yd (.3822) and com¬ 
pleting the calculations we have 


.0996 
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From line 1 we hare 

l.C000|3j,«+.9678/3»i+.7248|Sj,e+.777e^Vd»i.968o 

Substituting the values for (.0996), (.1580), and yS^,, (.3822) 

we have 


.4609 

Thus, in comparing line 6 with line 1 we find that line 6 gives 
an equation for yS values from which one value {/S^a) has been elim¬ 
inated. line 11 gives an equation for y 8 values from which two 
values, y3ya and y 8 y^, have been eliminated, and line 17 gives the 
equation for ySy^ after the other three /3 values have been eliminated. 

By using these /3 values we may form the regression equation 
as was done in the previous example. This regression equation 
may be used for predicting yield per plant on the basis of our knowl¬ 
edge of the other four variables. This equation is 


tr M 4.« 

**bcd=^y'^Pva ■ .-- ■ ■■ ~ 

V 2 A* -( 2 A)Ai 


+^b 




+Pv 


V2B* -CSSjM 
VSC* -(SC)M, 




Vsy»-( 2 y)A< 


Vsn* -(2Z))Aj 


(A-Ma) 


(B-Mi,) 


(C-M,) 


(Z>-Ma) 


Substituting the numerical values from Tables 63 and 65 the e<{ua- 
tion is 



(/I-69.320) 


(B-38.300> 

-f-.lo80 ® 

6.3687 

(C- 4.240) 

^ 80.6789 

(B-48.040) 


Completing the necessary calculations we have 

Foicd- .0839A +.0164S+.20540+.03»3i' -6.0871 
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By substituting the observed values for A, B, C, and D for the 
different varieties in turn, we obtain the predicted values for Y. 
Since the necessary steps have already been explained in the pre¬ 
vious problem it is unnecesstry to repeat them here. 

Using the correlation coefficients and values we may now obtain 
the coefficient of multiple correlation from the formula 


Substituting in this equation the numerical values obtained we 
have 


i?2=(.4609x .9680)+(.0996X.92e0)-f(.1580x .6465)+(.3vS22 X .8372)= .960606 
R =^7960606 =.9801 

With this value for R we determine to what extent yield of plant 
is dependent on the several variables studied, from the following 
formula 


100 X1 - Vl - (.9801)2 - 80.15 

This indicates that about 80 per cent of the variability of the yield 
of these oat plants is dependent on the four variables under 
observation, leaving approximately 20 per cent unaccounted for. 

Partial Correlation. We have been considering the effect on one 
character of several characters together. There is still another 
field of correlation, in which it is important to know' the relation 
between two characters when the effect of the variation of another 
character or characters is eliminated, or, as it is sometimes stated, 
held constant. 

When we determine the correlation between two variables we do 
so without considering the effect of other factors. We do not take 
any account of them. Partial correlation, on the other hand, en¬ 
ables us to determine the correlation between tw'o variables after 
eliminating the effect of other variables that have been studied. 
That is, we determine the correlation betw'een two variables in¬ 
dependent of the variation of the other variables under observation. 
While the statement is often made that a certain variable or vari¬ 
ables may be held constant, this is really impossible in most cases. 
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but the method of partial correlation does furnish a measure of the 
correlation independent of the other observed variables. 

The application of partial correlation may be illustrated with 
the material in Table 57, which has been used in the study of multi¬ 
ple correlation. For simplicity and to provide a general form for 
partial correlation we will use numeral subscripts rather than the 
letters as were used in multiple correlation. We will substitute 
for A, B, C, and Y, 1, 2, 3, and 4, and these numbers refer to the 
characters weight per bushel (1); weight per 100 kernels (2); weight 
of straw (3); and yield of grain (4). 

When the correlation coefficients for simple correlation are ob¬ 
tained, for example fij, fgg, and so on, we have what we 

may now refer to as the zero order coefficients. These are the 
simple correlation coefficients. The partial correlation coefficient 
between two variables when the effect of a third variable is eliminat¬ 
ed is indicated by the subscript. For example, r^ 2,4 means that the 
correlation between the variables 1 and 2 is determined independent 
of the variation of the variable 4. Such partial correlation coeffi¬ 
cients are referred to as first order coefficients, or partial correlation 
coefficients of the first order. 

To obtain the partial coefficient of the first order we use the 
correlation coefficients of zero order, and arrange them as illustrated 
in the following formula 

It may be pointed out that the partial correlation coefficient ri 2 .i 
is the same as r 2 i. 4 . This is evident from the following formula, 
remembering that and rji are identical. 

_ 

1 —^224 y /1 — 

The arrangement of the subscripts in these formulas may serve 
as a guide for writing the formulas for other partial correlation 
coefficients. The arrangement of the subscripts of r in additional 
formulas is based on the subscript for the partial correlation 
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coefficient to be determined, and should be in the following order. 
In the numerator we should have the first and second subscripts, 
the first and third subscripts, and the second and third subscripts, 
in that order; in the denominator we should have the first and 
third subscripts and the second and third subscripts. For example 

- - ■ 

Vl-r224 >/l-r2s4 

Substituting tlie necessary zero order correlation coefficients 
from Table 58 in the formula for 4 we have 


ri2.4= 


_. 629-( .a5 4X.60 4)_ 

Vl -(.654^v'l^(r6047* 


a.388 


This shows the relation between 1 and 2 , or between weight per 
bushel and weight per 100 kernels, independent of 4, the yield of 
grain. This simply means that if it w®re possible from this material 
to obtain a large number of varieties of oats having the same or 
about the same yield of grain, the correlation between weight per 
bushel and weight per 100 kernels for these varieties would be 
expected to be .388. 

This meaning may be illustrated further by applying regression 
equations, similar to those already used, to obtain the predicted 
values for weight per bushel from yield of grain and the predicted 
values for weight per 100 kernels from yield of grain, or the pre¬ 
dicted weight per bushel and the predicted weight per 100 kernels 
on the basis of yield of grain. Using the values from Table 68 in 
the equations 


Ay 


By 


aAf6+r24 ^ - 

V2r2-(2y;Afy 


(F-My) 


(F-ilfy) 


remembering that A, B, and Y are the same as 1 , 2 , and 4, we have 


Aya32.206+.654-J4i (F-63.023; 

00.04 

2 . 660 +. 6 Oi^ 


(r- 63 .(«S; 
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From these equations we have 

Ay=32.2O0+.llOr-8.9333.11OP+25.273 
By* 2.669+.020r-1.261 = .020F- 1.308 

Using these regression equations we obtain the predicted values 
for weight per bushel and weight per 100 kernels. From those 
predicted values we have two sets of errors of estimate, which are 
the differences between the observed and the calculated values for 
weight per bushel and the observed and calculated values for weight 
per 100 kernels. These errors of estimate represent the variation 
in weight per bushel and weight per 100 kernels after removing the 
effect of yield of grain. 

These errors of estimate may be arranged in pairs in accordance 
with the variety number and the simple correlation between them 
determined. This correlation will be the correlation between weight 
per bushel and weight per 100 kernels when the effect of yield of 
grain is eliminated. In other words, this simple correlation coeffi¬ 
cient obtained in this way from the errors of estimate for should 
agree with the value for obtained from the above equation. 
This illustrates what is meant by partial correlation. It is the 
effort to obtain the relation between two characters when the 
effect of one or more additional characters has been eliminated. 

We may proceed to make use of the above formula for partial 
correlation and obtain all the various first order partial correlation 
coefficients. It is evident that with four variables there are a 
number of possible first order coefficients, as follows; ^ 12.41 

^13.2' ^13.4> ^14.2> ^14.3> ^23.1> ^23.4> ^24.1> ^24.3> ^34.1> ^34.2* SinC3 

ri 2 =r 2 i it is not necessary to write fgi 3 , and so on, since 

they are the same as and r^ 2 Ai and so on. As we are interested 
in obtaining the partial correlation coefficients between the different 
characters, first eliminating the effect of one and then of another 
of the characters, it is more convenient to arrange the material as 
suggested in Table 66 , pages 206 and 207. 

The fiirst two columns of Table 66 refer to the zero order, or 
simple correlation coefficients. In the first column we have the 
subscripts, for example 12 , which indicates the correlation between 
variables 1 and 2 . In the second column is given the value that 
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has been obtained for this correlation coefficient, .629. Using the 
several simple correlation values from Table 58 they are placed 
in column 2 of the table in accordance with the subscripts in 
column 1. 

In the third column of the table the values for Vl—r* are found. 
These values are necessary to obtain the denominator for the partial 
correlation coefficient, as noted in the formula above. In the 
fourth column we have the product term of the numerator. It will 
be noted in the formula that we have in the numerator the product 
of two correlation coefficients. This is the product of the second and 
third zero order correlation coefficients in each group. For example, 
in the first group we have the product of and r 23 . or .424 x .643, 
giving .230. In the fifth column we have the value for the whole 
numerator, which is the product just obtained subtracted from the 
first correlation value in each group of the zero order correlation 
coefficients. Subtracting the value in the fourth column, .230, 
from the value for -^29, we obtain .399. The value for the 
denominator in column 6 is obtained by multiplying the values 
for Vl —given in column 3 for each group. In this case we have 
.906X.840 = .761. The partial correlation coefficient of the first 
order is now obtained by dividing the value in the fifth column by 
the value in the sixth column, giving in this example .524 for the 
first group. 

The subscript for each of the first order coefficients is determined 
from the zero order subscripts by writing first the subscripts ap¬ 
pearing as the first item in each group. The third subscript, which 
is separated from the first two by a period, is the numerical value 
appearing as the second number in the second and third subscripts 
of each group of zero order subscripts. For example, in the first 
group in Table 66 we have the subscripts 12, 13, and 23. It is to 
be noted that the third subscript in this group indicates the cor¬ 
relation between the second characters designated in the first two 
8 ibscripts, that is, from the subscripts 12 and 13 we see that the 
third correlation necessary is that between 2 and 3, and therefore 
the third number in the first order subscript in this case is the last 
number of this zero order subscript. For the different partial 
correlation coefficients of the first order we have the subscripts and 
correlation coefficients as given in Table 66. It is possible to obtain 
other partial correlations as, for example, 31.2, 32.1, and so on» 
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but these would be the same as the values already obtained for 
13.2, 23.1, and the like. 

It may be desirable to continue the partial correlation study 
and obtain partial correlation coefficients of a higher order. Those 
that have just been obtained, as indicated, are known as the partial 
correlation coefficients of the first order. We may now obtain the 
partial correlation coefficients of the second order from the partial 
correlation coefficients of the first order. That is. for determining 
the partial correlation coefficients of a higher order we need the 
different correlation coefficients of the next lower order. Thus, for 
the second order partial correlation coefficients we need the coeffi¬ 
cients of the first order partial ccrrelation, applying them in the 
equation 


ni.84=— 

V1 3 V1 3 

Substituting in this formula the values for the first order partial 
correlation coefficients we have 


.524-(.676X.839) _ .524-.195 ^ 

Vl -(.676)* Vl .817 X.941 .769 

This means that the relationship between 1 and 2 when the 
effects of 3 and 4 have been eliminated is represented by the partial 
correlation coefficient of .428. This may be explained in that if it 
were possible to have a number of varieties from this material with 
the same or practically the same values for the third and fourth 
characters, the correlation between 1 and 2 would be .428. 

It may be well to point out that the formula for r^ 2 .z 4 ^^7 
written in a slightly different form by a different grouping of the 
first order partial correlation coefficients. We have 

na.4-(n3.4Xr23,|) ^_.388-(»-.20l X.188) _ 

Vl -.r2is.4 Vl -raj,.4 Vi -(- .201>2 Vl - (.18SP 
_ .888-.(-).027 _ .415 
.980 X.991 .971 “ ' 
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This affords a convenient method of checking. Other second order 
partial correlation coefficients may also be derived from different 
groupings of the first order coefficients. For example 


or 


and 


or 


_ ns.2 —(^14.4^^84.2'' 

*^13.24— 

n/ 1 —r*|4.2 n/ 1 -r234., 


ris.24= 


38.4 -"_1^12.4 X r82.4>_ 

V1 — »’2i2.4 1 —’■*82.4 


’*14.23 = 


’*14.2 — •’‘18.2 ^ ’■43.2}_ 


^ _ ’‘14.8—'’‘12.8 ^’*42.3) 

’^54.28=- _ — 

Vl-’**12.8 Vl-r242.3 


For the calculations of the partial correlation coefficients of the 
second order it is convenient to arrange the material in a table, 
as was done for the first order partial correlation coefficients. For 
the material being studied we have arranged Table 67 on page 210. 

In Table 67, the first two columns refer to the partial corre¬ 
lation coefficients of the first order, and in the first column the sub¬ 
scripts are given. The first order partial correlation coefficients from 
Table 66 are recorded in the second column. The other columns 
are determined in the same manner as was done for the first order 
coefficients. The subscripts and values for the second order coeffi¬ 
cients are given in the seventh and eighth columns of Table 67. 
As already indicated, the interpretation of these second order 
partial correlation coefficients is made similarly to that for the 
first order partial correlation coefficients. 

It is sometimes desirable to carry the calculations further and 
obtain the partial correlation coefficients of the third or higher 
orders. This may be done by extending the formula, and for the 
partial correlation coefficient of the third order we have the equation 

r i2.84 — ^’■18.84 
n / 1 •-’■ 2|^.34 V ' 1 —’■* 25.54 


’'U.S45 



First Obdeb Subscripts and Coefficients, and Steps in DsTEBMiNiNa 
Second Obdeb Subscripts and Coefficients 



.129 .621 .868 34.12 
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For the partial correlation coefficient of a higher order the general 
equation may be written 


This last equation will be understood more clearly if it is com¬ 
pared with the formula for the third order partial correlation coeffi¬ 
cient. It is noted that n-l appears in this general equation. In 
the subscript for r on the left side of the equation the letter n also 
appears. This indicates that the subscript may be carried to 
several additional numbers. The first value in the numerator is 
given as r^ 2 .z 45 • • • (n-D* Comparing this with the equation 
for the third order partial correlation coefficient it is noted that in 
the equation for the third order coefficient the subscript of r on the 
left side of the equation is 12.345 but that r in the numerator has 
the subscript 12.34, which is one subscript less than the subscript 
for r on the left side of the equation. This explains the meaning 
of n — 1 , since when the partial correlation coefficient is obtained as 
12.345 the r values in the numerator and denominator have a 
subscript of one less than this. If the coefficient to be obtained is 
^i 2 .s 456 » l^be numerator we begin by writing ri 2 . 345 , and so 

on. 

When it is desired to calculate one of these higher order partial 
correlation coefficients, tables may be arranged as before. For 
example, whea the third order partial coefficients are to be determin¬ 
ed, a table would be arranged using the numerical values for the 
second order coefficients in a manner similar to the method used 
with the preceding tables, and we may continue building up these 
higher order coefficients. 

As the order of the partial correlation coefficients increases it 
requires an increasing number of zero order correlation coefficients. 
For example, for the first order partial coefficients, three zero order 
correlation coefficients are needed, namely, fig, ^ 23 . For the 
second order partial coefficients three additional zero order correla¬ 
tion coefficients, or a total of six, are needed. These are ^i 8 > 
^i 4 > ^ 23 > ^ 24 > r 34 . The following formula gives the number of 
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zero order correlation coefficients needed in accordance with the 
order of the partial correlation coefficients. 

rn+2)(n+l) 

2 

In this formula n represents the order of the partial. For example, 
for the third order partial we have 

23±2V3±2> ^10 

This means that for the third order partial, 10 zero order correlation 
coefficients are needed. 

Let us now consider the relation between partial correlation co¬ 
efficients and regression coefficients, by determining first the re¬ 
gression equations for the three variables involved in the equation 


— (ri4r24> 




Vl V1 -r224 


The three variables concerned here, following our notation, are 1 , 2 , 
and 4. 

To obtain the /3 values for these regression coefficients we use 
the same method for obtaining J3 values as explained on page 
182, Thus for > 812.4 have 


and 


^13.4 = 


ri2-^r24ri4^ 


^4.2 = 


^14- '*"42^12^ 

i -^ 24 , 


It is noted that in this case we are using the completo notation 
for > 8 , while earlier we used an abbreviated form. These abbre* 
viated forms have been used for convenience to save writing all 
of the various subscripts, which include all of the characters in¬ 
volved. In order that there may be a clear understanding of the 
complete subscripts, it may be well to write these out for one or 
two 0 values. For example, in Tables 64 and 65 we have 0^^ and 
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The full notations are (iya.hod and J3y^,aed- The full sub¬ 
scripts for the other /3 values referred to may be written in a similar 
manner. In connection with the jS'a it may be well to point out 
that ) 8 ya and /Say are not equal numerically, since J3ay shows the 
change in A for a corresponding unit change in Y, while /Sy^ shows 
the change in Y for a unit change in A. 

Substituting the values for the correlation coefficients indicated 
ill the two formulas for the j8 values, we have 


P _ .629-(.604X.654) _ Qaa 

-r::-(:w4)»- 

.•851.-(:604>C.629)_ = .431 
1-(.604)2 


In a similar manner we may proceed to determine ^ 821.4 
^ 24 . 1 - We have the equations 


and 


fioi 1= ^21 "(^4^24) 
1 - 7^4 


/3s41 = 




Substituting the numerical values in these equations we find 


^^ 21.4 = . 409 

^4.1=--.337 


Using tho P values obtained from the fiist two equations we 
may obtain a regression equation which will give the predicted 
values for weight per bushel ( 1 ) when the relationship with yield of 
grain (4) is taken into account. Thus we have the following equa¬ 
tion, remembering that the characters A, B, and Y are the same as 
1, 2, and 4. 


A=sAf^+^12.4 








{B—Mh) 
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Substituting the numerical values we find 

A»32 206+1.837B-4.719+.072F-4.638-1.837H+.072r+22.949 


With the second set of values we obtain a regression equation 
for predicting weight per 100 kernels (2) when the variation of the 
yield of grain (4) is taken into account. The equation is 


V2A2-.(2A)Af« 

. ^ V2J52 

"rfttt.i ~~r: 

V2F*-v2r)Afy 


(A-Ma) 


(F-Afy) 


Substituting the numerical values we find 


B=i2.569+.082A -2.641+.011F - .693a .082A+.011F - .765 
By using and we may obtain 

/yij.4 Au. 4=* V^.SdSX.409 a,388 


This is the partial correlation coeflScient and shows the relation 
between the correlation coefficient and the regression coefficient, 
and the same relationship holds whether we are dealing with simple 
or with partial correlation coefficients. 

It is also possible to obtain the partial correlation coefficient 
ri 2.4 from the coefficient of B (1.837) in the first regression equation 
above and the coefficient of A (.082) in the second regression equa¬ 
tion, by obtaining the square root of their product. We have 


ri2.4a Vl.637X.082 ».888 

This is the same value as obtained above. 

The foregoing discussion shows how simple correlation may be 
extended so that by means of multiple correlation we are able to 
determine the effect that several variables may have on one vari¬ 
able. Partial correlation tends to measure the relation between 
two variables when the effect of one or more variables whose rela¬ 
tionships are known have been eliminated. 
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It may be well to point out, however, that the methods for multi¬ 
ple and partial correlation have certain limitations. In the first 
place it is important that the number of observations studied in 
each instance be fairly large. A second limitation is that for these 
methods to give accurate results it is necessary that the regression 
between aU variables be linear. When the regression deviates 
slightly from linearity the methods would still give an approximate 
measure for multiple and partial correlation. It is desirable to 
make scatter diagrams or correlation tables of the zero order cor¬ 
relation between the different variables to see if there is any tend¬ 
ency to depart from linearity. When there is a tendency to an 
appreciable departure from linearity, it is necessary to use methods 
that are adapted for such cases, and the student is referred to the 
treatise by Ezekiel for a full treatment of the subject. 



CHAPTER IX 


THE PROBABLE ERROR CONCEPT 

We cannot proceed far in the study of statistical methods without 
realizing that all measurements and the constants derived from 
them are subject to a certain amount of variation, and that the 
reliability of a result will depend on having some estimate of the 
amount of variation to be expected. In dealing with the different 
constants as calculated in the preceding chapters, we have said 
nothing about this possibility. It is evident, however, that since 
the constants are determined from data obtained by measurement 
or counting, such data are subject to a certain amount of variation. 
There may be variation in such a simple process as taking a meas¬ 
urement on the height of a wheat plant. It is likely that the same 
plant may be measured by two investigators and the results may 
be slightly different due to the fact that the measure was not read 
in exactly the same way. It is impossible to attain absolute accu¬ 
racy in measurements or weights, so that the results obtained 
from two or more lots of the same material may not give the same 
mean or average. 

It is also evident that the reliability of a result is related to the 
number of observations on which the result is based. We often 
hear the expression that two guesses are bettor than one, and in 
statistical analysis this may be extended to mean that a constant 
calculated from many observations of similar kind is more reliable 
in general than one calculated from only a few observations. 

Errors of Observation, Let us illustrate the variation that may 
occur in results by considering a chemical problem. Suppose that 
a number of persons were to determine the amount of silver in a 
solution of silver nitrate. Even if they were well-trained chemists 
and used the most approved methods with accurate balances, the 
final determinations as to the amount of silver present in the solu¬ 
tion will differ. Such differences wiU be due in part to the samples 
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that each experimenter may take, and we may say that sampling 
causes part of the variation. Variation will also be due to the 
technique followed by the different experimenters. Even if several 
determinations were made by one investigator, his results also would 
show a certain amount of variation. The average of the several 
determinations, however, may give a fair measure of the amount 
of silver in the solution, but it is important that this average be 
based on sufficient determinations. 

What is true of this chemical experiment is true also o?: other 
types of chemical experiments, physical measurements, measure¬ 
ments of plant characters, results obtained from surveys, data 
from social or economic sources, and the like. If a large number 
of measurements have been made on similar material many of them 
may agree very closely but others may show a considerable amount 
of variation. The differences that are caused by any uncontrollable 
factor are called deviations, and may be termed errors of obser¬ 
vation. They occur and affect most results, and they cannot be 
entirely eliminated, but their effect may be minimized by the use 
of large numbers of observations. It is possible to use the most 
refined methods in experimental work and yet many uncontrollable 
factors intervene to cause results to deviate more or less from each 
other and from the mean of all of the results. Such variation is 
expected, and in fact one often finds that when experimental results 
agree too closely they arouse a certain feeling of distrust. 

These errors of observation must not be confused with mistakes 
in measuring and recording, or in the calculations, nor should the 
fact that we expect variations in a certain result be an excuse for 
inaccuracies of measurement. In all operations one should be as 
exact as possible, but even so there will still be many uncontrollable 
factors that will affect the results and produce errors of observation. 

Errors of observation may be illustrated by the example of a 
marksman shooting at a target. The object is to hit the center of 
the target, but there will be a certain amount of deviation from the 
center depending on the accuracy of the marksman. The experi¬ 
menter, like the marksman, is attempting to measure or obtain a 
true value and, like the marksman, each determination he makes 
may miss the true value more or less, depending on the variability 
of the material and the methods of measuring and recording the 
results. 
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Let US consider as an experiment a contest between two men 
shooting at a target. Each marksman has ten shots or chances. 
The deviations of the shots of the first marksman, A, from the center 
of the target are indicated in column A of Table 68, and the devia¬ 
tions of the shots of the second marksman, B, are given in column 
B of the table. 


Table 68 

Assumed Deviations from the Cbntbb 
OF A Target in a Contest Between 
Two Marksmen 


Deviations 

Deviations 

A 

B 

0 

2 

S 

3 

4 

2 

2 

4 

8 

3 

4 

2 

6 

3 

0 

4 

6 

2 

1 

2 

27 

27 


These failures to hit the center of the target may be considered 
as errors of observation. Marksman A hits the center of the target 
twice, as indicated by the two deviations of zero in column A, but 
he also misses the center of the target twice by five units each time. 
Marksman B does not hit the center in any of his shots, yet he does 
not miss the center by as many units as does marksman A. 

We may now compare these results. Summing the deviations of 
A and B we find that the sum in each case is 27. Since there are 
ten experiments or ten shots we divide 27 by 10, giving an average 
of 2.7 for each of the marksmen. This result alone would indicate 
that the marksmen are equal in their ability to shoot, or if we 
consider it as covering experiments in general we might say that 
the results for A and B are the same. 

Let us consider, however, the size of the target that is necessary 
to include all the shots for A. It is seen that in two of his attempts 
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he deviates from the center by five units. This means that he 
must have a larger target to include all of his shots than does B, 
whose greatest deviation from the center of the target is four units. 
Instead of using the average of the deviations a better measure of 
the accuracy of A and B may be obtained by the root-mean-square 
as measured from the center of the target. We find that the sum 
of the squares of A’s shots is 105 and the sum of the squares of B’s 
shots is 79. Taking the mean, we have 10.5 for A and 7.9 for B, 
and extracting the square root we have 3.24 for A and 2.81 for B. 
We would conclude that B is a more accurate marksman than A 
since his shots show less variability. Similar results may arise in 
experimental work, and the reliability of the conclusion drawn 
will be dependent on the variability of the results. 

Let us consider another simple experiment which will illustrate 
the meaning of errors of observation, or the tendency of the indi¬ 
viduals to deviate from some central value. For this experiment 
we utilize the popular practice of tossing coins. If we consider 
first the tossing of one coin, one side of which may be designated as 
heads and the other as tails, we know that when this coin is tossed 
on a table there are only two possibilities for it to come to rest, that 
is with either the head side up or the tail side up. Now what is 
true of one coin is true of several coins, and when several are tossed 
on a table each coin has the possibility of coming to rest with 
either side up. 

We may suppose that eight coins are shaken thoroughly in the 
hand or in a cup and tossed on a table. While we may expect half 
of them to come to rest with heads up and half with tails up, this 
does not hold true all of the time, and there is a certain amount of 
deviation. It is entirely possible if one continues the tossing that 
occasionally all the coins may come to rest with heads up, or all 
may come to rest with tails up. It is also possible that only one 
of the eight will come to rest with heads up, and again we may find 
two heads out of the eight, or three heads, and so on. Thus there 
are several possible variations ranging from no heads showing to 
all eight heads showing. 

If we continue to toss eight coins many times we may expect 
to find results similar to those shown in Table 69, page 220, in which 
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are recorded the number of heads obtained by tossing eight coins 
2000 times. 

While, as expected, four heads and four tails occur most fre¬ 
quently, we also find that three heads and five heads occur very 
often, and that two and six heads, one and seven heads, and zero 
and eight heads occur with less frequency. Such an experiment 
gives results that tend to approach a symmetrical distribution. If 
the results came out exactly as expected we should have the number 
of heads as indicated in the last column of Table 69. With such 
an experiment we would expect the values given by the expansion 
of the binomial 2000 + J)*, but it is seen that the observed 

Table 69 

Distribution of Number of Heads 
Obtained by Tossing Eight Coins 
2000 Times 


Numbeb of 
Heads 
Possible 

Number of 
Times 
Obtained 

Numbers Obtained 
BY Expanding the 
Binomial 

2000 (H-i)® 

0 

11 

7.8125 

1 

62 

62.5000 

2 

196 

218.7600 

3 

421 

437.5000 

4 

674 

546.8750 

6 

467 

437.5000 

6 

203 

•il8.7500 

7 

55 

62.5000 

8 

11 1 

7.8125 


numbers in the second column show some variation from those in 
the last column. That is, even with such a simple experiment as 
the tossing of coins, we find considerable deviation from expectancy. 
Even greater deviations may be expected in results obtained from 
biological, social, or economic statistics. 

The results given in Table 69 show that there is a tendency for 
the errors of observation to be symmetric, with the greatest 
number of observations at the center, or at class 4. If the tossing 
were continued ao that we would have a very large number in 
population, then the observed values would approach more 
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and more closely to a perfect symmetrical distribution, similar to 
the distribution in the last column of the table. This is true with 
errors of observation in general, that is, most errors of observation 
tend to form a symmetrical curve, especially if a large number of 
such errors are available. With a small number in the population 
the distribution may not be symmetrical. The symmetrical dis¬ 
tribution resulting from errors of observation is referred to as a 
normal distribution, and such a normal distribution is often referred 
to as a normal curve of error. For the analysis of the results of 
errors of observation we may use the methods of analysis that have 
been developed for the normal curve of error. 

Since there is this tendency for measurements and observations 
to vary, it is evident that the results obtained from any biometrical 
analysis are subject to a certain amount of variation due to errors 
of sampling. That is, in studying such a character as the height 
of men in a certain city or of a particular race, it is not possible for 
us to measure all of the individuals and therefore the number with 
which we deal is merely a small sample drawn from the whole popu¬ 
lation. If one measures the height of 2000 men and finds the 
average to be 67,8 inches, this does not mean that the height of all 
of the men in the city, or all of the men of a particular race, would 
average exactly 67.8 inches. That is, while the first sample of 2000 
men may show an average height of 67.8 inches, it is entirely pos¬ 
sible that another sample of 2000 will give a mean value slightly 
different from the first, and the same will be true of additional 
samples. Therefore we must not treat the result obtained from 
the sample of 2000 men as a definite value for all the men. It is 
merely an average value that is definite for this study and another 
sample may give a slightly different result, or the addition of even 
a few more men to the sample of 2000 may change the result. 

We cannot know definitely the average height of all the men 
in a city or of a certain race unless all of the individuals are meas¬ 
ured, and it is usually impossible to do this. It may be well to 
point out that in the usual statistical analysis we are endeavoring 
to obtain results which represent the true value that would be 
found if it werepomble to make obserrotions on all oftbemdiridaals 

or cases. In other words, we may not know or ever obtain exactly 
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the true value, but by averaging the results of many observations 
or experiments we may obtain the most probable value which 
approaches the true value. 

Let us illustrate the differences that may occur due to the devia¬ 
tions of the individual observations or due to the fact that we are 
able to measure or observe only a portion of the total individuals. 
We will refer again to the experiment of tossing coins. Suppose 
eight coins are tossed 20 times and the number of heads recorded, 
giving the following distribution: 


Number of 

Number of 

Heads 

Times 

Possible 

Obtained 

0 

0 

1 

1 

2 

2 

3 

4 

4 

4 

5 

7 

6 

2 

7 

0 

8 

0 


The mean of this distribution is 4.00. Now, suppose we make 
one more toss and add it to these 20. The number of heads turned 
up is 3, and the mean of this distribution of 21 tosses is found to be 
3 95. It is seen that the addition of one more observation has had 
the effect of changing the mean from 4.00 to 3.95. This shows that 
the mean may be changed by the addition of one or more individuals, 
depending on the deviation that the additional observations may 
show from the mean. If the additional toss had been the same as 
the mean of the first 20, the mean would have remained at 4.00, 
but as it differed by one unit from 4.00 its effect was to reduce the 
value of the mean. 

To show the change in the value of the mean that occurs in 
several samples drawn from the same kind of material, we may con¬ 
sider again the experiment of tossing coins. Suppose that we 
conduct four more experiments in which we toss eight coins 20 
times. The results of these five experiments are given in Table 70, 
page 223. 
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From the first experiment we obtained a mean value of 4.00. 
If there were no errors due to sampling we would expect that the 
means of the other four experiments would also be 4.00, but wo 
find that they differ by various amounts. The means of the other 
four experiments are 4.20, 3.95, 4.10, and 3.95. Thus we see that 
with an experiment as simple as the tossing of coins there is con¬ 
siderable variation so far as the mean value is concerned. 

Table 70 

Results of Tossing Eight Coins 20 Times in Five Expebimbnts 


OF 

Heads 

Possifii.B 

Numbeb of Times Obtained in Each Expeeimemt 

Fiest 

Second 

Thibd 

Foubth 

Fifth 

0 

0 

0 

0 

0 

0 

1 

1 

0 

1 

1 

0 

2 

2 

3 

1 

2 

4 

3 

4 

4 

6 

3 

4 

4 

4 

5 

3 

7 

8 

6 

7 

3 

8 

3 

7 

6 

2 

4 

1 

3 

2 

7 

0 

1 


1 

0 

8 

0 

0 

0 

0 

0 

Mean 

4.00 

4.20 

3.95 

4.10 

3.95 


Standard Error and Probable Error. If we find such variation in 
this experiment, it is evident that there will be a considerable 
amount of variation in the means and other constants when samples 
are drawn from biological, social, or economic statistics. With such 
a simple experiment as the tossing of coins we may repeat the 
operation a large number of times and finally obtain a result that 
approaches very closely the true result, but with the usual type of 
experiment it is impossible to have a large number of replications. 
Therefore it is necessary to have some means of indicating the 
amount of variation that may be expected in a constant or, in 
other words, to be able to indicate the reliability of a constant. 
In order to satisfy this condition it is necessary to add to a constant, 
such as the mean, standard deviation, coefficient of correlation, 
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and the like, a value that will indicate this variability or measure 
the reliability of these constants. We have such a measure in 
either the standard error or the probable error. At the present time 
in certain types of investigation, especially in the analysis of field 
experiments and similar studies, the standard error is being used 
rather generally, but the probable error still has a place in statistical 
analysis. Standard errors may be converted to probable errors 
by multiplying the standard error by the constant .6745. 

The use of the standard error or the probable error to indicate 
iheexpected variability or to measure the reliability of an experiment 
may be illustrated with the first experiment of the tossing of 20 
coins, in Table 70 The mean of this experiment is 4.00 and the 
standard deviation is 1.34. This gives us some idea of the amount 
of variation we may expect from single tosses, since the standard 
deviation is the standard error of a single toss in this experiment 
and may be used to denote the variability that may be expected 
to occur in the mean if we made other experiments with similar 
material. As already stated, the probable error is obtained by 
multiplying the standard error by the constant .6745, and for this 
experiment we have 1.34 x .6745, giving a value for the probable 
error of .90. This is referred to as the probable error of a single 
determination, which in this case is a single toss, and is represented 
by the formula 

P. Xr.,»=t. 6746 a 

Now, as we found by experience, we do not know whether a 
single toss will give us a value above or below the mean, and since 
either is likely to occur the practice is to precede the constant 
.6745 by the plus and minus sign (i) and the probable errors as 
determined are preceded by this ± sign, indicating that it is equally 
possible for the error to be above or below the central value, or the 
mean. 

The soandard error and probable error give some idea of the 
possible deviations from the mean that may be expected in future 
experiments. In the present experiment either of these constants 
would give some idea of the deviations that may be expected if we 
continued the tossing of coins. As already stated ± .6745(r is the 
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probable error of a single observation, or toss in this case. It is 
possible to obtain the probable error of the mean of this experiment 
by making use of the number of determinations. It has been stated 
that the reliability of a result depends on the variability that the 
several items show and on the number that have been observed. 
Therefore, by considering the variability and the number of obser- 
vations, we may obtain the probable error of the moan from the 
formula 

P. A7.tf*dt:.C746~ ^ 

\/N 

This shows that while the reliability depends on the number of 
observations it does not increase directly with the number of in¬ 
dividuals observed but increases with the square root of the number. 
Substituting in this equation the standard deviation and N for the 
first experiment in Table 70 we have the probable error of the mean, 
or 


P- J*?.jf«db.6746--^_la^zb.20 

V20 

This gives an indication of the variation we may expect in Iho 
mean if we continue to make other experiments of a similar kind. 

We are able now to make some prediction as to the limits within 
which or without which we may expect the mean to fall. Since 
the standard deviation when multiplied by the constant =fc .0745 
gives us the quartile deviation for symmetrical distributions, and 
since we have already learned that the quartile deviation is such 
that one-half of the observations are included within the limits of 
the quartile deviation we may now apply this idea to the probable 
erroi of a mean. 



Fig. >8. Tllustratinp: area of curve included when 
a value equal to 1 KP . E.g is measured off on each side 
of the mean. 
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The quartile deviation, as already stated, is equal to the probable 
error of a single determination, and in Figure 28, page 225, is shown 
the area of the curve that is included when the value of P.-B.,, or 
the quartile deviation, is measured off on each side of the mean. 
Thus we see that when the value of 1 x P.B., is measured from the 
mean in both directions we include one-half of the area of the curve, 
or applied to a frequency distribution we include one-half of the 
observations. The same is true if the observations are means, or 
errors of observation. 

We may therefore expect on the basis of our first experiment 
that, repeating the experiment a large number of times, one-half 
of the means will fall within the limits indicated by the probable 
error, or the amount as calculated from the above formula. On 
the basis of this relation we expect that one-half of oul means will 
fall within the limits of 4.00 db .20, or from 3.80 to 4.20, inclusive. 
This is on the assumption that we have a large number of experi¬ 
ments or observations, but may not hold exactly for small numbers. 

In order to compare observation with theory, the experiment of 
tossing eight coins 20 times was continued until 194 such experi¬ 
ments were obtained. The mean of each experiment was calculat¬ 
ed and these means are recorded in Table 71, page 227. 

From the first experiment we predicted that the probable error 
of a mean of a similar experiment should be d= .20. This predic¬ 
tion was based on 20 tosses, and we find that when the moans of 
194 similar experiments are obtained and the probable error of a 
single determination (in this case a single mean) is calculated from 
± .6745cr the probable error is db .20, the same value as predicted 
from the first experiment. 

Now, in accordance with our prediction we expect one-half of 
the means in Table 71 to fall within the limits of 4.00 =t .20. If we 
count the means that lie within these limits we find 97, and there 
are also 97 outside these limits. As a rule such close agreement is 
not expected, but in this case there is an exact agreement between 
theory and observation—that the quartile deviation or the prob¬ 
able error of a single determination when measured from the 
mean includes one-half of the observations. We see from the result 
obtained how it is possible on the basis of one experiment to deter¬ 
mine the limits within which or without which we may expect our 
result to fall if we were able to continue to make a large number of 
similar determinations. 
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Tablb 71 

DiSTBiBUTTOiir OT Mban NxniBBB OB Hbads Obtained bbou 
194 Expebxmbnts ob Tossing Eight Coins 20 Times 


3.40 

8.70 

3.85 

4.00 

4.15 

4.30 

3.40 

8.70 

8.85 

4.00 

4.15 

4.30 

8.45 

3.70 

8.85 

4.00 

4.20 

4.a5 

8.45 

3.70 

3.86 

4.00 

4.20 

4.35 

8.45 

3.70 

8.86 

4.00 

4.20 

4.35 

8.50 

3.70 

8.85 

4.00 

4.20 

4.35 

8.60 

3.75 

3.85 

4.00 

4.20 

4.35 

8.50 

3.76 

3.85 

4.00 

4.20 

4.35 

8.55 

3.75 


4.00 

4.20 

4.35 

8.55 

8.75 


4.05 

4.20 

4.40 

8.55 

8.76 

3.90 

4.05 

4.20 

4.40 

8.55 

3.76 


4.05 

4.20 

4.40 

8.55 

3.75 


4.05 

4.20 

4.40 

8.60 

8.75 

3.95 

4.05 

4.20 

4.40 

3.60 

8.75 

8.96 

4.05 

4.20 

4.40 

8.60 

8.75 

8.95 

4.05 

4.20 

4.40 

3.60 

3.75 

3.95 

4.05 

4.20 

4.40 

3.60 

3.75 

3.95 

4.05 

4.20 

4.45 

3.65 

3.75 

3.95 

4.05 

4.20 

4.45 

3.65 

3.76 

3.95 

4.05 

4.20 

4.45 

3.65 

3.80 

8.95 

' 4.05 

4.20 

4.45 

3.65 

3.80 

3.95 

4.05 1 

4.25 

4.45 

3.65 

3.80 

3.96 

4.10 

4.25 

4.45 

3.65 

3.80 

8.95 

4.10 

4.25 

4.50 

3.65 

3.80 

3.95 

4.10 

4.25 

4..50 

3.65 

3.80 

3.95 

4.10 

4.25 

4.50 

3.65 

3.80 


4.10 

4.25 

4.60 

3.65 

3.85 

4.00 

4.15 

4.25 

4.50 

3.65 

3.85 


4.15 

4.30 

4.55 

3.65 

3.85 


4,15 

4.30 

4.55 

3.65 

3.85 


4.15 

4..30 

4.60 

3.65 

3.65 

3.85 


4.15 

4.30 

4.60 

4.60 


4.00 
S.l>.= .29 

P.5.,=rfc20 


The prediction that may be made is dependent on the fact that 
the first experiment is based on sufficient observations, and on a 
sample that is fairly representative of the condition we are investi¬ 
gating. If the first experiment is based on inadequate numbers or 
on material that does not represent the whole population, then the 
prediction will not be so exact. If the first experiment in the toss¬ 
ing of coins had been one that was very abnormal, we would not 
obtain the close relation between theory and prediction that is 
found here, but the illustration has been used to show the relation 
between one experiment and many of a similar kind. 
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The reliability of constants, such as the mean and standard de- 
viation, is therefore indicated by the probable error, and it must be 
evident that the smaller the error the more reliable is the result. K 
we have the values 40=t4 and 40dbl for two means, we think of the 
latter as being more reliable than the former. This is true since we 
would expect the true mean in the case of the latter experiment to 
fall within the limits of 40 ±1 one-half of the time, while with the 
former the true mean would fall within the limits of 40d=4 one-half 
of the time. We would therefore place more confidence cn the mean 
of 40d=l. 

In practice it is preferable to write the constant with its proba¬ 
ble error rather than to give merely the constant. That is, for 
the experiment of the tossing of coins the mean is better expressed 
as 4.00dz*20, rather than 4.00. 

Let us consider another type of experiment. A large number of 
plots of equal size were sown to the same variety of soy beans, and 
the yields were obtained from each plot. Samples containing ten 
plots each were made up at random, and the means of these samples 
are recorded in Table 72. 


Table 72 

Distkibution of Means Obtained 
FROM Samples from the Same 
Variety of Soy Beans 


179.8 

212.0 

221.9 

234.1 

181.5 

212.1 

222.8 

236.5 

196,1 

212.2 

222.9 

236.7 

196.4 

213.7 

223.2 

237.1 

201.7 

214.3 

223.9 

237.7 

201.7 

216.3 

224.1 

237.9 

202.7 

216.5 

224.3 

238.1 

205.9 

216.5 

224.5 

239.8 

207.2 

217.3 

224.7 

240.6 

207.4 

217.6 

225.0 

241.6 

208..S 

217.8 

225.9 

242.6 

208.8 

21S.7 

.229.8 

244.9 

209.8 

23S.9 

229.8 

247.3 

209.8 

219.1 

230.5 

249.2 

210.6 

220.1 

232.0 

249.2 

211.4 

220.9 

232.2 

251.9 

211.6 

221.4 

233.0 

253.3 

211.7 

221.4 

233.9 

262.9 
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The mean of these means is found to be 222.7 and the standard 
deviation is 15.92. Obtaining the probable error for a single deter¬ 
mination we have 

-P. -fi^.,»db.6745X 15.92 =t ±10.74 


Table 73 


Yields op 240 Plots All Sown to the Same Variety of Oats 



P.E., obtained by counting as±5.75 
F.E., calculated from .6745<r»±6.68 
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With this probable error of a single determination, which is the 
probable error of a single mean, we may mark oflE the limits on each 
side of the mean indicated by the plus and minus signs, and we have 

222.7-10 74*211.96 
222.7+10.74 *233.44 

If we eount the means within these limits we find that there are 35 
within the limits, and 37 without. From theory we expect 36 to 
36, so again the observation agrees closely with theory and this 
illustrates the meaning of the probable error of a single determina¬ 
tion. 


Probable Error by Counting. We have already learned that the 
quartile deviation is equal to P.E.^y and since this is so it should be 
possible to determine the probable error of a single determination 
by counting. If all of the individual measurements are arranged 
in order according to size, beginning with either the largest or 
smallest item, then by counting we may determine the individual 
that divides the population so that one-fourth of the individuals fall 
below this value and three-fourths are above this value. This may 
be illustrated with the data in Table 73, page 229, which are the 
yields of 240 plots of oats all sown to the same variety, arranged 
in ascending order of yield. 

As there are 240 individuals in the population, the first quartile 
must be so taken that 60 individuals fall below it Therefore the 
first quartile is between the 60th and 61st individual, and the aver¬ 
age of these two individuals is taken. We have 

5M+5?J:^69.4 

This is the value of Similarly the value of the point below 
which three-fourths of the individuals lie, is 

70.8+71.0 


Then from the formula for the quartile deviation 


we have 


2 


. 70.9-69.4 
2 


=6.75 


2 
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Since Q is equal to therefore the value of P.E., determined 

by counting is ±5.76. Now if the mean and standard deviation 
are determined in the usual way we have 

Af=65.1 

<r=&.42 

and P.E,f is equal to 

±.6746X8.42=±6.68 

The value of P.P., obtained by counting, ±5.75, agrees very well 
with that obtained from the calculations, ±5.68. 

The mean is 65.1, and when P.E,^^ ±5.68, is subtracted from 
and added to the mean we have the limits 59.42 and 70 78. Count¬ 
ing the individuals within these limits we find 117, and there are 
123 without these limits. This agrees very well with 120 to 120, 
which would be expected from theory. Slight deviations from the 
theoretical expectation may occur, but they are not large enough 
to discredit conclusions that may be drawn. When the population 
is large and the observations agree closely with the symmetrical 
or normal typ© of distribution, wide deviations will probably be 
less frequent than with small populations and asymmetrical dis¬ 
tributions. 

Now if twice the value of P.P., is taken (5.68x2 ==11.36) and 
new hmits obtained by subtracting and adding this value from and 
to the mean, 65.1, the limits are 53.74 and 76.46. The number of 
individuals within these limits is 193 and there are 47 individuals 
outside these limits. This is a ratio of 193/47, or 4.11 to 1. We 
may now proceed to determine the number that may bo expected 
if the population were large and the distribution were strictly 
symmetrical, and this leads to the consideration of the calculation 
of odds. 

Calculation of Odds, In order to express results in terms of 
probability, or expectancy, we calculate odds on the assumption 
that the observations would give a symmetrical curve provided 
there were sufficient numbers. Appropriate tables of probability 
values are available to aid in the calculation of odds, and an ab¬ 
breviated form of such a table appears as Table VI in the Appendix. 
The values in this table are based on an assumed area of 100000, 
and from these values it is possible to determine what part of the 
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area of the curve is included for any distance from the mean, by 
obtaining first the ratio of the distance, x, to its standard deviation, 



The values in the first column, are the ratios that may be 

obtained by dividing any distance, x, by the standard deviation 
that has been determined for the data under observation. For 
example, if the standard deviation of a distribution is 1.6 and x is 
taken as .9, we have the ratio .9/1.5, or .6. For this ratio of .6, in 
the first column of the table, we find that the corresponding area is 
22575, which is the area of the curve that is included between the 
mean and the value of x (.9) on one side of the mean. On both 
sides of the mean the area is twice this value, or 2 x 22575 = 45150, 

so when ~ = .6 the area included within these limits is about 45 

per cent. From the ratio of it is possible to determine from the 

table what part of the total area of the curve would be included 
for any particular ratio. 

As another illustration we may take the — ratio of .6745. If we 

look in column for the value .67 and then read on this line in the 
column with heading 4, we find the value 24984. This indicates 
that for the ratio of — of .674 the area of the curve that would be 
included equals 24984. Now the value we are seeking is the ratio 
of — of .6745, and it is therefore necessary to interpolate. For of 

.675 we find on the same line in the column with heading 5 that the 
area is 25016. Interpolation may be done as follows: 

®~ = .67d area = 25016 
a 

= .674 area=24984 

0 

The differences are 

.001 32 

The value we wish is .6745, or one-half the distance between .674 
and .675, so we take one-half the difference between the two areas, 
or one half of 32, giving 16. This is added to the lower value, 

24984, giving 25000. Thus we see that when ~ equals .6746 one- 
fourth the area of the curve is included and since the error of 
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observation is as likely to be above as it is below the mean we 
measure off this value on both sides of the mean, giving a total 
area of 60000. Since this is equal to one-half the area of the curve, 
we see why we expect one-half of the individuals in a series of ob¬ 
servations to faU within the limits of 1 and one-half to fall 

without, leading to odds of 1 to 1. This is illustrated graphically 
in Figure 28. 

Suppose for a distribution the value of rr is such that when it is 
divided by the standard deviation of the distribution, or for 

the ratio is 1. Then from the table the area of the curve that is 
included is 68268. This means that for any distribution where 

•^■sl and a distance equal to the standard deviation is marked off 
on each side of the mean about 68 per cent of the individuals are 
included. 

We have used in determining odds, and the question may 
arise as to how the table of probability values giving the area of 
the curve for ^ may be used to calculate odds when we are dealing 

with the probable error. A simple illustration may help to clear 
up this point and show that either the standard deviation or the 
probable error may be used with these tables. 

Suppose that an x value of 3, as measured from the mean, has 
been obtained, and the standard deviation is 1.5. We may call this 

X value the difference, or deviation. The value of in this case 
is 2.0, and we would therefore seek out the area corresponding to 
an ~ value of 2.0. 

If we choose to use the probable error the standard deviation 
will have been multiplied by the constant .6745, giving 1.012. For 

the value of p^' we would then have 3/1.012, or 2.964. Thus it is 

seen that when the standard deviation is used a ratio value of 2.0 
is obtained, but when the probable error is used the ratio value 
is 2.964. Since the probability values in the table are determined 

on the basis of when we use the probable error and obtain a ratio 

of it is necessary to multiply this ratio by .6745 to give the 
same ratio that would have been obtained had the standard 
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deyiatioD been nsed. The ratio 2.964 multiplied by .6746 gives 
1.999, and if more decimals were retained this would equal 2.0, the 
same value obtained when using the standard deviation. Therefore, 
when obtadning the ratio of any difference, or any value of x, to 
its probable error, it is necessary to multiply the ratio by the con¬ 
stant 6746 before determining the odds from the table of probability 
values. 

We may now determine from the values in the probability table 
the odds when the ratio is 2.0, or twice the value of P.E.,. 

Following the discussion above we have .6746x2=^1.3490, and 
since the table is given in an abbreviated form it is necessary to 

interpolate for this value. From the ratios of ■— nearest to 1.3490 
we have 

—=1.860 area=41149 
0 

— =1.829 area=40808 
a 

The differences are 

.021 841 

The value for which we wish to determine the area is 1.3490, and 
the difference between this and 1.329 is .020. Now by direct 
interpolation we have 

X341=326 

This is added to the lower area value, 40808, and we have 41133. 
Again on the assumption that the error of observation may occur 
above or below the mean, we double the area, giving 82266. This 
is subtracted from the total area, or 100000-82266, leaving 17734. 
This shows the proportion of the total area that would be included 
within twice the value of P.E.„ and the total excluded. This is 
illustrated diagrammatically in Figure 29, page 236. The odds are 
obtained from the ratio 82266/17734, or 4.64 to 1. This ratio is to 
be compared with that obtained from the oat problem, where the 
ratio was found to be 4.11 to 1. The expected value is higher 
than that obtained from observation. 
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Fio. 29. Illustrating area of curve included when 
a value equal to 2xP,E,^ is measured ofi on eaeli side 
of the mean. 

We may determine the odds expected when is 3.0, or 

3 X following the steps just outlined. We first obtain 3 x .6745, 
or 2.0235. It is necessary again to interpolate, and we have from 

the ratios of — nearest 2.0235 
0 

—=2.040 area=47932 
0 

—=2.019 area=47826 
0 

The differences are 

.021 106 


The value for which we are interpolating is 2.0235, and subtracting 
2.019 from this we have .0045. Then 


.021 


X106=23 


This is added to the lower area value, 47826, giving 47849. Doubling 
this value, for the same reason as before, we have 95698 as the por¬ 
tion of the curve that we would expect to be included within the 
limits of SxP.JE.,. The difference between this and 100000, or 
100000-95698 = 4302, is the amount left outside of these limits. 
This is illustrated diagrammatically in Figure 30. Obtaining the 
ratio 95698/4302 we have 22.25, or the odds are 22.25 to 1. 



Fio. 30. Illustrating area of curve included when 
a value equal to is measured off on each side 

of the mean. 
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In this case we would interpret the odds as being 22.25 to 1 
against a deviation being found as great or greater than three times 
the probable error of a single determination due to errors of samp¬ 
ling or chance variation alone. In other words, we would expect 
that once out of 23.25 times (22.254-1) a deviation as great as 
three times the probable error of a single determination will occur 
due to random variation, or due to chance. 

We may continue the calculations for four times the probable 
error, and by interpolating in the same manner as before we find 
that the odds are 142.27 to 1 against a deviation of four times the 
probable error of a single determination occurring due to random 
variation. 

The methods given show how odds may be calculated. A short 
table giving odds for the different ratios of is given as Table 

74, and a more extended table appears as Table VII in the Appendix. 
For the calculation of odds a more complete table is given in 


Table 74 

Table op Odds fob Values, Calculated pbom tbe 

Probability Values in Table VI in the Appendix 


Divtbbisngb trom the 
Mean in Terms or the 
Probable Error, or 
Deviation 

DirrERENCB Between 
Two Results in Terms 
or THE Probable Error 
or Each Result* 

Odds Against Such a 

DirrERENCB OCCURRINO 

Dub to Chance 

Probable Error 

1.00 

1.41 

1.0 : 1 

1.25 

1.77 

1.5 : 1 

1.50 

2.12 

2.2 ; 1 

1.75 

2.47 

8.2 ; 1 

2.00 

2.83 

4.6 : 1 

2.20 

8.11 

6.3 ; 1 

2.40 

8.39 

8.5 :1 

2.60 

3.68 

11.6 :1 

2.80 

3.96 

16.0 : 1 

8.00 

4.24 

22.2 : 1 

8.20 

4.52 

31.4 :1 

8.40 

4.81 

44.8 : 1 

3.60 

6.09 

64.9 :1 

8.80 

6.37 

95.3 :1 

4.00 

6.66 

142.3 : 1 

4.50 

6.36 

415.7 : 1 

6.00 

7.07 

1814.8 :1 

5.50 

7.78 

4999.0 :1 

6.00 

8.48 

16665.7 ; 1 


*The values in this column are obtained by multiplying tbe values in the 
first column by 
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Pearson’s Tables. These tables are of general application and 
enable us to determine whether a deviation obtained may be due 
to chance or due to the nature of the experiment. The odds in¬ 
dicate how frequently w^ may expect to obtain a deviation due to 
chance variation as great as the one found. 

It is convenient to have some standard of odds that may be 
accepted as indicating significance, and the standard of 30 to 1 has 
been generally used. It may be of interest here to determine the 

ratio that leads to odds of 30 to 1. With odds of 30 to 1 the 

entire curve must be divided into 30+1, or 31, equal parts. We 
then obtain 1/31 of 100000, or 3226. Subtracting 3226 from the 
total area, 100000, we have 96774 as the part of the area included 
on both sides of the mean within the limits indicated. Referring 
to Table VI and interpolating we find for an area of one-half 96774 

that — = 2.141. For the ratio, 2.141 must be divided by .6745, 

giving 3.174, which is the ratio of the deviation to its probable 
error for odds of 30 to 1. It is commonly stated that for odds of 
30 to 1 the ratio of the deviation to its probable error is 3.2. In 
reality the ratio of 3.2 leads to odds a little more than 30 to 1, as 
is seen from Table 74. 

Probable Errors of Different Constants, We have seen that many 
factors operate to affect constants that may be determined from 
samples drawn from a population. As a result, if several samples 
were drawn from a large population and a constant such as the 
means of the samples was determined, there would be small dif¬ 
ferences between the means. Therefore the mean or other constant 
that may be calculated from a sample does not represent the true 
value for all of the possible individuals that might have been studied. 
It is a true value for the sample under observation and if the 
sample is fairly representative of the whole population this value 
approaches what we may call the most probable value, and the 
amount it may deviate from the true value is determined by the 
size of the probable error. As we have seen, the size of the proba¬ 
ble error depends on the variability of the material and the 
number of observations that have been studied, and we refer to 
the errors in such cases as being errors due to sampling. 

The various constants which have been discussed in the previous 
chapters, as well as those that may be discussed later, are subject 
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to these eirors. The probable error of the mean has already been 
considered and the formula for determining it has been given. 
We may, however, cite another example. The data in Table 30, 
Chapter V, are the weights of 400 soy bean plots, and from these 
data the mean, standard deviation, and coefficient of variability have 
been determined. These constants are 


Af=275.4376 
a = 49.274 
0= 17.889 


The mean of 275.4376 is the true mean for these 400 plots, but 
it does not represent the true value for all possible plots that might 
have been studied. The standard error (standard deviation) for 
this series of plots is 49.274. Substituting this value and the value 
for N in the formula for the probable error of the mean 


P. .ff.i^=±.6745—^ 
s/N 

we have 

40 274 

F. iy.j|*db.6745-^^—=±1.6618 
V400 


This probable error enables us to establish limits on each side 
of the mean within which it is an equal chance that the true mean 
will fall. In discussing the mean of these plots it is better to attach 
the probable error and read the mean as 275.4375± 1.6618. That 
is, to give a better idea of the most probable value of the mean it 
should be accompanied by its probable error. In calculating 
probable errors they should be carried to the same number of deci¬ 
mals as are the constants for which they are determined, but in 
some cases additional decimals will be needed for accuracy. 

The probable error of the standard deviation is determined from 
the formula 


P.B.^ =±.«745—^ 
>/2N 


or it may be determined from the relation 


P.JH.M 
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Substituting in the formula the standard deviation, 49.274, and the 
value of N, 400, from Table 30, we have 

P. E-o =zt.6745^^?~Il=dbl.l75 
V800 

The probable error of the standard deviation is interpreted 
similarly to the probable error of tho mean. That is, in this par¬ 
ticular case the chances are equal that the true value of the standard 
deviation lies within the limits of 49.274dh 1.175. When discussing 
the standard deviation we should therefore accompany it by its 
probable error, as is done with the mean. 

The probable error of the coefl&cient of variability, when the 
coefficient of variability is less than 10, is obtained from the formula 

P g.C = ±-6745— 

When the coefficient of variability is more than 10 the formula is 
„ .. . c r. ../ c \ 2 ii 




Substituting the value fo the coefficient of variability and N 
from Table 30 in the first formula for the probable error, we have 

P. B.C =±.«745-i^^=±.427 
V800 


Since in this case the coefficient of variability is more than 10, wo 
should use the complete formula for the probable error of the 
coefficient of variability. Substituting the values in this formula, 
we have 

P. JS.c=±.6746i^^_ j^l = .427 X1.082=±.441 

The difference in the probable error as calculated by the two formu¬ 
las is .014, and the correct value is given by the complete formula. 

The probable error of the coefficient of correlation is given by 
the formula 

P. g.p»j:.6746— ~l! - 



240 STATISTICAL METHODS AFFLIED TO AORICULTUBAL BBSBABOH 


This same formula holds fo approximate values for the probable 
error of the correlation ratio. Applying in this formula for P.E.f 
the values obtained in Table 36, Chapter VI, we have 

P- =d=.032 

V400 

This indicates that if all possible material of this kind could be 
studied there is an even chance that the true value for the coeffi¬ 
cient of correlation lies within the limits of .217±.032. We may 
also interpret this to mean that if we continued to make up a series 
of correlation tables from similar data we would expect one-half 
of the correlation coefficients to fall within the limits of .217zfc:.032. 

When correlations based on a large number of observations aie 
determined, the probable error or the standard error may be used 
with little danger of misinterpreting the results. There are, how¬ 
ever, many problems in which we may be interested but where the 
number of observations is limited to small numbers, and in such 
cases the standard error or the probable error is of doubtful value. 
Fisher has studied this problem and states: ‘^It is necessary to 
warn the student emphatically against the misleading character 
of the standard error of the correlation coefficient deduced from 
a small sample, because the principal utility of the correlation 
coefficient lies in its application to subjects of which little is 
known, and upon which the data are relatively scanty.” 

As an aid in interpreting correlation Fisher has prepared a table 
of probability values. Snedecor has modified and extended this 
table, and his modified table appears as Table XI in the Appendix. 
The first column in this table refers to the degrees of freedom, v/hich 
are to be discussed more fully in Chapter XIII. It is sufficient to 
state here that for simple correlation the degrees of freedom are 
taken as two less than the number of individuals in the popula¬ 
tion. 

There are two sets of numbers in the table, one in light-face t}^ 
and the other in dark-face type, and these numbers may be inter¬ 
preted as follows. The numbers in light-face type indicate the 
least significant values of r for the particular degrees of freedom, 
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and the numbers in dark-face type indicate the values of r that 
would be considered highly significant. 

At the top of the table the number of variables are indicated, 
and these are used in the following way. In simple correlation we 
are studying the relation between two characters, or two variables, 
and for simple correlation we use the values in the second column 
of the table, indicated as 2 variables. This column is also used 
when interpreting partial correlation coefficients by considering 
the appropriate degrees of freedom. The degrees of freedom for 
partial correlation will be the total number of observations minus 
the number of variables concerned in the partial correlation. With 
multiple correlation we usually are concerned with several variables, 
and for interpreting multiple correlation coefficients we use the 
column headed by the number of variables that comes nearest 
to the number used in the study. For example, if six variables 
are concerned we would use the values in column 6 opposite the 
appropriate degrees of freedom. 

We may now apply the values in this table by using the correla¬ 
tion coefficient, .217, from Table 36 in Chapter VI and interpreting 
its significance. The number of individuals in the population is 
400, and since we are considering two variables the degrees of 
freedom are therefore 400—2, or 398. In the first column of the 
table we find 400 for the number nearest to these degrees of freedom, 
and in the second column we find the value for least significance 
for 400 degrees of freedom to be .098, and the number for the highly 
significant value to be .128. These are the values we may expect 
due to chance if the characters are not correlated. The value 
obtained for the correlation coefficient, .217, is much higher than 
the highest value, .128, and we would therefore conclude that the 
correlation is highly significant and that correlation does exist 
between the characters. 

For the interpretation of the results obtained from multiple 
correlation the values in the table are used in the following w^ay. 
With the data from Table 57 in Chap ter VIII the multiple correlation 
was obtained for the effect of the three variables. A, B, and C, 
on a fourth variable Y, and was found to be .866. There are 25 
individuals in the population, and since we are considering 4 vari¬ 
ables the degrees of freedom will be 25—4, or 21. In the table 
opposite 21 degrees of freedom and under the column headed 4 
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variables, we find the lower value to be .662 and the higher value 
to be .641. Since the value .866 is much higher than these, it is 
evident that the coefficient of multiple correlation is very significant. 

These examples illustrate how the values in this table are to be 
used in interpreting correlation, and it is recommended that cor¬ 
relation coefficients be interpreted on the basis of these values. 
As already indicated, when the number of individuals is large the 
standard error or probable error may be used, but when the number 
in the population is small it is better to interpret the results on the 
basis of the values in Table XI than to use the standard error or 
the probable error. 

In discussing the correlation ratio a method for comparing the 
difference between the correlation ratio and the correlation coeffi¬ 
cient, to determine whether there was any significant deviation 
from linearity, was given. This depends on the difference between 
the squares of r) and r, and the significance of this difference is 
obtained from the following formula: 

This is the standard deviation or standard error of the difference 
between the squares of the two measures of correlation. The 
standard error is multiplied by the constant .6745 to convert it to 
the probable error. The complete formula for obtaining the proba¬ 
ble error of rf—r* is 

^ .6746 X2^^rr!va -r»)*+l 

Using this complete formula and substituting the values 
.904 and r«.865 from the data in Table 48, Chapter VIl, we have 

The standard error obtained by the shorter formula is .0304, and 
converting this to the probable error we have .0205. Thus we 
see that the difference between the probable errors obtained by 
the two formulas is very slight, and read to three decimals 
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there is no difference. As a rough approximation the value of 
^(1 —Ty*)*—(1 r*)® + l may be taken as unity and the formula 

reduces to 

P. ^.,,.,,=±.6746X2^’?^ 

The formulas for determining the probable errors of various 
constants are given in Table 75, pages 244, 245. It is unnecessary 
to show how the probable errors of all of these various constants 
are obtained, as the steps indicated by the formulas are simple. 
It is important, however, to call attention to one very useful 
application of the probable error in the comparison of results. 
This is the application of the probable error of the sum or dif¬ 
ference. 

When the sum or difference of two means, standard deviations, 
or other constants, is obtained, the significance of the sum or differ¬ 
ence depends on the ratio to its probable error. That is, when a 
sum or difference is obtained the probable error of the sum or dif¬ 
ference should also be determined. For example, if it is desired 
to obtain the difference between two independent means, and 
with their probable errors, and difference between 

the means is obtained in the usual manner and the probable error 
of the difference is determined from the following formula 

In the case of the sum of the two means, the probable error 

of the sum is the same as the probable error of the difference. The 
application of this formula may now be illustrated. 

Suppose two varieties of grain have been tested similarly and 
the average yields as obtained from ten plots are 65±2.0 bushels 
and 50±1.6 bushels. What is the difference between these two 
varieties, and is it significanti We have 

56±2.0 
60±1.6 

5±V(2.0)a+(1.5;2 
s:5±2.5 


Difference 
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Table 

Foumijlas fob Calculating Probable Errors 


COKSTAKT OB VaLUB 


SnfQUi Obsbbvation. 

Mjsan. 

Median. . 

Standard Deviation ... .... 

Quabtilb (Kobmad Dastbibution) . . . 

SBMI.lNTBBQUABTlZJi RaNGB (NoBMAL DiS- 
TBIBX7TION). .... 


CoxmcmNT ow Vabiability. 


COEBFICnENT OF COBBNLATION. 

Rank Cobbblation ........ 

COBBELATION RaTIO.. 

Reqbbssion Coefficient .... 


Pbobabde Ebbob 


.6746 a 


.6745 

.8463 

.6745 

.9191 

.6306 

.6745 

.6746 

.6745 

.7063 

.6745 

.6746 






a _ 


<7 (an appro xi mation when 

a/2-^ C is not over 10) 

JN 

( 1 - 1 - 2 ) 

(approximately^) 

a/JV 


Jl^r2 

Y N 


The difference divided by its probable error, 5/2.6, is 2.0. From 
what has already been said we know that the possibility of devia¬ 
tions occurring as great or greater than twice the probable error 
due to chance alone are about 4.64 to 1, or about 9 to 2. That is^ 
out of every 11 trials we would expect such deviations to occur 
twice due to chance alone, and we would conclude that the dif¬ 
ference is not statistically significant. 
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Constant or Value 

Probable Error 

To Measure Variability of P. E ,, . . 

in pUce of 
for small numbers) 

Sum or Difference ( A^a and B±6). 

-y<i»+6a 

Mean of a Series of Means, Each Hav¬ 
ing A Probable Error. 


A ,BG 

"-111 
a* 62"^ c2 * 

1 

A Second Method for the Mean of a 
Series of Means, Each Having a 
Probable Error . 


N ' . 


N 

Product (AiaxH±6). 

VCA6)2+(Ba)2 


Productof3 Factors iA±a, B±b,C±c) ■ ^(BCa)2-f.(AC6)2-f.(ABc)» 




_ 

Quotiekt . 

V 

“)V« 

A 


Again, let us suppose two standard deviations of the values 
6.950j^.l66 and 5.405^.129. What is the probability that such 
standard deviations are obtained from the same material? We have 


6.950i.l66 

6.405d::.129 

Difference 

«1.646i:.210 

The deviation is over seven times its probable error, and the proba¬ 
bility against obtaining such a difference due to chance alone is 
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over 427000 to 1, as shown by the table of odds (Table Vll) in the 
Appendix. From this we conclude that the two standard deviations 
must have arisen from samples of different material and are not 
different samples of the same material. 

Applying this method of comparison to two coefficients of cor¬ 
relation obtained with the same characters, we have the following 
result: 

.7«9±.012 

.680±.018 

Difference .089d:N/(.oi2)i+(.oi8)> 

»=.0S9di.022 

The differenee divided by its probable error gives 4.06. Again 
referring to the table of odds in the Appendix it is seen that the 
odds against such a deviation being due to chance are about 158 
to 1. It is reasonably safe to assume that the correlation coeffi¬ 
cients were not determined from two samples of the same material. 

These illustrations show the method of comparing constants 
and the importance of the application of the probable error of the 
difference in interpreting these comparisons. 

The formula for the probable error of a sum may be extended 
to include several values, such as several means or other constants. 
For example, suppose that we had a series of means with their 
accompanying probable errors. We may obtain the sum and the 
probable error of the sum as follows; 


Menn 

P. JS. 

(P. JBl.i) 

43.9 

1.25 

1.5625 

33.5 

1.06 

1.1236 

S6.9 

1.25 

1.5625 

61.9 

.51 

.2601 

41.2 

.72 

.5184 

Sum 210.4 


V6.0271 


=2.24 

The sum is 210.4 and the probable error of the sum, obtained 
by determining the square root of the sum of the squares of the 
several probable errors, is 2.24. Now if the average value with its 
accompanying probable error is desired, it is obtained by dividing 
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the Bum and the probable error of the sum by the number of means. 
Dividing by 6 in this case, we have an average of 42.08±.45. For 
the probable error of a general average from a eeries of constants 
with their probable errors we determine 


N 


When using this formula it is presumed that the several means 
and their probable errors are strictly comparable, that is they have 
been obtained under the same conditions. Another formula is 
available for determining an average and its probable error from a 
series of values, in which A, B, and C represent a series of means, 
and a, 6, and c their respective probable errors. 


Average = 



r, E, 


Average** 


1 




This formula gives a value for the mean or average which is 
influenced by the probable errors of the individual means. By 
substituting the means and probable errors from the data just used 
in determining the average and the probable error of the average, 
we find that the mean and its probable error is 45.72db.35. The 
difference in the means as obtained by the two formulas is due to 
the fact that in the second formula a mean with a low probable 
error has more influence than a mean with a high probable error. 
When a mean is higher than the average and at the same time has 
a low probable error, as in the present case where a mean of 51.9 
has a probable error ofd=.51, this high mean with its low probable 
error has more influence on the general mean value than has any 
of the other means. The average determined by the second formula 
may be considered as one obtained by weighting the various means 
in accordance with the size of their probable errors. This formula 
is especially useful when one is sure that greater weight should be 
assigned to certain values, or when one may have reason to know 
that certain results are more reliable than others. 
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The foregoing discussion and the formulas presented indicate 
that all constants calculated need a qualifying or limiting value to 
denote how reliable they are, or, in other words, how much we may 
depend on them. Such an indication is given by either the standard 
error or the probable error. It is important to keep in mind at all 
times that in statistical work we are dealing with variables, and 
that even when a constant and its probable error have been 
determined the values are still subject to variation. It is well to 
point out that even the probable error is subject to variability, 
and we may obtain the probable error of the probable error of 
a single determination. For example, for the soy bean data in 
Table 30 we find the probable error of a single determination to be 
33.235. The probable error of this probable error is found from 
the formula 

P.B. of P.Ji.,»±.47e9-^^:^ 

•>/n 

Substituting the necessary values in this formula we have 

P.E. of P.^.,=±.476»^^-=±.793 
V400 

When the sample is small VjTa should be used in place of in 
this formula. 

The various formulas enable us to make some prediction as to 
the most probable value for the kind of data with which we are 
dealing, but we must keep in mind that in order to make this pre¬ 
diction the experiments we have conducted and the material we 
have analyzed must be a fair sample of all the possible measure¬ 
ments or observations. This means that when observing single 
objects, such as the height of men or the income for a certain type 
of business, we must have large enough numbers to have a repre¬ 
sentative sample, and when dealing with individual experiments it 
is necessary that we conduct a sufficient number of experiments 
so that the samples we are analyzing represent fairly what may be 
expected in general from similar experiments. Merely because 
a probable error is small we should not conclude that our data rep¬ 
resent fairly all the possible conditions. We must be certain that 
the data on which the calculations have been based are representa¬ 
tive of the entire population. 



CHAPTER X 


CURVE FITTINa 


It is often important for purposes of generalization and prediction 
to fit curves to data that have been observed. We have already 
seen in Chapter VII how simple curve fitting proceeds, and in that 
chapter methods for fitting the straight line and parabolas were 
given. The methods of curve fitting may be extended and curves 
fitted to various types of frequency distributions. The derivation 
of the formulas for the fitting of curves is beyond the scope of this 
text, but the application of the necessary formulas will be illustrated 
by fitting some of the more important types of curves.* 

Each particular curve type has its own method of analysis, and 
in order to determine to what type a curve belongs it is necessary 
to consider certain constants. The constants most commonly 
used for denoting curve types are the /3 values, namely and 
and they are determined by first obtaining the following values or 
moments about the assumed mean. 


or the mean product of the Iroquencies times the deviation 
of each class measured from the assumed mean of the 
distribution. 


or the mean product of the frequencies times the square 
of the deviation of each class measured from the as¬ 
sumed mean of the distribution. 


*^8 


or the mea product of the frequencies times the cube 
of the deviation of each class measured from the as 
Burned mean of the distribution. 


•rhe author is indebted to Dr. Raymond Pearl, of Johns Hopkins University, for 
valuable suggestionjs relative to curve fitting. 
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or the mean product of the frequencies times the 
fourth power of the deviation of each class measured 
from the assumed mean of the distribution. 

In determining these deviations the usual method is followed. 
The mid-point of the class represents the class, and the deviation 
of each class in turn from the assumed mean is obtained and the 
steps carried forward as indicated. The calculations may be made 
on the unity-step basis, remembering to make the necessary cor¬ 
rection for the class interval when determining the mean, mode, 
or any constant that is expressed in the original unit of measure¬ 
ment. It is very important to observe the signs in obtaining the 
sum of the products. Negative signs will appear in the calculations 
for the first and third moments. 

When these moments have been obtained the values for 
and /i 4 , which are the moments about the true mean, are calculated 
as follows: 

/t*!* 0 
/ij = V,-V,2 

=Vj -- SvjVj-f-Svi* 

/ 14 =V 4 - 4ViV3-f.6Vx2V2 - 3vi« 

In distributions where a largo class interval has been used, and 
also in cases of curves which are known to have high contact, that 
is where there is a tendency for the curve to tail oS gradually at 
the extremes, it may be desirable to make certain corrections for 
/Ltj and /I 4 . These are known as Sheppard’s corrections, and by 
their addition the values for /Xj and are modified as follows: 

M4 =V 4 - 4viVs-f. 6vi2v2 - Svi* - J (V 2 - v^a) -f. 

The values for ) 8 i and ^82 are obtained from 
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In addition to and /3j the constants and k, may at times be 
needed, and they are obtained from 

__ ft (ft+8p __ ft(ft+3)* 

''*=AAi9a- 3^i) (2/32-8/^1-6) 4(4/r:2-3/ii)iri 

For certain curve types it is necessary to have the theoretical 
mode and it is obtained from 


when 


Modes Mean • d 


2(5/i2A‘4 — 


The skewness may be determined from the formula 


Skewness = 


(/^ 2 + 3 ) 


The skewness may be defined as a measure of asymmetry, or depar¬ 
ture of a frequency distribution from the symmetrical or bell¬ 
shaped type of distribution. Previously we have discussed certain 
constants of position, namely, the mode, median, and mean, and 
the skewness may be considered as the ratio of the difference be¬ 
tween the mean and the mode to the standard deviation of a fre¬ 
quency distribution, or 


Skewness s 


Moan — Mo de 
Standard Deviation 


In order that there may be no mistake in the sign of the skewness, 
the general formula given above for obtaining skewness in terms of 
the ^ values is the more reliable. 

After the jS and k values have been calculated we may judge 
to what type a curve belongs from the chart on page 252. Only 
the formulas and criteria for the curves presented here are 
given. It is more convenient if Pearson's Tables are available to 
refer to the complete chart from which the curve type may be 
determined rather quickly from the J3 values. It may be stated 
that if much curve fitting is to be done Pearson's Tables will bo 
found indispensable, as many of the required values are tabled 
and time will be saved in making the various calculations. 
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As abeady indicated, the process of curve fitting enables us to 
predict the expected values if we could observe or measure all of 
the individuals in a group rather than only a small sample, or to 
predict what may be expected in general from other samples of the 
same kind. The observed frequency distribution is usually not a 
very smooth distribution since there may be various unexpected 
deviations due to errors of sampling, and so it is desirable to have a 
smoothed curve for generalizing or predicting. 

As indicated above, the analysis of curve fitting has resulted 
in developing a number of curve types. It is unnecessary to illus¬ 
trate the methods used in calculating all of these types, but a few 
of the more commonly used will be fitted. The curve types are 
now divided into two main groups, the main types and the transi¬ 
tion types. We will fit examples of each type, but for more ex¬ 
tensive work it will be necessary to refer to special treatment of the 
subject, on which considerable literature is available. With each 
type a comparison is made between the observed and calculated 
values. 

We will consider first a curve of Type I, which is one of the three 
main types. The necessary steps for fitting a curve of Type I 
follow. 



CURVE TYPE I 


Curves of Type I have the range limited in both diro<;tions and 
are asymmetrical or skew. The equation is 




The constants needed are as follows: 


rss 

117 *= 

€ = 


‘+rfWr’] 

w 


6 = v^psthe rang« 

2 

m'l —l=smi, and m' 2 — 1=»»2 


To determine which of the roots of the quadratic is to be taken as 
nil and which as mj, the following general rule may be applied. 


When is positive, m 2 >mi, when ms is negative, mi>m 2 

in which !> is to be taken as signifying absolutely greater than, not 
merely numerically greater than. Thus, suppose /Xg positive 

and both and nij negative. Then will be numerically 
greater than m 2 , but absolutely smaller. 


02 =-= distance from mode to upper (4-) 

end of range 

m2 

Ojas6 — 02 =distance from mode to lower ( —) end of range 

For the calculation of by the use of logarithms, the F values 
may be determined from Table XXXI in Pearson's Tables for 
Statisticians and Biometricians. When n is numerically greater 
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than say 12, an approximation to r may be used. One such 
approximation is 


r(n+l)saV^f where n-f-1 Ib the value for whioh T ia to 

V 0 • be detenuined* 


From the value of F, we obtain 


__ 


To determine the mode we obtain 

d — _ 

2(5m2M4——9miS) 

Mode=Mean — d 

The following data on total yield of plant in grams for oats are 
used to illustrate the calculation of a Type 1 curve. 


Total Yibld 
OF Plant 

IN Gbams 

j 

0.00-0.99 

8 

1.00-1.99 

60 

2.00-2.99 

106 

8.00-8.99 

109 

4.00-4.99 

80 

6.00-5.99 

42 

6,00-6.99 

7 

7.00-7.99 

2 

8.00-8.99 

1 

_1 

rOTAL 400 


The following products are needed for determining the moments. 


V 

imH 

D 

/D 


/D* 

/Dt 

.5 

8 

-8 

- 9 

27 

- 81 

243 

1.6 

60 

-2 

-100 

200 

-400 

800 

2.6 

106 

-1 

-106 

106 

-108 

106 

8.5 

109 

0 





4.6 

80 


80 

80 1 

80 

80 

6.6 

42 


84 

168 

S38 

672 

6.6 

7 


21 

63 

189 

567 

7.6 

2 


8 

82 

128 

612 

8.6 

1 

HU 

6 

25 

125 

625 

^ - 400 

1 

■ 

» -17 

1 _ 

701 

271 

8605 
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Prom these summation values we have 



.0425 


Vj = 




701^ 

‘400“ 

271. 

400* 


1.7625 

.6776 


= 9-0125 


Substituting these values in the equations for and /x<, 

we have 


U 3 =l .7525 - (- .0425)2=1.7507 
Mg= 0775 - 3(-.0425) (1.7525)+2(-.0425;!> = .S008 
= 9.0125 - 4(- .0425) (.6775)+6(- .0425)2(1.7525)-3(- .0425)* 
=9.1409 


Substituting these values in the formulas for and yS. we have 

. .9008)2_ , 5.2 

^‘-(1T7607)»- 

o ^ 9.1460 q 5 ? 4 ^ 

^’=( 1 . 7507)2 
For Ki and ifj we have 

ifi=2(2.9843)-3(.1512)-6= -.4850 
_.1512 (2.9843+3)2 


1^3 = - 


"4[4(2.9843) - 3(.1512)] [2(2.9843) -3(.1512) - 6 ] 
From the necessary constants we obtain 
,=600843 _^12-1)^22.6776 

— ( — .4850) 

„,=4+r*-^ gg:gZZg±2)2n 
4 22.6776+1 J 

€==103.4289 
4.9722 

62=1.7607 X 4.9722 X (22.6775+1)=206.1079 


= -.2430 


6 * V 2 O 6 .IO 79 =14.3666 




.22.6776=fcV(22.6776)*- 413.7156 
2 

^ 22.6776+:10.0276 

2 

^ 76 + 10^^^^3526 

2 
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22.6776-10.0276_ ^ 

2 

Following the general rule we determine which root is and 
which is f» 2 - 

When |is is positive/fn 2 >mi, when is negative, m{>m 2 

In the case at hand /Xg is positive, therefore and 

m'2=16.3525 
6.3249 

r.?i = :6.3249-l= 5.3249 
W2=16.3526 -1 = 16.3525 

“==“711^=“"™ 

15.3525 

oi = 14.3565 -10.6697 = 3.6968 

V _ 400 ( 5 . 3249 ®-^^^*’) (l5.a626^'^-^“^^) r(5.3249+16.a525+2) 

” 1473.5ft5 (5.3249+|6 .s 52.5)^-3249+15.3525 r(6.3249+l)l'(15.3526+l) 

is calculated by logarithms, as follows: 

log 400 = 2.6020600 

log 6.3249= .7263116, and .7203155 X 6.3249 = 3.8675361 
log 15.3525=1 1861791, and 1.1861791X15.3626 = 18.2108146 
r(5.3249+15.3525+2) = r22.6774 

To obtain r22.6774 we use the approximation formula cited 
above and proceed as follows. For r22.6774 we take n as 21.6774, 
since in obtaining the F function we use 1 less than the number. 
Then 

Vn^n+l/6=V469.969^2il(‘m+ri667=V491.7538 
log ^4917638=1.3458738 

log "'*’^ = (1.3458733- .4342945)X22.1774 =20.2164688 

log V27r=.399090 

log ^ =. .399090+20.2164588= 20.6165488 

log r(6.3249+16.3626+2)=20.616648S 
log 14.3666= 1.1670486 

log (6.3249+16.3626)®-^^'*‘^®‘®®^=log 20.6774 X 20.6774 

=1.3164869 X20.6774=27.2010ai9 
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For r(6.3249+l), since n is small, we proceed as follows: 


16.3249= log 6.8249 or .7263115 
+log 4.3249 or .6369761 
+log 3.3249 or .6217786 
+log 2.3249;or .8664043 
+log 1.3249 or .1221831 

+ ri.3249 or 1.9613421 {determined from Peareon’a 
Table XXXI)* 


Sum=16.3249 =2.3239967 


For r(15.35254-l) we again use the approximation formula. 
For r(n+l) for the value 16.3626, taking n as 16.3626, we have 

VCnJ+n+l/e)='\/236.^34-16.3626+.1667 *= V'261.2186 
V'261.2186=1.2000268 

log ^ y(»t*+»+l /6)j”+*_(l 2000268-.4342946)X16.8626=12.1887654 
log .399090 

log = .399090+12.1387664=12.6378464 


Combining the logarithms we have log Y„. 


By logarithms 


logl^ = 2.6020600 

logmi”*! = 8.8676361 

log =18.2108146 

log r(mi+mj+2) =20.6166488 
colog 6 = 1.8429516 

colog (mi+f?>,)’’'*"l'”**=J8.7989651 
colog r(mi+l) = 8.6760043 
oolog r(m 2 +l) = 18.4621546 

log r,= 2.0760360 


log *=2.0760360 -(log 3.6968 X6.3249)+(log 10.6697X16.8625) 
log *=17.2739632 


* If Pearson’s Tables are not available the approximation formula for F may be 
used, keeping in mind that it is not so exact for small numbers as the values from 
PeaiBon’s Table. 
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.9008 (8.1409+9.1950) _ 

“2(80.0676 -4.8884-48.2931) ' 

Mode=!3.4676- .3070=3.1605 

Columns are formed and the work carried out as follows. The 
values in column 2 are the deviations of the ordinates from the 
mode, which is the origin. Completing the operations we have 
the calculated values in column 10, which may be compared with 
the observed values as given in column 11. Methods for comparing 
the observed with the calculated values are given in Chapter XI. 



Details of Determining Calcitlated Y Values for Type I Curve 
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CURVE TYPE IV 


A curve of Type IV has unlimited range. The equation is 


but, since 
and 

then 




x=ia tan d 


ti‘4(x/a)2]' 


, = COS2’”0 


y = Fo cos2"»0 e 


^v9 


The constants of the curve are given by the following equations 


m = i(r4.2) 

r2 


Z=- 


1-Pi (^-2)n 
Lio r-l J 

^ y ^ (/o fte given opposite sign to that of in 
^ ^ the actvxd statistics) 

The following is a close approximation for Yg where tan ^ 

' f e(cos2 0)/3r - l/12r - 


_N ! r 
^ ay 2ir 


(cos 0) 


r+1 


If tables of the O {r, v) integrals, as given in Table LIV of Pearson's 
Tables for Statisticians and Biometricians are available, the for¬ 
mula for Yg may be conveniently put in the following form: 


y 1 

‘""a F{r/v) 
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Log F is tabulated for values of r from 1 to 50 and of <f> from 
0 ® to 46® when tan ^ = in Table LIV of Pearson's Tables for 
Statisticians and Biometricians. 

To find take 


Tan 0=s^- 
r 

Log tan 0=log^ 

From log tan ^ we can determine in degrees, minutes, and seconds, 
from tables of trigonometric values included with most logarithm 
tables. These can be reduced to degrees and fraction of a degree 
by multiplying the given number of minutes by 60, adding the given 
number of seconds to the result, thus getting the number of seconds 
in the fraction of a degree, and dividing the result by 3600, the 
number of seconds in a degree. 

Assume that n is the integral part of (f> and m is the integral 
part of r. Then from Pearson’s Table, cited above, substitute the 
proper values of log F (r, v) for <f> and r in a tabulation as follows: 

For ^ (n) and r (m) we have the value designated as a<co 
F or 0 (n) €uid r (m+l) we have the value designated as fiQi 
For 0 (n-f-1) and r (m) we have the value designated as mio 
F or 0 (n+1) and r (m-f-l) we have the value designateci as mu 

Write down the quantities 

^=: fractional part of 0 
r'= fractional part of r 
q=l-p 

The various values of /x from the tabulation are multiplied by 
the values of p, r', q, and s, in the following combinations. The sum 
of the products is log F (r, v). 

2 a Moe 

qr' fiQi 

P « Mio 

Sum =s Log F (r, v) 
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The accuracy of the work may be judged by remembering that the 
largest coefficient will belong to the term that comes nearest to the 
actual values of and r. Then 

Y —_ ^ 

Fir]v) 

The origin of the curve is at a distance from the mean of 

^ times the class interval 
r 

or 

Origin ssMean+^times the class interval 

In determining the origin, the sign of v must be observed. 

Mode =: Mean —d 

class interval (To bs given sign of Ms) 

r(r -f-j) 

To illustrate the method of calculating a Type IV curve, the 
following data on height of culm in oats are used. 


Height of 


CuiiM IN 

/ 

Centimetebs 


25.00-29.99 

4 

30.00-34.i)9 

7 

35.00-39,99 

27 

40.00-44.99 

76 

45.00-49.99 

151 

50.00-54.99 

237 

55.00~59.<)9 

196 

60.00 - 64.99 

83 

65.00 - 69.99 

27 

70.00-74.99 

16 

75.00-79.99 

2 

Total 825 


Constants are obtained as follows: 

M2~ 2,3796 

M8= — .2620 

M4= 20.1425 

(il=: .0061 
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/32=» 3.6675 

.0036 


From the necessary constants we have 


_6(3.5576-.0061-l)_,o no«A 
1:0^7 

m = i(13.920O-f 2)=7.9630 


_ 


(13.9260)> 


l_pj0051 (i3.92 ^-2)2 j 


,=194.6766 


t;=:>/l94.5766-(13.9260)2 =.8013 (given opposite sign to that of ms) 


a=13.9260 


/2?7?5(13.920O^)^5 
V 104.6756 

Tan =.0675 

^ 13.9260 


Log tan 0 = 8.7606678 
0 in degrees=3° 17' 27"', or 3.2908® 
n=3 


m=13 


7?= .2908 

r'= .9260 

q= 1-.2908=.7092 
a= l-.9260=.0740 


Substituting for <f> and r the values of log F (r, v) as found in Pearson’s 
Table of the O (r, v) integrals, for n and m in the various combinations 
we have 


0 (3) r (13), or axoo= 9.8409592 
0 (3) r (14), or moi=9.8260558 
0 (4) r (13), or mio=9.8465616 
0 (4) r (14), or /iu=9.8321212 


Substituting we have 

q s /ioo=(.7092) (.0740) (9.8409692)=9.9916604 
g r' /ioi=(.7092) (.9260) (9.8260568)=9.8867708 
p s Mio=(,2908) (.0740) (9.8465616)=9.9967011 
p r' au=(. 2908) (.9260) (9.8321212)=9.9647902 
Sum=Log F(r^v) =9.8289126 
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Then, from the formula obtain by logarithms 

the log as follows: 

log *r=!2.91«4539 
colog 0=1.2667255 
colog-F(r,t))= .1710875 
Log Fo = 2.3442^ 

By the general approximation formula, is obtained as follows: 


Using logarithms, by this formula is calculated as follows: 


625 

a= 5.6370 
r = 13.9260 


27r= 6.2b31854 
e= 2.7182818 

tan0= 3° 17' 27"=*.0574348 (tn rodiorw) 
log cos 0 = 9.9992833 
logcos2 0= 9.9985686 
COS2 0=: .9967 

.8013 


logr(13.9260)= 1.1438264 
log 2 t(6.2831854) = .7981799 


log 




.1728232 


COS*0 

8r 


TO82 0__ ^9^7 _ 
3r 41.7780 


_1 ^ 1 _ 

12f 167.1120 


,0060 

01; = (.0574348) (.8013) = .0460 


i2r" 


e-a28i«(iog e) (- .0281)*(.4842945) (- .0281)* - .0122037*1.9877963 
oolog oos 0’’^i*(9.9992833) (14.9260)*9.9893025*.0106975 


Summing the necessary values to obtain the logarithm for Yq, we 
have 
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log 2^^=2.9164539 
oolog assl.2567256 

.1728232 

log ♦)/Sr-l/12r-«oa:I.9877963 

oolog (oo« ♦)’■ = .0106975 

Log ros2.3444964 


This agrees very closely with the value for log Tg, 2.3442669, ob' 
tained by the formula 


N 


" aF(r,v) 

Origin=62.9910+ ^'^^^ times class interval=64.5840 

d= times class interval = - .2000 

13.9260 (13.9260+2) 


The value for d has been given the sign of /ig. 
Mode=52.9910 - (- .2000)=53.1910 


Columns are formed and the work carried out as indicated, x 
being the deviation of the ordinate from the origin. For the values 
in column 3 in this particular case it was found simpler to obtain 

the factor and multiply the several values of x by this factor 

for the values of xja. The value for = 2.3442609 was used in 
determining the values in column 11. 





Details of Determining Calculated Y Values for Type IV Curve 
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A 

aacAsasao 

'<44r->t>^«Or-it^5Pe9^ic©« 

Nt-jgoQgcoWf-* 

1-» 

A 

aaxvnno'ivQ 

1.97 

7.64 

26.42 

76.74 

168.06 

224.88 

186.05 

94.59 

32.51 

8.68 

2.00 

rH 

A ooT 

OO-I 

+01 KKaiioo 
+/, NKmoo 

.2986843 

.8771159 

1.4219130 

1.8850348 

2.2123544 

2.8508860 

2.2696221 

1.9758539 

1.5120186 

.9358246 

.8005185 

O 


.2S9S944 

.2342166 

.1923084 

.1431397 

.0871178 

.0261205 

1.9634900 

1.9081237 

1.8481580 

1.8002057 

1.7694746 

o> 


-.6203035 

-.5393013 

-.4428064 

-.8295914 

-.2005962 

-.0601447 

.0840673 

.2280659 

.3496292 

.4600488 

.5588804 

GO 

s ^ 

^ 9 

-.7741214 

-.6730829 

-.6526100 

-.4113208 

-.2503384 

-.0760689 

.1049137 

.2783800 

.4368276 

.6741212 

.6911649 


Log Cos 6 
Times 2m 

8.6800230 

5.2986334 

5.8863377 

1.3976277 

1.7809697 

1.9804986 

1.9618652 

1.7284633 

1.3196887 

5.7913620 

5.1967771 


Loo 

Cos 0 

9.8543277 

9.8931705 

9.9300099 

9.9621768 

9.9862470 

9.9987755 

9.9976055 

9.9829501 

9.9572767 

9.9241085 

9.8867749 

lO 

% 

^COO^ + OCOOt^b>OQO 
C^COCOCOC^rH 

oooooeooooo 

5:SE5l5S'^*!SSg8 


li 

9.9902056 

9.9015673 

9.7900739 

9.6896857 

9.4077307 

8.8762178 

9.0224284 

9.4560622 

9.6686654 

9.8107700 

9.9176630 

eo 

H II 

t^cq^c4i»e9cooo»Goco 

1 1 1 1 1 1 



-27.0840 

-22.0840 

-17.0840 

-12.0840 

- 7.0840 

- 2.0840 

2.9160 

7.9160 

12.9160 

17.9160 

22.9160 



27.5 

82.5 

37.5 

42.5 

47.5 

52.5 

57.5 

62.5 

67.5 

72.5 

77.5 









CURVE TYPE VI 


A curve of Type VI has the range limited on one side. The 
equation is 

The following constants are needed: 

c=2 

w 

These three constants are determined as in Type I. The values 
for r and € will both be negative if the curve is Type VI, 

1 —and gj-fl are the roots of Z 2 —rZ 4-€=0 

Calculate 

ZjZ,--- 

Then 

ftssl-Zj 

In taking the roots of the quadratic it should be remembered 
that in a curve of this type € must be negative, and the following 
relations necessarily follow. 

The value for r must be negative. But rs — 9i+92+2 
Therefore qi must be> 93 + 2 . 

Then Zi and Z 3 must be taken so as to fulfill this requirement 
A»2r«(r4-1) 

ast\/a^ {distance from origin to range end) 
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The origin is distant from the mean by a quantity 


* 91-91-2 

in which a is to be given the sign of ja, in the actual statistics. 


OriginssMean —Ml', having regard to the sign of fix 
Mode=Mean-ir'^ 

r— 2 J 

The following data on the number of culms in oats are used to 
illustrate the calculation of a Type VI curve. 


Numbkr of 
Culms 

/ 

1 

1 

2 

57 

3 

184 

4 

111 

5 

33 

6 

11 

7 

2 

8 

1 

Total 400 


The following constants are obtained: 

.9819 
M 3 = .8733 
M4=4.3992 
/9i= .8057 
/32=4.5630 
ifi= .7089 
iC 2 = 1.0264 


From the necessary constants we have 

y. —^(4.5^0— .80 57" -l)_ _^23 3373 
-.7089 


w 

e 


~44.r 90l4(-??,33_73+^n_ 
- 4+|_.-014 . 23 . 3373+1 J 

~ “ ” 6186.9486 


-.1060 
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- -23.8373±V'(-237337S)a-(-20747.7944) 
1 ^- 2 

Zi=-84.6282 
Zi= 61.2909 

81 = l-(-84.6282)=86.6282 
8*=61.2909 -1 = 60.2009 
,_.9819 (-23.3373)* (-23.3373+l)_, 
(i-^:6282)(l+60.‘2909) " 

o = n / 2.3030=1.6176 (given the sign of mj ) 

Y _400(l .6176®®'®^®^ ” 60.2909 - 1 )r85.6283 
* r(85.^82 - 60.2909- l)r(60.2909+1) 


Calculating Yg by logarithms we have 

log =29.4279775 

1.6176 (85.6282-l)_^ 

(86.6282 - 60.2909 -2) 

0rigin=3.4100 -5.6033= -2.0933 

Mode=3.4100- :-S:St2]=3-“355 


Columns are arranged and the work carried out as follows, x 
being the deviation of the ordinate from the origin. 
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NORMAL CURVE 

The Normal curve has unlimited range and is symmetrical. The 
equation is 

ctn/2*- 

For a Normal curve we obtain the /n, and k constants, mean, rr, 

N 

and Yff, which equals . 

The following illustration will show the arrangement of columns 
and the calculation of the values at the ordinates. The data are 
the result of tossing 8 pennies 2000 times and recording the number 
of heads obtained. While these data are discontinuous (obtained 
by counting) they may be used to illustrate a Normal curve. 


Nxjmbxb ov 
Hbads 

/ 

0 

11 

1 

62 

2 

196 

3 

421 

4 

674 

6 

467 

6 

203 

7 1 

66 

8 1 

11 

ToTAii 2000 1 

1 1 


We obtain 

/U2= 1.94412 
;xs=-.15724 
iU4 = 11.19834 
/3i= .00336 

1^2= 2.96284 
#f2=-.02989 

From these values it is apparent that the distribution is a Normal 
curve. 

Mean=4.01950 
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cl=1.39432 


Y _ 2000_ 

® (1.39432) (2.606328) 


572.28952 


The ordinates for the Normal curve may be calculated directly 
from the equation 


Y= - 

aw 2ir 

This may be written as 


r=y„ 


1 

ex^/2a» 


since Vo= 


N 

on/ 27r 


The value for Y^ may be calculated and then for the various values 
of X, the deviation of the ordinate from the mean, the second part 

of the equation, may be obtained. This may be done by 

logarithms and the following arrangement may be used: 


(log ] )»3 
2 a^ 


Substituting in this equation for the first ordinate of the problem 
at hand, w e have 


(9.5657 055--10) (4.0195)»_5 iqx4*9ft 
2(1.39432)2' ' 

The number corresponding to logarithm 2.1954326 is .01568. Then 
F = (572.23952) (.01568) = 8.97 

The other ordinates may be determined in the same way, or they 
may be more conveniently calculated by using the z values from 
Table II in Pearson’s Tables. The equation to the curve 

e-3=^V2o» 

aV^ 2-k 


may be divided into two parts, as ^ and 

The z values from Pearson’s Table II give the second part of this 
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equation in accordance with the varying values Multiplying 

these several values for — by or 1434.3910, we have the values 
at the ordinates. Thus for class F=3 we have 

F-M=3 -4.0196= -1.0195 and-1.0195/o« -.73118 

For a;*.73118 we find from Table II in Pearson’s Tables that «= 
.3053633. Multiplying this z value by 1434.3910 we have Y = 438.01. 

Columns are formed and the various ordinates calculated as 
follows: 


1 

2 

3 

4 

5 

G 





z Values 

COBRESPONDINO 

Y 

F 

/ 

F-JVf OB X 

xja 

To xja PROM 
Pearson’s 
Table II 

Column 6 
Times N/a 

0 

11 

-4.0195 

-2.88277 

.0062570 

8.97 

1 

62 

-3.0195 

-2.10557 

.0382451 

54.86 

2 

196 

-2.0195 

-1.44838 

.1397594 

200.47 

3 

421 

-1.0195 

- .73118 

.3053633 

438.01 

4 

674 

- .0195 

- .01399 

.3988984 

672.18 

6 

467 

.9805 

.70321 

.3115498 

446.88 

6 

203 

1.9805 

1.42041 

' .1454797 

208.67 

7 

55 

2.9805 

2.13760 

.0406168 

58.26 

8 

11 

3.9805 

2.85480 

1 

.0067800 

9.73 







OURVE TYPE II 


A curve of Type II is symmetrical with a limited range. The 
equation to the curve is 


To calculate the ordinates the following constants are needed; 

m= 

2(3 

3 -^ 
a = 

Y r(2m 4-2) 


Limita of curve = M — a and M+a 


For the value (l —is simpler and more convenient to 
calculate it as [(l+^) 


The following data on average number of spikelets per culm in 
oats will be used to illustrate the method of calculating a Type II 
curve. 


Average 
Number of 
Spikelets 

/ 

10.00-14.99 

8 

15.00-19.99 

28 

20.00 -24.99 

67 

25.00 - 29.99 

100 

30.00-34.99 

116 

35.00 - 39.99 

102 

40.00-44.99 

61 

4^1.00-49.99 

28 

50.00 - 64.99 

3 

Total 600 

_!_ 
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For this distribution the following oonstants are obtained, using 
Sheppard’s corrections: 

^l2* 2.6877 
jis=-.4236 
1X4=17.1827 
.0104 

^2= 2.6660 
— .0088 

From the necessary oonstants the values for w, a, and are 
found as follows: 


12.8300-9 


a‘^ = 


2(3 - 2.5660; 
(5.1764) (2.5660) 
3-2.5660 


4.4124 


=30.6993 


a=v^30.6993 = 5.6317 




600 r(8.8248+2) 


(6.6317) (2^-^248-f Ij [;r(4.4]2i-f-l)]2 


The value for may be conveniently obtained by logarithms, 
that is, the sum of the logarithms of the values in the denominator is 
subtracted from the sum of the logarithms of the values in the 
numerator. By logarithms we have 


log Fo* 2.0642163 


To calculate the ordinates columns are arranged and the work 
carried out as follows. The ordinates are calculated by determining 
the deviations from the mean, as in a curve of Typo II the mode and 
mean coincide. In this particular case there is a very slight numeri¬ 
cal difference between the mode and mean. 


Moan=32.3400 

The class value is V and x is the distance from the mean in cal¬ 
culation units of 5 spikelets. In determining x the difference 
between the mean and the class value is obtained and divided by 
the class interval, 5, since the calculations ore much simpler when 
based on a unity difference between classes. 
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A 

(czAHasao 

8 

28 

67 

100 

115 

102 

61 

26 

3 

1-H 

A 

aaiv'iiio'ivo 

4.78 

25.93 

63.80 

101.07 

115.92 

99.15 

61.17 

23.97 

4.09 

o 

rH 

oot: 

= OOTC 

+6 KKmOQ 

.6794806 

1 4137494 

1 8048381 

2.0046117 

2.0641509 

1.9963018 

1.7865059 

1.3795931 

.6120918 

Oi 

lu eanrcix 

8 liwinoo 

5.6152653 

1.3496341 

1.7406228 

1.9403964 

1.9999356 

1.9320865 

1.7222906 

1.3163778 

5.5478765 

00 

i Kwrinoo 
+9 NwmoQ 

9.6861720 

0.8525823 

9.9412163 

9.9864918 

9.9999854 

9.98460a5 

9.9370616 

9.8448413 

9.6708994 


Loa 

iX-xja) 

.2348462 

.1865326 

.1321956 

.0700379 

9.9974738 

9.9103042 

9.8011978 

9.6550423 

9.4331295 


*5 'S' 

>-3 + 

—I 

9.4513258 

9.6660497 

9.8090207 

9.9164539 

.0025116 

,0743043 

.1358638 

.1897990 

.2377699 

»o 

It 

1 

1 7173 

1.536-5 

1.3558 

1.1750 

.9942 

.8134 

.6327 

.4519 

.2711 


H 

+ 

rH 

.2827 

.4635 

.6442 

.8250 

1.0058 

1.1866 

1 3673 

1.5481 

1.72S9 

OQ 

zja 

?!SSg.SSf2SS 

rHeOiOb-QCO«'^2‘l 

t-»OCQrHOT-lWiCt>- 

1 ! 1 1 



CiOOOOOQOO 

05 o> o5 ^ o o q o o 

OQ H .* ’ H 

'ill 



12.5 

17.5 

22.5 

27 5 

32.5 

37.5 

42.5 

47.5 

52.5 







CURVE TYPE III 

In a ourv© of Type III the range is limited in on© direction 
only The equation is 

The following constants are needed 



a = ^ (distance from mode to limited range end) 



The origin is at the mode, which is at a distance from the mean given 



The method of calculating a Type liT curve is illustrated with 
the following data, giving the total yield of cat plants in grams. 


Total Yieij> 
OF Plant 

IN Gbam3 

/ 

0.00- 199 

87 

2.00- 8.99 

192 

4.00 • 6.99 

128 

6.00- 7.99 

71 

8.00- 9.99 

12 

10.00-11.99 

7 

in.oo-is.oo 

3 

Total 600 

1 


The following constants are obtained: 


#«2»1.803$ 




7.0092 
/3i= .7497 
/32=4.0633 
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Calculating by logarithms we have: 

log 70=2.2774059 
Mean=4.0480 

Mode as4.0480*- claaa interval) ss3.0556 

2.0155 

Columns are formed and the work carried out as follows, x being 
the deviation of the ordinate from the mode expressed on a unity 
difference between the classes. For ease in calculation the equation 
for ¥ is put in the following form; 




Details or Determdiikq Calculated 7 Values fob Type III Curve 
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A 

i 

QQ 

O 

87 

192 

128 

71 

12 

7 

3 


1 

O 

S cS ^ S 5< s s 

S S S g § “=■ 

»—i 1—t 

CO 

tH 

r 

2 S 5 
o o o o 

1.9537215 

2.2772343 

2.1285535 

1.7762296 

1.3097679 

.7701697 

.1796729 


1 

1 

« 

CJ 

»3 

r-i»oc:Tt<Qoe^t^ 

»-( O ^ Oi 00 00 

(M g? lO 00 rH 

coeooicowot- 

oSthcocooocoi- 

C75 Cl 1>- '3 (M 

00 O rH Cl CO »0 CO 

i«-i ioo 1^' 1)0 

CO 
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»c uo Jr- Ji O Cl 

O O Cd o> C> O 

c4 * »-« CO »c co‘ o 

1 1 I—f 

lO 

+ 

o 

3 

.2189245 

1.4177579 

2.1443977 

2.6673943 

3.0762532 

3.4119756 

8.6967993 


'h 

+ 

s 

o 

o 

.0504958 

.3270114 

.4946137 

.6152449 

.7095498 

.7869855 

.8526812 


H 

-f- 

^ § I a ^ g ^ 

I-H ci CO uo O* !>.* 

_ 


-1.0278 

- .0278 

.9722 

1.9722 

2.9722 

3.9722 

4.9722 

■ 

IB 
















CT'^RVE TYPE V 


In a curve of Type V the range is limited at one end only. The 
equation is 


The following constants are needed: 

« .. 6 + 4 ^ 44 ^ 

- 

7 = (iJ-2)VM2 (jo-3) 

The sign of y is the same as that of /Z 3 . 

Origin =s Meckn — — - 
p-2 

The origin is at the end of the curve. 

The method of calculating a Type V curve is illustrated with 
the following data, giving the average height of oat plants in centi¬ 
meters. 


Average 
Height of 
Plant in 
Centimeters 

/ 

45.00-49.99 

2 

50.00-54.99 

9 

65.00-59.99 

21 

60.00 - 64.99 

34 

65.00-69.99 

97 

7C.00-74.99 

123 

75.00-79.99 

89 

80.00-84.99 

24 

85.00 - 89.99 

0 

90.00 - 94.99 i 

1 

Total 400 

_ ^ _ 
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Constants are obtained as follows: 

1.9319 
MS =-1.4316 
M4= 13.1697 
.2843 
^2= S.5287 
a-2= 1.1171 

From the necessary constants, values for p, y, and are 
obtained as follows: 

p ==61.2620 

.2843 

Y=(61.2620 - 2) Vl.OSlO (61.2620 - 3)= -628.7283 
y _(400) (-628.7283)®^-^®^*^“^ 

r(6i.2620-1) 

Calculating by logarithms, we have 

log To =90.6368432 
Mean ==70.8375 

Origin = 70.8375 times the class interval) 

Columns are formed and the work carried out as on page 283, x 
being the deviation of the ordinate from the origin expressed on a 
unity difference between the classes. 

Logarithmic Curve, There is another form of curve that is useful 
for certain cases, for example, if one has a series of values in which 
the first few items may be curving rather rapidly and the remain¬ 
ing values tend to curve less rapidly. In such cases the type of 
parabola discussed in Chapter VII does not fit so well, and an 
equation which contains a factor to correct for such differences in 
curvature, usually some form of a logarithmic curve, will satisfy 
the conditions better than a second or third order parabola. 

There are different forms of logarithmic curves, and the one 
presented here is particularly adapted to satisfy the condition 
mentioned above. The observed values to which the curve will 
be fitted are given on page 284. 



Details of Deteeminiko Calculated Y Values fob Type V Cuevk 
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283 



Observed 

Y 

«’®SSSUSS®'" 


Q 

H 

t) ^ 

(J 

< 

o 

1.68 

5.96 

18.48 

47.30 

91.86 

119.55 

86.52 

26.03 

2.03 

.02 

00 

“f- + 

IC 11 

in in o 

$ 5 
o o o o 

.2259305 

.7751836 

1.2667014 

1.6749038 

1.9631137 

2.0775342 

1.9371042 

I. 4155561 

.3078429 

J. 2628172 


r-i ■ C> 
0 

,h4 

1 

i ^ 

18.1262802 

S6.8743386 

51.4338061 

58.7585981 

58.7862831 

57.4301297 

80.5660095 

88.0098054 

88.4761925 

JJ.4980177 

CD 

^1 
o « 
o 

17.8737198 

19.1256614 

20.5661939 

22.2414019 

24.2137160 

26.5698703 

29.4339905 

32.9901946 

37.5238075 

43.5019823 
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Loo X 

8.8159676 

8.8453691 

8.8769066 

8.9109148 

8.9478141 

8.9881421 

9.0326018 

9.0821375 

9.1380590 

9.2022617 

era 

« 

o 

o 

1.1840324 

1.1546309 

1.1230934 

1.0890852 

1.0521859 

1.0118579 

.9673982 

.9178625 

.8619404 

.7977383 

« 

H 

-15.2768 

-14.2768 

-13.2768 

-12.2768 

-11 2768 

-10.2768 

- 9.2768 

- 8.2768 

- 7.2768 

- 6.2768 



47.6 

62.5 

67.5 

C2.5 

67.5 

72.5 

77.5 

82.5 

87.5 

92.6 
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if 

5 

7 

9 

10 

11 

12 

13 

It is noted that the first three observations tend to rise rather 
rapidly while there is a lessening of this tendency in the last four 
observations. 

The equation to this logarithmic curve is 

y^a~\-hx-\~c log x 

in which x is the distance of any ordinate from the origin, a is a 
constant term, and 6 and c together determine the direction of the 
curve. Since there are three unknowns it will be necessary to 
have three equations, as follows: 

Equation I 2a4-2(a;)6-f a;)c=2y 

Equation II 2(a;)a+2(a;2)6-|-2(a; log x)cst'^{xy) 

Equation III a;)a-|-2(a; log a?)2c=2(y log x) 

For convenience in making the calculations, columns may be 
arranged as follows: 

y a X xy x’^ {log x) {x log x) {log a?)2 {y log x) 

The values for columns {log x), {x log x), and {log xY may be obtained 
from Table II in the Appendix, and the values in the last column 
are obtained by multiplying log x by the corresponding y value. 
These various columns are summed and the values substituted in 
the equations. The steps are as follows, reading to seven decimals: 



y 

— 

a 

x 



(logx) 

{x log x) 

{log x)^ 

(y log x) 


5 

a 

1 

m 


.0000000 

.0000000 

.0000000 

.0000000 


7 

a 

2 

14 

4 

.30L0300 

.6020600 

.0906191 

2.1072100 


9 

a 

3 

27 

y 

.47712J3 

1.4313639 

.2276447 

4.2940917 


10 

a 

4 

40 

16 

.6020600 

2.4082400 

.3624762 

6.0206000 


11 

a 

5 

65 

25 

.6989700 

3.4948500 

.4885591 

7.6886700 


12 

a 

6 

72 

36 

.7781613 

4.6689078 

.6066194 

9.3378156 


13 

a 

7 

91 

49 

.8460980 

6.9166860 

.7141906 

10.9862740 

Total 

67 

7 

28 I 

304 


3.702430S 

18.5211077 

2.4890091 

40.4346613 
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Substituting these values in the equations, we have 

Equation I 7a-f 286+ 3.7024306c = 67 

Equation II 2Sa f- 1406+18.5211077c=304 

Equation III 3.7024306a+18.52110776+ 2.4890001c = 40.4346613 

Solving for c 

Equation II 28a+1406+18.5211077c = 304 
Equation I X4 28 a+ll 26+14.8097224c=268 
Subtracting ' 286+ 3:7L13853c= 36 (1) 

III X 7 25.9170142a+l 29.64775396+17.4230637c = 283.0426291 

IX 3.7024306 25^9170l42a+103.66805986+ 13.7079923c = 2}8.0628502 

Subtracting 25.97969716+ 3.7150714c= '34.9797789 (2) 

(2) X 28 727.43151886+104.0219992c=979.4338092 

(1)X 25.9796971 727.43151886+ 96.4206659c=935.2690956 
Subtracting 7.60l3333c= 44.1647136 

c= 6.81 


Substituting in (1) 

286+21.5631=36 

286 = 14.4369 
6= .5156 

Substituting 6 and c in I 

7a+14.4368+21.6111 = 67 

7a=31.0521 
a= 4.4360 

The equation to the curve is therefore 

y=4.4360+.6166a;+6.81 log x 

Substituting the various values of x and log x we have 
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Calculated Obssbvbd 


y y 

For xi 4.4300+ .6156+6.81 (.0000000);* 4.95 5 

xj 4.4300+1.0312+6.81 (.3010300)=* 7.22 7 

xs 4.4360+1.6468+5.81 (.4771213)= 8.75 9 

xi 4.4360+2.0624+5.81 (.6020600)= 10.00 10 

x^j 4.4360+2.5780+5.81 (.6889700)= 11.07 11 

xft 4.4360+3.0936+5.81 (.7781513)= 12.05 12 

X7 4.4360+3.6092+5.81 (.8450980)= 12.96 13 


This type of logarithmic curve may often fit the observed values 
better than a simple parabola and may be found especially use¬ 
ful for certain types of data, such as the application of fertilizers 
to crops or with some growth curves. In connection with the 
logarithmic curve, as well as with other curves, one may often find 
it necessary to fit more than one type and then select the one 
that seems to give the best results or, as we may term it, the best 
graduation for the several observed values. 



CHAPTER XI 


GOODNESS OF FIT 

In Chapter X various methods have been given for fitting fre¬ 
quency curves to different types of frequency distributions. Some 
of the observed values agreed very well with the calculated values, 
and in other cases there was not such close agreement. Pearson 
has shown that it is often important in studies of this sort to deter¬ 
mine how well the observed frequency agrees with the theoretical 
curve or frequency. This has been termed the Goodness of Fit, 
or Chi-square test, and is based on the comparison of the entire 
theoretical distribution with the observed distribution. The Good¬ 
ness of Fit or Chi-square test may be applied to other comparisons 
and it is the purpose of this chapter to give only a few illustrations 
of the application. 

Elderton has prepared a table which enables us to determine 
the probability, P, that measures the agreement, or Goodness of 
Fit, between the observed results and the calculated results. For 
example, suppose we have results that lead to a P value of .75. 
This indicates a good agreement between the observed and calcu¬ 
lated results, since in cases of perfect agreement the value of P 
cannot be more than 1.00. In order to make the comparison and 
obtain the value for P we proceed as follows. The differences 
between the observed frequencies and the calculated frequencies 
are determined, and a value Chi square, designated X*, is obtained 
from the following relation: 


In this formula o refers to the observed frequencies and c to the 
calculated frequencies. The difference between the observed and 
calculated frequency for each class is obtained, squared, and divided 
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by the calculated frequency, and the sum of these quotients is the 
value for X^. 

An application of this test for Goodness of Fit will be made 
with the calculated values for the Type I curve as given in Chapter 
X. The various steps are given in Table 76. 


Table 76 

Application of Goodness of Fit to Results 
Obtained from Fitting a Type I Curve 


Observed 

0 

Calculated 

c 

(o-c) 

(o-c)» 

( 0 -c )2 

c 

3 

4.34 

-1.34 

1.7956 

.414 

60 

46.57 

3.43 

11.7649 

.253 

106 

105.54 

.46 

.2116 

.002 

109 

115.62 

-6.62 

42.6104 

.368 

80 

78.19 

1.81 

3.2701 

.042 

42 

86.78 1 

6.22 

38.6884 

1.081 

7 

11.29 

-4.29 

18.4041 

1.630 

2 

2.39 

- .39 

.1521 

.064 

1 

.32 

.68 

[ .4624 

1.445 



_1 

1 

>(2=5.299 


From Elderton’s table 

For n' = 9 and P -.767570 

For n' = 9 and ^ .647232 

Difference . 110314 

Interpolating between x*= 5.299 and x*=6 
we have 

.757676- (.110344 X .299) = .724583 
Therefore P= .725 


The observed values appear in the first column of the table and the 
calculated values obtained for the same classes are given in the 
second column. The differences between these observed and cal¬ 
culated values, or o-c, are recorded in the third column, and the 
squares of these differences are given in the fourth column. These 
squared differences are divided by the calculated or expected values 
for the corresponding classes, giving the results in the last column. 
Summing these values we find = 6,299. 
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In order to interpret this result one should have access to Elder- 
ton’s table, which is included in Pearson's Tables for Statisticians 
and Biometricians, In this table of P values the values of are 
given at the left of the table for the values of n' as indicated at the 
head of the columns. Here n' refers to the number of classes or 
groups. A table for testing Goodness of Fit is also included 
in Fisher's Statistical Methods for Research Workers, This 
table is arranged in a different manner than Elderton’s table in 
that the rows are indicated by n, which refers to the degrees of 
freedom, and the numbers at the head of the columns give the 
probability values, P, while the values in the table are those for X*. 

For the problem at hand we find from Elderton’s table for 9 
groups and a X^ value of 5.299 that the probability is .725, which 
indicates a very good agreement or fit. That is, due to chance 
variation or random sampling we may expect such a deviation from 
theory 72 out of 100 times. 

The question naturally arises as to what value of P may be 
accepted as indicating a good fit or, in other words, what may be 
considered the division between a good fit and a poor fit. Elderton 
says: *Tt is impossible to fix such a value. We have merely a 
measure of probability for the whole table, and if the odds against 
the graduation are twenty or thirty to one the result is unsatis¬ 
factory; if they are ten to one the graduation is not unreasonable, 
but the exact value when a result must be discarded cannot be 
given.” Fisher states: . . we do not want to know the exact 

value of P for any observed X*, but, in the first place, whether or 
not the observed value is open to suspicion. If P is between . 1 and 
.9 there is certainly no reason to suspect the hypothesis tested. If 
it is below .02 it is strongly indicated that the hypothesis fails to 
account for the whole of the facts. We shall not often be astray 
if we draw a conventional line at .05, and consider that higher 
values of X^ indicate a real discrepancy.” What we have is a 
measure of the comparison between the observed and calculated 
values for the whole distribution, and there are times when the 
value of P may be low and yet the calculated curve in general 
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may fit the data very well. That is, the value of P may be low 
due to the comparatively high value of X*, which may be rendered 
high by unusual deviations which sometimes occur in the more 
extreme classes. For this reason it may often be better to group 
together the extreme classes of a frequency distribution, since it is 
desirable that if possible the number in any class should not be less 
than 10. When the data in Table 76 are grouped so that no class 
has less than 10 individuals, the first two classes would be com¬ 
bined, giving 63 individuals, and the last three classes would be 
combined, giving 10 individuals. The resulting would then be 
3.494 and P would be .626. 

The method just described is the one that was used originally 
and is still used by many investigators when making application 
of the Chi-square test to the comparison of frequencies. It has 
been pointed out by Fisher that it is better to take n not as the 
number of groups but as the number of degrees of freedom, which 
is the number of groups minus the number of constants that have 
been used in the fitting. For example, if a normal curve were 
fitted to a frequency distribution having 10 classes, where the mean 
and standard deviation have been determined in fitting the curve 
and where the totals of the two distributions have been made equal 
or approximately so, n would equal the number of groups minus 
1 degree of freedom for each of these constants. In this case, n 
would be 10-3. In using Elderton’s table to obtain the P value 
we would seek the value of P for n' = n + l. In other comparisons 
between two distributions which are made to agree in totals only, 
the degrees of freedom will equal the number of classes or groups 
minus 1. In such comparisons as Mendelian studies where the 
material is grouped in say four classes, it is assumed that three 
of these classes may be filled in arbitrarily and therefore the degrees 
of freedom will equal 3. 

It is desirable to have access to Fisher’s or Elderton’s tables in 
order to evaluate properly the results obtained by the Chi-square 
test. When these tables are not available the following values will 
serve as a guide in interpretation. 
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Values fob Intebprbting Goodness of Fit 


. 1 

2 

8 

Degress of 

Value 

Value 

Freedom 

FOR High 

FOR Fair 

n 

Probability 

Probability 

1 

.2 

3.0 

2 

.7 

4.7 

3 

1.4 

6.3 

4 

2.2 

7.8 

6 

3.0 

9.3 

6 

3.8 

10.7 

7 

4.7 

12.0 

8 

6.5 

13.4 

0 

6.4 

14.7 

10 

7.3 

16.0 

11 

8.1 

17.3 

12 

9.0 

18.6 

13 

9.9 

19.8 

14 1 

10.8 

21.1 

16 

11.7 

22.3 

16 

12.6 

23.6 

17 

13.5 

24.8 

18 

14.4 

26.0 

19 

16.3 

27.2 

20 

16.3 

28.4 

21 

17.2 

29.6 

22 

18.1 

30.9 

23 

19.0 

32.0 

24 

19.9 

33.1 

26 

20.9 

34.6 

26 

21.8 

35.6 

27 

22.7 

36.7 

28 

23.8 

38.0 

29 

24.6 

89.0 

30 

25.6 

40.4 


Two sets of values are given for for each degree of freedom, n, 
and they may be interpreted in the following way. When a Chi- 
square determination leads to a value equal to or less than the value 
of X* in the second column, for the degrees of freedom concerned, 
the fit is very good, or there is a close agreement between the results 
compared. When the Chi-square determination is more than that 
tabled in the second column, but equal to or less than that in the 




Application of Goodnbss of Fit in a Oompaeison of Feequenct DisTEismoNS* 



.0025312 X 63 X 70 = 11.1626 
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third column, there is a fair agreement. In other words, the values 
of in the second column lead to a high value of P while those in 
the third column lead to a fair value of P. For Chi-square deter¬ 
minations higher than tho£:e in the third column there is not a close 
agreement between the comparisons, or between observation and 
theory. 

When n is more than 30 the results may be compared by assuming 
that \/2^ is distributed normally about a mean equal to V2n—1 
with unit standard deviation. For example, if X“ = 60.5 and 7i*=41 
we have 

n/2x^ =11.00 

V2~n^ = n/2(41 ) - 1 = 9.00 

Difference = 2.00 zt 1.00 

The difference is twice the probable error and borders on signi¬ 
ficance. 

The application of Goodness of Fit is very useful in problems 
of curve fitting when there may have been a question as to which 
particular type of curve should have been used for the graduation 
of the data. If one is in doubt it is well to calculate the expected 
frequencies from the types of curves that seem to fit the observed 
frequencies and by determining the Goodness of Fit select the type 
that gives the highest value for P. When much curve fitting is 
being done there are times when it is preferable, for simplicity in 
calculation, to use a curve that may give a slightly poorer fit, or a 
lower value for P, but in general the best fitting type should be used. 

The Goodness of Fit idea may be extended further to compare 
one frequency distribution with another to determine whether they 
may have arisen as samples from the same population, or, in other 
words, this method may be used when applied to frequency dis¬ 
tributions to determine the homogeneity of the material at hand. 
The method is very useful in connection with certain problems in 
inheritance when one may be investigating quantitative characters 
and the results are being compared by means of frequency distri¬ 
butions. The value of X^ may be determined from the formula 
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in which and are the frequency distributions and and 
are the totals of these frequencies. The various calculations are 
simple, and a convenient arrangement for determining X* is illus¬ 
trated in Table 77, page 292. 

The problem here is a study of the inheritance of length of ears 
in corn. The first column of the table gives the class length in 
centimeters, and the second and third columns give the distri¬ 
butions for two third-generation families. The problem is to 
determine whether these two frequency distributions are really 
different. If they are different, we may conclude that they have 
a different genetic constitution. If they are apparently the same, 
then we may conclude that they may be the same in their genetic 
constitution. 

The various steps are as follows. In column 4 are recorded the 
sums of the two frequency distributions and in columns 5 and 6 the 
frequencies of the individual distributions are expressed as a per¬ 
centage of the total. In columns 7 and 8 the differences pair by 
pair have been obtained and squared, and these squared values are 
divided by the corresponding values in column 4 and recorded in 
column 9. The values in column 9 are summed, and X^ is obtained 
from this summation value multiplied by Nji, the totals of 
the frequencies. The value for X^ determined by this method is 
11.1626, and there are 7 groups, giving 6 degrees of freedom. 

This may be interpreted in the manner already explained. Re¬ 
ferring to Elderton’s table we will have for 7^'*s64-l, or 7 

For n's 7 and H P- .088376 

For n'=» 7 and 12 P- .061969 

Difference .026407 

Our value for X* is 11.1626, and interpolating between this and the 
P value for X* = 11, we have .088376- (.026407 x .1626), or a P value 
of .084082. This gives a rather low value for the probability, and 
yet not low enough to be absolutely certain that the two frequency 
distributions are really samples from different populations. Using 
this value of P to determine odds we find that the odds are about 11 
to 1, which are not quite high enough to indicate significance. 

If, on the other hand, we interpret the results for these data on 
the basis of the means and their probable errors alone, without con¬ 
sidering the entire distributions, we have 
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Mean of series B 12.71zb.ll 

Moan of series A ll.94i.12 

Difference .77i.l6 

The difference is nearly five times its probable error, and we would 
conclude that the means are really different. However, it must be 
pointed out that for comparisons of this sort we are not interested 
in the mean alone but in the result of the distribution as a whole. 
In some cases the means may differ and yet a comparison of both 
distributions as a whole may not indicate a significant difference. 
Again, the means may be practically the same and still the distri¬ 
butions as a whole may not agree. The real purpose of the Chi- 
square method is to compare the entire distributions, and when the 
probability is very low we may conclude that the distributions are 
really samples from different populations, or when studying genetic 
problems we would conclude that the two distributions differ 
in their genetic constitution. When P is high we may conclude 
that the samples may have arisen from the same population, or 
that the genetic constitution of the two populations is the same. 

Another application of the Goodness of Fit method is in the study 
of problems of Mendelian segregation, since it is possible to compare 
the actual observed numbers obtained for the different groups with 
the expected numbers on the basis of the hypothesis that is used 
for the interpretation of the results. Such an application is made 
with the following data obtained in a study of the inheritance of 
color in oats. 


Color of 

Observed 

Calculated 

(o-c) 

(o-cyt 

(o-c)2 

Grain 

0 

c 

c 

Black 

230 

231 

-1 

1 

.0043 

Gray 

57 

58 

-1 

1 

.0172 

Yellow 

21 1 

19 

2 

4 

! 

.2105 

X2=*.2320 


The observed values are given, together with the calculated 
values for the indicated 12: 3: 1 ratio. The steps for determining 
the Goodness of Fit are carried out as before, and the value for X* 
is found to be .2320. Values for X^ less than 1 are not included in 
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Elderton’s table and we may therefore refer to Fisher’s table. 
In this example we have three groups or classes and it is as¬ 
sumed that the frequencies in two of these may be distributed 
arbitrarily, and thus the degrees of freedom are 2. In making 
general interpretations, Fisher states that n should refer to the 
degrees of freedom rather than to the number of groups. For 
example, in comparing the two frequency distributions for length of 
ears in com, following Fisher we would read n as 6. 

In the problem at hand for n = 2 we find from Fisher’s table that 
when P=s.90 the value of is .211, and when P = .80 the value 
of X^ is .446. The value obtained, .2320, lies between these values 
but nearer the value for P==.90. The probability therefore lies 
between .90 and .80. This is a high probability and indicates a 
good agreement between theory and observation. 

These examples illustrate how the Goodness of Fit may be applied 
to results obtained from curve fitting or from similar comparisons. 
We should be careful in the interpretation of results on the basis 
of Goodness of Fit. As already indicated, it is not possible to 
name a definite value above which a good fit exists and below which 
the fit is poor, since we are dealing with frequency distributions or 
similar material and the divergencies of a single group may be 
such as to have an undue influence on X^ and therefore on the value 
of P. When these facts are kept in mind then one may make ap¬ 
plication of the Goodness of Fit, and should be able to give a satis¬ 
factory interpretation to his data. 

In presenting these illustrations it has been the purpose to show 
some of the applications of Goodness of Fit. For a more complete 
discussion the reader is referred to the most recent edition of Fisher’s 
book. Statistical Methods for Research Workers, Since writing the 
present chapter a further contribution to the problem of Goodness 
of Fit has been made by Pearson in his paper in Biometrika, Volume 
26. 



CHAPTER XII 


ANALYSIS OF SMALL SAMPLES AND APPLICATION 
OF PROBABILITY 

The first part of this book has dealt with the analysis of frequency 
curves, correlation, and the fitting of curves for large populations. 
There is a very important phase of statistical analysis in which the 
agronomist and biologist are interested, and that is the methods 
that may be used for evaluating results obtained from small samples, 
since as a rule these investigators are limited as to the number of 
experiments they can conduct. During recent years this phase of 
statistical analysis has been receiving considerable attention. It 
is the purpose to set forth in this and following chapters the methods 
that may be used, with illustrations of their application and limita¬ 
tion, The discussions will deal with the application of the various 
methods rather than strictly mathematical considerations. It 
should be understood that while the examples will be drawn largely 
from agronomic material, the methods are in no sense limi ted to 
this field but may be used for the study of other problems, such as 
the results obtained in nutrition experiments, the effect of various 
treatments for insect and disease control, and other problems of 
similar nature. 

In Chapter IX we discussed the meaning of probable error, and 
gave formulas for determining probable errors for various constants 
that are used in biometrical work. For the calculation of probable 
errors for small samples, or for the analysis of the results of small 
samples, a number of formulas or methods for analysis have been 
developed. These will be discussed in more or less chronological 
order. 

BeaseVa and Petera' Formulaa, The first methods to be generally 
used for the determination of probable errors for small samples 
are the applications of the formulas developed by Bessel and Peters. 
It will be recalled that the probable error of a single determination 
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is obtained from db .6745cr. When it is remembered that the formula 
for the standard deviation of a frequency distribution when working 
from the true mean is 


/s 

“V N 


It must be clear that the formula for the probable error of a single 
determinatiun is 


zt.6745 




2 /^ 
‘ N 


When working with ungrouped material this formula for the probable 
error of a single determination is 


:±.6745 



It was pointed out in Chapter IX that in our experimental work 
it is not possible to know the true value, and that the mean or other 
constant as determined, with its probable error, gives the most 
probable value. We do not know the true value of a mean, since 
we do not know the value of all the true errors. As the number in 
the population increases so that N becomes very large, then the 
observed errors approach the true errors, or the sum of the 
squares of the observed errors approaches the sum of the squares 
of the true errors. When N is small the sum of the squares of 
the known errors does not approach so closely the sum of the 
squares of the true errors, and it is a fact that the sum of the 
squares of the known errors for small samples is less than the sum 
of the squares of the true errors. 

Various corrections for the observed errors have been suggested, 
but it has been found by actual trial and proved mathematically 

that if represents the average square of the true errors for 

large samples, will approach very closely the average square 

of the true errors for small samples. This approximation is used in 
the formula suggested by Bessel for obtaining the probable error 
of a single determination, which is 
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It will be noted that the only difference between this formula 
for the probable error of a single determination and the formula 
suggested in Chapter IX is the correction for small numbers made 
by using -^-1 in the denominator rather than N, In Chapter IX 
it was shown that the probable error of the mean of a number of 
determinations may be obtained by dividing the probable error of 
a single determination by the square root of the number of obser¬ 
vations, so for small samples the probable error of the mean may be 
obtained by dividing the probable error of a single determination 

Table 78 

Method of Calculating Probable 
Errors by Bessel’s and 
Peters’ Formulas 


Yjy.hD 

Deviation 
FBOM Mean 

D 

D2 

38 

0 

0 

40 

2 

4 

40 

2 

4 

42 

4 

16 

3‘0 

1 

1 

3> 

- 3 

9 

32 

- 6 

3S 

28 

~i0 

100 

42 

4 

16 

44 

(> 

33 

bbO 

^4-D=‘38 

( 

2/12= 222 


Mean=38 


By Bessel’s formulas 

P.E., =±. 6745 ^|^^=±. 6745 ^^^=± 3.35 

By Peters’ formulas 

P.!., =±.8e3^j^.±.8«3^S.±S.» 

P.I!.»=±.8458j,j4~-±.8«3A=±1.07 
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by the square root of N, the correction for small numbers having 
been made in the formula for the probable error of a single deter¬ 
mination. 

It is also possible to obtain the probable error of the mean directly 
from the formula 

which is Bessel’s formula for the probable error of the mean. These 
formulas may now be applied to the data in Table 78, page 299, which 
are the yields of ten plots sown to the same variety of wheat. 

The first step is to obtain the mean by the usual process of sum¬ 
ming the individual items and dividing by the number of items 
The deviation, D, of each item from the mean is determined, as given 
in the second column of the table. These values are squared and 
the sum obtained. In this example the mean is 38 and the sum of 
the squares is 222. This sum may now be substituted in the 
formula for the probable error of a single determination 

=±. 6745 ^ 1 ^ 

Since N =» 10, we substitute 9 in the formula and complete the opera¬ 
tions, obtaining the value ±3.35. This is the probable error of a 
single determination, which in this case is a single yield. 

It will be recalled that in the discussion of the probable error 
in Chapter IX it was pointed out that one-half of the observations 
should fall within the limits of the value of the probable error of a 
single determination when this value is subtracted from or added 
to the mean. This will not hold exactly for small samples, but it 
will be noted on comparing the values of D in the second column 
of Table 78 with the probable error of a single determination that 
one-half of the deviations, namely, the first, second, third, fifth, and 
sixth, come within the limits of ±3.35. 

By substituting the necessary values in Bessel’s formula for the 
probable error of the mean, we find the probable error of the mean 
is ±1.06. As stated above, this value may also be obtained by 
the relation , and 3.35/Vi()= 1.06. 

It is apparent that the only difference between this method for 
obtaining the probable error and that discussed in Chapter IX is 
that a correction factor has been substituted for small numbers. 
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The sum of the squares is divided by N-l rather than by N, and 
this results in a larger value from which to extract the square root, 
giving a slightly larger error. 

It may be convenient at times to calculate the errors by Bessel’s 
formulas directly from the values of the individual items without 
determining the second column of Table 78. From the column 
of yields the mean is obtained as before, but instead of taking the 
deviations of the items from the mean the items themselves are 
squared and summed. The mean is squared and multiplied by N 
and this value is subtracted from the sum of the squares of the 


Table 79 

Method of Calculating Probable 
Errors Directly from the 
Individual Items 


Yield ob 

V 

F* 

38 

1444 

40 

1600 

40 

1600 

42 

1764 

39 

1621 

35 

1225 

32 

1024 

28 

784 

42 

1764 

_44 

1936 

Total 380 

2F2=14e62 


Mean =: 38 

M^N =(38)2X10=14440 


P.E., =±.0745^ 




14662-14440, 
9 


P.-®.jif=»±.6745^ 


14662-14440. 


db3.35 


±1M 


90 
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several observations. The difference is divided by N-l and the 
squaure root extracted. This is multiplied by ±.6745, giving the 
probable error of a single determination. The formula may be 
written as follows: 

in which SF* is the sum of the squares of the several items, or values, 
and M is the mean. The details of the method are shown in Table 
79, page 301, with the data from Table 78. The result is 

P.E. ^^±.6745^ ^^^^ ~ = ±.6745 V24.666667=zb3.35 

This gives the same value under the radical and the final result is 
the same as obtained by the other method. 

The probable error of the mean may also be obtained by squaring 
the items directly and using the following formula: 

Substituting the necessary values from Table 79 we have 

P.E.M- ±.6745 = ±1.08 

V 90 


It may also be pointed out that the probable error of a single 
determination may be obtained by adapting one of the methods 
suggested in Chapter V for determining the standard deviation. 
This formula for the probable error of a single determination is 


PJ 




Using the data in Table 79 we have for the summation of F*, 14662, 
and for (SF)^, 144400, and N is 10. Substituting these values in 
the formula we have 


V (10) (9) * 

The probable error of the mean may be obtained from 3.35/V 
or P.jB?.||=±1.06, 
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One advantage of these methods is that they make for greater 
accuracy in not dropping decimals. For example, with the usual 
method when the mean is not obtained exactly and decimals are 
dropped, or a number in the deviation column is raised on account 
of the value of certain decimals, slight errors may occur. An 
objection to these methods is that when the values observed are 
large it is necessary to deal with large numbers in the calculations, 
but with the usual helps in statistical work this is not a serious 
matter. 

The formulas that Peters has suggested are based on the devia¬ 
tions themselves and not on the squares of the deviations, as in 
Bessel’s formulas. Peters* formula for the probable error of a single 
determination is 


P.]S.,^±.S46Z-J^^ 


2-f-Z) 


VJ/ 1 j 


in which +D means that all the deviations from the mean are 
summed without regard to signs. This formula may be applied 
to the data in Table 78. The mean and the deviations from the 
mean are obtained, and the sum of these deviations, X+D, is 38. 
Substituting the necessary values in the formula, we have 


38 

P.JS. ,= ±.8463 = ±3.39 

V90 


Peters* formula for the probable error of the mean is 

2+/> 

P.E.M-±,S4bS -/ — 

" N's/N-l 

Again substituting the values from Table 78 we have 

P.E.M =±.8453- =±1.07 

10 V 9 

The constant used in these formulas is ±.8453whileinBeasers 
formulas it is ±.6745. This is due to the fact that there is a re¬ 
lation between these two formulas similar to that between the stand¬ 
ard and average deviations. In the discussion on constants of 
dispersion it was stated that, for symmetrical distributions, the 
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average deviation is equal to .7979 8.D.j and from this we derive 
the value .8463 from the following relation 

A.D. : S.D. :: .7979 : 1 

Then from 


we have 


.7979 : 1 :: .6745 : « 


flfB.8453 


Therefore, when using Peters’ formula, it is necessary to multiply 
the value obtained from by .8453 in order to include 

one-half of the individuals, or, more generally, one-half of the area 
of the curve. 

In general, the results obtained from the two methods will agree 
very closely, as is true in the example just given. A comparison 
of the results obtained with the two sets of equations and using 
the same data is given in Table 80. 


Table 80 

COMPABISON OF PrOBABLB ErEOBS OP A SlNQLB 

Determination and of the Mean When 
Calculated by Bessel’s and 
Peters’ Formulas 


Probable Error ow a 

Probable Error of 

Single Determikatiok 

THE Mean 

Bfhsel*s 

Peters* 

Bessel's 

Peters* 

Formula 

Formula 

Formula 

Formula 

4.12 

4.32 

1.80 

1.37 

4.82 

4.71 

1.62 

1.48 

S.'IS 

3.72 

1.20 

1.18 

2.48 

2.44 

.78 

.77 

4.84 

5.02 

1.63 

1.59 

3.28 

3.62 

1.04 

1.14 

3.91 

3.78 

1.24 

1.20 

4.46 

4.81 

1.41 

1.62 

2.62 

2.98 

.83 

.94 

3.73 

8.89 

1.18 

1.23 

Ave. 3.80 

3.93 

1.20 

1.24 
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From these values it is apparent that the results obtained from the 
two methods agree very closely in most cases. For the results in 
Table 80 the ratio of those from Bessel’s formulas compared with 
those from Peters’ formulas is about 1.00 to 1.03. For a larger 
number of comparisons the ratio has been found to be about 1.00 
to 1.07. 

Of the two methods, Bessel’s formulas insure greater accuracy. 
To facilitate the calculation of probable errors by Bessel’s and 
Peters’ formulas, Tables IV and V are included in the Appendix for 


the values 


for all 


.6745 _ _ .^45_ .^^453 i J453_ 

^ (JV-1) ’ ’ I/N (AT-i) ’ N 

numbers of N from 1 to 99. Obtaining from these tables the value 

corresponding to the number of observations, it is only necessary to 
multiply this value by the square root of X to obtain the required 
probable error by Bessel’s formulas, and by X+D when using 
Peters’ formulas. 

The interpretation of results on the basis of probable errors 
calculated in this way, and the calculation of odds, are the same as 
already explained. 


Comparison of Differences, We may now proceed to compare two 
results on the basis of the probable errors of the means obtained by 
Bessel’s formula, using the data in Table 81, page 306. These data 
are the yields from ten plots each of two varieties of wheat. 

The data for variety A are the same as given in Table 78 and the 
mean and probable error of the mean have already been deter¬ 
mined. By the same process the mean and its probable error for 
variety B are found to be 34.00±1.16. Applying the formula for 
the probable error of a difference as given in Chapter IX, 

P.E. VoS-fda 

we have 

Variety A 88.00^1.06 

Variety B 34.00zbl.l» 

Difference 4.00ii::1.57 

To determine whether or not this difference is significant we 
divide the difference by its probable error and determine the odds. 
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Table 81 

Comparison of Two Means on the 
Basis of Their Probable 
Errors 


Variety 

A 

Variety 

B 

38 

37 

40 

37 

40 

40 

42 

40 

39 

32 

35 

30 

32 

31 

28 

22 

42 

36 

44 

35 

Mean = 38.00 

Mean=3 4.00 


Variety A 38.00dbl.06 
Variety B 34.OO2bl.l6 
Difference 4.00±1.67 


PTE.* 1.57 
Odds 10.70 to 1 

The difference divided by its probable error, or 4.00 /1.57, is 2.66, 
As explained in Chapter IX, this ratio is multiplied by .6745, 
giving 1.720, and from Table VI in the Appendix we find the odds to 
be 10.70 to 1. These odds may also be read directly from Table VII 
in the Appendix. In Chapter IX it was stated that odds of 30 to 
1 are usually accepted as indicating significance. We would there¬ 
fore conclude that varieties A and B are not significantly different 
since the odds are only 10.70 to 1. 

In following the standard of accepting odds of 30 to 1 as indicating 
significance it should be understood that it is not possible to say 
absolutely that odds of 30 to 1 are significant, while a result leading 
to odds of 29 to 1 should be discarded as being of no significance. 
The use of odds of 30 to 1 has been adopted as a convenient division 
point between significance and non-significance, but extreme 
caution should be observed in drawing conclusions from comparisons 
when the odds are only 30 to 1. In the calculations the method 
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of handling decimals or carrying the calculations to more decimals 
may at times change the odds from 29 to 1 to 30 to 1. 

Considering further the difference between A and B, it may be 
well to call attention to the fact that the formula used for the prob¬ 
able error of a difference is only part of the complete formula, as 
will now be explained. Suppose we have a series of measurements, 
or a series of yields, for A and B. Let represent the deviations 
of the individual items of A from the mean of A, and let represent 
the deviations of the individual items of B from the mean of B. 
Suppose that the differences between the yields of the two series 
are obtained, and from these the average difference is determined. 
Then let Z)^.^ be the deviations of the differences from the average 
difference. Then 




Squaring 




Summing all these deviations we have 


Dividing by U 

^02^ ^2DaDb 
' "N N N ^ N ~ 


Now 


N 

standard deviations, and 


and are the squares of the 


—is twice the mean product deviation, or 
SP/JV of the formula for the correlation coefficient 

Substituting in the formula above we have 

* 2r (oa^b) 

This is the complete formula to be used when comparing a series 
of results, as for example a series of measurements of A and a series 
of measurements of B. If there is correlation between the results 
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it is necessary to eliminate the effect of correlation in order to have 
the true value for the probable error. It is evident from the formula 
that when a correlation is positive the probable error as obtained 
will be smaller than if the correlation were negative. In other 
words, when the correlation is positive we are subtracting a positive 
value, and when the correlation is negative we are subtracting a 
negative value, which actually means that we add in the effect of 
correlation, and hence the standard deviation of the difference, and 
the probable error, will be larger. 

Correlation between results of experiments may be due to various 
factors which operate to produce similar changes in the variables 
studied. In the example before us we are dealing with the yields 
of two varieties of wheat when each variety is grown in ten replicated 
plots. The field on which these varieties were grown varies so far 
as its fertility is concerned, and so it is evident that when a plot 
of A and a plot of B are grown in one part of the field the yields 
may be relatively high or low depending on the fertility. We see 
by inspection that there is a tendency for the yields to rise 
and fall together. How much correlation is present and what 
effect it may have on the comparison of the mean yields between 
A and B may be illustrated by using the full formula for the probable 
error of a difference, as shown in Table 82, page 309. It may 
be stated that this complete formula is applicable to either a sum 
or difference. 

We may substitute the values from Table 82 in the formula just 
developed and obtain a value for The sum of the squares 

of the deviations of the yields of A from the mean of A, when divided 
by the number of observations, 10, gives 22.2, and likewise the sum 
of the squares of the deviations of the yields of B from the mean of 
B, divided by the number of observations, gives 26.8. The sum 
of the values in the column is 204, which divided by 10 is 

20.4. Summing the mean square values for A and B and subtract* 
ing twice the product of we have 

8.2000 

and 

“ V8.2000a2.86 



Method of DETSRMiNiNa the Probable Error of a Mean Diffebencb by Elbiinatino 

THE Effect of Correlation 
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=±.674o./^v^f^’v =±.6745J^=±.6745y.9inVi=±.67t5X.955=±.6-i4 

^ (xV — 1) Y 1#0 
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Thb is the standard deviation of the difference between A and B 
after the effect of the correlation has been eliminated. The proba¬ 
ble error of the difference between the means is given by 

It may be pointed out that the same result for the probable error 
of the difference between A and B may be obtained from 


dir?ectly. Substituting the necessary values from Table 82 in this 
formula, we have 

2^*4-i?=222+268-2 (204)=82 

Since 82 is the sum of the squares of this value may be sub¬ 
stituted in the formula for the probable error of the mean 

=fc.6745./§?=:=t.644 
V 90 

The difference between this probable error and the one obtained 
above is due to the number of decimals retained. 

This is the probable error of the difference when the effect of 
correlation is removed. It may be noted that it is not necessary 
to determine the correlation coefficient but merely to eliminate the 
effect of correlation. 

This value for the probable error of the difference between the 
means, .644, may be compared with the probable error of the differ¬ 
ence, 1.57, obtained from the shorter formula, which 

does not eliminate the effect of correlation. The difference, 4 
bushels, divided by the probable error, .64 (read to two decimals), 

gives a ratio of 6.25. The odds calculated from Table VI for 

this ratio are over 40,000 to 1, while by using the shorter 

formula the odds are only 10.70 to 1. This indicates that after 
eliminating the correlation the difference between A and B is highly 
significant. 

Since the application of the full formula is for the purpose of 
eliminating the effect of correlation, this may be done by the more 
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convenient method of taking the differences between A and B 
pair by pair, giving the results in the column A-B of Table 82. It 
should be pointed out that care must be taken to observe the signs. 
Summing the differences of A-B and dividing by the number of 
observations, 10, the mean difference is obtained, and this is nat¬ 
urally the same as the difference between the two means. The 
deviations between this mean and the values for A-B are obtained 
and recorded in the column These values are squared and 

summed, giving 82, which is and the same value as obtained 

from the longer formula. This value may be substituted in Bessel's 
formula and the probable error of the mean obtained. This is a 
simpler process than the longer formula. 

The values in Table 82 may be used to prove that 

which relationship was assumed as the first step in the development 
of the complete formula for the probable error of a sum or difference. 
Taking the first pair of varieties, we find that —3. If we 

take — we have 0—3, or —3. For the next pair of varieties 
we have -0^-5=— 1. Now 2)^ = 2 and 2)^ = 3, hence 2)^ — 2)^ — 
2 —3 = —1. The other values may be similarly compared, proving 
that is equal to 2)^—D^. 

We may now illustrate how it is possible to combine the measure¬ 
ments of several trials or of several experiments and evaluate the 
result on the basis of the probable error. Suppose that two varie¬ 
ties of grain A and B have been tested by growing ten plots of 
each and we are interested in learning whether A is better than B. 
The yields are 

A=66.6 bvuhels 
6 = 61.3 bushels 
Gain of A over B= 5.3 bushels 

Repeated trials have shown that the probable error of a single plot 
of the kind used for this experiment is about 12 per cent. We may 
now use this probable error to compare the results from this 
experiment. 

Since the probable error of the mean of N results equals , and 
since in this experiment there were 10 plots of each variety, we have 
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for the value of or 3.80 per cent. That is, the probable 

error of either one of these means is 3.80 per cent of the mean value. 
However, we are concerned with the probable error of the difference 
only, and we obtain the probable error of this difference by mul¬ 
tiplying the probable error of the mean in per cent by n/ 2, since 
we are comparing differences. Thus 

3.80V2=5.37 

which is the probable error of the difference. 

The difference between A and B may now be expressed as the 
per cent of gain that A shows over B by dividing the difference, 5.3, 
by the yield of B, 61.3, giving 8.65 per cent. The ratio, 

or 8.65/5.37, is 1.61. From the table of odds in the Appendix we 
see that the odds are less than 3 to 1. This indicates that from 
this experiment we can conclude that there is no significant dif¬ 
ference between A and B. 

The experiment was repeated and the results from nine plots 
of each variety were obtained. The yields are 

A 5= 75.0 bushels 
B=69.4 bushels 
Gain of A over B= 5.6 bushels 

This gain of 5.6 bushels may be expressed in per cent by dividing 
the gain by the yield of B, or 5.6/69.4 = 8.07 per cent. Using the 
same probable error for a single experiment, 12 per cent, and ob¬ 
taining the probable error of the difference, we have 

12/VirxVT=5.66 

as the probable error of the difference. With a gain of 8.07 per 
cent and a probable error of 5.66 the ratio is less than 2 and 
the odds are too low to denote any significant difference between 
A and B from this experiment. 

It is possible to combine the results of these two experiments 
in the following way. The first experiment, in which 10 plots of 
each variety were grown, shows a gain for A over B of 8.65 per 
cent, and the second experiment, in which 9 plots of each variety 
were grown, shows a gain for A over B of 8.07 per cent. It is 
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necessary to obtain the 
and we have 


Summing 


weighted average of these 

8.S6X10® 86.60 
8.07 X 9* 72.63 

19 =*159.13 


percentages 


Dividing 159.13 by the number of plots, 19, we have a gain of 8.38 
per cent as the result of the two experiments. 

The probable error of this value may be obtained. The probable 
error of a single plot is 12 per cent, and the probable error of 19 
such plots is 12/V19, or 2.75. Since we are dealing with diflEerences 
the probable error of the difference is 2.75V^ or 3.89. The 
ratio may be obtained by dividing the gain in per cent, 8.38, by 
the probable error of the difference, 3.89, giving 2.15. Referring 
to the table of odds in the Appendix we find that the odds are 5.8 
to 1. By combining the two experiments we obtain odds that are 
slightly higher than those obtained with the original experiments, 
but we do not yet have sufficient information to state whether there 
is any real difference between A and B. 

The experiment was again repeated, and the results from eight 
plots of each variety are 

A=28.8 bushela 
B=24.8 bushels 
Gain of A over B= 4.0 bushels 


Expressed in per cent, this gain is 4.0/24.8, or 16.13 per cent. The 
probable error of the difference is obtained from 12/^8 xn/2, or 
6.00. The ratio for this experiment, or 16.13/6.00, is 2.69, 

and from the table of odds we find that the odds are 13.58 to 
1. Again the odds are not high enough to indicate a significant 
difference. 

The results of the three experiments may now be combined by 
obtaining the weighted average of the percentage gain and the 
probable error of the experiment. We have 

8.66X10= 86.60 
8.07 X 9= 72.63 
16.18X 8=129.04 


Summing 


27=288.17 
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Dividing 288.17 by 27, the weighted average gain is 10.67, Since 
there were 27 plots of each variety, the probable error of the gain, 
which is the probable error of the gain of A over B, is obtained from 

12/V27xV2, or 3.27. The ratio is 10.67/3.27, or 3.26, and 
from the table of odds the odds are found to be over 34 to 1. 

By combining the results of the three tests we may conclude 
that the chances are that A is a better variety than B, and with con¬ 
tinued trials we may expect that A will yield better than B. This 
indicates how the results of several experiments may be combined, 
and while the individual experiments may not lead to significant 
results, it is possible by combining them that a significant difference 
may be obtained, especially if A always shows a gain over B. If 
in one of the three trials B had given a larger yield than A it is 
evident that the net gain of the three experiments would have 
been much less than 10.67 per cent. 

Another illustration of the application of the probable error in the 
interpretation of results may be given. Six trials in a rate of seeding 
test with wheat gave an average yield of 16.8 bushels when 4 pecks 
of seed were sown, and a yield of 20.8 bushels when 7 pecks of seed 
were sown. The problem in this case is to determine whether the 
7-peck rate is significantly better than the 4-peck rate. 

Experience has shown that the probable error for the kind of 
plots used in this case is approximately 8 per cent, and for 6 trials 
we would have as the probable error of the difference 8/V6xV^, 
or 4.61. The difference between the 7-peck rate and the 4-peck 
rate is 20.8—16.8, or 4 bushels. This is expressed in per cent by 
obtaining 4/16.8, or 23.81 per cent. This value, 23.81, divided by 

4.61, the probable error of the difference, gives a p ratio of 5.16, 
Referring to the table of odds it is seen that the odds are high enough 
to indicate a significant difference between the two rates of seeding. 

In this case, however, it is better to use the net difference, since 
to obtain the larger yield a larger amount of seed, 7 pecks, was 
used, or a difference of 3 pecks over the lower rate, and it is more 
accurate to eliminate this amount from the gain. As 3 pecks 
equals three-fourths of a bushel, or .76, this amount is subtracted 
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from the gain of the heavier seeding over the lighter seeding, 4 
bushels, giving a net gain of 3.25 bushels. This net gain is converted 
into percentage by dividing 3.25 by 16.8, giving a net increase of 
19.35. The ratio, or 19.35/4.61, is 4.20, from which odds of 
about 216 to 1 are obtained. In either case the odds are high 
enough to indicate significance. When comparing such results it is 
usually better to base the conclusion on net returns. 

Discussion of Odds. In the previous discussion of odds we have 
assumed that it is equally possible for the deviations to occur in 
either direction above or below the mean, or in interpreting the 
results on the basis of the probable error we have assumed that the 
deviations in either direction are equally likely to occur. In some 
cases, however, the nature of the material is such as to render devia¬ 
tions in only one direction. Referring again to the two varieties 
of grain which were compared in three different experiments, it is 
noted that in all cases A was better than B. This indicates that in 
general we may expect that A will be better than B, and when com¬ 
paring results of this sort we may assume that deviations of A as 
compared with B will be in one direction only, or in the positive 
direction. When obtaining odds for comparing A with B, it is 
therefore better to use the probability tables designed for deviations 
in only one direction. 

The probability table. Table VI in the Appendix, is based on the 
assumption that deviations above or below the mean are equally 
likely to occur. In cases like the one just cited we assume that 
the deviations will be in one direction only and therefore one-half 
of the area of the curve is taken as certainty. This is illustrated 
in Figure 31. 



Fig. 31. Illustrating area of curve included for 
deviations in one direction only. 
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When using the probability table to obtain odds for results when 
the deviations are in one direction only we proceed in the following 
manner. On the basis that the area of the curve used in the table 
of probability values is 100000, we would add to the values in this 
probability table one-half of the area of the curve, or 60000. Thus, 
for = .60, we would add 60000 to the probability value in the first 
column, 22576, giving 72575, and likewise for the other values in the 
table. Tables of probability values are often presented on the basis 
of deviations in one direction only, as for example Table II in 
Pearson’s Tables. When 60000 is added to each value in Table 
VI in the Appendix, the resulting values are comparable with those 
in Pearson’s Table, with the exception that in Table VI the values 
are read to five numbers only, while in Pearson’s Table the area 
is assumed as 1 and the calculations are carried to several decimals. 

For a ratio of 1, this is multiplied by the constant .6745 
and we find from the probability table that the area for this value 
is 75000, as illustrated in Figure 32. 



Fio. 32. niustrating area of curve included for 
deviations in one direction only when a value equal to 
1 xP»E.g is measured from the mean. 


To complete the calculation of odds, 76000 is subtracted from the 
total area of the curve, 100000, giving 25000. Dividing 76000 by 
25000 gives odds of 3 to 1. When assuming that the deviations 
might be in either direction it was found that for a ratio of 1 
the odds are 1 to 1, while on the basis that the deviations may be in 
one direction only the odds are 3 to 1. 

Odds for deviations in one direction only for different values of 
have been calculated and are given in Table 83. 
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Table 83 

Table op Odds to be Used When Difference 
IS in One Direotion Only 


Difference from 
THE Mean in Terms 

OF THE 

Probable Error 

Difference 
Between Two 
Results in Terms 
OF THE Probable 
Error of Each 
Result 

Odds Against 
Such Difference 
Occurring Due 

TO Chance 

1.00 

1.41 

3.0 :1 

1.25 

1.77 

4.0 :1 

l.&O 

2.12 

5.4 :1 

1.75 

2.47 

7.4 : 1 

2.00 

2.a3 

10.3 ; 1 

2.20 

3.11 

13.5 ; 1 

2.40 i 

3.39 

18.0 ; 1 

2.00 

3.68 

24.2 :1 

2.80 

3.96 

32.9 : 1 

3.00 

4.24 

45.5 :1 

3.20 

4.52 

63.7 :1 

3.40 

4.81 

90 6 :1 

3.60 

6.09 

130.8 ; 1 

3.80 

5.37 

191.7 :1 

4.00 

5.66 

285.6 :1 

4.50 

6.36 

832.3 ; 1 

6.00 

7.07 

2630.6 ; 1 

5.50 

7.78 

9999.0 :1 

6.00 

8.48 

33332.3 :1 


When using this table for practical work it is important to be sure 
that the results being studied are such that odds in one direction 
only may be expected. For example, when from previous experi¬ 
ments it is known that a certain application of fertilizer gives a 
gain, comparisons between plots receiving this fertilizer and plots 
not receiving it are certain to give deviations in one direction only, 
and therefore odds based on a difference in one direction only 
should be used. However, in comparing the results from two 
kinds of fertilizers, as for example two kinds of nitrogen carriers, 
we may not have previous knowledge that will enable us to judge 
as to the nature of the difference, and in such cases it is safer to 
use a table of odds applicable to differences in both directions. 

The difference between the odds obtained under the two con-» 
ditions is that for the same ratio the odds are higher when 
reading them from a table for deviations in one direction only than 
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they are when read from a table for deviations in both directioue. 
Thus, for a ratio of 2, the odds are 10.3 to 1 on the basis of 

deviations in one direction only, while on the basis of deviations 
in both directions the odds are 4.64 to 1. 

As a guide for practical application it may be well to state that 
when in doubt as to which table to use it is better to use the table 
based on deviations in both directions. This will give lower odds, 
and will help in safeguarding the conclusions. It is evident that 
after repeated trials if one treatment, or one variety, tends to 
give higher values, it is safe to calculate the odds on the basis of 
deviations in one direction only. 

To Determine the Required Number of Observations. In discussing 
the relation between the probable error of a single determination and 
the probable error of the mean for any number of observations, it 
was shown that the probable error of the mean of any number of 

determinations equals Application of this relation may be 

made to determine the number of individuals, such as the number 
of plots or animals or any other observation, necessary to obtain 
the desired degree of accuracy. 

For example, we may assume that the probable error for a single 
small plot is 12 per cent. The probable error of 9 such plots would 
therefore be 12/V9, or 4 per cent. Now, how many plots are 
necessary, assuming that any number can be obtained under similar 
environmental conditions, to obtain a probable error of the mean of 
3 per cent? In this case we are to find the number of plots, which 
may be derived from the relation We have 

Transposing and squaring 

9J^«144 

16 plots 

Thus, assuming that the conditions of the experiment will remain 
the same and that the larger number of plots will not affect the 
probable error of a single determination, we find that with 16 such 
plots we would expect the probable error of the mean to be 3 por 
cent. 
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This idea may bo extended so as to obtain the number of obser¬ 
vations necessary to measure differences that may be found between 
two treatments, two varieties of grain, two different rations in 
animal feeding, and the like. We may again refer to the experiment 
comparing the yields of two varieties of grain. The first experiment 
gave a mean yield for A of 66.6 bushels and a mean yield for B of 

61.3 bushels, and from these A showed a gain of 8.65 per cent over 
B. The result from this experiment was not significant. 

We may now determine how many similar plots grown under the 
same conditions would be necessary to measure this difference and 
have the results statistically significant. The probable error of a 
single plot is assumed to be 12 per cent and the difference to be 
measured is 8.65 per cent. In order that the result will be signifi¬ 
cant it is necessary to assume odds that may be taken as indicating 
statistical significance, and odds of 30 to 1 may be accepted. Refer¬ 
ring to Table 74 we find the odds nearest to this significance are 

31.4 to 1, and working from these odds we find in column 2 a value 

of 4.52. This value, which is a ratio value of is to be used 

when two results are being compared on the basis of the probable 
error of each result. In order to determine the number of observa- 

tions it is necessary that shall equal the ratio of the difference 

to be measured, in per cent, to 4.52 in order that the odds may be 

31.4 to 1. We may arrange the formula as 

P . E.) in per c ent ^ Percentage difference to be measured 

x /N Appropriate constant selected to give desired odds 

Substituting the known valuer we have 

l^ _8.65 
V-y 4.63 

Solving 

12*1.01 Vw 

Transposing and squaring 

8.66N=144 

from which 

iy*89.45 
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This indicates that we should use about 40 plots of both A and B 
in order to measure the di ff erence between A and B which has been 
calculated on the basis of the first experiment. This assumes that 
the same conditions will hold for the new series of plots as for the 
first series. 

It will be recalled that by repeating the experiment a significant 
difference was obtained from 27 plots of each variety. That a 
significant difference was obtained from a smaller number of plots 
is due to the fact that the same relative comparison between A and 
B did not hold for all three trials. That is, in the third trial there 
was a gain of A over B of 16.13 per cent, instead of only 8.65 per 
cent. 

Let us now apply the probable error analysis to a feeding experi¬ 
ment. In this trial four animals were used in each lot. The mean 
daily gains with their probable errors have been obtained and the 
results for four of the lots are given here. 


Lot 

Batiok 

Mean Daily 
Gain and 
Pbobable Ebrob 

I 

Clover hay and com silage 

2.29=fc.06 

II 

Com silage 

2.32±.06 

III 

Sweet clover hay and com silage 

2.45±.18 

IV 

Alfalfa hay and com silage 

2.49±.05 


One of the purposes of the experiment was to determine the 
effect of adding leguminous forage to the basal ration, com silage. 
The animals in lot II were given the basal ration of com silage and 
the animals in lots I, III, and IV received leguminous hay in ad¬ 
dition to com silage. Comparing lots IV and II we have 

Lot IV 2.49±.06 
Lot 11 2.32±.06 

Gain of IV over II .17db.C8 

The ratio is .17/.08, or 2.12, and is not high enough to denote 

significance. It is evident that the other two lots, I and III, when 
compared with II would show no significant gain for the leguminous 
hay. 




SMALL SAMPLES AND APPLICATION OP PBOBABILITY 


321 


We may now determine how many animals would be needed in 
such an experiment to be able to measure the differences obtained 
and have a significant result. In addition to the data on the four 
lots given here, data are available on six other lots, and from these 
ten lots the probable error of a single animal is obtained in the fol¬ 
lowing manner. The daily gain for each experiment is summed, 
giving 22.35. For each lot the probable error of a single animal 
is obtained by multiplying the probable error of the mean by n/ 4, 
since there were four animals in each lot. Summing the probable 
errors obtained in this way for each of the ten lots we have a total 
of 1.88. Dividing this by the total daily gain, 22.35, gives the 
probable error in per cent for a single animal, or P.-B., = 8.4L 
The gain of lot IV over lot II may be expressed in per cent by 
dividing the gain, .17, by the mean of lot II, 2.32. This gives 7.33 
as the percentage gain. 

Substituting the necessary values in the general formula for de¬ 
termining the number of individuals and assuming that we require 
odds of at least 30 to 1, we have 

8.41 ^7.33 

V^'*4.62 

Solving 

8,41=1.62>/N 

Transposing and squaring 

2.622^*70.78 

from which 

2iir*27.00 

This shows that for a difference of only 7.83 per cent 27 animals 
would have to be used in each lot. It would be difficult to measure 
such a small difference as this under ordinary conditions. If sev¬ 
eral experiments with a smaller number of animals all showed 
similar results, perhaps by combining them it would be possible to 
obtain significant results. 

It is well to point out that in making application of this formula 
to determine the number of observations necessary to measure 
a difference it must be understood that it is on the basis that the 
percentage difference to be measured will remain the same and that 
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the probable error of a single determination will not differ from the 
value used in the equation. If the conditions are such that tho 
probable error of a single plot should be less when the calculated 
number of plots are grown than it was assumed to be, and if the per¬ 
centage difference should remain the same, then it would not be 
necessary to have the number of plots as calculated. Again, it is 
possible that when a large number of observations are needed it may 
be necessary to extend the experimental area to such an extent that 
the probable error of a single plot may be increased. In extending 
the area to give the number of plots it may be necessary to include 
a soil of a decidedly different fertility value, and the probable error 
of a single plot may be increased unless some method of arrangement 
is followed that will tend to eliminate this difference in fertility. 

When making use of this formula to determine the number of 
plots or observations necessary it may be suggested that to be on the 
safe side it is well to add a few additional plots. For example, 
where it was found that approximately 40 plots are needed it may 
be well, both for safety and for accuracy, to have perhaps 45 plots. 
The question may arise as to whether it is necessary to grow all of 
these plots the same year or under the same conditions. In answer 
to this it may be stated that there is nothing in the formula that 
requires that all of the plots be grown in one year, or in other words 
we may say that mathematically it is not necessary. From a prac¬ 
tical standpoint it is better to do so, since environmental factors 
will likely not be the same should the 40 or 45 plots be divided into 
three different groups or grown in three different years. Therefore, 
while mathematically it makes no difference whether or not the 
plots are all grown at one time, from the practical standpoint if it 
is necessary to divide them or grow them in different years, then a 
larger number of plots should be grown than required from the 
formula. In other words, when 40 plots are necessary and if it is 
impossible to have the entire number in any one year, it is better 
from the standpoint of practical field experiments to grow about 16 
plots each year for three years. That is, the application of the for* 
mula making it possible to determine the number of plots necessary 
assumes that they may be grown under the same conditions, or as 
nearly as possible the same conditions, as the original experiment, 
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and since fluctuations will occur it is more desirable to have a 
larger number to offset such fluctuations. 

In using this formula we have taken 4.52 as the ratio value to 
lead to odds of 31.4 to 1. This is on the assumption that we are 
comparing the results on the basis of the probable error of each re¬ 
sult. If desired the probable error of the difference may be sub¬ 
stituted in the formula in place of the probable error of a single 
plot. The probable error for the plots, used in comparing varieties 
A and B above, is 12 per cent, and for the probable error of the 
difference we have 


12 V 2 =16.97 per cent 

This will be substituted in the numerator of the formula in place of 
the probable error of a single plot. Then the factor which will 
lead to odds of 31.4 to 1 is taken from the first column of Table 74, 
since we now are dealing with the probable error of the difference. 
This factor is 3.2. Substituting these values in the formula we have 


Solving 

Transposing and squaring 
from which 


VA'”"3.2 

16.97=2,70 

7.29i^=287.98 

89.60 


Thisformuhn leads to the same number of plots required as deter¬ 
mined from the probable error of a single plot. 

In using this formula, if the probable error of a single plot is being 
considered, the ratio value should be taken from the second column 
of Table 74. If the probable error of the difference between two 
plots is used, the ratio value should be obtained from the first column 
of Table 74. 

If an experiment is planned for the purpose of comparing certain 
varieties or treatments iu which it is definitely known that one variety 
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or treatment will give a larger return than anether, the values in 
Table 83 may be used, but it should be stated that it is necessary to 
know definitely that one result will be better than another. Again, 
it may be pointed out that to be on the safe side the values in Table 
74 should be used. The result when using the latter values is that 
more observations are required and therefore there is likely to be a 
sufficient number for odds in both directions or in either direction. 

Other Methods of Comparing Results, It will be recalled that in 
the comparison of the two varieties of wheat in Table 82 before 
and after eliminating the effect of correlation, odds were obtained 
which were very different for the two comparisons. The comparison 
without eliminating the effect of the correlation showed that there 
was no difference between A and B. After the correlation was 
eliminated odds of over 40000 to 1 were obtained, which would bo 
interpreted to mean that on repeated trials we would expect A to 
be better than B, and that the difference is not due to chance varia¬ 
tion but to a real difference in the yielding ability of the two varieties. 

The question may arise as to whether such large odds are de¬ 
pendable. It will be recalled that these odds were obtained from 
the normal probability table, or the table of odds based on the values 
ia the probability table, and that these in turn are based on the 
assumption of a normal distribution for the observations on which 
the result is determined. In other words, we have assumed that 
the standard deviation is known exactly, but investigations have 
shown that for small samples the true standard deviation can only 
be roughly approximated from the sample at hand ‘Student’ 
was one of the first to emphasize this fact, and he pointed out that 
for small samples while a value s may be a perfectly good estimate 
of or it seldom or ever equals cr. While cr may be distributed in 
accordance with the normal curve we cannot assume that s will be 
so distributed, or that the results from observations based on small 
samples can be tested by the normal probability tables. ‘Student’ 
investigated this problem and studied the distribution of s or s* 
in random samples. As a result of his studies he developed a set 
of probability values to be used in interpreting results obtained 
from small samples. 
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When interpreting results on the basis of these values the mean and 
standard deviation of the sample are determined and the ratio of 
the mean to the standard deviation, which ratio ‘Student’ has called 
Z, is obtained. From tnis ratio and the number in the sample 
reference is made to the special probability table developed by 
‘Student’ and the probability determined. From this probability 
the odds may be calculated in the usual way, and these odds indicate 
whether the mean may have arisen due to chance variation or 
whether it may have been affected by some special factor or factors. 
If the odds are low, we conclude that the result may have been due 
to chance. If the odds are high, we conclude that there is a real 
difference between the varieties or treatments. In connection with 
experiments in biology and agronomy ‘Student’s’ table has been 
found to be valuable, and a convenient application has been to 
determine first the differences which may exist between a series 
of A and a series of B values pair by pair, but the pairing is not to 
be considered as a part of ‘Student’s’ method. 

We may apply this method of interpreting the difference between 
variety A and variety B from Table 82. The necessary steps are 
followed in Table 84, page 326. The differences between A and B 
are obtained pair by pair and the mean of this series of differences 
is determined, as was done in Table 82. By obtaining the devia¬ 
tions of the differences from this mean the standard deviation or 
standard error of this mean is determined. The sum of the squared 
deviations is 82, and dividing this by the number of observations, 
10, and extracting the square root we have 2.86 as the standard 
deviation. 

In using ‘Student’s’ probability values to interpret this result 
the ratio of the mean to its standard deviation is obtained, and 
is designated Z. This may be interpreted by referring to Table VIII 
in the Appendix. This table has been prepared from ‘Student’s’ 
table by calculating the odds directly for different values of Z and 
N, For convenience additional values are included in this table of 
odds. These additional values were obtained by direct interpola¬ 
tion and are satisfactory for practical use. The use of the table may 
now be illustrated. 

For the data in Table 84 we find the Z value to be 1.40, and with 
we find from Table VIII that the odds are 908 to 
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Table 84 

Application of ‘Student’s’ Method of Inteb- 

PRETATION TO THE DIFFERENCE BETWEEN TwO 

Varieties of Grain 


Vabibty 

A 

Variety 

B 

A~B or 

D 



38 

37 

1 

-3 

9 

40 

37 

3 

-1 

1 

40 

40 

0 

-4 

16 

42 

40 

2 

-2 

4 

39 

32 

7 

3 

9 

35 

30 

5 

1 

1 

32 

31 

1 

-3 

9 

28 

22 

6 

2 

4 

42 

36 

a 

2 

4 

44 

35 

Hba 

9 

10)'40 

N=4.00 

5 

25 

10) 82 

8.2000 

o=-y8.2000=2.86 


For N =10 Oddi 908 to 1 


It is to be noted that while these odds are still high enough to 
indicate a significant difference between A and B, they are much 
lower than those obtained from the normal probability values. For 
the comparison of small samples, therefore, it is better to use 
'Student’s’ probability values rather than the normal probability 
values. As the size of the sample increases there is a closer 
relationship between the values obtained from ‘Student’s’ table 
and from the normal probability table, and for N beyond 30 the 
normal probability values may be used in place of ‘Student’s’ 
values with slight modification. 

As an illustration of the use of ‘Student’s’ method for cases where 
N is greater than 30 we will use an example in which N=30, in 
order to make a comparison between the results obtained from 
‘Student’s’ probability values and from the normal probability 




SMALL SAMPLES AND APPLICATION OF PROBABILITY 


327 


v^alues. These data are from a comparison of two varieties of w'heat, 
each grown on 30 plots. The differences were obtained and the 
mean difference and its standard deviation were found to be 30.9667 
and 57.7878. ‘Student’ has not tabled probabiUties for N greater 
than 30, but to illustrate the method to be followed for such cases 
we proceed as follows. The standard deviation is divided by V^-3 
and the ratio of the mean to this value is obtained. Thus 


57.7878 


V30-3 


= 11.1212 


a^d 30.9667^ 
11.1212 


With this ratio value the normal probabihty tables (Table VI in 
the Appendix) are used and the odds are 367 to 1. For comparison 
we may use ‘Student’s’ table and find the odds to be 242 to 1. The 
odds from the normal probabihty table are a little higher than those 
obtained from ‘Student’s’ table but the difference is not so great but 
that this method may be used when N is greater than 30. In either 
case the odds are high enough to indicate significance. 


Table 85 

Application op ‘Student’s’ Method of Interpre¬ 
tation TO A Rate of Seeding Experiment 


Yield from 

9 Pecks 

Per Acre 

A 

Yield from 

6 Pecks 

Per Acre 

B 

A~B 



21.6 

19.9 

1.7 

.6 

.36 

25.7 

23.6 

2.1 

1.0 

1.00 

38.6 

35.2 

3.4 

2.3 

6.29 

16.8 

14.6 

2.2 

1.1 

1.21 

31.8 

32.2 

- .4 

-1.5 

2.25 

41.4 

4L.0 

.4 

- .7 

.49 

33.5 

35.4 

-1.9 

-3.0 

9.00 



7)7.5 


7)19.60 


MEAN = l.i 

j 


2.80 


a=A/2.80=1.7 


Z =^=.66 

For N =7 Odds approximately 31 to 1 
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The use of ‘Student’s* method of interpretation may be applied 
to an experiment in rate of seeding with wheat. The tests were 
conducted for several years and the results for two rates of seeding 
are given in Table 85, page 327. Obtaining the gain of the 9~peck 
rate over the 6-peck rate and calculating the standard deviation 
and Z, from Table VIII the odds are found to be approximately 11 
to 1 for =7. In this case the odds are not high enough to 
indicate that the increased rate of seeding has resulted in a decided 
gain. This interpretation is on the basis of the actual yields, but 
from a strictly agronomic standpoint it is important to know how 
much net increase is obtained by using more seed. Since 9 pecks 
are 3 pecks, or .75 of a bushel, more than 6 pecks, this amount 
may be subtracted from the difference, giving the net difference 
for the increased rate of seeding. This net difference divided by 
the standard deviation will give lower odds. It may be stated that 
the net difference when subtracted from the mean difference gives 
the same result as would be obtained if the net difference were 
subtracted from each individual experiment. In other words, 
since we are subtracting a constant it makes no difference whether it 
is subtracted from each individual difference between A and B or 
whether it is subtracted from the average difference. 

After developing the probability values for use with argument 
Z, ‘Student’ considered the question further and developed another 
set of values for argument t, in which t=^Z's/N-l, For convenience 
the probability values in this table have been recalculated in the 
Department of Plant Breeding at Cornell University, so that the 
odds may be read directly, and appear as Table IX in the Appendix. 
The degrees of freedom, taken as one less than the number of 
items, are given at the top of the table and the t values appear in 
the first column. 

The interpretation of results by means of the values in this table 
may now be illustrated with the data in Table 84. In Table 84 
Z was found to be 1.40, and since there are 10 observations t may be 
obtained from or <= 1.40or 4.20. Referring to Table 

IX for t equalling 4.20, and 9 degrees of freedom, we have odds of 
832 to 1. This gives odds very similar to those obtained when 
using the value for Z and N a io« 
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If it is preferred to determine t directly in an example of this sort, 
we first obtain the standard error of the mean difference from 





Substituting the value for 82, and the value for N from 

Table 84, we find the standard error to be .95. Then t is obtained 
from 


M 



_4.00 
“ .95 


= 4.21 


This is approximately the same value as obtained from Z^N-l. 

In this problem we have considered that there is a relation be¬ 
tween the plots of A and the plots of B, and that we were justified 
in obtaining the differences pair by pair. There are many cases in 


Table 86 


Application op ‘Student’s ’t Method for Deter¬ 
mining THE Significance of the Difference 
Between Two Means 


Vabiety 

A 

‘ Vabiety 

B 

Da 

Db 

D^a 

Dig 

SS 

37 

0 

3 

0 

9 

40 

37 

2 

3 

4 

9 

40 

40 

2 

6 

4 

86 

42 

40 

4 

6 

16 

36 

39 

32 

1 

- 2 

1 

4 

35 

SO 

- 3 

- 4 

9 

16 

32 

31 

- 6 

- 3 

36 

9 

28 

22 

-10 

-12 

100 

144 

42 

36 

4 

2 

16 

4 

44 

35 

6 

1 

36 

j 1 

380 

3^ 



222 

1 268 


- 10-88 
./2I^2^+2I>2j3 


^ 2B 340 

i^ii=l^=-10=S4 

5^ f NiNf 

V Nt+Nt 


_ 88-34yi0+10-2 /(lO) (10)_45^ 

V222+2M V 10+10 a/490V ^ 

Degre.. of freedom.>^i+^]—2=18 
Odd. appiozimately 18 to 1 




330 STAT19TIOAL METHODS APPLIED TO AaBIOXTLTtJBAIi BESEABCH 


which there is no relation between the measurements of one series 
and the measurements of another and therefore we are not justified 
in obtaining the paired differences, but we are interested in deter¬ 
mining whether there is any significant difference between the means. 
In such cases we proceed in a different manner. We may use the 
same data as in Table 84 and determine first the means of A and B. 
The deviations of the individual results from their respective means 
are obtained, squared, and summed, giving the values for 
and Si5*^, as indicated in Table 86, page 329. 

We may obtain t from the formula 


In this formula and N 2 are the number of observations in each 
case. Substituting the values from Table 86 we find ^ to be 1.72. 
It may be pointed out, however, that when there are an equal 
number of items in both series it may be more convenient to obtain 
t by first determining the standard error of the difference, cr^, 
between the two means from 


^ y N (jv-i 




Substituting the values from Table 86 in this formula we have 


Oj>- 


/ 2 ? 2 . 2 _ 68 _ 

80 + 90 ~^-“ 


and 




The degrees of freedom are 2=18, in which Nx -^2 

refer to the number of observations in each case. From Table IX 
we find for j = 1.72 and for 18 degrees of freedom that the odds are 
about 18 to 1. 

We would conclude from this method of analysis that there is 
no significant difference between A and B. However, from ‘Stu¬ 
dent’s’ Z test and from the first value of i obtained, in which it is 
assumed that there is a relation between the results for A and B, 
we obtain odds high enough to indicate significance. This indicates 
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that sometimes one of the methods may indicate significant dif¬ 
ferences and the others may not, and in such cases this fact cannot 
be ignored even though all methods do not show significance. It 
must be understood that the first two methods need not always be 
applied to paired results, because they may be used with a single 
series of observations and will then show whether the mean differs 
significantly from zero. 

Fisher has also considered the problem of small samples, and 
has prepared a table for interpreting results on the basis of t. It 
is not possible to present Fisher’s complete table, but in the last 
column of Table X, which is taken from Snedecor, part of the values 
from Fisher’s table are given. The values of t given in this table 
are those indicating odds of 19 to 1 and 99 to 1, since we are chiefly 
concerned in knowing whether or not our results are significant. 
The numbers in light-face type are those indicating odds of 19 to 1 
and those in dark-face type indicate odds of 99 to 1. Any value 
for t lower than the values tabled for the degrees of freedom con¬ 
cerned would not be considered significant. The degrees of freedom 
are given in the first column at the left of the table. It should be 
pointed out that ‘Student’s’ t values are calculated on the basis 
of deviations in one direction only, while Fisher’s t values are 
for deviations in both directions. 

Fisher has suggested the following method for determining t: 


where M is the deviation of the sample mean from the population 
mean, N is the number of observations, and s is the square root of 
the variance, obtained by dividing the sum of the squares of the 
deviations by the degrees of freedom. Degrees of freedom are 
taken as 1 less than the number of observed values. 

We may use the data from Table 84 to show the application of 
Fisher’s method, as given in Table 87. 
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Table 87 

Application of Fisher’s Method for Deter¬ 
mining THE Significance of the Difference 
Between Two Means 



Variety 

A 

Variety 

B 

A-B or 

X 

a;-Af 


38 


1 

-3 

9 

40 

37 

3 

-1 

1 

40 

40 

0 

-4 

16 

42 

40 

2 

-2 

4 

39 

32 

7 

3 

9 

35 

30 

5 

1 

1 

32 

31 

1 

-3 

9 

28 

22 

6 

2 

4 

42 

36 

6 

2 

4 

44 

35 

9 

6 

25 


2*=40 

_1 

2(»-3f)2=82 




The values needed are M, s, and t, and they are obtained from the 
following formulas. 

{X) 

N ( N - 1 ) “ AT (jV-1) 2^-1" ' 

f- W-y 

S 

In these formulas M and s have already been explained, N refers to 
the number of observations, and x to the deviations between the 
individual observations. The degrees of freedom are 
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Substituting the values from Table 87 we find (=»4.19. This 
is practically the same value for t as obtained from Zy/If-i~ From 
Table X, for 9 degrees of freedom, we find that a t value of 3.250 
due to chance alone may be expected once out of 100 trials. From 
the value obtained for t, 4.19, we may be certain that the odds are 
more than 99 to 1 that there is a significant difference between 
varieties A and B. This method may also be used to determine 
whether an observed mean differs significantly from zero. 

In applying this method we have assumed that correlation exists 
and that we are justified in obtaining the paired differences between 
A and B, but often it is important to determine the significance 
between means when there does not seem to be any justification 
for comparing the results pair by pair, or perhaps when due to a 


Table 88 


Application of Fisher’s Method fob Deteeminino 
THE Significance of the Difference Between 
Two Means When the Results Cannot 
Be Paired 


Variety 

Xi 

Variety 

xi-Mi 

x ^- M ^ 

(Xi-Afi)2 


81 

35 

27 

-10 

729 

256 

48 

52 

- 6 

1 

30 

1 

46 

75 

- 8 

24 

64 

676 

63 

43 

- 1 

- 8 

1 

64 

47 

49 

- 7 

- 2 

49 

4 

62 

61 

- 2 

0 

4 

0 

62 


- 2 


4 


879 




887 

901 


N'i = 7 = 6 


m= 






1 7 




N't - 6 

887 +901 _n88 
' 6+5 ■ ~ XI “ 


162.645456 


a/162.645«5=12.749 
r(N'{) (AT'jf 

« V A^'i+iv', 


54-51 

12‘749 


4 


(7) (6) ^_3 
(7+6)'' 12.749- 


/42 

iV IS 


j-3=a(.2S5) (1.797)=.422 


Degrees of freedom are Ar=s(N^'l—l)+(N'j-l)=!ll 
Odds not signiRcant. 
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different number of observations in each series it is not possible to 
pair the results. The method has been extended by Fisher for 
this sort of problem. The formulas are 

^'ssNumber observed and 

, Afl-Af, /JTfWWW 

. V 

The degrees of freedom are N=^(N\— 1) + (^' 2 ~ 1) 

The various steps are followed in Table 88, page 333, and the 
values substituted in the formulas. The value for t is .422, and 
referring to Table X for 11 degrees of freedom the lowest value 
tabled is 2.201. Since the value obtained, .422, is much lower than 
this, we conclude that there is no significant difference between the 
two means. 

Another example is given in Table 89, showing the comparison 
of two varieties of grain. 


Table 89 

Application op Fisher’s Second Method in a Comparison 
OF Two Varieties of Grain 


Vabiibty 

Vabibty 

xi-Mi 




29.S 

20.4 

-1.7 

-1.4 

2.89 

1.96 

21.3 

20.2 

-9.7 

-1.6 

94.09 

2.56 

80.7 

20.1 

- .8 

-1.7 

.09 

2.89 

80.2 

23.4 

- .8 

1.6 

.64 

2.56 

86.4 

23.7 

5.4 

1.9 

29.16 

8.61 

87.4 

19.3 

6.4 

-2.5 

40.96 

6.25 

85.6 

25.1 

4.6 

8.3 

21.16 

10.89 

27.8 

18.7 

-8.2 

-3.1 

10.24 

9.61 

24.7 

17.4 

-6.8 

-4.4 

89.69 

19.86 

36.3 

29.6 

5.8 

7.8 

28.09 

60.84 

809.7 

217.9' 



267.01 

120.53 




**=^^^^^+1^^*21.630000 *=-i/2O80006=4.640 


. 81.0-2L8 /(10)(10)_ 
4.640 V iollio" 


4.434 


Degrees of freedom a 18 
Odds more than 100 to 1 
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Following the various steps we have a t value of 4.434, which indi- 
cates odds of over 100 to 1. These odds are high enough to indicate 
a significant difference between the two varieties. 

It is evident that since the results may be paired it is possible to 
use Fisher’s first method as described above for the analysis of 
these data. At times it is desirable to use both methods, especially 
if the result is considered to be of great importance, for one method 
may show significance while the other may fail to do so. In such 
cases some significance would be attached to the result. The point 
to keep in mind regarding these two methods is that when there 
is no just reason for expecting a correspondence between results or 
when one is not justified in pairing the results the second method 
only should be used. For example, we may have a series of yields 
for two varieties of grain in which in one case 20 experiments have 
been reported and in the other case only 15 experiments have been 
reported. The experiments may not have been conducted on the 
same fields, and still we may evaluate the results by using the second 
method of Fisher. 

In this chapter different methods iiave been presented which 
may be used for the analysis of results from small samples. Ex¬ 
perience has shown that it is better to use the methods more recently 
developed, that is, ‘Student’s’ and Fisher’s, rather than the older 
methods. We may conclude that these newer methods should be 
used wherever they may be applied. 

Further Applications of Probability. Another very useful method 
for determining the reliability of results or predictions is that devel¬ 
oped by Pearson, enabling us to predict future expectations on the 
basis of past experience. This method is particularly useful for 
results that are obtained or reported in groups such that the usual 
methods of calculating the probable error or determining the proba¬ 
bility cannot be used. 
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Suppose that a first sample, N, has been obtained, and that p 
represents the number of times that a result occurs and q represents 
the number of times it fails. Then 

— P —9 
and 

p+q^\ 

Now suppose another sample, m, from the same material has been 
obtained. The expected mean of the second sample is 

Mean=- p) 

The mode equals the integral portion of mp + p and the standard 
deviation is obtained from 

These formulas may be applied to the analysis of the following 
data from the third generation of a cross between two varieties of 
wheat, Marquis and Turkey. On August 9 the data obtained were 




Bunted 



Bunt-fbbb 

OB Pabtdy 

Total 



Bunted 


Number of Plants 

913 

350 

1263 


On August 16 a total of 3763 plants were harvested. What would 
be the expected number of bunt-free plants, and is there any dif¬ 
ference in the two lots and is this difference greater than would be 
expected from chance variation? 

Let p represent the number of bunt-free plants and q the number 
of bunted or partly bunted plants. We may determine p and g 
from the first results. 


P 


“1268 

« 350 _ 
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The expected mean in the second series is obtained from the 
formula above. 

Af=3763 (.723)+||^ (.277-.723)=2719.322 

From the formula above the mode, if needed, is obtained as follows: 

Mode=3763 (.723)+.723 = 2721.372 
or 

Mode=2721 

For the standard deviation 

«.0.-y'37.S (.723+-;«) (.277-^4a) (l+?'S).M.7» 

P.E. =±.6745a=i(.6745) (54.73) = ±36.92 
The observed results from the plants harvested on August 16 are 




Bunted 



Btjnt-free 

OR Partly 
Bunted 

Total 

Numb«v of Plants 

3092 

671 

3763 


It is seen that the actual number of bunt-free plants obtained in 
the second series is 3092, while the expected number as calculated 
is 2719.322 ± 36.92. It is evident that the difference is real and that 
there are fewer plants showing bunt among those ripening later. 

This method is particularly useful with such problems as arise 
from experiments in plant pathology and the study of reactions 
of plants to diseases in different environments. There are many 
other applications that may also be made. 

For determining the probable error of Mendelian results we 
have the following formulas, in which N is the total number of 
observations and p and q are explained for each formula. 


PJ17.=±.6745, 


Jvj 

V N 


For ratios 




338 STATISTIOAL MBTHODS AFFLncS TO AGRIOTTLTUBAL BBSBABOH 


For absolute numbers 


( 1 ) 

( 2 ) 


P.B.b±.6746\/j> q ^ 


{where p and q represent expected 
percentages of frequency ) 


P.J2?.=3b.6746 




Product of expected numbers 
N 


For percentages 

P.E. =±.6746^^-^^^ 


We may apply these formulas in interpreting the results from 
a test for inheritance of kernel color in wheat. The results from 
200 plants show 148 plants with red kernels and 62 plants with white 
kernels. This indicates a 3 to 1 ratio, and the probable error for 
this ratio is obtained from the formula 


P.iff.=±.6746^^ 

Substituting in this formula we have 

P.B.=±.67457^Ma±.03 
y 200 

For the probable error for absolute numbers we may express 
the 3 to 1 ratio in percentage, and p and q will be .76 and .26. Sub¬ 
stituting these values in the formula 




we have 


P.B.=±,6746V(.76) (.25) (200)=±4.13 


This probable error for absolute numbers may also be obtained 
from the formula 

P^, s ±.(1745 of expected numbers 

For a 3 to 1 ratio for 200 individuals we would expect 160 plants 
with red kernels to 60 plants with white kernels. Substituting 
these numbers in the formula we have 

P.A’.-±.67467<^P-±4.18 
V 200 
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For the probable error for percentage for a 3 to 1 ratio, we sub 
stitute in the formula 


P.E. =dr. 

the values of p and q in per cent, or .75 and .25, and have 

P.E .=dr .6745^^^?) =dr .02 

V 200 

These probable errors may now be applied to the observed data. 
For ratios, we find that the observed numbers of 148 plants with 
red kernels and 52 plants with white kernels give a ratio of 2.96 
to 1.04. The probable error is .08. The deviation from the ex¬ 
pected 3 to 1 ratio is .04, and since this deviation is only one-half as 
large as the expected probable error for this ratio the result is signif¬ 
icant. The probable errors for numbers and percentages may 
be compared in the same way and it wiU be found that similar 
results are obtained. 

The Goodness of Fit, as discussed in Chapter XI, is frequently 
applied in the interpretation of Mendelian results and is a better 
measure when it can be used, as it is based on the entire distribution* 



CHAPTER XIII 

ANALYSIS OF VARIANCE 


The methods for the analysis of the results of experiments on the 
basis of the standard error and the probable error are useful and 
have their proper place in statistical interpretation. Since these 
methods are of such nature that they include all of the causes 
of variation, it is important at times to have some process of analysis 
that will make possible the elimination of the effect of certain causes, 
thus affording a more exact analysis of the data and a more correct 
determination of the real error of the experiment. Fisher has given 
such a method in the analysis of variance, and he and his coworkers 
have done much to extend its application and to demonstrate its 
value in the analysis of the results of many kinds of experiments. 

This method of the analysis of variance is based on the fact that 
the total variation is the resultant of several factors. Some of 
these factors may be known and it may be possible to eliminate their 
effect, and this is one of the important contributions of the method. 
For example, suppose we have a series of plot yields obtained from 
several plots each sown to a different variety of wheat. The total 
variation is then made up of several factors, such as the variation 
between the varieties, the variation due to the blocks or location in 
the field, and the like, which may be determined and separated from 
the total variation. The residue, which cannot be attributable to 
known causes, is the variation due to the error of the experiment. 
We may therefore think of variance as being an additive quantity. 

In order to illustrate this idea, suppose that we represent the 
total variance by or^^, which is the result of the variances of several 
components. For a field experiment similar to the one mentioned 
wo have 

02^ and so on. 

In this exprejjjf^pn cr^y and are the variances for the effect of 
varieties an4v^ldocks and is the residue, or the variance due 
to error. TfiijS illustrates the additive nature of variance, and 
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indicates how the total variance may be separated into its several 
components. There will always be a certain amount unaccounted 
for and this is assigned to error. 

Fisher has introduced another term, the degrees of freedom, 
which has accompanied his analysis of variance, and the idea of 
which may be applied also in other types of analysis. We may 
think of the degrees of freedom in this way. Suppose that we 
have 10 measurements, such as 10 plot yields of the same treatment. 
The mean of the 10 yields may be obtained, and it is assumed that 
9 of the observations are free to vary. Thus we have 9 degrees 
of freedom. In general, degrees of freedom equal the number of 
observations, or comparisons, less the number of constants that 
have been determined from these observations. In the case cited, 
we have determined the mean of 10 observations. Therefore, 1 
degree of freedom is lost and there are 9 degrees of freedom re¬ 
maining. 

The different factors affecting the total variation contribute 
a certain amount not only to the total variation but they also con¬ 
tribute a certain number of degrees of freedom. For example, if 
we have 5 varieties that are replicated in 5 plots we have 25 plots 
in all. For the total experiment we have N--1, or 24, degrees of 
freedom for the total variation. Since there are 5 varieties we have 
^ — 1, or 4, degrees of freedom for varieties, and since there are 5 
replicates we have ^—1, or 4, degrees of freedom for replicates. 
When the variation due to varieties is eliminated from the total 
variation we also deduct the 4 degrees of freedom for these varieties, 
leaving 20 degrees of freedom. If the variation due to the 5 blocks 
is also eliminated the number of degrees of freedom is likewise 
reduced by 4, leaving 16 degrees of freedom. If these are all of the 
known components of the total variation that may be eliminated, 
then for the effect of the unknown factors we have the remainder 
after subtracting from the total the amount due to varieties and 
the amount due to blocks, and the degrees of freedom are likewise 
obtained by subtraction. 

This remainder is thought of as the amount due to error, and 
the remaining degrees of freedom as the degrees of freedom for 
error. In general, as the different components are deducted from 
the total variation there is a reduction in the error, provided 
that the amounts of the difieient components taken out are of 
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appreciable size compared with the number of decrees of freedom 
that are eliminated at the same time. 

One of the requirements for the analysis of variance is that the 
saiiqLple analyzed shall really be a random sample of the condition 
being studied. This implies that if the results are those obtained 
from field or other kinds of experiments the plots or individuals 
from which the measurements are taken must have been distributed 
at random. That is, there should be no systematic arrangement 
nor any effort to locate a particular plot or individual by other 
than random or chance location. For example, if we were conduct¬ 
ing an experiment with five plots of five treatments or varieties the 
location of the five plots in the field with reference to each other 
must be entirely by random. We would not take five plots and 
arrange the five treatments definitely in systematic order, but the 
treatment to be assigned to each particular plot will be determined 
by random, as by the throwing of dice, drawing of numbered cards, 
or some other chance assignment. We may take five cards and 
number them separately, and after thorough shuffling draw out one 
card. This number will indicate the treatment to be placed on plot 
1, for instance. If we choose we may have a series of cards with 
the five treatment numbers and another series of cards with the 
five plot numbers, and draw one card for plots and one for treat¬ 
ment. For example, if plot number 3 and treatment number 6 
are drawn at the same time, it means that treatment 5 is to be 
placed on plot 3, and so on for the other plots. 

It must be understood that the application of the idea of variance 
analysis is by no means limited to field experiments or experiments 
of that nature. It is of use in the analysis of many kinds of ex¬ 
periments, and since it is a comparatively new method the 
possibilities of its application have not yet been exhausted. 

Application of Analysis of Variance. As an illustration of the 
application of the analysis of variance to a series of plot yields 
we will use the data in Table 90, page 343. The data in this table 
are from a uniformity test and it is assumed that there were five 
varieties replicated five times. 
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Table 90 

Application of the Analysis of Variance to a 
Series op Plot Yields 


VARIBnES 

Blocks 

Vabiety Total 

Mean 

1 

2 

3 

4 

6 

A 

61 

45 

48 

48 

54 

246 

49.2 

B 

47 

60 

60 

64 

62 

253 

60.6 

C 

48 

51 

60 

51 

65 

266 

61.0 

D 

52 

47 

49 

65 

66 

259 

51.8 

E 

48 

47 

49 

60 

67 

251 

50.2 

BiiOCK Total 

246 

240 

246 

268 

274 

Grand Total 

General Mean 

Ms AN 

49.2 

48.0 

49.2 

61.6 

64.8 

1264 

60.66 


Valdes for the Analysis of Variance 


Calculation of Sum of Squares 
FOB Variation Due to 
‘Between Blocks’ 

Block Mean— 
General Mean 

D D2 

49.2- 60.56 
48.0-60.56 

49.2- 50.56 
61.6-50.56 

64.8 - 60.66 

-1.36 1.8496 

-2.56 6.5536 

-1.36 1.8496 

1.04 1.0816 

4.24 17.9776 

Sum 29.3120 

X5 

146.6600 


Calculation of Sum op Squares 
for Variation Due to 
‘Between Varieties* 

Variety Mean— 
General Mean 

D JD2 

49.2 - 50.56 
50.6-60.66 
61.0-60.66 
51.8-50.56 

60.2 - 60.66 

-1.30 1.8490 

.04 .0010 

.44 .1930 

1.24 1.6370 

- .30 .1290 

Sum 3.7120 

X5 

i8.6600 


Variation Due to Difference 

Degrees of 
Freedom 

Sum of 
Squares 

Mean Square 
OR Variance 

Between Varieties 

4 

18.5600 

4.0400 

Within Varieties 

20 

221.6000 

11.0800 

Between Blocks 

4 

146.6600 

36.6400 

Within Blocks 

20 

93.6000 

4.6800 

Error 

16 

76.0400 

4.6900 

Total 

24 

240.1600 

10.0067 


Afi a guide for Bimilar work a uniform number of decimals have been retained. 
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The first step is to obtain the total for the varieties and the total 
for the blocks and the mean for the varieties and the mean for the 
blocks. The grand total for the entire test is 1264 and the general 
mean is 50.66. For the analysis of variance we obtain the sum of 
the squares of the deviations of each individual yield, or plot, from 
the general mean. For example, for the first yield for variety A 
we would have the difference between 51 and the general mean, 
50.66, The deviations of all of the yields would be obtained, 
squared, and summed. It is often more convenient to obtain this 
value by squaring the individual plot yields and then making a 
correction for the fact that we are not working from the true mean, 
following steps similar to those used for determining the mean and 
the standard deviation from an assumed mean value. This method 
is the one that has been used to obtain the sum of the squares of 
the deviations of the individual plot yields from the general mean. 

Summing the squares of the individual plot yields, (61)*4-(47)*+ 
(48)*+ (62),* and so on, we have a total of 64148. This amount 
must bo corrected to give the value that would result if we were 
working from the true mean. There are several ways of deter¬ 
mining this correction. We may square the grand total and divide 
this by the number of individual plots or square the general 
mean and multiply by the number of plots. The correction may 
also be obtained by multiplying the grand total by the general 
mean. When the total and the number of observations are such 
that the mean cannot be determined exactly, that is when it is 
necessary to drop decimals in order to read the mean to a convenient 
number, then it is more accurate to obtain the correction by squar¬ 
ing the grand total and dividing by the number of observations. 
This method reduces to a minimum the effect of the decimals used 
or dropped. It should be remembered that this correction value 
must be carried to a number of decimal places since it will be used 
in several calculations and it is important that the net sum of the 
squares in all cases should be accurate to several decimals. No 
definite rule need be set, but a laboratory rule should be established 
80 that all calculations will be uniform. 

The correction for this problem, obtained by squaring the grand 
total, 1264, and dividing by the number of individual plots, 26, 
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is 63907.8400. Subtracting this from the total sum of the squares 
of the individual plot yields, 64148, we have 240.1600. This is 
called the sum of the squares for total, and appears in the last line 
of the yalues for the analysis of variance in Table 90. Since there 
are 25 plots in all there are 24 degrees of freedom. 

The next step is to determine the sums of the squares for the 
difference between varieties and the difference between blocks. We 
obtain the sum of the squares for the difference between varieties 
by taking the difference between the mean yield of each variety 
and the general mean. For example, the average yield of variety 
A is 49.2, and the difference between this and the general mean, 
50.56, is obtained and squared. Handling the other values in the 
same way we have 3.7120 for the sum of the squares for the dif¬ 
ference between varieties. Since each mean has been obtained 
from the yields of 5 replications the sum of the squares, 3.7120, is 
multiplied by 5, giving 18.5600. Since these deviations have been 
obtained from the true mean it is not necessary to introduce the 
general correction. For the 5 varieties there are 4 degrees of free¬ 
dom, and this value, 18.5600, with the degrees of freedom, is re¬ 
corded in the first row of the values for the analysis of variance 
in Table 90, 

It is also possible to obtain this value by squaring the total yield 
for each variety, summing these squares, and dividing by 5, since 
the total yield is made up of 5 plots. The result is 63926.4000, and 
subtracting from this the correction, 63907.8400, we have as the 
remainder 18.5600. The total yields may be used for the other 
calculations in the same way. 

The sum of the squares for the difference between blocks is ob¬ 
tained by a similar process. This value, 29.3120, is multiplied by 5, 
since there are 5 varieties, or 5 plots, in each block. The product, 
146.5600, is recorded in the third row of the values for the analysis 
of variance in Table 90, and since there are 5 blocks there are 4 
degrees of freedom. 
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The sum of the two values, 18.5600+146.6600, is obtained and 
subtracted from the total sum of the squares, 240.1600, giving 
75.0400. This is the sum of the squares due to random variation, 
or due to error. Since this was obtained by summing the two values 
and subtracting from the total, the degrees of freedom are obtained 
in the same way by summing the degrees of freedom for the differ¬ 
ence between varieties and the difference between blocks and sub¬ 
tracting this sum from the degrees of freedom for the total. Since 
there are 4 degrees of freedom in each case their sum is 8, and sub¬ 
tracting this from the total degrees of freedom, 24, we have 16 as 
the degrees of freedom for error. 

The analysis of this experiment may be carried still further and 
the sum of the squares for the variation due to the difference within 
varieties and the sum of the squares for the variation due to the 
difference within blocks determined. For the variation due to the 
difference within varieties we obtain the deviations of the variety 
means from the individual plot yields for the particular variety. 
These deviations are squared and summed, giving 221.60, which is 
recorded in the second line of the values for the analysis of variance 
in Table 90. For the variation due to the difference within blocks 
it is necessary to have the deviations between each individual plot 
yield and the mean of the block in which the plot appears. These 
deviations are squared and summed, giving 93.60, which appears in 
the fourth line of the values for the analysis of variance in Table 
90. The details of the steps in obtaining these values are given 
on page 347. 

In each case there are 20 degrees of freedom, determined as 
follows. For the varieties there are 5 plots of each variety, and 
therefore there are 4 degrees of freedom for each variety. Since 
there are 6 varieties we have 4x5, or 20 degrees of freedom. For 
the blocks there are 5 varieties in each block, and therefore there 
are 4 degrees of freedom for each block. As there are 5 blocks wo 
have 4 X 5, or 20 degrees of freedom. 
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CAiiCrt7t.ATiON OP Sum of Squabbs fob 
Vabiation Dub to ‘Within Vabietiks* 


Vabibty 

Yuld 

Mean of 
Vabibtibs 

D 

D2 

51 


49.2 

1.8 

3.24 

45 

— 

49.2 

-4.2 

17.64 

48 

- 


49.2 

-1.2 

1.44 

48 


49.2 

-1.2 

1.44 

64 

- 

49.2 

4.8 

23.04 

47 


50.6 

-3.6 

12.96 

50 

- 


50.6 

- .6 

.36 

50 

— 

50.6 

- .6 

.36 

54 


50.6 

3.4 

11.56 

52 

- 

50.6 

1.4 

1.96 

48 


51.0 

-3.0 

9.00 

51 

— 

51.0 

0.0 

0.00 

50 

— 

51.0 

-1.0 

1.00 

51 

— 

51.0 

0.0 

0.00 

55 

- 

51.0 

4.0 

16.00 

62 


51.8 

.2 

.04 

47 

— 

51.8 

-4.8 

23.04 

49 

— 

61.8 

-2,8 

7.84 

55 

— 

61.8 

3.2 

10.24 

56 

— 

51.8 

4.2 

17.64 

48 


60.2 

-2.2 

4.84 

47 

— 

50.2 

-3.2 

10.24 

49 

— 

50.2 

-1.2 

1.44 

50 

— 

60.2 

- .2 

.04 

57 

- 

- 

50.2 

6.8 

46.24 





Sum 

221.60 


Calculation of Sum of Squabbs fob 
Vabiation Dub to ‘Within Blocks’ 


Block 

Yield 

Mean of 
Blocks 

D 

D2 

51 


49.2 

1.8 

3.24 

47 


49.2 

-2.2 

4.84 

48 

— 

49.2 

-1.2 

1.44 

52 


49.2 

2.8 

7.84 

48 

- 

49.2 

-1.2 

1.44 

45 


48.0 

-3.0 

9.00 

60 

- 

. 

48.0 

2.0 

4.00 

51 

- 

- 

48.0 

3.0 

9.00 

47 

. 

- 

48.0 

-1.0 

1.00 

47 

- 

48.0 

-1.0 

1.00 

48 


49.2 

-1.2 

1.44 

50 


49.2 

.8 

.64 

50 

— 

49.2 

.8 

.64 

49 

- 

- 

49.2 

- .2 

.04 

49 

- 

49.2 

- .2 

.04 

48 


51.0 

-3.6 

12.96 

54 

- 

- 

51.6 

2.4 

5.76 

51 


- 

51.6 

- .6 

.36 

55 


- 

51.6 

3.4 

11.56 

50 

- 

51.6 

-1.6 

2.56 

64 


54.8 

- .8 

.64 

52 

— 

54.8 

-2.8 

7.84 

55 

— 

54.8 

.2 

.04 

56 

— 

54.8 

1.2 

1.44 

57 

— 

54.8 

2.2 

_4^ 





Sum 

: 93.60 


It may be of interest to show how these additonal sums of squares 
may be used in determining the sum of the squares due to error. 
This may be done by taking the difference between the variation 
due to the difference within varieties and the variation due to the 
difference between blocks. We have 


Vabiation Due to Diffbbencb 

Deobebs of 
Fkeedom 

Sum op 
Squares 

Within Varieties 

20 

221.6000 

Between Blocks 

4 

146.5600 

Ebbob 

16 

75.0400 
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We may also obtain this same variation duo to error by taking the 
difference between the variation due to the difference within blocks 
and the variation due to the difference between varieties, giving 


Vabiation Dua.To DirFSBSKCB 

Deobebs of 
Freedom 

Sum of 
Squares 

Within Blocks 

Between Varieties 

20 

4 

f;3.6000 

18.6600 

Ebbor 

16 

75.0100 


We may now complete the analysis of the experiment. We 
obtain the mean squares by dividing the sums of the squares by the 
appropriate degrees of freedom. Dividing the sum of the squares 
for error, 75.0400, by 16 degrees of freedom, we have 4.6900 as the 
mean square. That is, after eliminating the effect of the differ¬ 
ences between the varieties and the differences between blocks we 
obtain the variance for error, which is used in the interpretation of 
the results. Extracting the square root of this variance for error, 
4.6900, we have 2.17, which is the standard error of one plot in 
this experiment. Since we have 5 plots of each variety the standard 
error of the mean of 5 plots is 2.17/>/5, or .97. 

For the general analysis of problems of variance, the variance 
values for the comparisons studied are compared with the variance 
values for error. In order to determine whether there is any differ¬ 
ence between the variance due to the difference between varieties 
and the variance due to error, we compare the variance for the 
difference between varieties with that for error. The mean square 
for the difference between varieties, 4.6400, is slightly less than that 
due to error, 4.6900, and this indicates that there is no significant 
difference between the varieties. This is to be expected since these 
yields are from a uniformit;y test, or from a number of plots all 
sown to the same variety, distributed at random in the field. 

If there had been a difference, then we would compare the vari¬ 
ances by determining the ratio of the variance due to the difference 
between varieties to the variance for error. If this ratio were such 
that it indicated considerable difference between the variance due 
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to the difference between varieties and that due to error, we would 
conclude that there is a significant difference between the varieties. 

A more definite method for comparing the variances has been 
given by Fisher. This consists of finding the value of J log,, for 
each variance and subtracting the value of \ log^ for the variance 
for error, giving a value designated z for each variance, or we may 
divide the variance values by the variance due to error and then 
determine ^ log,,. The values for \ log^ may be obtained from tables 
giving the natural logarithms of numbers and taking one-half of the 
logarithm as tabled. If tables of natural logarithms are not avail¬ 
able the common logarithm may be taken and converted to \ log^ 
by multiplying by the constant 1.1512925. For most calculations 
it is sufficiently accurate to read this constant to five decimals. 

For the resulting z values Fisher has prepared two tables showing 
how large a difference may be expected due to chance variation, 
considering the appropriate degrees of freedom. One table is for 
a 5 per cent level of significance, which is taken to mean that for 
certain selected degrees of freedom the chances are 1 out of 20 of 
obtaining as high a z value as tabled due to chance variation alone. 
The other table is for a 1 per cent level of significance, which in¬ 
dicates how large a value of z may be expected for certain selected 
degrees of freedom once in a hundred times due to chance variation. 
In these tables two values for degrees of freedom are given, and 
nj, and for interpreting results between two comparisons is taken 
as the number of degrees of freedom corresponding to the item with 
the larger mean square or variance. 

Before leaving the subject of the interpretation of results from 
the analysis of variance on the basis of Fisher's z values, it may be 
worth while to give here the method for determining the standard 
error of 2 . It is useful as an added guide and for cases where the 
degrees of freedom lie outside the values tabled. When and Tig 
are large, or when they are of moderate size and nearly equal, the 
standard error of 2 is equal to 
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When z is larger than twice this value we can say that it lies above 
the 5 per cent level of significance. 

Another table for the analysis of variance, based on Fisher’s 
values, has been prepared by Snedecor, and appears as Table X in 
the Appendix. For many investigators this table is more convenient 
since it does not require the use of logarithms. For interpreting 
results by this table all that is necessary is to determine a value 
which Snedecor has designated F, and which is the ratio of the 
larger mean square to the smaller mean square for the variables 
being compared. The table gives the values of F that may be 
expected due to chance variation for various degrees of freedom. 
The degrees of freedom for the variable with the greater mean 
square are indicated above the columns, and the degrees of freedom 
for the variable with the smaller mean square are indicated at the 
left of the rows. When problems are being studied in which the 
degrees of freedom do not agree with those given in the table, it is 
usually sufficient to read the values for the degrees of freedom near¬ 
est to those of the problem being studied. 

It will be observed that there are two values appearing in the 
table for each comparison, one in light-face type and one in dark- 
face type. The light-face type indicates the value of F that may 
be expected due to chance variation alone once out of 20 trials. 
The dark-face type indicates the value of F that may occur due 
to chance alone once out of 100 trials. When a value obtained for 
F for certain degrees of freedom is below the value in light-face 
type we conclude the result is not significant. If the value ob¬ 
tained for F lies between the number in light-face type and the 
number in dark-face type, we conclude that the result is significant. 
If the value of F is larger than the number in dark-face type, we 
may conclude that the result is highly significant. 

An application of this method of interpretation may now be 
made with the data from Table 90. As already stated, there is 
really no difference between the variance for ‘between varieties’ 
and the variance for error. Merely to illustrate the use of the values 
of F from Table X we will compare the difference ‘within varieties’ 
and the variance for error, although they are not independent. 
The variance for ‘within varieties’ is 11.0800 and the variance for 
error is 4.6900. Therefore 11.0800/4.6900, or 2,36. 
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We have 20 degrees of freedom for ‘within varieties/ the greater 
mean square, and 16 degrees of freedom for error, the smaller mean 
square. Referring to Table X we do not find a column for 20 
degrees of freedom and therefore we use 24, the nearest number of 
degrees of freedom. Reading in this column opposite 16 degrees of 
freedom we find 2.24 in light-face type and 3.18 in dark-face type. 
Since the value for F, 2.36, is a little higher than the value in light- 
face type, 2.24, we conclude that the result is significant, but not 
highly significant. 

We may now refer to Table 90 to see what has been accomplished 
in the analysis of variance, by separating the total variation into 
its several component jiarts. If this had not been done and we used 
only the total deviation to determine the standard error of the plots 
we would find from the variance for the total deviation that the 
standard error is 'n/ 10.0067, or 3.16. It is noted that the mean 
square obtained from the variation due to the difference between 
blocks is by far the largest mean square. This indicates a consider¬ 
able variation from block to block, and when this is eliminated from 
the total variation it has the effect of greatly reducing the error 
of the experiment, so that when we take away from the total varia¬ 
tion the variation obtained from the difference between blocks 
and the difference between varieties we reduce the mean square 
from 10.0067 to 4.6900, and the standard error is reduced from 3.16 
to 2.17. Thus we have a lower value for the standard error with 
which to compare the results of the experiment, and this is due to 
the fact that we have eliminated certain known effects. One of 
the important features of the analysis of variance is to elimi¬ 
nate the effects of certain known factors so that a more definite 
and a more direct comparison may be made between the results 
being studied. 

Before leaving this problem it may be of interest to determine 
the expected yields for the several plots in Table 90. For example, 
for the first plot for variety A we may obtain the expected yield for 
this plot by considering two factors. One is the mean of variety A 
obtained from all of the plots of this variety, and the other is the 
comparison of the mean of the block in which this plot falls with 
the mean of ail of the plots in the field. Considering these two 
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factors for each variety we obtain a correction for each plot in the 
test. 

For the first block we will call the correction and for the other 
four blocks the corrections will be X 2 , x^, and The correction 

for the first block is obtained by subtracting the general moan from 
the mean yield of the block. Thus for block 1 

»i=»49.2 - 50.66=t-1.36 

This correction shows that the first block or replication yields less 
than the mean of the whole field, and the individual plots must be 
corrected by this factor. When the correction is minus, the amount 
of the correction is subtracted from the mean yield of each variety, 
giving the corrected yield for the individual plots in the block. 
When the correction is positive it is added. The other corrections 
are as follows: 


For block 2 

48.0-50.66 a 

-2.66 

For block 3 

a:3=49.2-50.56a 

-1.36 

For block 4 

0 : 4 = 51 . 6 - 50.56 = 

1.04 

For block 5 

*5=54.8-50.56= 

4.24 


With these factors the corrected yield for each plot is obtained 
by applying the correction to the mean yield of the variety. The 
signs must be observed in making these corrections. The difference 
between the actual yields and the calculated yields are then ob¬ 
tained, squared, and summed. The details of the process, for the 
first block, are as follows: 


Vabiett 

Mean 

Xi 

Corrected 

Yield 

OF Plot 

Observed 
Yield 
of Plot 

D 


A 

49.2 

“1.36 

47.84 

51 

3.16 

9.9856 

B 

60.6 

-1.33 

49.24 

47 1 

-2.24 

6.0176 

C 

61.0 

-1.36 

49.64 

48 

-1.64 

2.6896 

D 

61.8 

-1.36 

60.44 

62 

1.56 

2.4336 

E 

50,2 

1_ 

-1.36 

48.84 

48 

- .84 

.7056 


For the other blocks the appropriate corrections, X 2 , Xg, x^, and Xg, 
are applied to the variety means, observing the signs, and the steps 
completed as above. The total sum of the squared deviations is 
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75.0400, which is the same value as was found for error from the 
analysis of variance. That is, it is the amount of variation remain¬ 
ing, which we may call random variation, after the variation due 
to the difference between varieties and to the difference between 
blocks has been eliminated. 

This gives a clearer idea of what is being accomplished through 
the analysis of variance. That is, by eliminating the effect of the 
difference ‘between blocks’ and the difference ‘between varieties’ 
we obtain a net residue, which is the amount due to random varia¬ 
tion or error. This amount may be obtained by the method of 
the analysis of variance, as already indicated, or by determining the 
expected or calculated yields, taking the differences between the 
observed and calculated yields and obtaining the random variation 
from these differences. 


Table 91 

Application of the Analysis of Variance in a Comparison 
OF Six Varieties of Oats 


Varif.ties 

Years 

Variety Total 

Mean 

1918 

1919 

1920 

1921 

1922 

a 

66 

62 

67 

64 

61 

300 

60.0 

B 

68 

52 

48 

65 

63 

276 

65.2 

C 

61 

48 

61 

49 

66 

265 

63.0 

D 

53 

46 

60 

52 

43 

244 

48.8 

E 

63 

47 

62 

62 

47 

251 

50.2 

F 

58 

41 

44 

43 

48 

234 

46.8 

Year Totai. 

359 

286 

302 

315 

308 

1670 


Mean 

69.8 

47.7 

60.3 

52.5 

61.3 


1 


Values for the Analysis of Variance 


Variation Dub to 
Difference 

Degrees of 
Freedom 

Sum of 
Squares 

Mean Square 
OR Variance 

F Value for 
Comparison 

Between Varieties 

6 

675.467 

115.0934 

8.69 

Between Years 

4 

498.334 

124.5835 


Error 

20 

261.866 

13.2433 


Total 

29 

1338.667 
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Wo may now apply the analysis of variance to a problem where 
six varieties of oats have been compared for five different years. 
These data are given in Table 91* page 353. 

Following the methods of analysis already given we determine 
the totals and means for the varieties and years, and then determine 
the sums of the squares for total and due to the difference between 
varieties and to the difference between years. Since the steps for 
obtaining these values have already been explained in detail, the 
results only are recorded in Table 91. 

There are 30 plots in the experiment and therefore there are 
29 degrees of freedom for total, and since there are 6 varieties and 
5 years we have 5 degrees of freedom for varieties and 4 for years. 
Summing the sums of the squares and the degrees of freedom for 
the variation due to the difference between varieties and to the 
difference between years, and subtracting these from the sum of 
the squares and the degrees of freedom for total, we have 264.866 
remaining as the sum of the squares for error and 20 for the degrees 
of freedom. The sums of the squares for the difference within 
varieties and the difference within years may also be obtained, but 
since we are interested only in learning whether there is any differ¬ 
ence between the varieties for the different years it is not necessary 
to obtain the additional values for this analysis. 

Dividing the sums of the squares by the appropriate degrees 
of freedom we obtain the mean squares, as recorded in Table 91. 
The mean square for error is 13.2433, and we may now use this to 
determine the value of F for the comparison of the variance for the 
difference between varieties and the variance for error. Dividing 
the mean square for the difference between varieties by the mean 
square for error, we find F to be 8.69. The larger mean square has 
5 degrees of freedom and there are 20 degrees of freedom for error, 
and from Table X in column 5 opposite 20 we find the two values 
for F as tabled are 2.71 and 4.10. Since the value for F from the 
problem is much higher than these, we conclude that there is a 
very significant difference between the varieties. 

Since we have learned that there is a significant difference be¬ 
tween varieties as shown by this method of analysis, we will proceed 
to compare the varieties. It may be stated that while in some 
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instances there may seem to be a considerable difference between 
say two varieties in a test, unless the whole test leads to significance, 
as in the present example, it is better not to draw any definite con¬ 
clusions. 

The varieties may be compared by using either the totals or the 
means. Considering first the totals, we have 


Variety 

Total Yield 

A 

300 

B 

276 

C 

265 

D 

244 

E 

2.^1 

F 

234 


The mean of these totals is 261.6667. Considering this as 100 per 
cent and expressing each variety as a percentage of the mean, we 
have 


Variety 

Percentage 

OF Mean 

A 

114.65 

B 

105.48 

C 

101.27 

D 

03.25 

E 

i>5.V2 

F 

89.43 


The standard error of a single plot is obtained by taking the 
square root of the variance due to error. In this case we have 

Via2433=3.64 

as the standard error. Expressing this as a percentage of the mean 
we have 

3.64/201.6667 *=1.39 

The standard error of a total of 6 plots is 1.39V5, or 3.11. This 
may also be obtained by multiplying the variance of a single plot by 
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5 and extracting the square root, or n/13.2433x 5. This gives a 
value of 8.14, and expressed as a percentage of the mean we have 

8.14/281.6637 = 3.11 per cent 

The standard error of the difference is obtained from 3.11\/27giving 
4.40. A difference exceeding twice this value, or 8.80, is considered 
significant. Using this standard we find variety A is significantly 
better than variety B, and other comparisons may be made. 
This illustrates how an experiment may be analyzed and the 
results interpreted by using the methods of analysis of variance. 

The variety means may be used for the interpretation of the 
results by considering the standard error of the mean. The means 
of the varieties for the five years of the test are as follows: 


Vabiety 

Mean Yieij> 

A 

60.0 

B 

65.2 

C 

63.0 

D 

48.8 

E 

60.2 

F 

46.8 

1 


The standard error of the mean is 

3.64/V5=1.63 

The standard error of the difference is l.C3\/2, or 2.31, and twice 
this value is 4.62. 

In order that any difference between the means of two varieties 
may be considered significant it is necessary that the means differ 
by more than this amount. Variety A gives a mean yield of 4.8 
more than variety B, and since this is greater than the measure 
of significance we conclude that variety A is significantly better 
than variety B, and it is also better than any of the other varieties 
in the comparison. Other comparisons may be made, using the 
same standard to denote significance. 
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Varieties 12 1 667.0692 1S0.6308 8.40 

jjlockB 9 8.624.5846 947.1761 

l^rror 108 1679.8154 15.5538 
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As suggested earlier, we should bo careful in drawing conclusions 
from experiments similar to this if the analysis of the whole ex¬ 
periment does not show significance for the varieties or for the 
treatments which are being analyzed. That is, it is possible that 
the whole experiment may show no significance, and yet one might 
expect to take an extremely poor result, such as a low yield, and 
compare it with an extremely high yield and obtain significance 
on the basis of the standard error. This should not be done unless 
the result of the entire experiment shows significance. 

Another illustration giving the results of the analysis of a larger 
experiment may be shown. The data are given in Table 92, page 
357, and are the results obtained from comparing 13 varieties dis¬ 
tributed at random, with 10 blocks of each variety. 

Since the methods for obtaining the several values for the analysis 
of variance are simple and straightforward it is not necessary to 
repeat them in detail here. The results are included in the table, 
showing the sums of the squares for total, due to the variation be¬ 
tween varieties and to the variation between blocks, and the re¬ 
mainder due to error. 

The mean square for the difference between varieties is 130.6308 
and the mean square for error is 15.5538, and F is 8.40. Referring 
to Table X we find that for 12 and 108 degrees of freedom the nearest 
values tabled are 1.85 and 2.37. Since the value for F obtained 
from the problem, 8.40, is much higher than these, we conclude 
that there is a very significant difference between the yields of the 
varieties, and we may proceed to compare the varieties. 

Obtaining the square root of the variance for error we find that 
the standard error of a single plot is 3.94, and the standard error 
of the mean of 10 plots is 


3.94/Vio=sl.25 

For the standard error of the difference we have 1,25 n/^ or 1.77, 
and twice this value is 3.54. 

Any of the varieties whose mean yields differ by this amount 
may be said to be significantly different so far as their yielding 
capacity is concerned. Thus variety G is better than varieties A 
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and B, but it is poorer than varieties I and J. There is no significant 
difference between varietier H, I, and J. Other comparisons may 
also be made. 

As explained in the previous problem, the varieties may be com¬ 
pared by expressing the mean yields as a percentage of the general 
mean and obtaining the standard error as a percentage value also. 
Taking the general mean, 36.7846, as 100 per cent, the means 
for the 13 varieties are as follows: 


Vabiety 

Mean in 

Peb Cent 

A 

89.71 

B 

88.35 

C 

90.80 

D 

93..'S2 

E 

91.07 

F 

98.95 

G 

100.59 

H 

109.83 

I 

116.35 

J 

116.08 

K ' 

' 104.94 

L 

105.48 

M 

94.33 


Expressing the standard error of the mean in per cent wo have 


1.25/36.7840=3.40 per cent 


Obtaining the standard error of the difference and taking twice this 
value we have 9.62 per cent as the standard for comparing the dif¬ 
ferent varieties. Any two varieties may be compared, and if they 
do not show a percentage difference of 9.62 or more they would 
not be considered significantly different. 

The methods for the analysis of variance that have just been 
discussed are those appropriate for the analysis of results that have 
been obtained from plots arranged by random with one restriction, 
and that is that only one plot of each treatment or variety was 
allowed in each replication or block. We will now consider a further 
restriction of the random arrangement of plots. 
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Suppose that five varieties are to be tested in five replicated 
plots in a field marked out as in Figure 33. 



Fig. 33. Proposed arrangement 
of Latin square for five varieties. 

In the first row the varieties may be arranged at random, having 
only one plot of each variety in row 1. This restriction is the 
same as that just considered, but in addition the arrangement of 
the varieties is further restricted so that only one plot of each 
variety may appear in any one column. Thus we have a double 
restriction, and the varieties may be distributed as indicated. Such 
an arrangement is known as the Latin square, and has been given 
much prominence by Fisher in his work on the analysis of variance. 
There are various forms and arrangements of Latin squares, 
but at all times the considerations are that the arrangement of the 
treatments or varieties in the rows and in the columns shall be 
restricted so that only one plot of each treatment or variety shall 
appear in any one row or in any one column. In a Latin square the 
general form is to have as many replications as there are treatments 
or varieties. While the arrangement of the Latin square suggests 
a field where it is possible to lay out plots in the form of a square, 
it may be stated that if it is necessary to have the plots in strips 
arranged side by side, so long as the same restrictions have been 
followed the method for the analysis of the Latin square may still 
be used. Various plans may be followed in developing the forms 
of the Latin square, as is true for random arrangement. 
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Table 93 

Abbakoement and Analysis of a Latin Squabe 



Variety 


Total 

Mean 

r 

3! 


Rows 

COLUlViNS 

Varieties 

N 


N 


N 


1 

95 

38025 

174 

30276 

177 

31829 

1 

91 

36481 

177 

31329 

208 

43264 

1 

47 

2160!) 

176 

30976 

168 

28224 

1 

87 

34969 

174 

30276 

166 

27556 

1 

62 

20244 

181 

32761 

163 

26569 


Sum 157328 

Sum 156618 

1 

StTM 166942 



6)167328 


5)155618 


6)166942 



81466.60 


81123.60 


31388.40 



81116.96 


31116.96 


81116.96 



848.64 


6.64 


271.44 
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Table 93 —Continued 
Values for the Analysis of Variance 


Vabiation Due to 

Degrees of 
Freedom 

Sum of 
Squares 

Mean Square 
OB Variance 

F Value fob 
Comparison 

Rows 

4 

348.64 

87.1600 


Columns 

4 

6.64 

1.6600 


Varieties 

4 

271.44 

67.8600 

4.S2 

Error 

12 

188.33 

15.6933 


Total 

24 

816.04 




The method of the analysis of the Latin square is similar to the 
methods that have already been given, with certain modifications. 
For the analysis of a Latin square we eliminate the effect of rows 
and columns from the total variation, and also eliminate the effect 
of treatments or varieties, leaving to residue the sum of the squares 
due to random variation, or error. 

An illustration of the arrangement and analysis of a Latin square 
is given in Table 93, pages 361, 362. Here there are five varieties 
distributed in the manner just described. The totals and means 
for the rows and the columns are obtained, and the totals and 
means for each of the varieties are also obtained, as shown in 
Table 93. Thus for variety A we sum the yields for each plot of 
A, and for variety A from row 1 we have 38, from row 2 we have 
35, and so on. 

The total sum of the squares is obtained in the usual manner 
by squaring the individual plot yields, summing, and subtracting 
the correction, which has been obtained in this case by multiplying 
the grand total by the general mean. Next, the sums of the squares 
for rows, columns, and varieties are obtained, as illustrated in the 
table. Since each of these three totals is made up of the results 
of 6 separate plots, the sum of the squares is divided by 5, and the 
correction is subtracted from the quotient. The sums of the squares 
for total and for rows, columns, and varieties, with their appropriate 
degrees of freedom, are recorded in Table 93 under the values for 
the analysis of variance. The sums for the rows, columns, and 
varieties are added together and subtracted from the total sum of 
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the squares, leaving 188.32 as the sum of the squares due to random 
variation, or error. Obtaining the degrees of freedom for error by 
summing the degrees of freedom for rows, columns, and varieties, 
and subtracting this sum from the total degrees of freedom, we 
have 12 degrees of freedom left for error. Dividing the sev'eral 
sums of squares by the appropriate degrees of freedom we have 
the values for the variances. It is noted that the variance for 
columns is very low, and this is apparent from the total yields of 
the columns, where the yields are very similar. 

In order to learn whether there is any significant difference 
between varieties, we may now determine the F value. This is 
done by dividing the variance for varieties, 67.8600, by the variance 
for error, 15.6933, giving 4.32. Referring to Table X we find that 
this value for F lies between the two values tabled for the degrees 
of freedom concerned. Thus wo may conclude that there is a 
significant difference between the varieties, but that the difference 
is not highly significant. 

Since the analysis shows that there is a significant difference 
between varieties, we may now proceed to analyze the results. 
This may be done by using the totals and expressing the total yields 
of the varieties as a percentage of the mean of the total yield of all 
of the varieties. The standard error will also be expressed in per 
cent. 


\ AlllKTY 

PjERCFNTAGE 

OK Mean 

A 

100.3 

B 

1 137.9 

C 

95.2 

D 

94.1 

E 

92.4 


The standard error of a single plot is the square root of the va¬ 
riance for error, or Vl5.6933 = 3.96. In the total yields there are 
5 plots involved, so the standard error of the total of 5 plots will 
be the standard error of a single plot multiplied by We have 


S.96V'o=8.86 
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The mean of the total yields of all of the plots is 176.4, and express¬ 
ing the standard error of the total yield in per cent we have 

8.86/176.4=6.02 per cent 

The standard error of the difference between two means is therefore 
7.10, and twice this value is 14.20. 

Any varieties that show a greater difference than this may be 
considered as significantly different. Variety B is 17.6 per cent 
better than variety A and therefore it may be considered as being 
significantly better. Variety B may also be compared with the 
other varieties, and it is found to be significantly better than the 
others. There is no significant difference between varieties A, C, 
D, and E. 

This illustrates the method of analysis for a Latin square, and 
shows the possibility of reducing the error by being able to eliminate 
the effect of both rows and columns. This same method of analysis 
is useful for the interpretation of results from a fertilizer test whore 
the plots have been arranged in a Latin square. 

Eliminating the Effect of Missing Plots, From the foregoing illus¬ 
trations it is evident that the analysis is simple enough providing 
results are obtained from each plot or from each item in the experi¬ 
ment. There are unfortunately many factors which operate to 
affect the result of one plot in such a way that it is not truly repre¬ 
sentative of the experiment as a whole. Occasionally a plot is 
entirely destroyed because of crowding a road or path out on the 
plot, or due to injury by cattle, or in many other ways. 

In case of such accidents it is important to have some way of 
estimating the yield of this missing plot. Various suggestions have 
been made, but the best method available at present seems to be 
that suggested by Allan and Wishart, and which has been further 
elaborated by Yates. Without giving the arguments leading to 
the formula for the calculation of a missing plot yield, we will pro¬ 
ceed to apply the formula. The correction is made on the basis 
of the variation occurring within the plots receiving the same kind 
of treatment, and within the column in which the missing plot 
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occurs. Wo will use the data in Table 92 and assume that one plot 
is missing. This is the plot in the second block for variety C. In 
the table the yield of this plot is given as 34, but we will assume 
that it is missing and calculate the yield. 

The argument presented by Allan and Wishart leads to the 
following formula for the calculation of the yield of a missing plot 
for randomized blocks: 

p P+qQ -T 
ip-1) (?-l) 

in which 

xsthe yield of the mlBsing plot 
p = the number of varietioa 
gtsthe number of blocks 

P=th 0 sum of the yields of all of the plots of the same variety 
Qsthe sum of the yields of all of the plots in the block in which the missing 
plot occurs 

!r=sthe total yield of all of the plots from which yields are available. 

Assuming that this plot is missing, its yield must be deducted 
from the row and column in which it occurs, and also from the total 
yield of all of the plots. We have 

P= 334-34= 300 
g= 5li2-34= 483 
!r=4732-34=4748 

Substituting these values in the formula we have 

(13x300)-f (10X488)-474R 4032 

" 12X9 -jQg-37.333 

Reading the result to a whole number wo find that the calculated 
yield for the plot is 37, while the observed yield is 34. This in¬ 
dicates that the calculated plot yields may always be subject to 
some variation, and that there is no method that will lead at all 
times to the exact results for missing plots. 

It will be important to see what effect this change in yield has 
on the complete analysis of the experiment. Substituting 37 for 
34 and completing the analysis of variance in the usual way, al¬ 
lowing for one degree of freedom lost in calculating the yield of the 
missing plot, we have 
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Vabiation Due to 

Dxomees of 
Fbksoom 

Sum of 
Squares 

Mrax Square 
OR Variance 

Varieties 

12 

1648.0923 

129.0077 

Blocks 

9 

8545.4231 

949.4915 

Error 

107 

1670.6769 

16.6138 

Total 

128 

11764.1923 



The standard error, which is the square root of the mean square for 
error, is 3.95. It is seen that the standard error has not been 
influenced to any great extent, as the standard error determined 
from the original experiment in Table 92 is 3.94. 

The application of this formula has been extended by Yates 
to cases where more than one plot may be missing, and as a result 
of involved mathematical analysis, which need not be given here, 
he finds that by the use of the formula above, with certain modifi¬ 
cations and obtaining a second approximation, the results agree 
very well with those obtained from his more elaborate analysis. 
The simpler method will be given here, and using the data in Table 
02 we will assume that four plots are missing. The missing plots 
are underlined in the table. 

The first step is to determine the total yield of all of the plots 
whose yields are available, and from this the mean yield is calculated 
by dividing by the number of plots. The total yield of all of the 
plots in Table 92 is 4782, and considering the four underlined plots 
as missing this total becomes 

4782- (34+47+24-f 87) = 4640 

This is divided by the number of individual plot yields remaining, 
126, and the mean yield is 36.83. 

The yields of the missing plots are determined from the formula 
just used, calculating one plot at a time. For each calculation 
the yield of the other three missing plots is assumed to be equal to 
the mean yield of all of the plots. Therefore three times the mean 
yield, or 


3XS6.8S«110.49 
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is added to the total yield of the 126 plots, giving a total of 4750.49, 
which is the total that will be substituted in the formula. 

The value of P for this problem is obtained by subtracting the 
yield of the missing plot from the total yield of the variety contain¬ 
ing the missing plot, and the value of Q is obtained by subtracting 
the yield of the missing plot from the total yield of the block in 
which the missing plot occurs. For the missing plot in block 1 
for variety D 


and 


P=344 - 47 =297 
0 =594 - 47 =547 


Substituting these values in the formula, remembering that p is the 
number of varieties and q is the number of blocks, we have 


(13 X 297) + (10 X 547) - 4750.49 _ 4580.51 
"12X9 ' ' "108 


=42.41 


Obtaining the values for P and Q for the missing plots in the 
other blocks in a similar manner and substituting these values 
in the formula, the calculated yields, or first approximations, for 
the four missing plots in the order of their occurrence are 



First 


Approx i m ation 

Xi 

42.41 


37.31 


41.26 

»4 

27.43 


The sum of these calculated yields is obtained and added to the 
total, 4640, giving a new total of 4788.41. This new value for the 
total is used in the formula for obtaining the second approximations. 

The same formula is used for calculating the yields of the missing 
plots in the second approximation, but a change is made in the 
total value. The values of P and Q are the same as before, but for 
T we substitute the new total, 4788.41, minus the first approximation 






36S STATISTICAL HBTHOLS AFFLIED TO AORIOULTTJBAL BBSEABOE 


yield of that plot for which we are calculating the result. For 
*1 we have 

(18 X297)+(10 X647)-(4788.41-42.41) 4686.00 _ „ 

*1= 12 X 9 == 

The values for the other missing plots are obtained in a similar 
way, subtracting from 4788.41 the yield of the missing plot for 
which the calculation is being made. This is done for each missing 
plot, and the values obtained for the second approximation, to¬ 
gether with those for the first approximation are 



First 

Second 


Approximation 

Approximation 

Xi 

42.41 

42.45 


87.31 

37.30 

Xs 

41.26 

41.29 

^4 

27.43 

27.33 


In this example the differences between the first and second 
approximations are very small. In some cases the differences will 
be larger and the second approximation will be more nearly the 
true value. In order to compare the effect that these calculated 
yields have on the standard error for this experiment, the cal¬ 
culated yields are read to whole numbers and substituted in place 
of the observed yields, and the analysis of variance completed, 
correcting the degrees of freedom for the missing plots. The 
standard error has been calculated and is 3.96, which is slightly 
larger than the standard error for the whole experiment, 3.94. 

It is well to point out that we cannot expect the calculated yields 
to agree so closely with the observed yields in all cases, which 
suggests that the calculation of missing plot yields can at best be 
only an approximation. If only a few plots are missing from a 
comparatively large number, then it would be desirable to calculate 
the expected yields and complete the analysis of variance. If a 
larger number of plots in proportion to the total number are missing, 
then less reliance can be had in the calculated yields. 

As stated, the formula that has been used is that for randomized 
blocks. For a Latin square the formula is modified, and is as 
follows: 
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, P {Pr+Pc+Pl)-^T 

* (>-i)(p-2) 

in which 

ps number of treatments or varieties 
JP^ss known yield of the row containing the missing plot 

known yield of the column containing the missing plot 
Pi »known yield of treatment, or variety, containing the missing plot 
2r=s total yield. 

While these formulas are to be used for calculating the yield 
of a missing plot or plots, it is also possible to use them in cases 
where for some reason it is evident that the yield of a certain plot 
does not represent the true condition. That is, the yield of a plot 
may be so high or so low that it indicates that something must 
have happened to the records, or perhaps the location of the plots 
in the field was such that while we cannot count the plot as missing 
yet it was unduly influenced by certain environmental factors so 
that it seems wise to eliminate it from the comparisons. In such 
cases careful judgment must be exercised and plots should not be 
eliminated too freely. 

Application of Variance to Regression Analysis, In the study of 
regression in Chapter VI the standard deviation of the estimate 
based on regression was determined. We have now learned that 
this may be referred to also as the standard error of estimate. It is 
possible to apply the idea of the analysis of variance to regression 
analysis and the determination of the standard error of estimate, 
and we have the following general plan for such an analysis. 


Variation Due to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Regression 

1 

Total sum of squares 
times r2 

Sum of squares di¬ 
vided by degrees 

Amount unaccounted 
for, or residue 1 

N-2 

1 

Total sum of squares 
times (l-r2)* 

of freedom 

Total 

2^-1 

Total sum of the 
squares measured 
from the mean of 
the series 



*Al8o obtained by subtracting values in first lino from Total. 




870 STATISTICAL METHODS APPLIED TO AGRICULTURAL RESEARCH 

In analyzing the effects of regression in this manner we determine 
first the total sum of the squares of the deviations of each individual 
from the mean. This is recorded opposite ‘Total’ under the column 
headed ‘Sum of Squares.’ The degrees of freedom will be one less 
than the number of individuals in the correlation analysis. 

We may now apply this method to the data for the x distribution 
in Table 36 of Chapter VI. The total sum of the squares may be 
conveniently obtained from the value for XfD^ as usually calculated, 
by subtracting the proper correction for working from an assumed 
mean. For the data in Table 36 the value for XfD^ is 540, obtained 
by working from an assumed mean. The correction is .485. This 
correction is squared and multiplied by 400 and subtracted from 
540, leaving 445.91 as the total sum of the squares. Since there 
are 400 individuals there are 399 degrees of freedom. 

We may now take out of this total sum the amount due to regres¬ 
sion. This is obtained by multiplying the total sum of the squares 
by the square of the correlation coefficient. For the data in Table 
36 the correlation coefficient is .217, and squaring this and multiply¬ 
ing by the total sum of the squares we have 20.9975 as the sum of 
the squares due to regression. This amount is subtracted from the 
total sum of the squares, leaving 424.9125 as the amount that is 
unaccounted for by regression. There was 1 degree of freedom 
used in determining regression, and this leaves 398 degrees of free¬ 
dom for the variation not accounted for. The complete results 
are as follows: 


Vabiation Dub to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Regression 

1 

20.9975 

20.997500 

Amount unaccounted 
for, or residual 

398 

424.9125 

1.067619 

Total 

899 

445.9100 



The mean square for the amount unaccounted for, or residual, 
is 1.067619, and the square root of this value, or 1.033, is the stand¬ 
ard deviation or standard error. This is the standard error of 
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estimate and may be compared with the standard error of estimate 
as obtained from the usual formula, given in Chapter VI. By this 
formula 


the standard error of estimate was found to be 1.031. The slight 
difference in the two results is due to the decimals retained in 
the calculations. This shows that it is possible to determine the 
standard error of estimate by the application of the method of 
variance analysis in the manner just described. 

It will be of interest to apply this method to the problem in 
multiple correlation which was discussed in Chapter VIII. In this 
chapter the simple correlation between two characters, Y and A, 
was determined and found to be .654, as recorded in Table 58. 
Using this value for the correlation coefficient and the total sum 
of the squares for Y we may determine the error of estimate. Re¬ 
ferring to Table 58 we obtain the total sum of the squares for Y, 
1335.27, and since there are 25 individuals concerned there are 24 
degrees of freedom. Multiplying this total sum of the squares by 
the square of r, .654, we obtain 571.1163 as the amount due to 
regression. The amount unaccounted for is the difference between 
this value and the total sum of the squares, or it may be obtained 
by multiplying the total sum of the squares by 1 —r^. The values 
for this analysis are 


Vabiation Dub to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Begression 

1 

571.1163 

571.116300 

Amount unaccounted 
for, or residual 

23 

764.1637 

83.224074 

Total 

24 

1335.2700 



Obtaining the standard error for the variation unaccounted for 
we find that it is 5.764, while by the formula for determining the 
standard error of estimate in Chapter VIII it was found to be 5.763. 
The standard error (standard deviation) of estimate measured from 
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the mean is obtained by dividing the total sum of the squares 
by the degrees of freedom and extracting the square root, and it 
is found to be 7.459, as in Chapter VIII. 

In the problem on multiple correlation the analysis was carried 
further and the effect of two characters, A and B, on Y was deter¬ 
mined. The coefficient of multiple correlation in this case was 
found to be .700. This coefficient of multiple correlation may be 
used and the standard error of estimate determined in the manner 
just described. We have 


Va-riation Due to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Hegrassion 

2 

664.2823 

327.141160 

Amount unaccounted 
for, or residual 

22 

680.9877 

30.963986 

Total 

24 

13a5.2700 



It should be noted that in this case since wo have added another 
variable in determining the coefficient of multiple correlation we 
also use one degree of freedom, leaving one less degree of freedom 
for the amount unaccounted for. The standard error of estimate 
may bo obtained by dividing the sum of the squares unaccounted 
for by the degrees of freedom, and extracting the square root. The 
standard error is found to be 5.564, the same as was determined 
by the formula for the standard error of estimate in Chapter VIII. 

Continuing for the effect of three variables, we have .866 as the 
coefficient of multiple correlation. Applying this value as before 
we have 


Variation Due to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Begression 

3 

1001.3937 

333.797900 

Amount unaccounted 
for, or residual 

21 

333.8763 

16.898871 

Total 

24 

1335.2700 

1 
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One additional degree of freedom is used since another variable 
has been added, and we have 21 degrees of freedom left for the 
amount unaccounted for. Dividing the sum of the squares for 
residual by 21 and extracting the square root, we have 3.987 as the 
standard error of estimate, which agrees with the value obtained in 
Chapter VIII. This method of analysis gives another measure 
of the standard error of estimate and illustrates how the degrees 
of freedom change with the addition of more variables in the deter¬ 
mination of the regression. Thus it is possible to determine the 
standard error of estimate by either method, with practically the 
same results. 

It may also be pointed out that the significance of r or iZ may 
be determined from the values in the analysis of variance. Taking 
the last example, we may determine the significance of R by ob¬ 
taining the value of jP from 333.797900/15.898871, or 2100. Re¬ 
ferring to Table X, with degrees of freedom of 3 and 21 we find that 
this value of F is much larger than either of the values tabled^ 
indicating that R .866 is highly significant. Similar comparisons 
may be made from the other examples. It may also be pointed 
out that the ratio of the sum of the squares due to regression to 
the sum of the squares for total is equal to R^. For example, in 
the case just cited, 1001,3937/1335.2700, or .749956, and 
iZ=.8G6. 

We may also apply the method of variance analysis to determine 
the linearity of regression, by obtaining the following values. 


Vabiation Due to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

I inear regression 

1 

Total sum of squares 
times r2 

Obtained by diWd- 
ing sum of squares 

Deviations from linear 

n-2 

Total sum of squares 

by decrees of free- 

regression 


times {rf^r'^) 

dom 

Residual within arrays 

N-n 

Total sum of squares 
times {l-rp) 


Total 

N-1 

Total sum of the 
squares measured 
from the mean 
of tlie series 
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The method of determining the effect of linear regression has already 
been explained, and we need now to add another item, namely the 
effect of the deviations from linear regression. 

The total sum of the squares due to linear regression is obtained 
by multiplying the total sum of the squares as measured from the 
mean by r^. The deviations from linear regression are obtained by 
determining the difference between the squares of the correlation 
ratio and the correlation coefficient, and multiplying the total sum 
of the squares as measured from the mean by this difference. The 
degrees of freedom for the total are as usual N—l, and 1 degree of 
freedom is used for linear regression. The degrees of freedom for 
the variation due to the deviations from linearity, or linear regres¬ 
sion, are given as n— 2 , n referring to the number of arrays used 
in the calculation of the correlation ratio. The degrees of freedom 
left for the sum of the squares for the residual are equal to N^n, 
and they may be arrived at in the usual way by summing the de¬ 
grees of freedom for linear regression and for the deviations from 
linear regression and subtracting this sum from the degrees of 
freedom for the total. 

We may now apply this method of analysis to the data in Table 
48 of Chapter VII. The correlation coefficient for these data is 
.865, and is .904. In obtaining this correlation ratio there 
were 11 arrays used, therefore n = 11 . The total sum of the squares 
is obtained in the usual way, giving 442.9167. Multiplying this 
value by the values for —and (1 — 77 *), as in the plan 

outlined above, we have 


Vabiation Dub to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

Linear regression 

1 

331.4013 

331.4013 

Deviations from linear 
regression 

9 

80.5673 

3.3953 

Residual within arrays 

289 

80.9681 

.2801 

Total 

299 

442.9167 



In order to ascertain whether there is any decided deviation 
from linearity it is necessary to determine whether the deviations 
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from linear regression are greater than would be expected from chance 
variation. This may be done by comparing the variance due to 
deviations from linear regression with the variance from the effect 
of ‘residual within arrays.' If there is no real departure from 
linearity the two variances will be nearly equal. If there is an 
appreciable departure from linearity, then the mean variance of 
row 2 will be greater than the mean variance of row 3. Dividing 
the sums of the squares by the appropriate degrees of freedom, the 
mean variance for row 2 is 3 3953 while for row 3 the mean variance 
is .2801. It is apparent that there is a considerable difference 
between these two values. We may now divide the variance in 
row 2 by the variance in row 3 and obtain F, which is 12.12 Re¬ 
ferring to Table X we find that we do not have values for the degrees 
of freedom used here, but for % = 8 and = 300 we find an F value 
of 2.57 for the higher degree of significance. Since the F value for 
this experiment is much larger than 2.57 it indicates that there is a 
real deviation from linearity. 

This is a more exact method for determining whether there is 
any important deviation from linearity than the one referred to in 
Chapter VII, since it is possible to sei>arate the total variance into 
its several components and allowance is made for the number of 
arrays. 

The data in Table 48 were used to illustrate the fitting of curved 
regression lines, with the results recorded in Table 50. We may 
use the method of variance to analyze the results obtained by fitting 
the curved regression lines. For this analysis we determine the 
deviations from the mean of the observed values as given in the 
first column of Table 50. The mean of this series is 2.007. Ob¬ 
taining the difference between each of the individual observations 
and the mean, squaring, and summing, we have 25.8669, and since 
there are 11 items there will be 10 degrees of freedom. 

The amount of variation due to straight line regression is 21.7827, 
which is determined from the formula 

N 

12 ^ 

This is the formula giving the amount of reduction from the total 
due to linear or first order regression. In this and the following 
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formulas N refers to the number of items, and J5, C, and D to the 
values determined in fitting curved regression hnes in Chapter VII. 
On reviewing the discussion on curved regression the meaning of 
these formulas will be clear. 

The amount of reduction due to the second order regression is 
obtained from 


N (A'2«4) 

180 




and from this we have the value 3.9674. The amount of reduction 
due to the third order regress on is obtained from 


(A^2-4) 

2800" ^ 


giving .0550. 

The values for the analysis of variance are 


Variation Due to 

Degrees of 
Freedom 

Sum of Squares 

Mean Square or 
Variance 

1 

First order regression 

1 

21.7827 

21.7827 

Second order regression 

1 

3.9674 

3.9674 

Third order regression 

1 

.0556 

.0556 

Residual 

1 

7 

.0612 

.0087 

Total 

10 

25.8669 



Summing the amounts due to the first, second, and third order 
regressions and subtracting this sum from the total sum of the 
squares leaves a very small amount, .0612, for the residual, or the 
amount still unaccounted for in the regression analysis. There is 
1 degree of freedom for each order of regression, so 7 degrees of 
freedom are left for the residual. 

It is evident that the mean variances for the first order and second 
order regressions are considerably higher than the variance for 
the residual, so they are both significant. We may test the third 
order regression value by determining F, or .0556/.0087=6.39, 
and with degrees of freedom of 1 and 7 it is found to be significant. 
It is evident that there has been considerable reduction in the mean 
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variance as we proceed from the first to the third order regression. 
The work may be carried further, but from this result and from the 
values in the last column of Table 60 it is evident that the observed 
values are well followed by the curved regression line, and the values 
predicted from this line will have a small error. 

The foregoing examples show the usefulness of the methods for 
variance analysis. The examples given illustrate some of the 
applications, and it is possible to extend the methods to other kinds 
of problems, such as the results from soil experiments, feeding or 
nutrition experiments, and so on. Since by the application of the 
methods of variance it is possible to divide the total variation into 
different components, smaller differences may be measured and a 
more exact analysis made than can be done by the usual methods 
of determining variability and probable errors. These latter methods 
determine the errors for the whole experiment without eliminating 
the effect due to any one or more known causes. 



CHAPTER XIV 


ANALYSIS OF VARIANCE—COMPLEX 
EXPERIMENT 

The methods that have been given for the analysis of variance 
are for simple experiments and the calculations are straightforward. 
It is often important to extend the methods for the analysis of more 
complex experiments. As an illustration of the application of 
analysis of variance in such cases the data in Table 94 are used. 
These are the yields in bushels per acre of five varieties of wheat, 
replicated five times on two fields in 1928, 1929, 1930, and 1931. 
The five varieties are designated A, B, C, D, and E. 


Table 94 

Yields in Bushels Pee Acbe of Five Varieties of Wheat. 
Replicated Five Times on Two Fields in 
1928, 1929, 1930, and 1931 


Field I 
1928 


Bloces 

Vabiktiks 


A 

B 

c 

D 

E 


1 

23 

29 

26 

20 

81 

129 

2 



21 

18 

20 


3 

17 

19 

26 

13 

17 

92 

4 

24 

31 


18 

24 

127 

5 

20 

29 

22 

18 

21 

110 

Vabtbty 

Total 

104 

m ^ 

125 

87 

118 

566 
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Table 94— Continued 


1929 


Blocks 

Varistiss 

Block Total 

A 

B 

0 

D 

1 

E 



1 

19 

19 

23 

25 

29 

115 

2 

23 

22 

24 

29 

24 

122 

3 

30 

33 

36 

25 

27 

161 

4 

31 

31 

30 

28 

34 

164 

5 

25 

26 1 

22 

20 

24 

117 

Variety 

Total 

128 

131 i 

135 

127 

138 

669 

1 


mo 


1 

21 

21 

24 

22 

33 

121 

2 

31 

25 

46 

54 

68 

214 

3 

49 

66 

49 

56 

62 

272 

4 

39 

68 

44 

38 

61 

225 

6 

31 

41 

62 

37 

46 

217 

Variety 

Total 

171 

196 

_ 

225 

207 

260 

1049 

1 1931 

1 

48 

50 

42 

46 

45 

231 

2 

61 

61 

42 

49 

46 

239 

3 

38 

38 

36 

46 

39 

196 

4 

43 

46 


47 

38 

214 

6 

43 

30 

36 

29 

36 

179 

Variety 

Total 

223 

221 

195 

216 

204 

1059 


Field II 
1928 





Varieties 

"RT.nnir T’r\»rAT 


A 

B 

0 

D 

E 


1 

21 

27 

31 

18 

28 

125 

2 

27 

29 

40 

16 

13 

124 

3 

24 

30 

32 

21 

21 

128 

4 

30 

33 

39 

28 

21 

151 

6 

20 

25 

37 

30 

20 

132 

Variety 

Total 

122 

144 

179 

112 

103 

660 
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Table 94 — Continued 
1929 



Varietiss 


^3IiOOJL9 






Block Total 


A 

B 

0 

D 

E 



SO 

23 

83 

19 

24 

129 


19 

24 

25 

21 

25 

114 


25 

28 

28 

21 

20 

122 


19 

27 

18 

18 

32 

114 

5 

22 

22 

24 

22 

17 

107 

Vamety 

Totaii 

116 

124 

128 

101 

118 

586 

1930 

■n 

48 

18 

63 

38 

50 

202 


28 

9 

31 

67 

53 

178 


37 

27 

25 

49 

47 

185 


27 

13 

34 

23 

27 

124 

5 

32 

20 

29 

36 

87 

164 

Vabiety 

Total 

167 

87 

172 

203 

214 

843 ' 

_ 

1931 

— 

41 

48 

56 

47 

43 

235 


36 

so 

54 

46 

25 

191 


36 

36 

31 

33 

33 

168 


46 

32 

37 

39 

39 

193 

5 

37 

20 


46 

31 

165 

Variety 

Total 

196 

165 


211 

171 

952 


Before proceeding to the analysis of the complex experiment 
we will analyze the results from Field I for 1928 in the usual manner. 
Since there are 25 plots in the test there will be 24 degrees of free¬ 
dom for total. There are 6 varieties and 6 blocks, and therefore 
there will be 4 degrees of freedom for each, leaving 16 degrees of 
freedom attributable to error. 

To obtain the sum of the squares for total, each of the 25 yields 
is squared and summed, and from this sum is subtracted a cor¬ 
rection value. This correction value is obtained by squaring the 
grand total and dividing by the total number of yields. We have 
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(666)® /25, or 12814.24, for the correction. The sum of the squares 
of the 26 yields is 13424, and deducting 12814.24 from this we have 
609.76 as the sum of the squares for total. 

For the sum of the squares for varieties, each variety total is 
squared and the sum of the squares is divided by the number of 
blocks contained in each variety total. We have 65548 for the sum 
of the squares, and dividing by 5, the number of blocks in each 
variety total, we have 13109.60. From this is subtracted the 
correction, 12814.24, leaving 295.36 as the sum of the squares for 
varieties. 

The sum of the squares for blocks is obtained similarly. Each 
block total is squared and summed, giving 64998. This is divided 
by the number of varieties in each block total, or 5, giving 12999.60. 
Subtracting from this the correction, 12814.24, the remainder is 
185.36, which is the sum of the squares for blocks. 

The analysis of variance is 


Variation 

Du® TO 

Degrees 

OE Freedom 

Sum of 
Squares 

Mean Square 

Varieties 

4 

295.36 

73.840 

Blocks 

4 

186.86 

46.340 

Error 

16 

129.04 

8.065 

Totax 

24 

609.78 



The sum of the squares attributed to error is obtained by sub' 
tracting the sums of the squares for varieties and blocks from the 
sum of the squares for total, and the degrees of freedom for error 
are obtained by a similar subtraction. The mean squares are 
obtained by dividing the sums of squares by their respective degrees 
of freedom. It is evident from the difference between the mean 
square for error and the mean square for varieties that there is a 
significant difference between the yields of the vaiietieir fo? this 
test. 

For the complete analysis of the entire experiment it is necessary 
to determine the variance due to varieties, fields, years, and blocks, 
and the interaction of these factors, and the variation due to each 
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factor and to the interactions are determined separately. The 
results are brought together for final analysis in Table 95. 

The degrees of freedom are the total number of observations, 
less 1. For the entire experiment there are 200 observations, and 
the degrees of freedom are 200— 1, or 199. Similarly, for varieties, 
blocks, fields, and years the degrees of freedom will be one less 
than the number observed. For the first order interaction of these 
various factors, the degrees of freedom will be the product of the 
degrees of freedom of the factors concerned. For the second order 
interactions the degrees of freedom will be the product of the degrees 
of freedom of the three factors concerned. The degrees of freedom 
for error are obtained by subtracting from the total degrees of 
freedom the sum of the several individual degrees of freedom. In 
the analysis of variance for the data in Table 94 the degrees of 
freedom are as follows: 


Vabiation'Duk to 

Degbebs or 
Fbeedom 

Varieties 

4 

Fields 

1 

Years 

3 

Blocks 

4 

Literaction of: 

Varieties X fields 

4 

Varieties X years 

12 

Fields X years 

3 

Varieties X fields X years 

12 

Blocks X years 

12 

Blocks X fields 

4 

Blocks X fields X years 

12 

Error 

128 

Total j 

199 


For this analysis the sum of the squares and degrees of freedom 
for the entire experiment are determined first. Each of the indi¬ 
vidual yields in Table 94 is squared, and the sum of these squares 
is 228414. From this total it is necessary to deduct a correction 
value, 203139.38, which is obtained by squaring the sum of the 
individual yields, or grand total, 6374, and dividing by the total 
number of observations, 200. The remainder, 25274.62, is the sum 









ANALYSIS O* VABIANCB—COMPLEX EXPERIMENT 


383 


of the squares for total and the corresponding degrees of freedom 
are 200— 1, or 199. This value is recorded in line 13 of Table 95. 

It is necessary to correct the total sum of the squares in the 
manner just outlined, since what is wanted is the total sum of the 
squares of the deviations of the individual plot yields from the mean 
of all the plots. Unless the numbers are too large it is usually 
more convenient to square the yields directly rather than to take 
the deviation of each one from the mean and then square the devia¬ 
tion. Since the method that will be followed in this analysis is 
that of squaring the values themselves, it will be necessary in all 
cases to correct for the fact that we are not working from the true 
mean but really from an assumed mean of zero, and the same cor¬ 
rection will be applied throughout the analysis of the experiment. 

For the variation due to varieties, fields, and years, and their 
interactions, and for the subsequent analyses, we combine the 
yields from Table 94 according to these various factors. We have 
first the total yields for varieties and fields. 


Total Yields for Varieties and Fields 




Varieties 



Fields 






Total 

A 

B 

0 

D 

E 

I 

626 

685 

680 

637 

705 

3333 

II 

600 

620 

688 

i 

627 

606 

3041 

Total 

1226 

1206 

1368 

1264 

1311 

6374 


These individual values are obtained by combining the yields of 
each variety for the period of the test. For example, for variety 
A on Field I, the yields are 104+128+171 + 223, or a total of 626 
for the four years. For variety A on Field II, the yields are 122+ 
115+167+196, giving a total of 600 for the four years, and so on. 
The sum of the yields of all varieties on each field gives the field 
total, and the sum of the yields on each field gives the variety total. 

For the variation between varieties, each variety total is squared, 
and the sum of these squares is divided by the number of blocks 
contributing to the total yield. Thus we have 
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(1226)*+(1205)2+(l368)2-f-(1264)2+(1311)2=8142942 

This sum is divided by 40, since each variety total is derived from 
6 blocks on 2 fields during 4 years, and the quotient is 203573.65. 
Prom this is subtracted the correction obtained for the entire ex¬ 
periment, 203139.38, leaving 434.17 as the sum of the squares due to 
varieties. Since there are 6 varieties there will be 4 degrees of 
freedom. The value 434.17, with the accompanying degrees of 
freedom, is recorded in line 1 of Table 95. 

The variation between fields is obtained similarly by squaring 
the field totals and dividing the sum of the squares by 100, since 
each field total is derived from 6 varieties and 5 blocks during 4 
years. We have 20366670/100, or 203566.70, and from this is 
subtracted the general correction, 203139.38, leaving 426.32 as the 
sum of the squares for fields. There is 1 degree of freedom, and 
the value, with the accompanying degree of freedom, is recorded in 
line 2 of Table 95. 

Por the interaction of varieties and fields, the individual total 
yields are squared and summed, giving 4090404, and this sum is 
divided by 20, since these individual total yields are derived from 
6 blocks during 4 years. The general correction, 203139.38, is 
deducted from the quotient, 204520.20, leaving 1380.82. There are 
9 degrees of freedom. It is necessary to take from this remainder, 
and the degrees of freedom, the sums of the squares and the degrees 
of freedom for the varieties and fields. 

The steps just outlined for this analysis are given in detail on page 
385. In order that it may be clear why it is necessary to subtract 
the sums of the squares for varieties and fields, it may be well to con¬ 
sider the analysis of interaction with that of a simple experiment. 
Referring to the simple analysis for the test in 1928, it is recalled 
that the effect of blocks and varieties was e limin ated from the 
sum of the squares for total to obtain the error. The sum of the 
squares for total had been obtained by squaring the individual yields. 
Por the analysis of the interaction, say of varieties and fields, a 
table is prepared giving all the yields of each variety for all the 
plots and years, so that the individual items are these totals rather 
than individual plot yields. In the study of the interaction the 
same process of analysis is followed as for a simple experiment, 
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namely, the sum of the squares for total is obtained and from this is 
subtracted the sums of the squares due to varieties and fields, leav¬ 
ing the sum of the squares due to error, which in this case is the 
interaction between varieties and fields. 


Between Vabieties 

Between Fields 

1 

Intebaction I 

1603076 

1462025 

1871424 

1697696 

1718721 

Sum 8142942 

8142942 

^--—=208578.65 

203673.65 

-208139.38 

434.17 

11108889 

9247681 

Sum 20356570 

203566.70 

-203139.88 

426.32 

391876 

469225 

462400 

405769 

497026 

360000 

270400 

473344 

393129 

867236 

Sum 4090404 

^^=204620.20 

204620.20 

-203139.38 

1380.82 


Sum of Squares for Total 

-Sum of Squares for Varieties 
—Sum of Squares for Fields 

1380.82 

-434.17 

-426.32 

9 Degrees of Freedom 

-4 Degrees of Freedom 
—1 Degree of Freedom 

Difference 

520.33 

4 Degrees of Freedom 


The difference obtained, 620.33, is the sum of the squares for 
the interaction of varieties and fields, and with its accompanying 
degrees of freedom is recorded in line 6 of Table 95. 

For the variation due to varieties and years and their interaction, 
the yields are combined as shown at the top of page 386. These 
individual values are obtained by combining the total of each 
variety on Field I with the total for that variety on Field II. For 
example, for variety A in 1928 the total yield on Field I is 104 and 
on Field II it is 122, and the sum is 226 as recorded. For variety 
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Total Yields fob Vabietibs and Yeabs 


Years 

Varieties 

Total 

A 

B 

C 

D 

E 

1928 

226 

281 

304 

199 

216 

1226 

1929 

243 

255 

263 

228 

256 

1245 

1930 

838 

283 

397 

410 

464 

1892 

1931 

419 

386 

404 

427 

375 

. 

2011 

Total 

1226 

1205 

1368 

1264 

1311 

6374 


B in 1928 we have a total yield of 137 on Field I and of 144 on 
Field II, and the sum is 281. The remaining yields are similarly 
obtained. 

The variation due to varieties has already been determined, as 
recorded in line 1 of Table 95. For the variation due to years, 
the totals are squared, summed, and divided by 50, since each total 
is derived from 5 blocks of 5 varieties on 2 fields. We have 
10676886/50, or 213537.72. From this is deducted the general 
correction, 203139.38, leaving 10398.34, which is the sum of the 
squares for years. This value, with its accompanying degrees of 
freedom, is recorded in line 3 of Table 95. 

For the interaction of varieties and years, the individual total 
yields are squared, summed, and divided by 10, since each individual 
total yield is made up of 5 blocks on 2 fields. We have 2165538/10, 
or 216553.80. From this is subtracted the general correction, 
203139.38, leaving 13414.42 with 19 degrees of freedom. We must 
deduct from this remainder, and the degrees of freedom, the sums 
of squares and degrees of freedom for varieties and years. We have 


Sum of Squcures for Total 

-Sum of Squares for Varieties 
-Sum of Square* for Years 

13414.42 

- 434.17 
-10398.34 

19 Degrees of Freedom 

-4 Degrees of Freedom 
-8 Degrees of Freedom 

Difference 

2581.91 

12 Degrees of Freedom 
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This value, 2681.91, is the sum of the squares for the interaction of 
varieties and years, and with its accompanjdng degrees of freedom 
is recorded in line 6 of Table 95. 

For the variation due to fields and years and their interaction 
the yields are combined as follows: 


Total Yields for Fields and Years 


Yeabs 

Fields 

Total 

I 

II 

1928 

566 

660 

1226 

1929 

659 

586 

1245 

1930 

1049 

843 

1892 

1931 

1059 

952 

2011 

Total 

33S3 

3041 

6374 


The individual yields are obtained by combining the yields of all 
varieties and blocks for one year on each field, or these values are 
the same as the totals for the individual tests in Table 94. 

Since the variation due to fields and years has already been deter¬ 
mined and recorded in lines 2 and 3 of Table 95, it is necessary to 
consider only their interaction. The individual total yields are 
squared, summed, and divided by 25, since each individual total 
yield is made up of 6 blocks of 5 varieties. We have 6372468/25, 
or 214898.72, and from this must be deducted the general correction, 
203139.38. The remainder is 11759.34, and there are 7 degrees of 
freedom. It is necessary to deduct from this remainder the sums 
of squares and degrees of freedom for fields and years and we have 


Sum of Squares for Total 

-Sum of Squares for Fields 
-Sum of Squares for Years 

11759.34 

- 426.32 
-10398.34 

7 Degrees of Freedom 

-1 Degree of Freedom 
-3 Degrees of Freedom 

Differenoe 

984.68 

8 Degrees of Freedom 
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This value, 934.68, is the sum of the squares for the interaction of 
fields and years, and with its accompanying degrees of freedom is 
recorded in line 7 of Table 95. 

The interactions that have been obtained up to this point are 
known as the first order interactions, that is, they are the inter¬ 
actions between two variables. We may now consider the interac¬ 
tions between three variables, or the second order interactions. 
If it is necessary to determine further interactions, similar methods 
are followed for other relations. 

For the second order interaction of varieties, fields, and years, 
the yields are combined as follows: 


Total Yields fob Vaeieties, Fields, and Ybads 
1928 


Fibuds 

Vabijstibs j 


a 

B 

0 

D 

E 

Total 


I 

104 

137 

125 

87 

113 

566 

n 

122 

144 

_ 

179 

112 

103 

660 

1929 

1 



135 

127 

138 

659 

n 



128 

101 

118 

586 

mo 

I 

171 

196 

225 

207 

250 

1049 

U 

167 

87 

172 

203 

214 

843 

1931 

I 

223 

221 

195 



1059 

II 

196 

165 

209 



952 

Total 

1226 

1205 

1868 

1264 

1311 

6374 
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These individual values are the variety totals recorded in Table 94. 

Since the variation due to varieties, fields, and years, and their 
interaction, has been determined and recorded in Table 95, it is 
necessary to consider only the second order interaction. The 
individual total yields are squared, summed, and divided by 5, 
since each individual total yield is made up of 5 blocks. We have 
1096044/5, or 219208.80. From this must be deducted the general 
correction, 203139.38, leaving 16069.42 with 39 degrees of freedom. 
From this must be deducted the sum of the squares and degrees of 
freedom for varieties, fields, and years, and all first order inter¬ 
actions of these three factors. In other words, the sums of the 
squares and degrees of freedom determined thus far in the complex 
experiment must be deducted. We have 


Sum of Squaro3 for Total 

16039.42 

39 Dc*^'ro93 of Freedom 

-Sum of Squares for Variotioi 

- 434.17 

- 4 Degrees of Freedom 

-Sum of Squares for Fields 

- 426.32 

- 1 Degree of Freedom 

-Sum of Squares for Years 

-10898.34 

- 3 Degrees of Freedom 

-Sum of Squares for Interaction 


Varieties X Fields 

- 520.83 

- 4 Degrees of Freedom 

-Sum of Squares for Interaction 


Varieties X Y oars 

- 2581.91 

-12 Degrees of Freedom 

-Sum of Squares for Interaction 


Fields X Years 

- 934.68 

- 3 Degrees of Freedom 

Difference 

778.67 

12 Degrees of Freedom 


This value, 773.67, is the sum of the squares for the second order 
interaction of varieties, fields, and years, and with its accompanying 
degrees of freedom is recorded in line 8 of Table 95. 

For the variation due to blocks, and the interaction of blocks 
and the other factors, the same plan is followed. For blocks and 
years the yields are combined as shown on page 390. These indi¬ 
vidual total yields are obtained by combining the total block yields 
on the two fields for each year. For example, for block 1 in 
1928 we have 129+125, or 254, and the other individual total yields 
are similarly obtained. 

The variation due to years has already been determined and is 
recorded in line 3 of Table 95. For the variation due to blocks 
the block totals are squared, summed, and divided by 40, since each 






390 STATISTICAL METHODS APPLIED TO AOBIGtTLTTTltAL BESEABCH 


block total is made up of 6 varieties on 2 fields for 4 years. We 
have 8137030/40, or 203425.75, and from this must be deducted the 
general correction, 203139.38. The remainder, 286.37 is the sum 
of the squares for blocks, and with its accompanying degrees of 
freedom is recorded in line 4 of Table 95. 


Total Yields fob Blocks and Ybabs 



Blocks 

Total 

1 

2 

3 

4 

6 

1928 

254 

232 


278 

242 

1226 

1929 

244 

236 

273 

268 

224 

1246 

1930 

323 

392 

457 

349 

371 

1892 

1931 

466 

430 

364 


344 

2011 

Total 

1287 

1290 


1302 

1181 

6374 


For the interaction due to blocks and years, the individual total 
yields are squared and summed and divided by 10, since each in¬ 
dividual total yield is made up of 5 varieties on 2 fields. We have 
2159170/10, giving 215917.00, and from this is deducted the general 
correction, 203139.38. The remainder is 12777.62, with 19 degrees 
of freedom. From this must be deducted the sums of the squares 
and degrees of freedom for blocks and years, and we have 


Sum of Squares for Total 

-Sum of Squares for Blocks 
-Sum of Squares for Yecurs 

12777.62 

- 286.87 
-10398.34 

19 Degrees of Freedom 

- 4 Degrees of Freedom 

- 3 Degrees of Freedom 

Difference 

2002.91 

12 Degrees of Freedom 


This value, 2092.91, is the sum of the squares for the interaction 
of blocks and years, and with its accompanying degrees of freedom 
is recorded in line 9 of Table 95. 

For the interaction of blocks and fields the yields are combined 
as follows: 
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Total Yields for Blocks and Fields 


Fii:u>s 

Blocks 

Total 

1 

2 

3 

4 

6 

1 

596 

683 

711 


623 

3333 

11 

691 

607 

603 

682 

658 

3041 

Total 


1290 

1314 

1802 

1181 

6374 


These individual total yields are obtained by summing the total of 
each block for the four years of the test. For example, for block 
1 on Field I we have 1294-115-1-121 + 231, or 596, and the other 
individual total yields are similarly obtained. 

The variation due to blocks and fields has already been deter¬ 
mined and recorded in lines 4 and 2 of Table 95. For the inter¬ 
action of these two factors, each individual total yield is squared, 
summed, and divided by 20, since each individual total yield is made 
up of 5 varieties for 4 years. We have 4093382/20, giving 204669.10, 
and from this must be deducted the general correction, 203139.38. 
The remainder is 1529.72 with 9 degrees of freedom, and from this 
must be deducted the sums of the squares and degrees of freedom 
for blocks and fields. We have 


Sum of Squares for Total 

-Sum of Squares for Blocks 
-Sum of Squares for Fields 

1529.72 

- 286.37 

- 426.82 

9 Degrees of Freedom 

-4 Degrees of Freedom 
-1 Degree of Freedom 

Difference 

817,03 

4 Degrees of Freedom 


This value, 817.03, is the sum of the squares for the interaction of 
blocks and fields, and with its accompanying degrees of freedom is 
recorded in line 10 of Table 95. 

For the second order interaction of blocks, fields, and years, the 
yields are combined as follows: 
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Total Yields for Blocks, Fields, and Years 


Fddld I 

Blocks 

Total 

1 

2 

3 

4 

-- 

6 



1928 

129 

108 

92 

127 


606 

1929 

115 

122 

161 

164 

117 

669 

1930 

121 

214 

272 

226 

217 

1049 

1931 

231 

239 

196 

214 

179 

1059 

Field 11 




m 



1928 

125 

124 

128 


132 

€60 

3929 

129 

114 

122 


107 

586 

1930 

202 

178 

185 


164 

843 

1931 

235 

191 

168 

193 

166 

952 

Total 

1287 

1290 

1314 

1302 

1181 

6374 


These individual values are the block totals recorded in Table 94. 

Since the variation due to blocks, fields, and years, and their 
interaction, has been determined and recorded in Table 95, it is 
necessary to consider only their second order interactions. The 
individual total yields are squared, summed, and divided by 5, 
since each individual total yield is made up of 6 varieties. We 
have 1098968/5, giving 219793.60, and from this must be deducted 
the general correction, 203139.38. The remainder is 16654.22, with 
39 degrees of freedom, and from this remainder must be deducted 
the sums of squares and degrees of freedom for blocks, fields, and 


Sum of Squares for Total 

-Sum cf Squares for Blocks 
-Sum of Squares for Fields 
-Sum of Squares for Years 
-Sum of Squares for Interaction 
Fields X Years 

-Sum of Squetres for Interaction 
Blocks X Years 

-Sum of Squares for Interaction 
Blocks X Fields 

16654.22 

- 286.37 

- 426.32 
-10398.34 

- 934.68 

- 2092.91 

- 817.03 

39 Degrees'of Freedom 

- 4 Degrees of Freedom 

- 1 Degree of Freedom 

- 3 Degrees of Freedom 

- 3 Degrees of Freedom 

-12 Degrees of Freedom 

- 4 Degrees of Freedom 

Difference 

1698.67 

3 2 Degrees of Freedom 
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years, and all first order interactions of these factors. These sums 
of squares and degrees of freedom are obtained from Table 05 and 
are recorded at the bottom of page 392. This value, 1608.57, is 
the sum of the squares for the interaction of blocks, fields, and 
years, and with its accompanying degrees of freedom is recorded 
in line 11 of Table 95, page 393. 

To obtain the variation due to error, the sums of the squares 
in lines 1 to 11 of Table 95 are added, giving 20964.30 This is 
subtracted from the total sum of the squares, 25274.62, in line 13, 
leaving 4310.32 as the variation due to error. It is noted that this 
difference includes the interaction between blocks and varieties and 
all second order interactions where blocks and varieties are concern¬ 
ed. Dividing the error into its various components indicates the 
sums of squares that enter into the error, as well as the degrees of 
freedom for each component. 

The amount left for e ror, 4310.32, may be checked by making 
a separate analysis of each field for each year. The results for 
Field I for 1928 were given earlier, and the sum of the squares for 
error was found to be 129.04. Making similar separate analyses 
for the other years the sums of the squares as given in Table 96, 
page 395, are obtained. The sum of the squares for the same 
comparisons from the complex experiment are also given. 

If for each analysis the sums of the squares for blocks and for 
varieties are added together and subtracted from the sum of the 
squares for total, we would obtain the amount for error for each 
analysis. Since we are interested only in the analysis of the whole 
experiment we may add the sums of the squares for total, blocks, 
and varieties for each separate analysis, and subtracting the total 
of the sums for blocks and varieties from the total sum of the squares 
we obtain 4310.32 for error. This is the same value as was obtained 
from the analysis of the complex experiment by separating the 
experiment into its several components. 

This furnishes a useful method for checking the accuracy of the 
work as it enables us to compare the amount left for error and to 
compare the degrees of freedom for error. Since the degrees of 
freedom for error for each of the separate experiments are 16 and 
there are 8 separate experiments, we have 16 x 8, or 128 degrees of 
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freedom for error, which checks with the degrees of freedom as 
obtained from the complete analysis of the experiment. 


Table 96 

COMPABISON OF StTMS OF SqTTABES CALCULATED FBOU IhDITIDUAL 
Expebiments Ain> fbom the Avalysis of 
THE Complex Expebiment 

Sums of Squares Calculated Sbparatblt for Each Year 


Field 

Year 

Total 


Blocks 

Error 

I 

1928 

609.76 

295.36 

186.36 



1925) 

613.76 

17.36 

291.76 



1930 

4196.96 

710.16 




1981 

787.76 

114.16 

487.76 


11 

1928 

1190.00 





1929 

460.16 

86.16 

67.36 



1980 

3969.04 

1983.44 

7a6.04 



1931 

1797.84 

364.64 

628.64 


Sum 


13515.28 

4810.08 

4894.88 

4310.32 


Sums of Squares 


Variation Due to 

From Individual 

ExrERIMSNTS 

From Complex Experiment 

AS Recorded in Table 

95, IN Lines 

Total 

ia515.28 

13515.28 (1,4,5,6,8,9,10,11,12) 

Varieties 

4310.08 

4310.08 (1,5,6,8) 

Blocks 

4894.88 

4894.88 (4,9,10,11) 

Error 

4310.32 

4310.32 (12) 


The results of the experiment may now be studied by comparing 
the variance for the separate components with the variance for 
error. The mean square, or variance, for each component is ob¬ 
tained by dividing the sum of the squares by the degrees of freedom. 
From these several mean squares the F values are determined by 
dividing the mean squares for the components by the mean square 
for error. Referring to Table X in the Appendix, it is seen that all 
of the comparisons show significance except the result from the 
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blocks. The comparison of particular interest is that for varieties, 
and the value of F obtained lies between the two values given in 
Table X for the degrees of freedom concerned. It is nearer the 
higher value, so we may conclude with certainty that there is a 
difference in the yielding ability of the several varieties. 

Since the varieties show significance when compared with the 
error of the experiment, we may now compare the varieties 
themselves. Extracting the square root of the variance for error, 
33.6744, we have 5.80 for the error of a single plot. Dividing the 
variety totals by 40, the number of plots of each variety, we obtain 
the average variety yields as follows: 


Vabibty 

Avbraok 

Yield 

A 

30.65 

B 

30.12 

C 

34.20 

D 

31.60 

£ 

32.77 


For the standard error of 40 plots we divide the standard error 
of a single plot, 5.80, by V 40, giving .92 as the standard error of 
the mean of 40 plots. It is necessary to obtain the standard error 
of the difference of two means, by multiplying the standard error 
of the mean of 40 plots by V2. We have 

.92-/2«1.30 

Taking twice this value as being the smallest difference to be con¬ 
sidered significant, we have 2.60. 

Using 2.60 as the standard, it is seen that variety C is better than 
varieties A and B. The difference between variety C and variety 
D is 2.60, so it is hardly safe to conclude that variety C is better 
than variety D. Variety E may be considered slightly better 
than variety B. 

It is apparent that by eliminating the effect of fields and years 
the error has been greatly reduced. The variances for the in¬ 
teractions are significantly higher tjbtan the variance for error, as 
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may be determined from the values of F in Table X. It, therefore, 
is apparent that there is some difference in response by the varieties 
to the different years or fields. 

Since the method oi the analysis of a complex experiment is 
an extension of the method of variance analysis, the steps have 
been given in considerable detail. This method shows the advan¬ 
tage of separating a largo experiment into its several components, 
and it is possible to eliminate some less important information and 
determine the factors of more importance. It is useful in an ex¬ 
periment of this sort where several varieties are compared in differ¬ 
ent localities and for different years, and it is also convenient for 
the analysis of experiments from soil fertility studies, rotation 
experiments, and the Hke. If through accident or otherwise the 
results from a certain plot or plots have been lost, it is possible to 
calculate the yields of the missing plots by the methods already 
explained and then comjfiete the analysis. 



CHAPTER XV 

PROBLEMS OP PLOT TECHNIC 

Since the methods of statistical analysis as presented in this 
volume are particularly applicable to problems in agricultural 
research and since there will be considerable interest on the part 
of the readers for information on plot technic, it is thought best 
to present as the last chapter a short discussion dealing with this 
particular phase of the subject. It is not possible in this chapter 
to discuss in detail all of the problems involved in plot layout 
and the interpretation of results, but the important points will 
be discussed briefly. 

Plot technic has to do with the study of the kinds of plots best 
adapted for a particular type of experimental analysis. That is, 
one uses field plots for the purpose of determining the yielding 
ability of different kinds or varieties of plants, the effect of different 
cultural methods on plant growth, or the effect of different kinds 
and amounts of fertilizer. There may be other purposes for which 
one uses field plots in the study of certain problems, but in general 
the studies have to do with variety testing, cultural and rotation 
experiments, and the effect of fertilizers. It is important for each 
particular experiment that the best type and arrangement of plots 
be used. The purpose of this chapter is to discuss the kinds of 
plots best suited for a special type of work, the ways of determining 
the most suitable plots, and methods for the interpretation of the 
results obtained. 

In the earlier history of plot experiments it was thought sufficient 
to have one plot of each variety or kind of treatment, but the results 
of these studies were rather variable and often conflicting. This 
led to a more careful study of field plots and it was found that 
although a field was level and apparently uniform, yet from the 
standpoint of fertility the different parts of the field varied greatly. 
Even adjacent plots did not produce exactly the same results. It 
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was therefore recognized that since plots varied so greatly it would 
be necessary to use more than one plot to measure the yielding 
capacity of a variety or the effect of a fertilizer. As the variation 
in plots on the same field came to be recognized, studies were made 
to determine the extent of such variation. 


Soil Heterogeneity, Harris was one of the first to study plot 
variation on a large scale, and he developed the method for deter¬ 
mining the coefficient of heterogeneity, or the coefficient which 
determines the extent of plot variability. This method consists 
of making special application of the principles of correlation, and 
may be illustrated by the data in Table 97, page 400. 

For this analysis we have assumed yields for 32 plots, and by 
Harris’ method the plots may be grouped in various ways. For 
example, we may have a grouping of 1 by 2, which means one 
plot in width and two plots in length, and a 2 by 1 combination 
would be two plots in width and one in length. We may arrange 
any other combination, such as 1 by 4 or 4 by 1, and so on. A 
2 by 2 combination is used for the analysis in the present case, 
or a grouping of two plots in width and two plots in length. The 
necessary values to be determined are as follows: 


Jlfp = Average of all individual plots 
n = Number of plots in each group 
m = Number of groups of plots 

X (p2) = Sum of the squares of the yields of the individual plots 
X ((7p^) = Sum of the squares of the total yield of each group 
—Variance of the yields of the individual plots 


The formula for the coefficient of heterogeneity is 

([2(C7p2) - S(P2)Vni[n(n -1)]} - 3f 


V 


Coefficient of heterogeneity, or r=- 

It will be noted that the mean yield of all plots is needed, as well 
as the sum of the squares of the yields of the individual plots and 
the sum of the squares of the total yield of the combination plots. 
For the combination plot for the first grouping we have the sum 
of the yields of the four plots, which are 22, 23, 23, and 22. Their 
Buin is 90, and the square of this sum is 8100. The squares of the 
other combination plots are obtained in the same way, and the 
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Table 97 

Application of the Method for Determining the Coefficient of 

Heterogeneity 


22 

23 

22 

20 

23 

22 

22 

20 

21 

22 

21 

19 

22 

21 

21 

19 

20 

18 

20 

19 

18 

20 

19 

20 

18 

17 

20 

18 

18 

17 

20 

1 

18 


Afp as Average of all individual plots 
n SB Number of plots in each group 


m = Number of groups of plots 

2(P2) =Sum of the squares of the yields 
of the individual plots 

2(C7p2) = Sum of the squares of tlie total 
yield of each group 

0 p 2 =: Variance of the yields of the in¬ 
dividual plots 


20 

4 

8 


SB 12892 


=* 51488 
= 2.8750 



Op* 

P 

Pi 

Deviation 
FBOM Mean 

m 

90 

8100 

22 

484 

2 

4 

86 

7396 

23 

629 

3 

9 

76 

6776 

23 

629 

3 

9 

70 

4900 

22 

484 

2 

4 

84 

7066 

21 

441 

1 

1 

80 

6400 

22 

484 

2 

4 

78 

6084 

22 

484 

2 

4 

76 

6776 

21 

441 

1 

1 



20 

400 

0 

0 


■51488 

18 

324 

-2 

4 



18 

324 

—2 

4 



20 

400 

0 

0 


etc. etc. 


2(P2)-i2892 2D2=92 

N =32 

<Tp2=n2/32=s2.8750 

Coefficient of h.t.rog.n.itjr, or r= {CS(Cp»)-2(P»)]/m[n(n- l) ] >_-M^» 

^_{[(51488-12892)V8 [4(4-l)]>-400_2.0417.. 

^8760 2.8760 " ‘ 
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total sum obtained. The variance is determined by the usual 
method of obtaining the deviation of each individual plot yield 
from the mean of all the plots. The various steps are followed 
in Table 97 and the values substituted in the formula. The co¬ 
efficient of heterogeneity, or r, for which the probable error is 
calculated as usual, is .710it.059, which indicates a high relation 
between the different plots and a high heterogeneity factor. If 
the yields of adjacent plots were not related the coefficient of 
heterogeneity would be low. 

Harris made many studies to determine whether soil variation is 
a general condition or limited to certain fields or environments. 
His studies covered a wide range of crops and fields from many 
different localities, which meant that the studies were made under 
varying environmental conditions. A few of the results obtained 
by Harris are presented in Table 98. 


Table 98 


Practical Universality of Field HETBROGENKiry as 
Shown by the Coefficients of Coebblation and 
Probable Errors for Vabiotts Combinations 
of Plots 


Chop 

CoKFjidBNT or Correlation 

Potatoes 

.311 ± .043 

Timothy hay 

.611 ± .027 

Grain in wheat 

.336 ± .027 

Straw in wheat 

.483 ± .023 

Kherson oats 

.495 ± .036 

Grain content in wheat 

.391 ± .038 

Hops 


1909 

.444 =t .099 

1910 

.696 ± .064 

1911 

.061 dz .123 

1912 

.826 ± .110 

1913 

.606 db .078 

1914 

.386 ± .106 

Unhusked rice 

.344 db .081 

Ear corn 


1896 

.830 db .019 

1896 

.816 db .021 

1897 

.606 db .039 
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These results indicate that there is a tendency for fields to show 
a rather high degree of soil variation or heterogeneity. Occasional¬ 
ly fields are found which show a fairly low coefificient but the studies 
by Harris and others indicate a tendency for most fields to vary 
oonsiderably. Since the studies have indicated that there is con¬ 
siderable variability between plots, it is important to know wheth¬ 
er this variability is permanent, or, in other words, whether there 
is any tendency for plots that produce low yields in one season to 
produce low yields the following season, and whether plots that 
yield high in one season will also yield high the next season. Harris 
and Scofield made extensive studies in this connection and found 
that while there is some variation so that the plots in all cases do 
not tend to remain high or low, in general this tendency holds. 
Some of the results obtained by Harris and Scofield are presented 
in Tables 99 and 100. 


Table 99 

Intbrannual Correlations for Yield of Hops 


Beoinnino 
OE Series 

First and 
Second 
Years 

First and 
Third 
Years 

First and 
Fourth 
Years 

First and 
Fifth 
Years 

First and 
Sixth Years 

1909 

1910 

1911 

1912 

1913 

.768 ± .051 
.677 ± .082 
.062 zb .123 
.311 ± .111 
.697 zb .079 

.622 ± .076 
.447 ± .099 
.313 ± .111 
.705 ± .002 

.380 ± .105 
.461 i .098 
-.126 ±.11 

.259 dz .115 
.274 ± .114 

.061 ± .123 


In Table 99 three out of five of the correlations between the first 
and second years are significant; three out of four between the 
first and third years are significant; and two out of three for the 
first and fourth years are significant. There is less correlation 
between the yields for the first and fifth and the first and sixth years. 
The results in this table indicate that there is a tendency for the 
plots to yield in a similar manner from year to year, although there 
are some exceptions. The results in Table 100, page 403, showing 
the yields obtained from alfalfa on the same plots for different 
cuttings or harvests, all show significant correlations. 
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Table 100 

Comparison op Correlations Between Different Cuttings 
OF AlfaLFa in the Same Year 


OuTTiNOS OF Alfalfa 

Whole Plots 

Half Plots 

Quabteb Plots 

1913, First and Second 

.454 ± .079 

.442 ± .057 


Cuttings 

1914, First and Second 

.711 ± .049 

.638 db .042 

.668 ± .034 

Cuttings 

1914, First and Third 
Cuttings 

1914, (First plus Second) 
and Third Cut¬ 
tings 

.696 ± .064 

.668 ± .067 


Similar results have been found by other investigators. Parker 
and Batchelor, working with citrus trees, obtained results as shown 
in Table 101, 


Table 101 


Intkrannual Correlation Coefficients for Yields of 
Individual Trees 



1922 

1928 

1924 

1926 

1920 

1927 

1921 

1922 

1923 

1924 
1926 
1926 

.637 ± .010 

.260 ± .016 
.807 ± .016 

1 

-.173 ± .017 
,324 ± .010 
.695 ± .011 

.170 ± .017 
.455 ± .014 
.415 dz .014 
.686 ± .009 

-.171 ± .017 
.009 ± .017 
.347 db .015 
.582 ± .012 
.660 db .017 

-.083 db .017 
.163 ± .017 
.265 ± .016 
.408 ± .014 
.488 ± .013 
.636 ± .012 


It is seen that with a few exceptions there is a general tendency 
for the plots to yield similarly from year to year. Similar results 
have been obtained by Garber, Mcllvaine, and Hoover, as shown 
in Table 102. 
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Tablx 102 

COBRBLATIOKS BETWEEN THE SaMB PlOTS IN DIFFERENT YeaBS 
AND FOB Different Crops 


COBIIEI.ATION Between 

N 

r 

Com (grain) 1927 and oata (grain) 1928 

445 

.58 ± .02 

Corn (stover) 1927 and oats (straw) 1928 

41L 

.70 ± .02 

Corn (grain) 1927 and wheat (grain) 1929 

445 

.20 ± 03 

Corn (stover) 1927 and wheat (straw) 1929 

412 

.33 ± .03 

Oats (grain) 1928 and wheat (grain) 1929 

445 

.60 ± .02 

Oats (straw) 1928 and wheat (straw) 1929 

412 

.40 ± .03 


With the fact of plot variability in mind it is evident that it is 
not wise to use the data from single plots for measuring results, 
but that it is necessary to have several plots treated in a similar 
manner. Where the yield of a certain variety of grain or the effect 
of a certain treatment is desired, several plots must be sown to the 
same variety or treated similarly. This leads to the question of 
the number of plots to be used for any particular study, and neces¬ 
sitates consideration of the size and shape of plots. 

Size, Shape, and Replication of Plots, There are a number of 
factors to be considered in determining the size, shape, and replica¬ 
tion of plots. Some of these are mechanical factors, such as the 
matter of preparing the plots and their planting and cultivation. 
If all of the preparation and handling of the plots is to be done by 
hand, then the plots may be of a different size and shape than if 
machinery is to be used in connection with the work of preparation, 
planting, and harvesting. The amount of land available for the 
experiment is also a determining factor. 

Another factor to be considered in connection with the size of 
plots is the kind of crop that is to be grown. If the crop is of such 
nature that each plant requires a considerable amount of space, 
then the plots must be larger in order to have a number of individual 
plants on the same plot of ground. With extremely large plants, 
such as trees, it is never possible to have a large number on any 
one plot. With other crops, like cotton, com, or kaoliang, it is 
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possible to have plots large enough to include a number of plants 
on each plot. Recommendations as to the size of plots for such 
crops will be made after considering certain other problems. 

Various studies have been made to determine the best size and 
shape of plot. These studies are based on the effect of different 
sizes and shapes of plots on either the probable or standard error, 
and in this connection the errors for the various sizes and shapes 
have been determined. The results of some of the earlier investiga¬ 
tions, presented by Hall and Russell from studies of various plot 
arrangements, are given in Table 103. 

Table 103 


Probable Errors ik Per Cent Obtained vrom Plots Differing in 
Size, and from Plots Made Up of Several Scattered Units 


Size of Plot 
(acres) 

Probable Error 
(per cerU) 


1/600 

7.8 

Simple plots • 

1/250 

6.7 

Simple plots 

1/125 

6.0 

Simple plots 

1/60 

4.2 

Simple plots 

1/25 

8.8 

Simple plots 

1/10 

8.4 

Simple plots 

1/100 

8.1 

Plots made up of 5 scattered units 

1/60 

2.4 

Plots made up of 6 scattered units 

1/10 

1.6 

Plots made up of 5 scattered units 

1/6 

1.3 

Plots made up of 5 scattered units 

1/6 

3.1 

Single plot 

1/5 

1.7 

Matie up of 2 scattered 1/10 

1/6 

1.3 

Made up of 6 scattered 1/25 

1/6 

1,1 

Made up of 10 scattered 1/50 

1 


* This has been interpreted as meaning single plots. 


These results are obtained from dividing a field into plots of 1/600 
acre each. By combining the smaller plots it is then possible to 
make up plots of various sizes. Results are given for single plots 
and also for various sized plots made up by combining scattered 
units. These data show that the probable error in per cent de¬ 
creases as the size of the plot increases. The probable error of a 
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Ainglft observation for a plot 1/500 of an acre is 7.6 per cent; for a 
plot 1/125 of an acre the probable error is 6.0 per cent; and for a 
plot 1/10 of an acre the probable error is only 3.4 per cent. A 
single plot 1/50 of an acre has a probable error of 4.2 per cent, but 
if a plot of the same size is made up by combining scattered units 
the probable error of a single observation is reduced to 2.4 per cent. 
That is, with the same area of land but using smaller plots repli¬ 
cated four times the probable error of a single observation is greatly 
reduced. A single plot 1/5 of an acre has a probable error of 3.1 
per cent, but when made up of scattered units 1/10, 1/25, or 1/50 
of an acre the probable error is greatly reduced. 

Data obtained by McClelland from field plot trials with com are 
of interest in this connection, and are given in Table 104. 


Tablb 104 


Pbobablb Ebbobs bob Sinole Plots in Feb Cent, Obtained vbou 
Plots Vaeying in Size and Shape 


Siz£ OF Plots 

Numbxb of 
Plots 

Number of 
Rows 44" 
Apart 

Length of 
Rows IN Feet 

Error 

% 

1/180 acre 

432 

1 

66 

11.2 

1/90 acre 

216 

2 

66 

10.3 

1/90 acre 

216 

1 

182 

9.7 

1/60 acre 

144 

3 

66 

9.7 

1/46 acre 

108 

4 

66 

9.7 

1/46 acre 

108 

2 

132 

9.0 

1/36 acre 

86 

6 

66 

9.6 

1/30 acre 

72 

6 

66 

9.4 

1/30 acre 

72 

8 

182 

8.6 

1/20 acre 

48 

9 

66 

8.9 

1/18 acre 

42 

10 

66 

9.0 

1/18 acre 

43 

6 

132 

9.6 

1/16 acre , 

36 

12 

66 

8.8 

1/16 acre 

36 

6 

132 

8.6 

1/12 acre I 

28 

16 

66 

8.6 

1/10 acre 

24 

18 

66 

8.4 

1/10 acre i 

24 

9 

132 

8.3 

1/6 acre 

12 

36 

66 

6.8 

1/6 acre 

12 

18 

132 

7.4 

1/2 acre 

4 

90 

66 

6.96 

1/2 acre 

4 

46 

132 

6.2 
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Plots of various sizes from 1/180 to 1/2 of an acre were used. In 
general there is a decrease in the probable error of a single observa¬ 
tion in per cent as the size of the plot increases. When plots of 
the same size are compared the probable error of a single observation 
is slightly smaller in general for the long narrow plots than for the 
short wide plots, although there are exceptions in some cases. 

Further data on the size and shape of plots are given by Day, 
from results obtained from a field of wheat. These results are 
given in Table 105, page 408. These data show first that as the 
length of row, or plot, increases there is a general tendency for the 
variability to decrease. Relative to the width of plot, when three 
adjacent 50-foot rows are used as one plot the coefficient of vari¬ 
ability is 16.37, while for five adjacent rows it is reduced to 14.49. 
As the width of plot increases up to 20 adjacent rows there is a 
decrease in the variability. The same reduction in variability is 
true for rows 15 feet in length when 10 or 20 adjacent rows are 
compared with 5 adjacent rows. 

The data in the lower part of Table 105 show also that when the 
plots have their greater length in the direction of the greatest 
variation the variability is reduced. For example, in the com¬ 
parison of plots of equal area (total length of row) for 15 adjacent 
rows 50 feet in length and 50 adjacent rows 15 feet in length the 
coefficient of variability is 10.18 when the plot is long in the direc¬ 
tion of least variation, while the coefficient of variability is only 
7.45 when the plot is long in the direction of the most variation. 
Other comparisons may be made. 

The effect of replication is also shown by the data in Table 106, 
page 409, which have been presented by Day. In general these 
data show that as the number of replications increase there is a 
reduction in variability. 
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Table 106 

CoETSTOIENTS OF VABIABlLITy OBTAINED FROM PLOTS 
OF Different Sizes and Shapes 



Units of Which Plot is C!omposed 


Ifo. OT 

Adjacent 

Bows 

Length 
or Bows 
( feet ) 

Length 
or Bows 

IN Plot 
( feet ) 

Shape or Plot 

OoErnoiENT 

or 

Vabiabilitt 

3 

60 

160 

Long in direction of least 
variation 

16.87 

10 

15 

150 

Bectangular 

12.72 

24 

6 

120 

Long in direction of most 
variation 

10.54 

5 

155 

776 

Long in direction of least 
variation 

13.07 

16 

50 

760 

Long in direction of least 
variation 

10.18 

60 

16 

750 

Long in direction of most 
variation 

7.46 

10 

166 

1650 

Long in direction of least 
variation 

9.43 

80 

50 

1600 

Somewhat long in diree* 
tion of least variation 

6.46 

100 

16 

1600 

Long in direction of most 
variation 

2.77 
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Tablb 100 

Coefficients of Variability Obtained from 
Replicating Plots of Different Sizes 


Composition of Block Unit 

No. OF 
Blocks 

No. OF 

Length of 

Coefficient 

Adjacent 

Rows 

OF 

Rows 

(feet) 

Variability 

5 

3 

60 

3.97 

10 

3 

60 

3.35 

14 

3 

60 

3.50 

5 

6 

60 

2.94 

10 

5 

60 

2.38 

7 

6 

15 

6.04 

14 

6 

16 

3.32 

28 

6 

15 

1.83 

8 

10 

15 

6.97 

7 

10 

15 

3.75 

14 

10 

15 

1.65 

3 

20 

15 

4.51 

6 

20 

15 

1.27 

3 

60 

15 

5.29 

5 

8 

6 

7.53 

10 

8 

6 

4.33 


The foregoing results indicate that as plots are increased in size 
there is a general tendency for the variability to decrease. The 
variability is less when a unit of a certain area is made up of several 
distributed units than when a single larger unit is used. This 
question will be considered further in the discussion of blank tests. 

Blank Tests, In recent years considerable attention has been 
given to the study of the proper size, shape, and replication of 
plots, and this has led to the analysis of many blank tests. By a 
blank test is meant that a large field is given uniform treatment 
and sown to the same variety of crop in such a way that plots of 
different sizes and shapes may be made up by a combination of 
various groups of small plots for the purpose of determining the 
best type of plot and the proper number of replications for a par¬ 
ticular experiment. For example, if one were to study the size 
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and shape of plots for a crop such as wheat, the field would be sown 
to a large number of individual rows, having the rows one foot apart 
and long enough so that rows of different lengths could be obtained 
by harvesting the actual row in small units. For example, the 
first unit may be eight feet in length and the remainder of each 
row may be harvested in units four feet in length, or if one chooses 
the units may be two feet in length, thus making it possible to 
make up rows of various lengths. With such a planting arrange¬ 
ment it is also possible to have plots of various widths by com¬ 
bining two or more rows. With such crops as cotton a similar 
planting arrangement may be followed, allowing the proper distance 
between the rows. It is possible to arrange blank tests for the 
different kinds of crops, so that one may determine for a particular 
crop or environment the best size or shape of plot and the number 
of replications to use. 

The analysis of the data may be based on the probable error or 
on the variance, depending on the method that one chooses to 
follow. One method that has been frequently used is to determine 
the probable error for plots of different sizes, and the plot that 
gives the smallest error may be considered the most reliable. 
Whether it is the one best suited for the actual experiments will 
depend on other considerations, such as ease in handling and the 
amount of land required, as well as on the number of different 
variables that are to be determined. 

As an illustration of the results from a blank test, we may consider 
the analysis of the data from a blank test of cotton. For this 
study the seeds were planted in rows 100 feet long, and at harvest 
time the first 20 feet of each row were harvested separately. The 
remainder of each row was then harvested in 5-foot units, making 
it possible to have rows 20, 25, 30, 35, and 40 feet in length. By 
adding a 5-foot unit it would be possible to continue to any length 
by 5-foot units up to 100 feet. Part of the data giving the weights 
for different lengths of row obtained from this field are shown in 
Table 107. 
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Since these rows were all sown to the same variety of cotton it 
was possible to determine the probable error for each of the different 
lengths and widths of plots. This was done by determining the 
standard deviation for each type of plot, multipl 3 dng the standard 
deviation by the constant .6745 to give the probable error of a 
single determination, and expressing this as a percentage of the 
mean yield for the different lengths. The results obtained from 
the first analysis on the length of a single-row plot gave the following 
probable errors: 

Length of plot 20 ft. 26 ft. 30 ft, 36 ft. 40 ft. 

in per cent 12.66 11.97 11.34 10.68 10.09 

These results show that as the length of plot increases there is a 
decrease in the probable error. The decrease for each added 5-foot 
unit is not large, but there is a tendency for the probable error to 
become gradually less until with the 40-foot unit it is 10.09 as 
compared with 12.56 for a 20-foot unit. 

As indicated earlier, from a blank test it is possible to make up 
plots of different sizes and shapes, and the data from this blank 
test of cotton were used to make plots of various widths and lengths. 
The results of this analysis are given in Table 108, page 413. 

Plots varying from a single row to seven rows in width, with the 
exception of the 6-row width, were studied. It is seen that in 
general the probable error decreases as the width of plot increases, 
and for the plots of various widths there is a general tendency for 
the probable error to decrease as the length of the plot increases. 
From such a blank test it is possible to study other sizes and shapes, 
but those presented here give some indication as to the reduction 
in variability as the size of the plot increases. 

Blank tests may also be analyzed by the method for the analysis 
of variance. When using the method of variance we may assume 
that several varieties are distributed at random and then continue 
the replications until all the plots are used. In this study on the 
blank test of cotton the calculations are based on five varieties. 
The results will vary slightly, dex)ending on the number of varieties 
assumed in the trial. With five varieties and the rows 20 feet long 
it is possible to have 139 replications, since there are 140 rows 100 
feet long, giving 700 20-foot rows. 
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Table 108 

Probable Errors for Single Plots in Per Cent, Obtained From 
Plots of Different Sizes 


Probable Errors Obtained from Plots of Different Sizes 



Length or Plot in Feet 


Width or Plot 






20 

25 

30 

35 

40 

1 row 

12.56 

n.97 

11.34 

10.68 

10.09 

2 rows 

10.35 

9.74 

9.61 

9.05 

8.40 

.3 rows 

0.37 

9.02 

8.74 

7.85 

7.54 

4 rows 

9.51 

8.93 

8.67 

7.96 

7.29 

5 rows 

8.82 

8.64 

8.57 

7.57 

7.19 

7 rows 

8.36 

7.86 

7.76 

i 

7.04 

6.73 


Probable Errors Obtained by THE Method 
of Variance Analysts 


Length of Plot in Feet 

Width or Plot 








20 

30 

40 

1 row 

11.20 

8.55 

7.77 

8 rows 

7.87 

5.10 

6.56 

6 rows 

7.90 

7.41 

4.71 


The steps in the analysis of variance are carried out in the usual 
manner. First, the total sum of the squares of the deviations of 
the individual plots from the mean Is obtained. Then the total 
sum of the squares due to the difference between blocks is obtained. 
The difference between the total sum of the squares and the sum 
of the squares for the difference between blocks is determined, 
giving the sum of the squares due to the difference within blocks, 
or error. The degrees of freedom for error are obtained by sub¬ 
tracting the degrees of freedom for the variation between blocks 
from the degrees of freedom for total. By dividing the sum of the 
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squares due to error by the appropriate degrees of freedom the 
variance for error is obtained. Extracting the square root and 
multiplying by the constant .6746 the probable error for a single 
plot is obtained. 

The probable errors obtained for some of the combinations are 
given in Table 108. It will be observed that the probable errors 
obtained by the method of variance analysis are less than the 
probable errors obtained in the usual way. This is to be expected, 
since by the method of variance analysis we have eliminated the 
effect of variation between blocks, leaving only the variation due 
to the difference within blocks. 

As already indicated, the size of plot to be used depends on other 
factors in addition to the actual size of the probable error. While 
in general the larger plots have a smaller probable error, it will be 
of interest to compare plots of different sizes on the basis of their 
efficiency in the use of land. The method is to take either the 
probable or the standard error of the smallest unit, for this particu¬ 
lar illustration a single row 20 feet long, as a standard and assume 
that it is 100 per cent efficient in the use of land. Then plots of 
other sizes are compared with this on the basis of their probable 
error and the size of the plot as compared with the standard 20- 
foot plot. For example, the single-row 40-foot plot is twice the size 
of the 20-foot plot and the probable error for the 40-foot plot is 
10.09. Squaring this probable error, 10.09, and multiplying by 2, 
the number of units of the 20-foot plot contained in the 40-foot 
plot, we have 203.6162. Dividing the square of the probable error 
of the standard 20-foot plot, (12.56)'^, by 203.6162 and multiplying 
by 100, we have 77.48 as the percentage of efficiency for the single¬ 
row 40-foot plot. 

As another example, we may take a 30-foot plot four rows in 
width, which is equal to 120 feet of row (4x30) and contains six 
20-foot units. The probable error for this plot is 8.67, and mul¬ 
tiplying the square of this probable error by 6 gives 451.0134. 
Dividing the square of the probable error of the standard 20-foot 
plot, (12.56)2, by 451.0134, we have 34.98 as the percentage of effi¬ 
ciency. On the basis of the 20-foot unit being 100 per cent effi¬ 
cient, the plot 30 feet long and four rows in width is 34.98 per cent 
as efficient. The efficiency of plots of various sizes and shapes has 
been calculated and the results are given in Table 109. 
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Table 109 

Efficiency in the Use op Land, Expressed in Per Cent, for Plots 
OF Different Sizes, Based on the Data in Table 108 


Based on Probable Errors Obtained from Plots of 
Different Sizes 

Width of Plot 


Length of Plot in Feet 



20 

25 

80 

35 

40 

1 row 

100.00 

88.08 

81.78 

79.03 

77.48 

2 rows 

73.63 

66.52 

66.94 

65.03 

66.89 

3 rows 

69.89 

61.71 

46.89 

48.76 

46.25 

4 rows 

43.61 

89.66 

34.98 

35.57 

37.11 

5 rows 

40.66 

33.81 

28.64 

31.46 

30.52 

7 rows 

32.25 

29.18 

25.01 

26.98 

24.88 


Based on Probable Errors Obtained by the Method of 
Variance Analysis 



Length of Plot in Feet 






20 

30 

40 

1 row 

100.00 

114.40 

103.89 

3 rows 

67.61 

107.17 

48.58 

5 rows 

40.20 

30.46 

66.66 


When the probable errors as determined by means of the analysis 
of variance are used for the efficiency test different results are 
obtained, since the error due to location in the field has been elimi¬ 
nated. The results from the analysis of variance, as given in the 
lower part of Table 109, show that certain of the larger plots have a 
higher percentage of efficiency than the smallest unit. For example, 
a single-row plot 30 feet in length has an efficiency percentage of 
114.40 as compared with the standard 20-foot plot, which indicates 
that from the analysis of variance the larger plot would be more 
satisfactory. 

The choice of the size of plot depends on a further factor. As 
stated earlier, on account of the variability of plots it has been found 
desirable to have more than one plot of each treatment, or, in other 
words, plots must be replicated. Therefore, in determining the 
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size of plot the number of replications to be used must also be con¬ 
sidered. Data from a blank test may also be used in determining 
the number of replications necessary by assuming different rows 
to be replicates of the same variety or treatment. For example, 
with the blank test of cotton we have 140 rows 100 feet long. This 
gives 700 20-foot units. One may study the effect of replications 
by assuming that the first 350 rows are sown to different varieties 
and that the second 350 rows are duplicates of the first. This will 
give one replication, that is, row 1 and row 351 will be considered 
as duplicates. Again, if one desires to study nine replications, 
he may assume that the first 70 rows are sown to 70 different varie¬ 
ties, and beginning with row 71 he would have the series replicated 
once. The second replication would begin with row 141, the third 
replication with row 211, and so on. Other combinations of rep¬ 
lications, together with the different lengths and widths, may be 
studied, thus determining the effect of replications. This has been 
done with the data from the blank test of cotton, and the probable 
errors for plots of different sizes and number of replications are 
given in Table 110, page 417. 

In Chapter XII it was shown that the probable error of the 
mean of any number of determinations equals P.E,J\^N, In Table 
108 it was shown that the probable error of a single 20-foot plot 
is 12.56. From this we would expect the probable error of two 
single-row plots 20 feet long to be 12.56/>/^ or 8.88. Referring 
to Table 110 it is seen that the actual probable error is 9.01. This 
agrees rather closely with the result expected from theory. For 
the single 30-foot row in Table 108 we find the probable error to 
be 11.34. Then, for two such rows we would expect the probable 
error to be 11.34/V2, or 8.02. The probable error actually obtained, 
as seen in Table 110, is 8.47. 

The value of replications may be shown by the data in Table 110. 
The probable error for a 2-row plot 20 feet long is 10.35 per cent, 
while the probable error for two single 20-foot plots is 9.01. Again, 
the probable error for a single 4-row plot is 9.51, while for the 
same area made up of four scattered units (three replications) it is 
7.55. For a 4-row plot 40 feet long the probable error is 7.29 per 
cent, while for the same area made up of four scattered units 40 
feet long the probable error is 5.63 per cent. 
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Table 110 

Probable Errors in Per Cent Obtained from Replicating 
Plc'^s of Different Sizes 


Width of 
Plot 

Number 

OF Replica¬ 
tions 

Number 
OF Plots 

Length of Plot in Feet 

20 

25 

30 

85 

40 

1 Row 

0 

1 

12.56 

11.97 

11.31 

10.68 

10.09 


1 

2 

9.01 

8.73 

8.47 

7.92 

7.42 


2 

3 

7.70 

7.96 

6.70 

6.57 

6.37 


3 

4 

7.55 

6.51 

5.94 

5.71 

5.63 


4 

5 

5.21 

4.49 

4.86 

4.S)6 

4.36 


6 

7 

5.19 

4.04 

3.77 

3.95 

3.45 

2 Rows 

0 

1 

10.35 

9.74 

9.61 

9.05 

8.40 


1 

2 

7.56 

7.02 

7.09 

6.56 

6.08 


2 

3 

6.10 

6.06 

6.87 

6.79 

5.48 


3 

4 

6.42 

5.12 

5.48 

4.76 

4.86 


4 

6 


3.44 

3.68 

3.34 

3.48 


6 

7 

4.50 

3.24 

3.20 

3.25 

2.93 

d Rows 

0 

1 

9.37 

9.02 

8.74 

7.86 

7.54 


1 

2 

6.92 

5.90 

6.76 

6.18 

5.91 


2 

3 

5.34 

5.79 

5.48 

4.65 

5.29 


3 

4 

5.52 

3.79 

5.10 

4.93 

4.27 


4 

6 

3.36 

3.30 

3.36 

3.29 

2.60 


6 

7 

3.83 

2.64 

2.53 

2.75 

2.38 

4 Rows 

0 

1 

9.61 

8.93 

8.67 

7.96 

7.29 


1 

2 

6.74 i 

5.69 

6.18 

6.29 

5.58 


2 

3 

5.49 ' 

6.74 

5.56 

5.31 

5.54 


3 

4 

5.51 

3.95 

5.63 

4.62 

4.24 


4 

5 

3.42 

2.74 

3.16 

2.97 

2.79 


6 

7 

4.23 

2.91 

2.58 

2.96 

2.39 


Further comparisons may also be made between the larger plots 
and the same area made up of scattered units of smaller plots. For 
example, the probable error of one 40'-foot plot is 10.09 per cent, 
while for the same area made up from two 20-foot plots it is 9.01 
per cent. Again, a 3-row plot 40 feet long has 120 feet of row and 
the probable error is 7.54 per cent, while the probable error for 
four single 20-foot plots having a total of only 80 feet of row is 
7.65 per cent. 

From these and other comparisons that may be made it is evident 
that greater accuracy may be obtained by replicating smaller 
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plots than by using larger single plots. Smaller units will require 
a little more land for borders or boundaries between series of plots, 
but in general the smaller plots with more replications are more 
desirable. 

i'rom these results and considering the other factors involved, 
that is the preparation of the soil and the handling of the plots 
in the field, the number of plants to be grown on a plot, and the 
like, one would select the size of plot that will be most convenient 
for the type of experiment being conducted and at the same time 
give a probable error low enough to enable him to measure the 
differences he needs to determine. The small r the differences 
that one must measure the lower must be the error and conse¬ 
quently the greater the number of replications. 

This may be made clear by using the data in Table 110. The 
probable en or of the mean of a 20-foot plot replicated three times, 
giving four plots in all, is 7.55 per cent. If one is interested in 
comparing the difference between two varieties or treatments for 
this length of row and number of replications, the probable error 
of the difference will be 7.55N/^or 10.68 per cent. Tatung 3.2 as 
the ratio giving odds of approximately 31 to 1, it is necessary then 
that the percentage difference shall be 10.68 x 3.2, or 34.18 per 
ceiit. In other words, the smallest significant difference that can 
be measured with a single 20-foot plot replicated three times is 
34.18 per cent. That is, if we were comparing two varieties of 
cotton, one of which yields 100 catties of seed cotton per mow, the 
other variety must yield more than 134 or less than 66 catties per 
mow before we can be sure they are significantly different in their 
yielding ability. This is on the basis of four single 20-foot plots. 
Again, if one were using single 20-foot plots with six replications, 
or seven plots in all, the probable error of the mean of the seven 
plots is 5.19 per cent, and the lowest difference which one can meas¬ 
ure and have the difference significant is 6.19 n/2 x 3.2, or 23.49 
per cent. This illustrates how one may use the results of a blank 
test to determine how small a difference for plots of various sizes 
it is possible to measure and have the result lead to significant odds. 

One may continue this comparison by considering a single-row 
plot and a 3-row plot. It was shown that with a single-row plot 
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replicated six times the smallest difference that could be measured 
was 23.49 per cent. With a 3-row plot replicated six times it is 
possible to measure a difference of 3.83VFx3.2, or 17.34 per cent. 
However, while a smaller difference can be measured, the 3-row 
plot requires three times as much land as a single-row plot, and the 
reduction in the percentage difference that can be measured is only 
23.49-17.34, or 6.15 per cent. 

It will be of interest to learn what difference can be measured 
with the same amount of land as was used for the 3-row plots 
replicated six times by using single-row plots rather than 3-row 
plots. For the 3-row plots replicated six times we have a total 
of 3x7, or 21 rows. The probable error for the mean of 21 single 
20-foot rows would be expected to be 12.56/V^7 or 2.74 per cent. 
The smallest significant difference, therefore, that can be measured 
with 21 single 20-foot plots is 2.74V2x3.2, or 12.38 per cent. 
It is evident that it is possible to measure smaller differences with 
the same amount of land planted to single-row plots, thus permitting 
more replications. This is true provided no other factors, such as 
competition, which will be discussed later, affect the results. 

The results of these various comparisons illustrate how blank 
tests may be used in determining the size and shape of plots and 
the number of replications, and on the basis of these and similar 
results one may determine the plot arrangement that will lead to 
the desired degree of accuracy. It must be kept in mind at all 
times that while the analysis of a blank test may indicate the number 
of plots or plot arrangement most suitable for an experiment, 
it may not always be possible to follow in practice the arrangement 
that calculations have indicated is the best. That is, owing to 
shortage of land or labor, it may not be possible to handle as many 
plots as the calculations have indicated are the most desirable for a 
particular land of experiment. 

As indicated earlier, one may conduct blank tests for different 
crops and for different localities. It may be pointed out, however, 
that it is not necessary to conduct such tests with every kind of 
crop or for each particular set of environmental conditions. For 
example, the results obtained from a blank test of cotton will be 
applicable to other crops requiring a similar amount of space per 
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plant. The same is true with results obtained from a blank test 
of wheat, since such results would be applicable to other small 
grain plots. 

Competition, During repent years many studies have been made 
to determine border effect and the effect of competition between 
plots. In experimental work it is often desired to study the yield¬ 
ing ability of different varieties of crops or the effect of different 
treatments, and in many instances varieties differing considerably 
in their growth habits, time of maturity, and the like, or plots 
receiving different amounts of fertilizer, are tested side by side. 
In such cases it is important to know what effect may be caused 
by the unequal growth on two adjacent plots. That is, what will 
be the effect if a vigorous-growing variety is in a plot next to a poor 
variety. Will the poorer variety be adversely affected so that its 
yield is actually lower than it would be if there were no competition, 
and will the vigorous-growing variety yield more since it is growing 
next to a poor variety than it would if it were growing next to a 
standard variety or another plot sown to the same variety? This 
question of competition is very important since it has an influence 
on determining the size and shape of plots to be used. 

Various methods have been used to measure the effect of compe¬ 
tition. Stadler gives results obtained by Kiesselbach, which are 
presented here as Table 111, page 421. The method used to 
determine competition was to grow different varieties in single 
alternating rows and then grow the same varieties in alternating 

5- row blocks to see whether the relative yields under the two con¬ 
ditions were the same. The crops were wheat and oats, and it will 
be noted that there is a difference in several of the comparisons. 
For example, for the wheat test in 1913, in alternating rows 
Big Frame yielded 107 per cent compared with 100 per cent for 
Turkey, while it yielded only 97 per cent in alternating 6-row 
blocks. The comparison between the Burt and Kherson oats in 
1913 shows that Burt outyielded Kherson by 30 per cent in alter¬ 
nating rows, while it yielded only 12 per cent more in alternating 

6- row blocks. 



Tbe Effect of Competition, Expressed in Per Cent, Between the Yields of Varieties Grown 
IN Alternating Kows and in Alternating 5-row Blocks 
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*Yield based on 3 inner rows of 5-row plots in 1914 
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Stadler presents a number of examples from his own studies, 
and one comparison is given here as Table 112. 

Table 112 

The Effect of Competition, Expbessed in Peb Cent, Between tub 
Yields of Varieties as Obtained fbom Interior Rows 


AND from Competing Border Rows 



Y1EI.D IN 

Yield in Competing 


iNTEmoB Rows 

Boeder Rows 

Variety 






Bushels 

Relative 

Bushels 

Relative 

Leap’s Prolific 

14.9 

91 

9.9 

53 



C 18.8 

100 

Michigan Wonder No. 116 

16.4 

100 

(21.7 

100 

Poole Selection 

16.3 

93 

11.5 

j 

53 


This table shows the relative yields when varieties of wheat are 
grown side by side and comparisons made from the inner rows and 
from the border rows of 5-row blocks. The yield of Leap’s Prolific 
is 91 per cent of the yield of Michigan Wonder on the basis of the 
yield of the interior rows, while when the border rows are compared 
Leap’s Prolific yields only 53 per cent as much as Michigan Wonder. 

These examples illustrate the effect of competition and show 
one method for measuring this effect. There are other ways of 
determining whether there is any disturbing effect of competition. 
For example, if one were comparing varieties of grain in 3-row 
blocks, if competition is present he would expect the yields of the 
middle rows to be less variable than the yields of the outside rows. 
It is possible, therefore, to compare the coefficients of variability 
for the middle rows with the coefficients of variability for the out* 
side rows. If competition is having any serious effect we would 
expect the coefficients of variability for the middle rows to be less 
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than for either of the outside rows. This is especially true if the 
same varieties do not grow next to each other in all of the replicated 
blocks. 

Another method which may be used, when comparisons are 
made in 3-row blocks, to determine whether competition is having 
any serious effect on the yield or the comparisons in yield between 
the different varieties, is to determine the yield from all three rows 
of each block and then determine the yield from the middle row 
only. The varieties may be ranked in accordance with these yields 
and the correlation between the ranks obtained. If the correlation 
is high it indicates that there is no serious disturbing effect so far 
as yield is concerned. This method will not determine the amount 
of competition, but it will show whether competition is having any 
serious effect on the yield. 

Two other methods for determining the effect of competition, 
which are similar to each other, are those used by Stringfield and 
Shen. VVe will apply these methods to the data in Table 113. 


Table 113 


Application of the Methods of Shen and Stringfield for 
Determining the Effect of Competition 


j VATliKTY A 1 

Variety B 


Row 

Row 

Row 

Bow 

Row 

Row 

L 

1 


3 

1 

2 

3 


61 

6C 

4S 

45 

87 

33 


43 

51 

47 

55 

55 

49 


43 

3S 

19 

44 

40 

45 


47 

46 

49 

49 

54 

49 


41 

36 

87 

57 

37 

36 


29 

34 


43 1 

42 

S6 


34 

35 

41 

34 

S3 

82 


33 

33 


32 

S3 

S2 


3S 

£0 

27 

SO 

SI 

26 


35 

39 

43 

22 

S2 

36 
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Table 113— Continued 


The Data Analyzed by Shen’s Method 


Vabiety a 

i>i 

Vabibty B 

Di 



D *2 

Yield or 
Row 2 

Yield of 
R ow 3 

Yield of 
R ow 2 

Yield of 
Row 1 

Dx-Dt 

D ' 

60 

48 

2 

37 

46 

- 8 

10 

12 

144 

61 

47 

4 

65 

55 

0 

4 

6 

36 

38 

29 

9 

40 

44 

- 4 

13 

16 

225 

46 

49 

—3 

64 

49 

6 

- 8 

- 6 

36 

36 

37 

-1 

37 

87 

0 

- 1 

1 

1 

34 

40 

-6 

42 

43 

- 1 

- 6 

- 3 

9 

35 

41 

-6 

83 

34 

- 1 

- 5 

- 3 

9 

33 

88 

-5 

33 

32 

1 

- 6 

- 4 

16 

20 

27 

-7 

31 

80 

1 

- 8 1 

- 6 

86 

39 

43 

-4 

32 

22 

10 

-14 

-12 

144 


2=-20 2=666 


Af=s:::^= _ 2 .o s.d.^^1^ 

10 V 10 

= 8.1 

Z =, = — ,25 Odda not significant 
0,1 

The Data Analyzed by Stbingfield’s Method 


Yield of 
Row 3 
Vabiety A 

Yield of 
Row 1 
Vabibty B 


Yield of 
Row 2 
Vabibty A 

Yield of 
Row 2 
Vabiety B 

Di 

Di-ZJ, 

48 

46 

3 

60 

87 

13 

-10 

47 

55 

- 8 

61 

55 

- 4 

- 4 

29 

44 

-15 

38 

40 

- 2 

-13 

49 

49 

0 

46 

64 

- 8 

8 

37 

87 

0 

36 

37 

- 1 

1 

40 

43 

- 3 

34 

42 

- 8 

5 

41 

34 

7 

35 

83 

2 

5 

88 

32 

6 

33 

33 

0 

6 

27 

30 

- 3 

20 

31 

-11 

8 

43 

22 

21 

39 

32 

7 

14 

[ 




The odds will be the same as obtained by Shea's method above. 
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These data are the yields from 3-row blocks of wheat replicated 
nine times. The yields of the individual rows for the two varieties 
are given at the top of the table in the order in which the varieties 
were grown in the field. Row 3 of variety A grew next to row I 
of variety B. 

The method used by Shen will be explained first. This consists 
of obtaining first the difference between the middle row and the 
outside row, or the row next to the variety which is being used 
in the comparison. This is done pair by pair, as illustrated in 
Table 113. The same method is followed for the second variety, 
that is, the difference between the middle row and the outside row 
growing next to the first variety is obtained, as illustrated in the 
table. This gives two series of differences. The difference be¬ 
tween these is obtained by subtracting in turn the second series 
of differences from the first series of differences, having regard 
to the signs. The remainder of the analysis is made by determining 
‘Student’s’ Z value and obtaining the odds. That is, the mean 
difference and the standard deviation are obtained, from which 
it is possible to determine Z and the odds. If the effect of competi¬ 
tion is important the odds will be high enough to indicate signifi¬ 
cance. If the odds are low it indicates that there is no serious 
effect from competition. 

Stringfield’s method, quoted by Shen, is applied to he same data 
and is illustrated in the lower part of Table 113. By this method 
the differences between the adjacent border rows are first obtained 
and then the differences between the middle rows of the two varie¬ 
ties being compared are obtained. The second series of differences 
are subtracted from the first series of differences, and this leads to 
the same numerical values for the differences between the two 
series as obtained by Shen’s method, although in certain instances 
the signs will not be the same. ‘Student’s’ method may be used 
for the analysis and the interpretation made in the same way. 

These methods make it possible to determine for each variety 
how much competition is really present, and when a similar study 
for the same varieties is conducted for two or three years it is pos¬ 
sible to determine whether certain varieties are more affected by 
competition than others. 



426 STATISTICAL METHODS APPLIED TO AGRIOlTLTrRAL RESEARCH 


Stadler has applied a diflFerent method to measure the eflFeot of 
competition. In discussing this method he states: “The average 
yield of each border row for each variety was converted to the 
percentage of the average yield of the same variety in its interior 
rows. These yields of border rows in percentage will be referred to 
as ‘relative border yields.’ The relative border yield gives a rough 
indication of the effect of competition on the variety. When it is 
above 100, the variety yielded more in border rows (subject to 
competition) than in interior rows (protected from competition). 
When it is below 100, the border yield was less than the interior 
yield, in proportion. 

“An approximate measure of the competition between each pair 
of adjacent varieties was obtained by dividing the higher relative 
border yield by the lower, in the case of their adjacent border rows, 
and subtracting 100 from the result. ... It will be referred to, 
for convenience, as the coefficient of competition.” The steps 
may be illustrated by data presented by Stadler and given here as 
Table 114. 


Table 114 

Data Used to Illustrate Stadlkr’s Method for Determining 
THE Coefficient of Comppjtition 



Fultz 

M1CH10.AN Ambjsb 

Michigan Wondkii 
No. 211 


Row 

Row 

2, 3,4 

Row 

6 

Row 

1 

Row 

2,3,4 

Row 

6 

Row 

1 

Row 

2, 3, 4 

Row 

5 

Average yield 
in bushels 

10.8 

12.2 

13.1 

13.3 

14.9 

14.6 

19.8 

18.1 

19.4 

Yield expressed 
in per cent 

89 


107 

89 




■ 

107 


Stadler continues: “Now dividing the yields in border rows by 
the yields of the same varieties in interior rows, we obtain the 
relative border yields. ... To determine the degree of competition 
between the varieties Fultz and Michigan Amber, we divide the 
larger relative border yield (107) by the smaller (89) and subtract 
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100, giving 20 per cent. Since in this case the relative border yield 
of the variety on the left is higher, the diflferenoe is given a minus 
sign. Similarly a value of +12 per cent is obtained for the competi¬ 
tion between Michigan Amber and Michigan Wonder No. 211. 
These figures mean that the relative border yield of Fultz exceeded 
that of Michigan Amber by 20 per cent in their competing border 
rows, while that of Michigan Wonder exceeded that of Michigan 
Amber by 12 per cent. The relative yields of these varieties are 
obtained similarly,—in the first case by dividing 14.9 by 12.2 (+ 22%) 
and in the second case by dividing 18.1 by 14.9 ( + 21%).'" These 
coefficients of competition were then correlated with the yield and 
other characters to determine the effect of competition. The 
results obtained by correlating the competition coefficients with 
yield are shown in Table 115. 

Table 115 


Coefficients of Correlation Obtained Between Competition 
AND Yield for Different Crops 


Test 

Season 

Mean Coefficient 
OF Competition 

Coefficient of 
Correlation 
Between Competi¬ 
tion ANP Yield 

Barley variety 

1919 

21.30 

.442 =t .099 

Oats variety 

1919 

27.67 

.314 + .117 

Oats strain 

1919 

13.11 

.816 ± .143 

Wheat variety 

1920 

19.79 

.682 ± .043 

Wheat variety 

192J 

18.85 

.294 db .059 

Wheat mixture 

1921 

14.28 

.654 ± .078 

Oats variety 

1921 

39.15 

1 

.484 ± .082 


These results indicate that so far as Stadler’s data are concerned 
there is a rather high correlation for most of the comparisons, but 
when one is testing different varieties to determine their relative 
yields the important question is whether competition has disturbed 
the yields to such an extent that the relative yielding ability is 
different when the effect of competition is removed from that when 
the effect of competition is not removed. For example, in Table 
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115 where the coefficient of competition for the oats variety test 
for 1921 is correlated with yield, the coefficient of correlation is 
.484=t.082. This shows that competition is present, but wh6n 
these varieties are ranked according to yield, using all the rows 
of the plot and then eliminating the border rows and the effect of 
competition, it is found that the correlation between ranks is very 
high. In fact it is ,99±.002 and the first ten varieties are the 
same in each case whether the yield is based on all the rows of the 
plot or on the inner rows only. 

Again, for the barley variety test where the correlation is shown 
to be .442±.099, the correlation between the ranks arranged ac¬ 
cording to the yield of all the rows of the plot and the yield of the 
inner rows only is .99±.003, and the first few highest yielding 
varieties are the same whether the yield is based on the inner rows 
or on aU the rows of tho plot. These data show that competition 
may be present even to a rather high degree and yet the ranking 
of the varieties may not be seriously disturbed. 

The effect of competition will vary in accordance with environ¬ 
mental conditions and locality, and it is important to consider its 
effect in arranging planting plans and plot layouts. With certain 
types of experiments it is very important that every precaution be 
taken to eliminate any possible effect of competition. This is 
especially true with reference to cultural and soil fertility experi¬ 
ments, since in this type of experimental work the plots are to be 
located permanently, or at least for several years. For exaQxple, 
in soil studies one will plan to give certain plots a definite treatment 
which is to be continued over a period of years, and in such cases 
it is important that the plots be so arranged as to eliminate any 
border effect. This can be done by having the plots of a larger 
size and then cutting off a border or strip on the sides and ends of 
the plots. In such experiments as soil fertility studies it is im¬ 
portant to have a border several feet wide between the treatment 
plots. This will require additional land but it will insure more 
accurate results. Similar arrangements should be made for plots 
that are to be used for rotation and cultural experiments. 

For the study of the yielding capacity of varieties, as is necessary 
in eonnection with plant improvement work, if competition is 
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present to a decided degree it may be overcome by planting blocks 
of three or more rows for each variety and harvesting only the center 
row or rows. This requires an added amount of land and it is 
possible that in many localities competition is not so serious but 
that its effect may be offset by grouping together those varieties 
that are similar in their growth habits, maturity, and the like. 
Thus one may have all of the early varieties planted in adjoining 
plots, and so on. It is likely that in many localities when the 
varieties under test are grouped in accordance with their habit 
of growth it will be possible to arrange the series in adjacent plots 
using even single-row plots, without encountering serious com¬ 
petition. It is generally true that plant-breeding investigations 
conducted in a particular locality are confined largely to the study 
of types similar in their general behavior. For this reason, espe¬ 
cially for the preliminary tests, it will be practical to use single-row 
plots, and for the final elimination test to have blocks of three or 
more rows. The rows may be harvested separately and if competi¬ 
tion is found to be serious the yields of the middle rows only may 
be used. 

Check Plots, The use of check plots has been the cause of con¬ 
siderable discussion, especially in recent years. Opinions are 
varied as to the usefulness of check plots, and whether it is desirable 
to have many or few check plots in a plot layout. 

From the very early experiments down to those of the present 
time, most plot layouts have included some sort of check plots to 
determine the effect of treatment, or to serve as a standard for the 
comparison of varieties. In some of the early investigations having 
to do with soil fertility studies, the check plots were given no treat¬ 
ment whatever. Naturally, over a period of years these check 
plots gradually decreased in yielding ability. This indicated that 
it was unfair to compare the effect of treatment with the check 
plot, since owing to the fact that the check plot was gradually 
decreasing in its yielding ability the effect of treatment was being 
exaggerated. It was decided that for such studies the check plot 
should receive sufficient soil treatment to maintain its fertility 
to the degree possessed at the beginning of the experiment. This 
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has led to a change in the plan of the check plots in soil studies 
so that the check plots are no longer ‘nothing’ plots, that is plots 
receiving no fertilizer, but they are thought of as control plots 
where efforts are made to maintain the natural fertility. 

For such studies as concern the plant breeder in comparing dif¬ 
ferent strains, the check plots used are sown to a standard variety 
whose yielding performance and other characteristics are known, 
and these check plots are used as a basis for comparing the yielding 
ability and other characteristics of the new strains. There is a 
difference of opinion among investigators as to the number of checks 
that should be used in such studies. Some believe that the checks 
should be very frequent, and others believe that it is more desirable 
to have fewer checks and possibly to have more replications of the 
strains under investigation. With the newer methods of plot 
arrangement and the analysis of results, that is random arrange¬ 
ment and the analysis of variance, there is a tendency to have 
only a few, or no, check plots. In most instances it is desirable 
to have a standard variety to be used for comparison, and when 
following random arrangement this variety or check will be con¬ 
sidered as one of the varieties under test and will be handled the 
same as the other varieties. 

In experimental work where it seems desirable to use checks 
the best arrangement and frequency of the check plots may be 
determined from the blank test if such a test is available. In 
using the data from a blank test to determine the arrangement Bnd 
frequency of checks, the checks are located at certain intervals, 
for example every third or every fifth plot, and the deviations of 
the yields of the other plots from the check yields are determined. 
The arrangement that gives the smallest deviations is considered 
to be the best, but it may not be the most practical from the stand¬ 
point of the experiment. 

In determining these deviations different methods may be used. 
A simple method is to let the average of the two nearest check plots 
represent the yield for the plots between these two check plots. 
For example, if the check plots are arranged every third plot there 
will be two plots between each pair of checks. Suppose plots 1 
and 4 are check plots and their yields are 114 and 126 catties per 
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mow. Their average yield is 120 catties, and if plots 2 and 3 yield 
125 and 130 catties, then the deviations of these plots from the 
average of the two check plots would be determined, giving devia¬ 
tions of 6 and 10 catties 

Another method is to take the average of all check plots in the 
field and then obtain the deviations of the other plots from the 
average of these check plots. Still another method, and the one 
very frequently used, is that of obtaining the graded difference 
between the check plots. Thus, for the two check plots cited above, 
giving yields of 114 and 126 catties, we obtain the difference be¬ 
tween the two checks and then calculate the check yields for the 
intervening plots on the assumption that there is a gradual change 
in the fertility of the soil from one check to another. Since the 
checks are located every third plot, we divide the difference, 12, 
by 3, giving 4, which is the assumed difference between the plots. 
Since the first check is lower in yield, it is assumed that as we 
proceed to the next check the soil improves by 4 units for each plot. 
Following this method the calculated yield for plot 2 is 114+4, or 
118, and for plot 3 it is 118+4, or 122. If the first check plot had 
been the higher in yield, then the average difference would have 
been subtracted. This process may bo put in a formula as follows: 

2 1 

'3 ^1+"^ ^2 = Calculated check for first value 

1 2 

-^Ci+-^ C2= Calculated check for second value 

Here and C, represent the yields for the check plots, and sub¬ 
stituting the actual values from the example we have 

|ll4+-il26 = 118 

yll4+|-126 = 122 

The deviations between the calculated check plots and the yields 
of the variety plots are then determined. 

Another method that may be used for comparing tost plots 
with the calculated yield of the check plots is to use a combination 
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of the graded method with the average of all the check plots. The 
different methods for obtaining calculated check yields may be 
represented by the following formulas. 


Method 

How Obtained 

1 

2 

Average of two nearest checks,= Calculated check 

Average of all check plots, ^ ** =s Calculated check 

3 

Graded method 

Check every fifth plot, Calculated check for first value 

3 2 

^ Cjss Calculated check for second 
value* etc 

For check plots located at other 
distances, such aa every tenth 
the formula is 

9 1 

~ Calculated check for first value, 

etc. 


Graded method plus the mean of all 
checks 

1 / 4 1 

2 y = Calculated check for first 

value, etc. 

In methods 3 and 4, Ci and C 2 represent the actual yields of any 
two consecutive check plots, and Cm in method 4 represents the 
mean of all the check plots. 


When using data from a blank test in which all of the plots are 
sown to the same variety to determine which arrangement of 
checks, that is a check every third, fourth, or fifth plot, gives the 
smallest deviations, one can select the arrangement of checks most 
suitable for the type of experiment to be conducted. Naturally, 
there are other considerations that will be important in determining 
the check arrangement to be followed. For example, one may find 
that the smallest deviations are obtained with every other plot as 
a check, but this means that half of the land would be given up to 
check plots. Such frequency of check plots may not be feasible 
nor even necessary to measure the differences obtained from the 
experiment. 

The results from an analysis of a blank test of oats, where the 
check has been placed every third, fifth, and tenth plot, and the 
results compared by three methods of calculating the theoretical 
check yields, are given in Table 116. 
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Table 116 

The Mbahs op the Deviations Obtained from Different Methods 
OF Arranging Checks. The Data, in Bushels Per Acre, 

ARB from a Blank Test of Oats 


Chech: Every Tenth Plot 

1921 

1922 

1923 

Compared by method 2 
Compared by method 3 
Compared by method 4 

1.71 db .11 

1.81 zb .33 
1.79 zb .12 

1.58 zb .11 

1.52 zb .12 

1.53 zb .12 

2.66 zb .14 
2.17 zb .12 
2.07 zb .13 

Check Eveby Fifth Plot 




Compared by method 2 | 

Compared by methoci 3 
Compared by method 4 

1.90 d= .13 
1.84 zb .13 
1.84 zb .12 

1.57 zb .12 

1.58 zb .12 
1.62 zb .12 

2.70 db .16 
1.90 ± .12 
2.10 ± .15 

Check Every Third Plot 




Compared by method 2 
Compared by method 3 
Compared by method 4 

1.32 zb .09 
1.18 zb .08 1 

1.07 zb .09 

1.50 zb .13 
1.87 zb .17 
1.67 zb .16 

1 

2.47 zb .18 
1.76 zb .13 
1.80 zb .14 


The test was conducted for three years and three diflFerent meth¬ 
ods have been used to determine the deviations of the test plots 
from the calculated check yields. One point to be observed is that 
in general there is little difference in the deviations obtained from 
the three different methods of using checks. This is especially 
true for the results obtained from checks every fifth and every tenth 
plot for the years 1921 and 1922. The data for 1923 show some 
variation from the results for the first two years. When a check 
plot is placed every third plot there is a tendency for the deviations 
to become smaller, especially for the years 1921 and 1923. On the 
other hand, for the year 1922 the deviation as measured by the 
graded method is higher than in cases where the check is located 
every fifth or tenth plot. These data show that for rod-row plots 
there is little difference between checks every fifth or every tenth 
plot. The deviations are somewhat smaller when the checks are 
every third plot. 

Another illustration of the use of check plots arranged by different 
systems is shown by the data presented by Parker and Batchelor^ 
given here as Table 117. 
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In this test trees have been used as the crop studied. The four 
methods for using the check plots are: the mean of all checks, the 
nearest check, the graded method, and a combination of the graded 
method and the mean of all checks. The coefficient of variability 
has been used to measure the effect of the different arrangements 
of checks. It is to be noted that the lowest coefficient of varia¬ 
bility is given by the graded method in two out of the three com¬ 
parisons. 

In addition to the coefficient of variability the correlation is 
given, showing the relation between the actual yields of the test 
plots and their theoretical check yields. It is seen that the cor¬ 
relation is high and significant in all cases, and in general the cor¬ 
relation is slightly higher for the graded method and the combina¬ 
tion of the graded method and the mean of all checks than it is 
when the nearest check is used. This is important, since there 
has been some question as to the reliabihty of check yields calculated 
on the basis of the graded method. 

The data from the blank test of cotton have also been used to 
determine the best arrangement of checks, and the results of this 
study are presented in Table 118, page 436. The data in this 
table are obtained from plots 30 feet in length and the checks are 
placed every third and fifth plot. The averages of the deviations 
for the various types of plots and for the different number of 
replications are given. In general the average of the deviations is 
larger for checks placed every fifth plot than for checks every third 
plot. The average for all tests shows an average difference of 
.099. This difference is not large and for the types of plots used 
here it would be better to have more replications with the checks 
every fifth plot. That is, if land is limited it is better to utilize 
the land for more replications rather than to have fewer replica¬ 
tions with more frequent checks. 

Richey has suggested another system for handling check plots 
and a method for adjusting yields the basis of a moving average. 
The method that he suggests for the use of checks is that for one 
series one of the strains in the test will be planted in alternating 
check plots and all of the other strains compared with this one. 
For a second series another one of the strains in the test will be 
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Table 118 

Means ov the Deviations Obtained fob Plots op Vabiods 
Sizes and Numbeb op Replications pbou Difpebbnt 
Abeangbments op Check Plots 


Numbbb of 
Replications 


0 


1 


S 



6 


Number of Bows 
IN One Plot 

Frequency 

OF Check 

Mhjan of thh 
Dkviations 

1 

Every third 
Every fifth 

1.951 ± .102 
2.160 ± .094 

2 

Every third 
Every fifth 

1.473 ± .105 
1.707 ± .097 

5 

Every third 
Every fifth 

1.305 ± .146 
1.662 db .172 

1 

Every third 
Every fifth 

1.391 ± .072 
1.430 ± .071 

2 

Every third 
Every fifth 

1.033 ± .076 
.969 dt .068 

5 

Every third 
Every fifth 

1.178 db .102 
1.475 db .171 

1 

Every third 
Every fifth 

1.133 ± .063 
1.089 ± .066 

2 

Every third 
Every fifth 

.860 ± .081 
.937 ± .096 

5 

Every third 
Every fifth 

.640 d= .076 
.800 ± .123 

1 

Every third 
Every fifth 

.948 rt .066 
.964 ± .071 

2 

' Every third 
Every fifth 

.737 ± .073 
.660 ± .066 

5 

Every third 
Every fifth 

.861 ± .062 
.960 rfc .102 

1 

Every third 
Every fifth 

.968 d= .081 
1.025 ± .063 

2 

Every third 
Every fifth 

.733 rfc .079 
.880 ± .086 

6 

Every third 
Every fifth 

.767 d: .112 
.827 ± .118 

1 

Every third 
Every fifth 

.729 d: .060 
.867 ± .066 

2 

Every third 
Every fifth 

.479 d: .068 
.697 ± .072 

5 

Every third 
Every fifth 

.412 d: .108 
.886 ± .090 


5 
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planted in alternating check plots and all of the other strains com¬ 
pared with it, and so on until each one of the strains has served as a 
check for one of the series. This arrangement is illustrated in 
Table 119 with data preK-^nted by Richey. 

Table 119 


Planting Arrangement for Method op Adjusting Yields Pre¬ 
sented BY Richey, with Results Obtained from the First Series 








Results from First 
Series. Actual Yields 
IN Pounds on Basis of 







Corrected Stand 


Strain Numbers in Seriks 



2-Alter¬ 

nate-Row 

Plots 

Row 

Numuier 






Individual 

1 

2 

3 

4 

5 

Rows 


1 

10 

10 

10 

10 

10 

9.8 


2 

1 

2 

3 

4 

5 

14.4 

21.2 

3 

1 

1 

1 

1 

1 

11.4 

27.0 

4 

1 

2 

3 

4 

5 

12.6 

23.8 

5 

2 

2 

2 

2 

2 

12.4 

28.0 

6 

1 

2 

3 

4 

6 

15.4 

26.5 

7 

3 

3 

3 

3 

3 

14.1 

25.6 

8 

1 

2 

3 

4 

5 

10.2 

24.0 

9 

11 

11 

11 

11 

11 

9.9 

20.8 

10 

1 

2 

3 

4 

6 

10.6 

20.6 


In the first series strain number 1 is used as a check for comparing 
the strains. For example, strain number 2 is planted in row 6, 
and the alternate rows 4 and 6 are planted with strain number 1 
to serve as a check for comparing strain number 2. Strain number 
3 is planted in row 7 and the check strain number 1 is planted in 
the alternate rows 6 and 8, and so on for the other strains. Thus, 
for that portion of the data presented here, strains number 1, 2, 3, 
and 11 have adjacent check rows sown to strain number 1. For the 
second series strain number 2 is used as a check and is planted in 
alternate rows. In the same way strains number 3, 4, and 6 are 
used as the check in the third, fourth, and fifth series, respectively. 

The actual and adjusted yields for a number of strains, as pre¬ 
sented by Richey, are given here as Table 120. 
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Table 120 


The Mean Actual and Adjusted Yields of 11 Strains op Corn 



Average of 22 Replioations* 

Strain 

Number 



Adjusted Yields on 

Actual Yields 

Basis op 2-Alternatb- 
Row Plots 


Pounds 

Bushels 

Bushels 

1 

12.7 

73.48 ± 1.50 

72.61 d= 1.21 

2 

li.l 

64.22 db 1.45 

63.99 zb .98 

3 

12.5 

72.32 db 1.45 

73.25 ± .98 

4 

12.5 

72.32 ± 2.43 

72.90 ± 1..56 

6 

11.2 

64.80 ± 1.63 

67.81 zb 1.04 

6 

10.2 

69.01 ifc 1.16 

56.35 zb 1.04 

7 

11.5 

66.54 d= 1.62 

68.73 zb 1.27 

8 

11.4 

65.96 ± 1.21 

64.51 db 1.04 

9 

11,5 

66.54 =fc 1.68 

60.88 zb 1.10 

10 

10.3 

69.59 ± 1.68 

68.49 zb 1.21 

11 

10.4 

60.17 zb 3.53 

64.11 zb 2.72 

Average of the Probable Errors 1.767 

1.286 


♦Only 10 replicationg of strain number 11. 


The adjusted yields were obtained in the following manner. The 
mean yields obtained from all the plots of the strains were computed, 
and these mean yields expressed in pounds, and also in bushels per 
acre with their probable errors, are given in Table 120. Richey 
assumed that the index of the productivity of the soil between any 
two alternate rows would be given by the ratio of the sum of the 
yields of these two alternate rows to the average yield of all the 
rows of those particular strains that were grown in the alternate 
rows in question. For example, the adjusted yield for row 6 in 
Table 119 is obtained in the following way. The ratio of the sum 
of the yields of rows 6 and 7 to the sum of the average yields of all 
the plots of strains 2 and 3, which are the strains that occur in rows 
6 and 7, is obtained. The yield of row 5, as given in Table 119, 
is 12.4 pounds, and for row 7 the yield is 14.1 pounds. The sum 
of these yields is 26.5 pounds. The average yield of strain number 
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2, as given in Table 120, is 11.1 pounds, and for strain number 3 
the average yield is 12.5 pounds. The sum of these average yields 
is 23.6 pounds. The ratio of the total yield of rows 5 and 7, 26.5 
pounds, to the sum of vhe average yields of strains 2 and 3, 23.6 
pounds, is 1.122, as obtained by Richey. The yield of row 6, 15.4 
pounds, is divided by this ratio, giving the adjusted yield, which 
has been converted to bushels per acre. The yield of each row was 
adjusted in a similar manner and the average yield in bushels for 
each strain was determined. These average adjusted yields in 
bushels per acre, with their probable errors, are given in Table 120. 

It is seen that there is a reduction in the probable errors in the 
case of the adjusted yields. The average probable error for the 
actual yields is 1.757 and for the adjusted yields it is 1.286, giving 
a reduction of .471 bushels. This indicates that a gain has been 
made by means of this method of adjustment, and smaller probable 
errors are available for making comparisons between the different 
strains. This method of using a moving average may be extended 
so that adjustments may be made on the basis of three or more 
adjacent rows. 

Richey has also suggested the use of regression in determining 
adjusted yields. Hayes has followed this idea and has adapted 
the method to some of his data to obtain calculated yields based 
on the principle of regression analysis. By this method as adapted 
by Hayes the yield for each plot of a particular variety or treatment 
from the regular experiment is expressed as a percentage, consider¬ 
ing the mean of each variety or treatment as 100 per cent. The 
correlation may therefore be determined between adjacent plots 
and between plots separated by one or more plots. If the series 
is arranged so that the check plots occur every fifth plot, then it 
would be necessary to determine the correlation only for adjacent 
plots and those separated by one, two, and three plots. The fol¬ 
lowing data from Hayes, giving results obtained from spring wheat 
experiments, wiU illustrate the application of this method. These 
data have been arrived at in the following manner. If a variety 
in the first of the replicated plots yields 24 bushels and the mean 
yield for all replications of that variety is 25 bushels, its yield is 
expressed in per cent by dividing 24 by 25 and multiplying by 
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100, giving 96 per cent. The percentage yield, of each row or plot 
in turn was obtained in a similar way and these percentages used 
for the correlations as presented here. 


COBBIfiLATION IN PorOKNTAGB YIELDING ABILITY IN NeABBY 

Plots ot Spbino Wheat, 1924 


COBBELATION OB 

Correlation 

Coefficient 

Regression Equation 

. 

Spring wheat 
rod rows 

Adjacent plots 
Separated by 1 
Separated by 2 
Separated by 3 
Separated by 4 

.618db.023 

.618±.028 

.454^.030 

.S83±.034 

.449db.034 

F=37.86+.6206 X 
y=47.99+.6191 X 
y=54..’)6+.4646 X 
y=61.S0+.3873X 
y=5a.72+.4350X 


The above correlation and regression coefficients were obtained 
in the usual way, and Hayes applied the regression coefficient to 
his data as follows: 


Plot No. 

Actual Yield 

Percentage Yield 

Check A 

25.1 

£3 

8 

27.6 


9 

20.3 


10 

28.3 


11 

24.2 


12 

26.7 


Check B 

82.2 

120 


For the comparison of plot 8 we obtain the calculated yield, y, first 
on the basis of the regression for adjacent plots and then for plots 
separated by foiu*. That is, the yield of plot 8 is calculated on the 
basis of the yield of check A and also on the basis of the yield of 
cheek B. The yield of each check is expressed as a percentage by 
dividing the actual yield by the average yield of all check plots. 
Using the regression coefficients for adjacent plots and for plots 
separated by four, we have 


For :css 93 2/s=37.854-.6206 a;s 95.66 
ForiBssl20 yas66.724'*4350 108.92 








PROBLEMS OF PLOT TBCHNIO 


441 


These two results are averaged, giving 102.24 per cent. The cor¬ 
rected yield is obtained by dividing the actual yield of each plot 
by the average calculated yield in per cent and multiplying by 100. 
For example, for plot C the actual yield, 27.5, divided by 102.24 
per cent and multiplied by 100, gives 26.9 as the corrected yield. 
The same method would be used to obtain the corrected yields for 
all of the plots. 

This method of adjusting yields will effect some reduction in 
the error of the experiment if the correlation is high. Richey 
states that when the correlations are less than .6 the adjustment 
will have little effect on reducing the variability, or the experimental 
error. The method is therefore not recommended unless the cor¬ 
relation between adjacent plots is very high, and in general it is 
found that when the method is used there is little change in the 
relative standing of the varieties. 

The results of these different studies indicate that in general the 
deviations are less when the checks are placed close together. For 
many kinds of experiments it is important to use checks, but al¬ 
though the deviations are smallest when the checks are placed at 
frequent intervals it may not be necessary to locate the checks as 
close together as indicated by the preliminary data, since this will 
require a considerable area of land for the checks. With experiments 
in crop improvement where one is testing new varieties or strains, 
the check plots are of value for more than yield comparisons. For 
instance, for such problems as winter hardiness, disease resistance, 
stiffness of straw, and the like, we would use as a check variety 
one that is superior in these characteristics, so that in judging the 
value of the new strains the performance of the variety in the check 
plots is of great importance. The method of interpreting results 
on the basis of check plots will be discussed later. 

Value of Uniformity Trials, It is often recommended that for a 
field which is to be used for cultural experiments or studies in crop 
rotation and soil fertility a uniformity study be conducted. By a 
uniformity study is meant that the field will be laid out in plots of 
the size and shape that are to be used in the actual experiments, 
and the entire field will be sown to the same crop. The field should 
be handled in as uniform a manner as possible and the study con¬ 
tinued for several seasons. The plots will be harvested and the 
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data used to determine the variability of the different plots. Some 
have criticized the value of uniformity trials on the basis that the 
3 delds of the plots may not be relatively the same from crop to 
crop, or that the plots will not react in the same manner after the 
experiment has been started. The data presented earlier in this 
chapter, illustrating the permanence of plot variability in the 
majority of cases, should answer the first objection, and at the 
present time the second objection is merely a supposition since 
not enough data are available to give accurate information on this 
point. 

Fisher has given a method by which the data from uniformity 
trials may be analyzed and the results used for the interpretation 
of the data obtained from later experiments. This method had 
previously been applied by Sanders in his studies on the value of 
uniformity trials. In addition to the analysis of the variance this 
method considers the covariance, which is the mean product of 
the deviations of two variates, the deviations being measured from 
the respective means. The method may be illustrated with un¬ 
published data furnished by R. J. Borden, of the Hawaiian Sugar 
Planters’ Association, giving the yields obtained from the same 
plots for three different crops in uniformity trials of sugar cane. 
Sixteen plots have been used in this illustration, but the method 
may be applied to any number of plots. The yields for 1931 and 
1933, expressed in per cent, are given in Table 121, 

Table 121 

The Application of the Analysis of Variance to Data from 
Uniformity Trials, Preliminary to the Analysis 
OF Covariance 



Pbkuminaby Test j 

Total 


113 

113 

91 

102 

439 


102 


105 

102 

438 


96 

99 

94 

101 

390 


98 

99 

94 

82 

373 

Total 

409 

420 

1 384 

837 

1600 


Qbnxbal Mban m 100 
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Table 121— Continued 



Expsbimektai. Test 

Total 


103 

110 

92 

113 

418 


94 

103 

101 

92 

890 


103 

99 

94 

99 

895 


105 

104 

94 

94 

397 


405 

416 

381 

398 

1600 


Gsnbbal Mean s= 100 


Analysis of Variance 


Preliminary Test 


Vabiation Due to 

Degbees or 
Fbeboom 

Sum or 
Squabeb 

Mean Squabe 
OB Vabiance 

Standabd 

Ebrob 

Rows 

3 

378.5 



Columnfi 

3 

226.5 



Error 

9 

351.0 

39.0000 

6.24 

Total 

15 

956.0 




Experimental Test 


Variation Due to 

Degbees of 
Freedom 

Sum of 
Squares 

Mean Square 
OB Variance 

Standard 

Error 

Rows 

3 

114.5 



Columns 

3 

161.5 



Error 

9 

336.0 

S7.SSSS 

6.11 

Total 

15 

612.0 
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For convenience in the analysis these plots have been arranged 
in the form of a Latin square, but other methods of arrangement 
may be followed. We may consider the test for 1931 as the pre¬ 
liminary test and the results for 1933 as the results from the actual 
experiment. Applying the methods for the analysis of variance 
we have the results as given in the lower part of Table 121. The 
analysis shows that the standard error per plot for the preliminary 
test is 6.24 and for the experimental test it is 6.11. 

We may now proceed to determine the covariance between the 
yields of the preliminary test and the experimental test in the fol¬ 
lowing way. The values and the deviations in the preliminary 
test will be designated x and those in the experimental test y, and 
we will consider first the results from the rows. The mean of the 
row totals in the preliminary test is 400 and the total yield of the 
first row for the preliminary test is 419. Therefore the x deviation 
is 19. For the next row it is 18; for the third row, which gives a 
total yield of 390, it is -10; and for the fourth row it is -27. Tlie y 
deviations for rows from the experimental test are determined from 
the mean of the row totals in the experimental test in the same 
manner. The squares of the x and y values and the products of x 
and y are obtained as illustrated in Table 122. The values for the 
columns for both the preliminary and experimental tests are ob¬ 
tained in a similar manner and also appear in Table 122, pages 
445, 446. These values are summed and divided by the number of 
contributing units, giving the values to be used in the analysis of 
variance. 

In addition to the results for rows and columns, it is necessary to 
have similar values for the individual plots, or the total. These 
are obtained by taking each plot in one test and determining its 
deviation from the mean of all the plots for that test. For example, 
the mean of the preliminary test is 100 and the first plot in that test 
yields 113, so the x deviation is 13. For the corresponding y plot 
in the experimental test the yield is 103 and the mean of the experi¬ 
mental test is also 100, so the deviation for y is 3. The other values 
for X and y are determined and together with their squares and 
products are shown in Table 122. These values are brought togeth¬ 
er in the summary. Subtracting the sums for rows and columns 
from the sum for the total we obtain the residue, or the amount 
due to error. 
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Table 122 


III0STB‘.TING THE METHOD OF DETERMINING C!OVABIANCE AND THE 

Effect of Regression on Adjusted Yields 



X 

y 

ir2 

y'- 

xy 

Rows 

19 

18 

361 

324 

342 


18 

-10 

324 

100 

-180 


-10 

- 6 

100 

25 

60 


-27 

- 3 

729 

9 

81 




2 = 1514 

468 

293 




Means 378.50^ 

114.60 

73.25 

Columns 

9 

5 

81 

26 

45 


20 

16 

400 

266 

320 


-10 

-19 

256 

361 

304 


-13 

- 2 

169 

4 

26 




2= 906 

646 

605 




Meanss 226.602 

161.60 

173.76 

Totals 

13 

3 

169 

9 

39 


13 

10 

169 

100 

130 


- 9 

- 8 

81 

64 

72 


2 

13 

4 

169 

23 


2 

- 6 

4 

36 

- 12 


9 

3 

81 

9 

27 


5 

1 

25 

1 

6 


2 

- 8 

4 

64 

- 16 


- 4 

3 

16 

9 

- 12 


- 1 

- 1 

1 

1 

1 


- 6 

- 6 

36 

36 

86 


1 

- 1 

1 

1 

- 1 


- 2 

6 

4 

25 

- 10 


- 1 

4 

1 

16 

- 4 


- 6 

- 6 

86 

36 

36 


-18 

- 6 

324 

36 

108 




2= 966 

612 

425 


I Dividing by 4, the number of columns contributing to the individual 
deviations 

2Dividing by 4, the number of rows contributing to the individucU 
deviations 
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Table 122— Continued 
Sums of Squares and Products 



Degress of 
Freedom 


xy 


Rows 

8 

378.60 

73.25 

114.60 

Columns . 

8 

226.50 

173.75 

161.60 

Error 

0 

351.00 

178.00 

336.00 

Total 

16 

966.00 

425.00 

612.00 


Analysis of Variance of Adjusted Yields 


Variation Due to 

Degrees of 
Freedom 

Sum of 
Squares 

Mean Square 
OR Variance 

Standard 

Error 

Rows 

3 

137.5175 



Columns 

3 

43.5391 



Error 

8 

245.7322 

80.7165 

6.64 

Total 

14 

420.7888 




From the values for and xy due to error we may determine 

the correlation coefficient, which will show the correlation between 
the yields of the plots for the different years. Having obtained 
the correlation coefficient we may then determine the regression 
coefficient. Dividing the values for and y* by the degrees of 
freedom, 9, and extracting the square root we obtain the standard 
deviations for x and y, which are 6.24 and 6.11, respectively. The 
correlation coefficient may then be determined from 

N 

TTS. -- 

Ox 

In this case N is the degrees of freedom, 9. Substituting the values 
for xy and for cr. and cr^ we have 

178.00 
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Substituting the necessary values in the regression equation for 
on z, as given in Chapter VI, 



we have 

y=.619 g 24 *. O' 

y= .608 z 

Since for the purposes of the analysis we are interested only in 
the regression of y on x, this may be obtained directly, letting 6 
equal the regression coefficient, or 


Substituting the necessary values we have 


17^00 

361.00 


.607 


The slight difference in the values obtained for the regression is due 
to the handling of the decimals. 

We may now use this regression coefficient, .507, to correct the 
values for rows, columns, and total, and thus obtain a new standard 
error of the experiment after the effect of regression has been elimi¬ 
nated. Since 6 is the regression coefficient the comparisons of 
adjusted yields are obtained from comparisons of y—bx. Now 

(y — 6a:)2= 62 a ;2 2bxy -f y 2 

and to obtain the sum of the squares for any line* from the values 
given in Table 122 under the title ‘Sums of Squares and Products* 
the entries in the table are multiplied by 6% -26, and unity (the 
coefficients of xy, and j/-) and the products summed. 

Multiplying the values of x^, xy, and y^ for rows, columns, and 
total by the values for 6^ (.257049), — 26 (— 1.014), and 1, respective¬ 
ly, we have the results for the analysis of variance after the effect 
of regression has been eliminated, as given in the lower part of 
Table 122. Thus for rows we have 


378.60 X .267049=* 97.2930 

73.25 X-1.014 =- 74.2765 

114.6 ) X 1 « 114.5000 
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The sum of these three products is 137.5175. The values for the 
columns and total are obtained in a similar manner. The degrees 
of freedom for rows and columns remain the same, but one degree 
of freedom has been used in determining the regression and there¬ 
fore the degrees of freedom for the total are 14 rather than 15. 
Adding the sums of squares and degrees of freedom for the rows 
and columns and subtracting from the total, we have the residue 
and degrees of freedom as given in Table 122. Dividing the residue, 
245.7322, by the degrees of freedom, 8, we have 30.7165, and ex¬ 
tracting the square root we have 5.54 as the standard error of the 
experiment after the effect of regression has been eliminated. This 
may be compared with the standard error, 6.11, obtained before 
the effect of regression was removed. 

The same result will be obtained if the predicted or calculated 
yields for y are obtained from y^bx and these calculated yields 
used for the analysis of variance in the usual way. The predicted 
yields for the individual plots have been obtained from y^bx and 
are given in Table 123, page 449. 

For the first y plot we proceed as follows. The first x plot in the 
preliminary series yields at the rate of 113 per cent of the mean 
yield, and the deviation from the mean is therefore 113-100, or 13. 
The adjusted yield for the first plot is obtained by substituting 
this value for x in the equation y^^bx. The actual yield of the 
first y plot is 103, and we have 103—(.507 x 13), or 96.409, as the 
adjusted yield. For the next y plot, which yielded 110, we have 
110—(.507 X13), or 103.409. The other adjusted yields are ob¬ 
tained in a similar manner, and by applying the method of variance 
analysis we have the results as shown at the bottom of Table 
123. These results are the same as given in Table 122, which were 
obtained by a shorter process. 

It should be pointed out that in using the equation y-^bx it 
contains one value, 6, which has been obtained from the data, 
therefore the degrees of freedom will be reduced from 15 to 14, 
and as b has been calculated from the values for error this 
degree of freedom will be taken from the degrees of freedom for 
error. 
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Table 123 

Application of the Analysis of Variance to 
Yields Ad/ttstbd by the Equation y - hx, 
IN Which y is the Actual Yield 


y 

- 


tx 




103 

_ 

.607 

X 

13 


96.409 

1!0 


.507 

X 

13 

= 

103.409 

1)2 

— 

.607 

X 

- 9 

=: 

96.563 

113 

— 

.507 

X 

2 

= 

111.986 

94 


.507 

X 

2 

=r 

92.9S6 

103 

— 

.507 

X 

9 


98.437 

lOJ 

— 

.507 

X 

5 

= 

98.465 

92 

— 

.507 

X 

2 

s 

90.986 

103 

— 

.507 

X 

- 4 

s 

105.028 

99 

— 

.507 

X 

- 1 

== 

99.507 

94 

— 

.507 

X 

- 6 


97.042 

99 

— 

.507 

X 

1 

=s 

98.493 

105 


.507 

X 

- 2 

= 

106.014 

104 


.507 

X 

- 1 


104.507 

94 

— 

.507 

X 

- 6 

=: 

97.042 

94 


.507 

X 

-18 


103.126 


Adjusted Yields Used fob the Analysis of Variance 



Total 


96.409 

92.986 

105.028 

106.014 

103.409 

98.437 

99.507 

104.607 

96.563 

98.465 

97.042 

97.042 

111.986 

90.986 

98.493 

103.126 

408.367 

380.874 

400.070 

410.689 

Total 

400.437 

406.860 

1 389.112 

404.591 



Analysis of Variance of Adjusted Yields 


Vabiation Dub to 

Degress of 
Freedom 

Sum of 
Squares 

Mean Square 
OR Variancp: 

Standard 

Error 

Rows 

3 

187.5175 



Columns 

3 

43.5391 



Error 

1 

8 

245.7322 

30.7166 

6.54 

Total 

14 

426.7888 
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The foregoing illustrates the value of a preliminary trial in ob¬ 
taining corrected yields for the plots and for determining a standard 
error for the experiment after eliminating the effect of regression. 
If the preliminary trial has been continued for several seasons or 
crops the results for each year may be analyzed separately, or it is 
possible to combine the results for several years, determine the 
average, and use this average yield in making the analysis. To 
illustrate how this may be done, the yields for the plots for the 
crop years 1929 and 1931 have been averaged and expressed in 
per cent, as shown in Table 124. 

Table 124 

Application of the Analysis of Variance to Yields Adjusted on 
THE Basis of the Yields of Preceding Crops 


Thb Aveeaoe Yields of the Crops fob 1929 akd 1931 
Expressed n« Per Cent 


Total 


106 

110 

95 

108 

420 


102 

107 

106 

99 

414 


97 

97 

95 

99 

388 


95 

99 

99 

85 

378 

Total 

400 

414 

395 

391 

1600 


Experimental Test, 1933 


1 

Total 


103 


92 

113 

418 


94 

103 

101 

92 



103 

99 

94 

99 

895 


105 

104 

94 

94 

897 

Total 

1 

1 405 

1 

416 

381 

398 

1600 
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Table 124 — Continued 
Sums of Squares and Products 



Deoreks of 
Freedom 

a;2 

ry 

yZ 

Rows 

3 

306.00 

86.50 

114.60 

Columns 

3 

75.50 

84.25 

161.50 

Error 

9 

250.50 

216.25 

336.00 

Total 

15 

632.00 

387.00 

612.00 


Analysis of Variance of Adjusted Yields 


Variation Due to 

Degrees of 
Freedom 

Sum of 
Squares 

Mean Square 
or Variance 

Standard 

Error 

Rows 

3 

193.1003 



Columns 

3 

72.3146 



Error 

8 

149.3171 

18.6646 

4.32 

Total 

14 

414.7320 




With these values the calculations are carried out exactly as 
explained before. The values obtained for rows and columns are 
given in Table 124, as well as the results for the total. The regres¬ 
sion, 6, equals 216.25/250.60, or .863. Obtaining 6* and -26 the 
corrected values for the analysis of variance are determined and 
are given at the bottom of Table 124. It is seen that the standard 
error has been reduced to 4.32 by combining the yields of the two 
preliminary trials. 

The predicted yields may be obtained on the basis of this regres¬ 
sion value and the standard error determined by the usual method. 
It is possible, therefore, to determine the predicted yields for the 
various plots if the preliminary test has been conducted a suflScient 
length of time. In some cases there will probably be no reduction 
in the standard error as a result of preliminary trials, or, in other 
words, the correlation between the yields of the plots will be so 
low that there will be little gain effected by the regression. In 
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many experiments, however, it is quite possible that there will be 
correlation between results for the diiferent years and it may bo 
well worth while to conduct uniformity trials. 

It may be pointed out in this connection that even though uni¬ 
formity trials may not result in a reduction of error, it is important 
when beginning work with new experimental fields to conduct 
uniformity trials at least for one or two crops, since it may bo 
possible that parts of the field will be found unsuitable for experi¬ 
mental purposes, and this fact alone is worth the time and labor 
required for conducting the preliminary trials. If the results of 
the preliminary trial indicate decided variation in the plots, it may 
be important to continue the preliminary trials and then by the 
method of analysis just described determine the variance for the 
predicted or adjusted yields.* 

Methods of Interpreting Results. There are various methods 
that may be used for interpreting the results obtained from field 
plots. The results are usually interpreted on the basis of probability, 
or by determining a standard error or probable error. This enables 
one to determine how much variation between results may bo 
expected due to chance variation. The differences obtained from 
the experiments may then be compared with the differences ex¬ 
pected from chance variation, and when the results from the experi¬ 
ments are enough larger than those expected from chance variation 
to lead to significant odds it is safe to conclude that there is a real 
difference due to the experiments. The first method to be discussed 
will be that of obtaining a probable error for each check and for 
each variety or treatment, and the data in Table 125, page 453, 
will be used to illustrate this method. The data are the yields 
obtained from a variety or strain test in which there were 10 plora 
of each strain. 

The first step is to obtain the probable error for each set of ten 
checks, using either Bessel’s or Peters’ formula. In this illustration 

♦f'iiice the preparation of this manuscript additional sugge itions for further 
reiinement of the method have been presented by Fisher in the fifth edition of 
his book. Wishart is considering further suggestions to the metliod, and 
8nedecor has made application of these newer methods in a paper as yet un¬ 
published. 



Table 125 

Yields Obtained from a Variety Test of Oats, in Which There were Ten Plots of Each Variety. 
The Results are Compared wtth the Calculated Check Yields 
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probable error of checks in per cent = 4.39 
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Bessers formula has been used. In experiments of this kind there 
are. usually a large number of strains under test and a large number 
of check plots. By summing the average yields and the probable 
errors for all the groups of checks in the experiment and dividing 
the total sum of the errors by the total sum of the average yields 
of the check plots we obtain a probable error in per cent. This 
is considered to be the probable error for the check plots and is 
the probable error that is used for the calculated check yields. 
The calculated, or theoretical, check is obtained by the graded 
method and this calculated check is multiplied by the probable 
error in per cent. For the data in Table 126 the average probable 
error of the mean of ten check plots is found to be 4.39 per cent. 
The calculated check yield for row 1 is 35.5 bushels, and multiplying 
35.5 by 4.39 we have a probable error of 1.56 bushels. The 
probable errors for the remaining calculated check yields are 
obtained in the same way. 

The yields of the dij0^erent varieties with their probable errors 
are compared with the theoretical check yields and the gains or 
losses obtained, as shown in the table. The probable error of the 
gain or loss is determined by the usual method for the probable 
error of a difference. For example, for the variety in row 1 the 
average yield is 36.5zt 1.06 and the calculated check yield is 35.6db 
1.56. The difference with its probable error is 1.0 ±1.89. The 
other comparisons are made in a similar way. 

After determining the difference, or gain or loss, and its probable 
error, we may interpret the results on the basis of whether the 
difference is significantly larger than its probable error. As ex¬ 
plained before, unless the difference is more than three (about 3.2) 
times the probable error of the difference it is usually unwise to 
conclude that the result is significant. 

In the case just illustrated the probable error of the difference 
has been obtained without considering the correlation. For more 
exact determinations the effect of correlation should be eliminated, 
but since this method is used primarily as a guide to indicate what 
varieties are worthy of being continued in the test it saves labor to 
make the calculations as indicated rather than to eliminate the 
effect of correlation. If the correlation is to be considered, it is 
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necessary to determine the calculated check yield for each plot 
rather than for the mean of the ten plots, so as to obtain the dif¬ 
ferences pair by pair, lais increases the amount of work consider¬ 
ably, and if one keeps in mind the fact that in such experiments 
if the correlation were considered the probable error of the 
difference would usually be lower, therefore certain comparisons 
that border on significance may be significant when the effect of 
<5orrelation is considered. 

In order to show that under the usual conditions this method 
of interpreting results, especially the use of the graded method, 
will not lead to a serious error, the following data will be of interest. 


Table 126 

Results Obtained by Correlating the Yield and 
Gain or Loss as Compared with the Calculated 
Check. The Data for Each Year Represent 
THE Results for All Varieties Tested 


Wheat 

1927 

.919 ± .010 

1928 

.960 ± .007 

1929 

.814 ± .021 

1931 

.755 ± .027 

1 


Oats 

1927 

.74!) ± .026 

1928 

.767 ± .028 

1929 

.796 rt .029 

1931 

.592 ± ,035 


The results given in Table 126 show the correlation between the 
yields and the gains or losses as compared with the calculated 
checks, for all varieties in the test. The correlations are all high 
and significant, showing that there is a very close relation between 
yield and gain or loss as compared with the check. Further in¬ 
formation is furnished by the data in Table 127. 
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Table 127 

Coefficients of Correlation Obtained Between the Same 
Varieties Grown in Different Years 




Coefficient of Correlation 

Crop 

CORRllLATIOR 

BSTWEEif 



Yield in Bushels 
Per Acre 

Gain or Loss in 
Comparison 

WITH Check 

Oats 

1923 and 1926 

1926 and 1927 

1927 and 1928 

1928 and 1929 

1929 and 1930 

1930 and 1931 

1931 and 1932 

-.123 ± .077 
.2U9 ± .01^3 
.a)4 zt .072 
.5V)5 zk .052 
.204 db .088 
.422 db .076 
.073 dz .068 

.223 dr -074 
.610 dr .057 
.432 d: .067 
.314 dr .059 
.229 dr .087 
.339 d: .081 
.231 dr .065 

Wheat 

Barley 

1625 and 1927 

1924 and 1923 

1926 and 1927 

1927 and 1928 

.333 ± .097 

.603 ± .075 
.373 zb .066 
.392 zb .071 

.603 ± .082 

.422 d: .097 
.514 dr .0'>0 
.495 dr -Ot'a 


The results in Table 127 show the correlation between the actual 
yields for the same varieties for different years and the correlation 
between the same varieties by using the gain or loss in comparison 
with the check. It is seen that the average correlation for the 
gain or loss is a little higher than the correlation obtained from the 
actual yields. If any error were introduced we would not obtain 
the higher correlation so often, but due to errors of sampling 
we might expect very low or even negative correlation in some 
instances. This indicates that the method of graded checks does 
not necessarily introduce an error. 

The method for calculating probable errors just described is 
somewhat laborious, and simpler methods may be used. A second 
method is one in which a general probable error for the experiment 
is determined by calculating the probable errors for the check 
plots only. For example, for the data in Table 125 the average 
probable error for the check plots is 4,39 per cent. This probable 
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error may be used as a general probable error for comparing varieiiesi 
with each other or with their calculated check yields. 

Since we are concerned with differences we obtain the probable^ 
error of the difference from 4.39>/2, giving 6.21. For selecting 
the better yielding varieties we may use two or three times this 
probable error of the difference, depending on the standard for 
selection which it is desired to follow, and multiply the mean yields 
of the varieties by this value. Adopting three times the probable 
error of the difference as the standard, for the data at hand we 
have 6.21 x 3, or 18.63. The mean yields of the varieties are multi¬ 
plied by tliis value and if the gain as compared with the check is 
greater than this amount, wo would conclude that the variety is 
significantly better than the check variety. For example, the 
variety in row 3 of Table 125 has an average yield of 51.9 bushels. 
Multiplying 51.9 by three times the probable error of the difference 
in per cent, or 18.63, we obtain 9.67. The gain of this variety 
over the check is 17.0, which is greater than 9.67, and we therefore 
conclude that the variety in row 3 is significantly better than the 
check variety. Other comparisons may also be made. 

This method requires less time for making the calculations and 
it is satisfactory as a simple method for determining the superior 
or inferior varieties in a test. One objection to this method is 
that the probable error is based on the variability of one variety 
only and this variety may not be representative of all the varieties. 

Another method, suggested by Hayes, is the deviation from the 
mean method, and by this method also a general probable error 
for the experiment is determined. For all the varieties in the 
test the deviation between each plot of a variety and its own mean is 
obtained and these deviations are squared and summed. The 
method may bo illustrated with the data in Table 125, using the 
varieties only. 

For the variety in row 1 the first plot yields 34.4 bushels and 
the mean for this variety is 36.5. The deviation is therefore 
34.4-36.5, or -2.1. For the second plot of this variety the devia¬ 
tion is 42.7-36.5, or 6.2, and the other deviations for this variety 
are obtained in a similar manner. The deviations for the other 
varieties are obtained by taking the deviation between each plot 
of the variety and its particular mean. The steps are as follows: 
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Yield—MBAH 

D 

Di 


S4.4-36.5 

-2.1 

4.41 

For variety in 

42.7-36.5 

6.2 

38.44 

row 1 

34.0-36.6 

etc. 

-2.6 

6.26 


34.6-36.9 

-2.4 

5.76 

For variety in 

34.2-36.9 

-2.7 

7.29 

row 2 

43.0-36.9 

etc. 

6.1 

37.21 


66.6-51.9 

4.7 

22.09 

For variety in 

49.3-51.9 

2.6 

6.76 

row 3 

49.0-61.9 

etc. 

2.9 

8.41 


Squaring and summing all of the deviations for the 24 varieties 
in the test we have 3884.60. 

The probable error of a single plot is obtained from the formula 

=±, 6745 ^ /- 

in which N is the total number of plots and n is the number of 
plots of each variety. For the 24 varieties in Table 125 there are 
10 plots of each variety and therefore a total of 240 plots, and 
n=10 and -AT = 240. Substituting the necessary values in the 
formula we have 

This probable error should be expressed in per cent, which is done 
by dividing the probable error by the mean yield of all the varieties 
and multiplying by 100. We have 

2.801 

88 371 X100 ss 7.40 poF coat 
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The probable error of the mean of ten plots is 7.46/VlO, or 2.36 
per cent. This is the general probable error which will be used 
in the interpretation of the results, and it may be applied as described 
for the probable error obtained from the checks. Thus the probable 
error of the difference between the means of two varieties is 2.36 n/ 2, 
and this may be multiplied by two or three, depending on the 
standard adopted for selection. Varieties may be compared with 
each other or with the calculated checks, as with the preceding 
method. 

In most cases there wiU probably not be a great deal of difference 
between the general probable error obtained from the check plots 
alone and the probable error obtained by the deviation from the 
mean method. Occasionally there may be considerable variation 
but, as Hayes shows, the average probable error of a single deter¬ 
mination, or plot, is about the same by either method. Some of 
the comparisons are shown by the following data, presented by 
Hayes. 


Chop 

NuMBi^R OF Years 
Averaged 

P. P., From 
Checks 

P. P., Deviation 
From Mean 

Spring wheat 

6 

9.3 

9.9 

Oats 

6 

7.7 

6.9 

Barley 

6 

9.4 

9.2 


The results obtained are very similar and either method may be 
used in selecting strains to be continued in a test. The method 
of determining the probable error from the check plots only is 
less laborious than the deviation from the mean method. 

Another method for determining a general probable error for 
an experiment is suggested by ‘Student’ and is in effect the ap¬ 
plication of the method of variance. This method may be illus¬ 
trated by the data in Table 128. 
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Table 128 

Method for Determining a Generalized Probable Error for ah 
Experiment After Eliminating the Effects of Varieties or 
Treatment and of Replicates 



Total Deviation Obtained 
BY Finding the Deviation 
Between Each Plot and 
THE Mean or All Plots, 
Squaring, and Summing 



Sum of Squares 
FOR Varieties 

Sum of Squares 
FOR RePIJCATBS 

D 

D2 

D 

D2 

2.8 

7.84 

-1.2 

1.44 

.8 

.64 

2.8 

7.84 

-1.2 

1.44 


.64 

-6.2 

27.04 

-8.2 

10.24 

2.8 

7.84 

.8 1 

.64 


S=44.80 


2=20.80 

Oy*= 8.96 

0^2= 4.16 


P.®.,=±.6746 / 6X6a632 - 8.96-4: i6) 


i5.^=±1.6 
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The formula is 


in which 


P.J^.,=±.6745 


V 


Nn (a/- cj^*) 

(Af-i)(n-iV“ 


0^2 =2 variance for the yields of all the individual plots in the teat, 
0^2 —variance of the means of tlie varieties 
0|^2 = variance of the means of the replicates 
N = number of varieties 
n =numi)or of plots of each variety. 

These constants are obtained by calculating as follows: 


_-whore P=syields of individual plots 

M = general moan of all plots 

2 F2 

0 ^ 2 = ^ -where F = mean yields of varieties 

2 

022 ® ss-^-— 2 where R = mean yields of replicates 


These formulas are to be used when working from an assumed 
mean of zero, or when the individual items themselves are squared. 
When convenient the variances may be determined by obtaining 
the differences between the individual items and the general mean, 
M. The latter method has been followed for the values in Table 
128. The method to be followed is merely a matter of convenience 
or ease in calculation. 

Obtaining the necessary values and substituting in the formula, 
we have 

P.E.s * ~ = ^ 1.5 


Expressing this probable error in per cent we have 

XlOO, or 3.8 per cent 

8H.2 

This is the probable error in per cent for a single plot. The probable 
error of the mean of five plots is 3.8/v/5, or 1.7 per cent. 

The deviation from the mean method for these same data gives 
a probable error for a single plot of 5.1 per cent, and the probable 
error of the mean of five plots is 2.3 per cent. There is a reduction 
in the probable error by eliminating the effect of varieties and 
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replicates from the total variation. This method is satisfactory, 
but if there are a large number of varieties under test considerable 
calculation is necessary. For experiments like soil fertility studies 
and cultural and rotation experiments the method may be used, 
but the plant breeder is often concerned with comparing the yield¬ 
ing ability of several hundred different strains or varieties, and in 
such cases it is better for the preliminary analysis to use some 
method that may be quickly applied. 

The foregoing methods are suggested as those that may be ap¬ 
plied for the analysis of the results for any one particular year. 
For the analysis of results for several years a different technic may 
be used. For example, if a system of testing with frequent check 
plots has been followed and the comparison between the test plots 
and the check plots has been made, since each result has been 
compared with the same check it is possible to compare these gain 
or loss values directly with each other by means of a method such 
as ‘Student’s* or Fisher’s, as described in Chapter XII. Suppose 
that in a variety test conducted for a period of five years two varie¬ 
ties when compared with the check showed the following gains. 



Gain Over Check 

Yeab 

Variety A 

Variety B 

1928 

7.6 

4.2 

1929 

4.3 

4.0 

1930 

6.8 

3.0 

1931 

8.7 

4.2 

1932 

4.0 

2.1 


These results may be compared by ‘Student’s’ method to show 
whether there is a significant gain over the check for either variety. 
If it is desired to compare the two varieties directly, then the dif¬ 
ferences between the two series may be obtained pair by pair and 
the results evaluated by ‘Student’s’ or Fisher’s method. As ex¬ 
plained in Chapter XII, if one should have say the results for five 
years for one comparison and perhaps for only four years for another 
comparison, then Fisher’s method applicable to such cases should 
be used. 
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The method of variance analysis as discussed fully in chapters 
XIII and XIV may be used for the evaluation oi results, especially 
for soil fertility and cultural experiments. In such cases it will 
be possible to combine all the tests and make one general analysis, 
along lines similar to those given in detail for the analysis of a 
complex experiment. 

We may conclude this discussion by stating that for the results 
for a single year some method that will enable one to judge the 
performance of the different varieties should be appUed, and any 
one of those described above may be used. For the final analysis 
the results for the different years should be brought together and 
evaluated by Fisher’s or ‘Student’s’ method for determining the 
significance of results, or by the application of the analysis of 
variance. 

Recommendations Regarding Plot Arrangement, There are two 
general types of experiment for which field plots are used. One 
is the experiment conducted by the plant breeder when comparing 
new strains obtained either from selection or by hybridization, 
and the other is in connection with soil fertility studies and cultural 
and rotation experiments. Experience has shown that for the 
first type of experiment small plots replicated many times are 
more satisfactory than larger plots with fewer replications. 

For the small grains, as wheat, barley, and rice, small plots one 
row in width and from 12 to 18 feet in length have been found 
to be very satisfactory, especially for the test in the first few years. 
For the final comparison 3-row blocks from 12 to 18 feet in length 
are very satisfactory. If competition has a serious effect, then the 
single-row plots may not be so satisfactory for even the earlier tests, 
and it may be better to use 3-row blocks. As shown earlier, 
competition may be present but may not have any serious effect so 
far as yield is concerned, and it seems to be more satisfactory to 
use more replications of the single-row plots than to have fewer 
replications of the 3-row blocks, especially in the preliminary 
tests. 

For other crops, such as com, potatoes, kaoliang, and cotton, 
some modification of the single-row plot may be used. The 
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rows should be longer and the distance between the rows must be 
greater, depending on the crop being studied. A row long enough 
to include from 20 to 30 plants is satisfactory provided the rows can 
be replicated several times. Four replications for the more careful 
tests is a minimum, and it is better to have as many as nine 
replications, if possible. 

Regarding the number of replications, it is well to have more 
replications than may have been indicated from a study of the 
blank test. For example, if the analysis from the blank test shows 
that six replications are sufficient, it is better to have more than 
six in order to provide for loss through accident. If competition 
seems to be serious, blocks of three or more rows are recommended 
for all testing work. Since this necessitates a larger amount of land 
and if land is a limiting factor, it will be found that strains similar 
in their general characteristics may be grown in single-row plots 
and competition may be avoided by placing the rows farther apart. 
This may be objected to since it may be thought that the greater 
distance between rows will mean that the plants are grown under 
different conditions than would normally be the case. This is not 
a particularly serious objection since the important point is to 
determine the best strain, and by this method it is possible to 
eliminate the poorer varieties. The final elimination may be made 
following a more careful test, as in 3-row blocks, avoiding any 
effect of competition by considering the middle rows only. 

For such experiments as soil fertility studies and cultural and 
rotation experiments, it is desirable to have small plots replicated 
several times rather than to have larger plots with only one or two 
replications. While small plots are recommended, it is important 
that the plots be large enough to include a sufficient number of 
plants. This is not a problem with crops like rice, wheat, and the 
like, but it is important with the larger crops, such as cotton or 
kaoliang. The plots may be arranged at random and there should 
be at least five plots of each treatment. There should be at least 
one control plot in each replication. If the plots are arranged in 
systematic order, then a chock or control plot should be placed 
every third, fourth, or fifth plot, depending on the amount of land 
available for the experiment. 
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The manner of handling the plots needs also to bo considered 
when deciding on the size and shape of plots. If the plots are 
large so that they require preparation by machinery, then it is 
important that the plots be arranged with a sufficient border be¬ 
tween them so that soil will not be moved or dragged from one plot 
to another. It has already been suggested that border strips 
should be left between the plots so as to offset any effect of competi¬ 
tion due to different amounts of fertilizer, and the like. For soil 
fertility studies with rice, a plot 10 by 20 feet, giving an area 1/30 
of a mow, may be used. This will permit of the preparation of 
the plots by hand and thus prevent any effect of movement of soil 
from one plot to another. With any crop which is to be irrigated, 
it is desirable to have well-built dikes so that there will be no water 
moving from one })lot to anotlier. These should be made of the 
same soil as that around the plots and tliere should be a border 
strip between the plots planted to the same crop. 

For plots that are to remain under test for many years it is im¬ 
portant to have a preliminary test on the plots for two or more 
crops, and, as explained earlier in this chapter, the results from 
these preliminary tests may be of value in the interpretation of the 
results from the experiment. The preliminary cropping is also of 
value to indicate whether all of the plots in the field chosen are 
suitable for experimental w'orJe. Follo\\ing the preliminary crop¬ 
ping the location of the different treatments may be arranged at 
random, or in some suitable way that will enable the experimenter 
to make accurate determinations from the treatments in question. 

The number of replications needed for experiments in soil fertility 
will depend in part on the differences to be measured, but at least 
four to nine replications of small plots, such as 1/30 or 1/50 of a 
mow, will be desirable. If the plots are large it is desirable to 
have at least three or four replications. 

It is impossible to make definite rules which must be followed 
under all conditions, as the kind of plot, number of replications, and 
the like will depend somewhat on land, labor, and other facilities 
available. One should determine the best arrangement for the 
conditions under which he has tc work, and tlien the experiments 
should be continued for a sufficient length of time to make certain 
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that the results obtained are reliable. In order to meet certain 
needs, the following specific suggestions are made as to methods 
suitable for variety testing. For such crops as wheat, rice, barley, 
millet, and the like, the plan may be as follows; 


Ybab 

Kind ow Plot 

Length or 
Row 

Number or 
Replications 

Frequency 
or Check 

First year 

Head or plant rows 

3 to 6 feet 

0 

Every tenth 

Second year 

Single rows 

12 to 18 feet 

1 or 2 

Every fifth 

Third year 

Single rows 

12 to 18 feet 

4 or more 

Every fifth 

Fourth year 

Single rows 

12 to 18 feet 

9 or more 

Every fifth 


f3-row blocks 

12 to 18 feet 

9 or more 

Every third 

Fifth year 

< Drilled plots of 

1 6 to 7 rows 

30 to 60 feet 

6 or more 

Every third 


The distance between the rows may be from 1 to 2 feet, depending 
on the crop used. If sufficient land and labor are available, 3- 
row blocks may be used earlier in the test. 

For such crops as beans and sesamum, the plan outlined above 
may be followed, but the distance between rows will be from 2 or 
2 1/2 to 3 feet. For potatoes (sweet or Irish), kaoliang, com, and 
cotton, the above plan may be followed in general, but the rows will 
be from 20 to 60 or more feet in length and from 2 to 3 feet in 
width. XA In order to avoid competition, it may be preferred to use 
3-row blocks earlier in the test, especially if widely differing strains 
are being tested. General suggestions relative to the size and to 
the number of replications of plots to be used for rotation and soil 
experiments, and the like, have been made earlier in this chapter. 
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Table I 

Sdms of Powers op Natural Numbers 


n 

S(n} 

S(ni>) 

5(n8) 

5(n*) 

1 

1 n 

1 

1 

1 

1 

1 

1 

2 

3 

6 

9 

17 

2 

3 

6 

14 

36 

98 

8 

4 

10 

30 

100 

364 

4 

5 

16 

65 

226 

979 

6 

6 

21 

91 

441 

2275 

6 

7 

28 

140 

784 

4676 

7 

8 

36 

204 

1296 

8772 

8 

9 

4o 

286 

2025 

15333 

9 

10 

55 

386 

8026 

26.533 

10 

11 

66 

606 

4366 

39974 

11 

12 

78 

650 

6084 

60710 

12 

13 

91 

819 

8281 

89271 

13 

14 

105 

1015 

11025 

127687 

14 

15 

120 

1240 

14400 

178312 

16 

16 

136 

1496 

18496 

243848 

16 

17 

163 

1786 

23409 

327369 

17 

18 

171 

2109 

29241 

432345 

18 

19 

190 

i 2470 

36100 

662666 

19 

20 

210 

2870 

44100 

722666 

20 

21 

231 

8311 

63361 

917147 

21 

22 

253 

3796 

64009 

1161408 

22 

23 

276 

4324 

76176 

1431244 

23 

24 

300 

4900 

90000 

1763020 

24 

26 

326 

6525 

106626 

2163646 

26 
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Table II 

Tabled Values to Facilitate the Fitting of a Logarithmic 
Curve of the Gai^NERAL Formula y - a + bx + c log x 


X 

log X 

S {log X) 

X log X 



S (log a:)2 

1 

.0000 

.0000 

,0000 

.0000 

.0000 

.0000 

2 

.3010 

.3010 

.6020 

.6020 

.0906 

.0906 

3 

.4771 

.7781 

1.4313 

2.0333 

.2276 

.3182 

4 

.6021 

1.3802 

2.40h4 

4.4417 

.3625 

.6807 

6 

.6990 

2.0792 

8.4950 

7.9367 

.4886 

1.1693 

6 

.7782 

2.8574 

4.6692 

12.6059 

.6056 

1.7749 

7 

.8451 

3.7025 

5.9167 

18.5216 

.7142 

2.4891 

8 

.9031 

4.6056 

7.2248 

25.7464 

.8156 

3.3047 

9 

.9542 

6.5598 

8.5878 

84.3342 

.9105 

4.2152 

10 

1.0000 

6.5598 

10.0000 

44.3342 

1.0000 

5.2162 

11 

1.0414 

7.6012 

n .4.554 

55.7896 

1.0845 

6.2997 

12 

1.0792 

8.6804 

12.9504 

68.7-100 

1.1647 

7.4614 

33 

1.1139 

9.7943 

14.4807 

83.2207 

1.2408 

8.70,>2 

14 

1.1461 

10.9404 

16.0454 

99.2661 

1.3135 

10.0187 

16 

1.1761 

12.1165 

17.6415 

116.9076 

1.3S32 

11.4019 

16 

1.2041 

13,3206 

19.2656 

136.1732 

1.4499 

12.8518 

17 

1.2304 

14,5510 

20.9168 

157.0900 

1.5139 

14.3657 

18 

1.2553 

16,8063 

22.5954 

179.6854 

1.6758 

15.9415 

19 

1.2788 

17,0851 

24.2972 

203.9826 

1.6353 

17.5768 

20 

1,3010 

18.3861 

26,0200 

230.0026 

1.6926 

19.2694 

21 

1.3222 I 

19.7083 

27,7662 

257.7688 

1.7482 

21.0176 

22 

1.3424 1 

21.0507 

29.5328 

287.3016 

1.8020 

22.8196 

23 

1.3617 1 

22.4124 

31.3191 

318.6207 

1.8542 

24.6738 

24 

1.3802 

23.7926 i 

33.1248 

851.7455 

1.9050 

26,5788 

25 

1.3979 

25.1905 1 

84.9475 

386.0930 

1.9541 

j 28.5329 

26 

1.4150 

26.6055 

36.7900 

423.4830 

2.0022 

30.5351 

27 

1.4314 

28.0369 

38.6478 

462.1308 

2.0489 

32.5840 

28 

1.4472 

29.4841 

40.5216 

502.6524 

2.0944 

34.6784 

29 

1.4624 

30.9465 

42.401^ 

645.0620 

2.13S6 

36.8170 

30 

1.4771 

32.4236 

44.3130 

689.3750 

2.1818 

38.9988 

31 

1.4914 

33.9160 

46.2334 

635.6084 

2.2243 

41.2231 

32 

1.5051 

36.4201 

48.1632 

683.7716 

2.2653 

43.4884 

33 

1.6185 

36.9386 

60.1105 

733.8821 

2.3058 

45.7942 

34 

1.5315 

38.4701 

52.0710 

785.9531 

2.3455 

48.1897 

35 

1.5441 

40.0142 

54.0435 

839.9966 

2.3842 

60.5239 

36 

1.6563 

41.5705 

66.0268 

896.0234 

2.4221 

62.9460 

37 

1.5682 

43.1387 

58.0234 

954.0468 

2.4593 

55.4053 

38 

1.6798 

44.7185 

60,0324 

1,014.0792 

2.4958 

57.9011 

39 

1.5911 

46.3096 

62.0529 

1,076.1321 

2.5316 

60.4327 

40 

1.6021 

47.9117 

64.0840 

1,140.2161 

2.5667 

62.9994 
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8 {log x) 


8 {x log x) (log x)2 8 (log a?)* 




49.5246 

61.1477 

62.7812 

64,4247 

56.0779 

67.7407 

59.4128 

61.0940 

62.7842 

64.4832 

66.1908 

67.9068 

69.6311 

71.3635 

73.1039 

74.8521 

76.6080 

78.3714 

80.1423 

81.9206 

83.7068 

85.4982 

87.2975 

89.1037 

90.9166 

92.7361 

94.5622 

96.3947 

98.2335 

100.0786 

101.9299 

103.7872 

105.6605 

107.6197 

109.3948 

111.2756 

113.1621 

116.0542 

116.9518 

118.8649 

120.7634 

122.6772 

124.6963 

126.6206 

128.4600 


66.1248 

68.1744 

70.2406 

72.3140 

74.3940 

76.4888 

78.5887 

80.6976 

82.8198 

84.9500 

87.0876 

89.2320 

91.3879 

93.5496 

95.7220 

97.8992 

100.0863 

102.2772 

104.4831 

106.6920 

108.9033 

111.1288 

113.3559 

115.6968 

117.8386 

120.0870 

122.3487 

124,6100 

126.8772 

129.1570 

131.4423 

133.7266 

136.0209 

138.3208 

140.6325 

142.9408 

146.2605 

147.6838 

149.9104 

162.2480 

164.6886 

166.9316 

169.2863 

161.6412 

163.9990 


1,206.3409 

1,274.5153 

1,344.7558 

1,417.0698 

1,491.4638 

1,567.9626 

1,646.6413 

1,727.2389 

1,810.0587 

1,895.0087 

1,982.0963 

2,071.3283 

2,162.7162 

2,256.2658 

2,351.9878 

2,449.8870 

2,549.9733 

2,652.2506 

2,756.7336 

2,863.4256 

2,972.3289 

3,083.4577 

3,196.8136 

3,312.4104 

3,430.2489 

8,550.3359 

3,672.6846 

3,797.2946 

3,924.1718 

4,053.3288 

4,184.7711 

4,318.4967 

4,454.5176 

4,692.8384 

4,733.4709 

4,876.4117 

5,021.6722 

5,169.2660 

6,319.1664 

6,471.4144 

6,626.0029 

6,782.9845 

6,942.2198 

6,103.8610 

6,267.8600 


65.6005 

68.2353 

70.9036 

73.6047 

76.3378 

79.1027 

81.8986 

84.7260 

87.6818 

f0.4o84 

93.3843 

96.3290 

99.3022 

102.3034 

105.3324 

108.3^86 

111.4718 

114.5814 

117.7175 

120.8795 

124.0668 

127.2795 

130.6170 

133.7794 

137.0660 

140.3766 

143.7112 

147.0693 

150.4505 

163.8549 

167.2822 

160.7318 

164.2037 

167.6976 

171.2136 

174.7610 

178.8099 

181.8899 

186.4908 

189.1126 

192.7660 

196.4176 

200.1006 

203.8034 

207.6260 


















hsvTssmx 


«1 


Table H — Continued 



fi6 1.9345 130.3846 166.3670 6,434.2270 3.7423 211.2683 

87 1.9395 132.3240 168.7365 6,602.9636 3.7617 216.0300 

88 1.9446 134.2686 171.1160 6,774.0796 3.7811 218.8111 

89 1.9494 136.2179 173.4966 6,947.6761 3.8002 222.6113 

90 1.9642 138.1721 176.8780 7,123.4641 3.8189 226.4302 

91 1.9590 140.1311 178.2690 7,301.7231 3.8877 230.2679 

92 1.9638 142.0949 180.6696 7,482.3927 3.8,565 234.1244 

93 1.9685 144.0634 183.0705 7,666.4632 3.8750 237.9994 

94 1.9731 146.0366 186.4714 7,850.9346 3.8931 241.8926 

96 1.9777 148.0142 187.8816 8,038.8161 3.9113 246.8038 

96 1.9823 149.9965 190.3008 8,229.1169 3.9296 249.7333 

97 1.9868 161.9833 192.7196 8,421.8365 3.9474 263.6807 

98 1.9912 1,53.9745 195.1376 8,616.9741 3.9649 257.64,56 

99 1.9966 155.9701 197..5644 8,814.5385 3.9824 261.6280 

100 2.0000 1 167.9701 200.0000 9,014.6385 4.0000 266.6280 
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Table III 

Table Giving Coebespondinq Values foe r Computed feom r. 
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Tablb IV 

Valttb^ fob Facilitating Computation of the Pbobablb Ebbob of 
A Single Obsbbvation, feom Bessel’s Fobmula 

6746 

Value of the Faotob * for N 1 to S9 

^N-l 




0 

1 

2 

3 

4 

6 

6 

7 

8 

9 

B 


.2248 

.2133 

.2034 

.1947 

.1871 

.1803 

.1742 

.1686 

.1636 

.1690 


.6745 

.1647 

.1608 

.1472 

.1438 

.1406 

.1377 

.1349 

.1323 

.1298 

.1275 

D 

.4769 

.1253 

.1231 

.1211 

.1192 

.1174 

.1157 

.1140 

.1124 

.1109 

.1004 

B 

.3894 

.1080 

.1066 

.1053 

.1041 

.1029 

.1017 

.1005 

.0995 

.0984 

.0974 

5 

.3372 

.0964 

.0954 

.0944 

.0935 

.0926 

.0918 

.0909 

.0901 

.0893 

.0886 

6 

.3016 

.0878 

.0871 

.0864 

.0867 

.0850 

.0843 

.0837 

.0830 

.0824 

.0818 

7 

.2764 

.0812 

.0806 

,0800 

.0796 

.0789 

.0784 

.0779 

.0774 

.0769 

.0764 

8 

! .2649 

.0769 

.0754 

.0749 

.0745 

.0740 

.0736 

.0732 

.0727 

.0723 

.0719 

9 

.2386 

.0715 

.0711 

.0707 

.0703 

.0699 

.0696 

.0692 

.0688 

.0685 

.0681 


Values fob Facilitating Computation of the Probable Error or 
THE Mean, from Bessel’s Formula 
6746 

Value of the Factor N 1 to 99 

-yN (N-1) 


8 

9 





.0711 .0843 .0587 .0640 .0500 .046-5 .0435 .0409 .0386 .0365 
.4769 .0346 .0329 .0314 .0300 .0287 .0276 .0266 .0266 .0246 .0237 

.2754 .0229 .0221 .0214 .0208 .0201 .0196 .0190 .0186 .0180 .0176 

.1947 .0171 .0167 .0163 .0169 .0165 .0162 .0148 .0145 .0142 .0139 

.1508 .0136 .0134 .0131 .0128 .0126 .0124 .0122 .0119 .0117 .0116 

.1231 .0113 .0111 .0110 .0108 .0106 .0105 .0103 .0101 .0100 .0098 

.1041 .0097 .0096 .0094 .0093 .0092 .0091 .0089 .0088 .0087 .0086 

.0901 .0085 .0084 .0083 .0082 .0081 .0080 .0079 .0078 .0077 .0076 

I 

.0795 .0075 .0076 .00741 .00731 .0072 .0071 .0071 .0070 .0069 .0068 
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Table V 

Values fob Faciutatino Computation of the Probable Error of 
A Single Observation, from Peters’ Formula 

Value of the Factor for N 1 to 99 


N 






D 

H 

6 

g 

g 

9 


■ 

.0891 






.0646 



.0467 


.6977 

.0434 

.0412 

.0393 

.0376 

.0360 

.0345 

.0332 

.0319 

.0307 

.0297 

8 

.3451 

.0287 

.0277 

.0268 

.0260 

.0262 

.0246 

.0238 

.0232 

.0225 

.0220 

4 

.2440 

.0214 

.0209 

.0204 

.0199 

.0194 

.0190 

.0186 

.0182 

.0178 

.0174 

6 

.1890 

.0171 

.0167 

.0164 

,0161 

.0168 

.0165 

.0152 

.0160 

.0147 

.0146 

6 

.1643 

.0142 

.0140 

.0137 

.0135 

.0133 

.0131 

.0129 

.0127 

.0125 

.0123 

7 

.1304 

.0122 

.0120 

.0118 

.0117 

.0115 

.0113 

.0112 

.0110 

.0109 

.0108 

8 

.1130 

.0106 

.0105 

.0104 

.0102 

.0101 

.0100 

.0099 

.0098 

.0097 

I .0096 

9 

.0996 

.0094 

.0093 

.0092 

.0091 

.0090 

.0089 

.0089 

.0088 

.0087 

.0086 


Values for Facilitatinq Computation of the Probable Error of 
THE Mean, from Peters’ Formula 

Value of the Factor—^^?- for N 1 to 99 
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Table VI 

Table por Estimating Probability Based on the Normal 
Probability Integral Corresponding to Values of iL. 

a 

Total Area of the Curve is Assumed to be 100000. x is the 
Distance from the Mean and cr is the Standard Deviation.* 


X 

0 

1 

2 

3 

4 

5 

6 

7 

8 

9 

0.00 

00000 

40 

80 

120 

169 

199 

239 

279 

319 

359 

0.03 

1197 

1237 

1276 

1316 

1356 

1396 

1436 

1476 

1516 

1555 

0.06 

2392 

2432 

2472 

2512 

2651 

2591 

2631 

2671 

2711 

2751 

0.09 

3586 

3625 

3665 

3705 

3744 

3784 

3824 

3864 

3903 

3943 

0.12 

4776 

4815 

4855 

4895 

4934 

4974 

5013 

6053 

5093 

5132 

0.15 

6962 

6001 

6041 

6080 

6119 

6169 

6198 

6238 

6277 

6317 

0.18 

7142 

7182 

7221 

7260 

7299 

7338 

7378 

7417 

7456 

7496 

0.21 

8317 

8356 

8395 

8434 

8473 

8612 

8651 

8690 

8628 

8667 

0.24 

9483 

9522 

9561 

9600 

9638 

9677 

9716 

9764 

9793 

9832 

0.27 

10642 

10680 

10719 

10757 

10796 

10834 

10872 

10911 

10949 

10988 

0.30 

11791 

11829 

11807 

11905 

[11943 

11981 

12019 

12058 

12096 

12134 

0.38 

12930 

12968 

13005 

13043 

13081 

13118 

13156 

13194 

13232 

13269 

0.36 

14058 

14095 

14132 

14169 

14207 

14244 

14281 

14319 

14356 

14393 

0.39 

15173 

15210 

16247 

15284 

15321 

15357 

15394 

15431 

16468 

15605 

0.42 

16276 

16312 

16348 

16385 

16421 

16458 

16494 

16531 

16567 

16604 

0.45 

17364 

17400 

17436 

17472 

117508 

1 

17544 

17580 

17616 

17652 

17688 

0.48 

18439 

18474 

18509 

18545 

18580 

18616 

18651 

18687 

18722 

18758 

0.51 

19497 

19532 

19567 

19602 

19637 

19672 

19707 

19742 

19777 

19812 

0.64 

20540 

20674 

20609 

20643 

20678 

20712 

20746 

20781 

20816 

20850 

0.67 

21666 

21600 

21634 

21667 

21701 

21785 

21769 

21803 

21836 

21870 

0.60 

22675 

22608 

22641 

22674 

22707 

22741 

22774 

22807 

22840 

22874 

0.63 

23665 

23508 

23630 

23663 

23695 

23728 

23761 

23793 

23826 

23859 


*Adapted from Table IV, C. B. Davenport’s Statistical Methods. 
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iL 

o 

0 

1 

2 

8 

4 

6 

e 

7 

8 

9 

0.66 

24637 

24569 

24601 

24633 

24665 

24697 

24729 

24761 

24793 

24825 

0.67 

24867 

24889 

24920 

24952 

24984 

25016 

25048 

25079 

25111 

25143 

0.69 

25490 

25521 

25553 

25584 

25615 

25647 

25678 

25709 

25741 

26772 

0.72 

26424 

26454 

26485 

26516 

26546 

26577 

26608 

26638 

26669 

26700 

0.76 

27337 

27367 

27397 

27427 

27457 

27487 

27617 

27547 

27577 

27607 

0.78 

28230 

28260 

28289 

28318 

28347 

28377 

28406 

28435 

28465 

28494 

0.81 

29103 

29132 

29160 

29189 

29217 

29246 

29274 

29303 

29332 

29360 

0.84 

29954 

20982 

30010 

30038 

30066 

30094 

80122 

30150 

30178 

30206 

0.87 

30786 

30812 

30839 

30866 

30894 

30921 

80948 

30975 

31002 

31030 

0.90 

31694 

31620 

31647 

31673 

31700 

31726 

81753 

31780 

31806 

31832 

o.»s 

32381 

32407 

32433 

32459 

32484 

32510 

32536 

32562 

32587 

32613 

0.96 

33147 

83172 

33197 

33222 

33247 

33272 

33297 

33322 

33347 

33373 

0.99 

33891 

33915 

33940 

33964 

33988 

34013 

34037 

34061 

34086 

34110 

1.02 

34613 

84637 

34661 

34684 

34708 

34731 

34755 

34778 

34802 

34826 

1.06 

36314 

35337 

35360 

35382 

35405 

35428 

35451 

35474 

35497 

35520 

1.08 

35993 

— 

— 

— 

— 


— 

— 

— 

— 

— 

— 

015 

037 

059 

081 

103 

125 

148 

170 

192 

1.11 

36650 

671 

693 

714 

735 

757 

778 

800 

821 

843 

1.14 

37286 

306 

327 

348 

368 

389 

410 

430 

451 

472 

1.17 

900 

920 

940 

960 

980 

— 

— 

— 

— 

— 

— 

— 


— 

— 

— 


020 

040 

060 

080 

1.20 

38493 


531 

551 

570 


609 

628 

647 

667 

1.23 

89065 


102 

121 

139 


177 

195 

214 

232 

1.26 

617 


652 

670 

688 


724 

742 

760 

778 

1.29 

40147 


182 

199 

216 

283 

261 

268 

285 

303 

1.82 

658 

676 

692 

709 

725 

742 

758 

775 

792 


1.85 


165 

181 

197 

213 

229 

245 

261 

277 

292 
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Table VI— Continued 


X 

a 

0 

1 

2 

3 

4 


6 

7 

8 

9 

1.38 

41621 

637 

652 

667 

683 

698 

713 

728 

744 

759 

1.41 

42073 

088 

102 

117 

131 

146 

161 

176 

190 

205 

1.44 

607 

621 

635 

649 

663 

677 

691 

605 

619 

633 

1.47 

922 

936 

949 

962 

976 

989 

— 

— 

— 

— 


— 

— 

— 

— 

— 

— 

002 

016 

029 

043 

1.60 

43319 

332 

345 

358 

371 

383 

396 

409 

422 

435 

1.63 

699 

711 

724 

736 

748 

760 

773 

785 

797 

810 

1.66 

44062 

074 

085 

097 

109 

120 

132 

144 

156 

167 

1.69 

408 

419 

430 

442 

453 

464 

475 

486 

498 

509 

1.62 

738 

749 

760 

770 

781 

791 

802 

813 

823 

834 

1.66 

45053 

063 

073 

083 

093 

103 

114 

124 

134 

144 

1.68 

352 

362 

371 

381 

391 

400 

410 

419 

429 

439 

:.7i 

637 

646 

655 

664 

673 

682 

692 

701 

710 

719 

1.74 

907 

916 

924 1 

933 

942 

960 

959 

968 

977 

985 

1.77 

46164 

172 

180 

188 

196 

206 

213 

221 

230 

238 

1.80 

407 

415 

423 

430 

438 

446 

454 

462 

469 

477 

1.83 

638 

646 

652 

660 

667 

674 

682 

689 

697 

704 

1.86 

856 

863 

870 

877 

884 

891 

898' 

905 

912 

919 

1.89 

47062 

069 

076 

082 

088 

095 

102 

108 

115 

122 

1.92 

257 

263 

270 

276 

282 

288 

294 

301 

307 

S13 

1.96 

441 

447 

453 

459 

465 

471 

476 

482 

488 

494 

1.98 

615 

620 

626 

631 

637 

643 

648 

654 

659 

665 

2.01 

778 

784 

789 

794 

799 

804 

810 

816 

820 

826 

2.04 

932 

937 

942 

947 

952 

967 

962 

967 

972 

977 

2.07 

48077 

082 

087 

091 

096 

100 

105 

110 

114 

119 

2.10 

214 

218 

222 

227 1 

231 

236 

240 

244 

248 

253 

2.13 

341 

345 

350 

354 

358 

362 

366 

370 

374 

378 
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TABtX VII 


Tabix Givuto Odds toe Vaeious Vaiubs of - pg - 


D 

~f:s7 

Odds Against Such a 
Divfkhsncb Occurring 

Dub to Chancb 

1.00 

1 1.00 :1 

1.05 

1.09 :1 

1.10 

1.18 :1 

1.15 

1.28 :1 

1.20 

1.89 :1 

1.25 

1.61 :1 

1.30 

1.68:1 

1.35 

1.76 : 1 

1.40 

1.90 : 1 

1.45 

2.05 :1 

1.60 

2.21 :1 

1.65 

2.38 :1 

1.60 

2.57 j 1 

1.65 

2.76 :1 

1.70 

2.98 :1 

1.75 

3.20 :1 

1.80 

8.45 :1 

i 1.86 

8.71 :1 

1.90 

4.00 :1 

1.95 

4.31 : 1 

2.00 

4.64 : 1 

2.05 

5.00 ; 1 

2.10 

5.38 : 1 

2.16 

6.80 : 1 

2.20 

6.25 : 1 

2.25 

6.74 : 1 

2.30 

7.28 ;1 

2.35 

7.85 : 1 

2.40 

8.48 : 1 

2.46 

9.16 : 1 

2.50 

9.90 : 1 

2.66 

10.70 : 1 

2.60 

11.68 : 1 

2.65 

12.54 : 1 

2.70 

13.68 : 1 

2.75 

14.72 : 1 

2.80 

15.97 : 1 

2.85 

17.88 : 1 

2.90 

18.81 ; 1 

2.96 

20.45 : 1 

8.00 

22.23 : 1 

8.05 

24.20 ; 1 

8.10 

26.37 :1 

8.15 

28.74 :1 

8.20 

31.36:1 


Odds Against Such a 
Di¥ferencb OccuRRiNa 
Dub to Chancb 

34.24 

1 

37.40 

1 

40.95 

1 

44.79 

1 

49.10 

1 

63.82 

1 

59.10 

1 

64.88 

1 

71.36 

1 

78.49 

1 

86.67 

1 

95.34 

1 

105.38 

1 

116.37 

1 

128.63 

1 

142.27 

1 

167.73 

1 

176.06 

1 

193.56 

1 

215.45 

1 

240.65 

1 

266.38 

1 

298.40 

1 

332.33 

1 

372.13 

1 

415.67 

1 

466.29 

1 

519.83 

1 

687.24 

1 

666.89 

1 

734.29 

1 

832.33 

1 

924.93 

1 

1040.67 

1 

1189.48 

1 

1314.79 

1 

2271.73 

1 

8670.43 

1 

6249.00 ; 

1 

9999.00 

1 

16665.67 

1 

49999.00 

1 

427093.90 

1 

2368544.71 

1 

14662765.60 

1 
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Th* Camulathd Odds fob the Z Values of ‘Student’s’ Table fob 
Estimatino the Pbobability of the Signifioanoe of the Result 
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Table VIII — Continued 


z 

n = 2 

n=3 

n=s4 

n = 6 

na 6 


2.76 

8.00 

32.2 

113. 

369. 

iiio. 

3332. 

2.8 

8.16 

33.4 

118. 

899. 

1249. 

49fl9. 

2.86 

8.30 

34.5 

124. 

416. 

1249. 

4999. 

2.9 

8.46 

36.6 

131. 

454. 

1428. 

491^9. 

2.96 

8.61 

36.7 

136. 

476. 

1428. 

4999. 

3,0 

8.77 

87.9 

144. 

526. 

1666. 

4999. 

8.06 

8.91 

39.2 

161. 

555. 

1666. 

4999. 

8.1 

9.07 

40.6 

168. 

687. 

1999. 

9999. 

3.15 

9.21 

41.6 

163. 

687. 

1999. 


3.2 

9.37 

42.9 

171. 

624. 

2499. 


3.25 

9.62 

44.0 

178. 

866. 

2499. 


3.3 

9.67 

45.5 

188. 

713. 

2499. 


3.35 

9.82 

46.8 

196. 

768. 

2499. 


3.4 

9.98 

48.3 

203. 

832. 

3332. 


3.45 

10.1 

49.5 

212. 

832. 

3332. 


3.5 

10.3 

51.1 

221. 

908. 

3332. 


4.0 

11.8 

66.1 

322. 

3666. 

4999. 


4.5 

13.3 

83.0 

434. 

2499. 

4999. 


5.0 

14.9 

102. 

624. 

3332. 

9999. 


6.6 

16.6 

122. 

832. 

4999. 



6.0 

18.0 

146. 

999. 

9999. 



6.5 

19.6 

171. 

1249. 




7.0 

21.1 

199, 

1666. 




7.6 

22.7 

226. 

1999. 




8.0 

24.3 

255. 

2499. 




8.6 

25.8 

293. 

2499. 




9.0 

27.4 

822. 

8332. 




9.6 

28.9 

S69. 

3332. 




10.0 

30.6 

399. 

4999. 




15.0 

46.2 

908. 

9999. 




20.0 

61.9 

1666. 





25.0 

77.7 

2499. 





30.0 

93.3 

3332. 





a5.o 

10^^. 

4999. 





40.0 

124. 

4999. 

[ 




45.0 

140. 

9999. 





60.0 

153. 






60.0 

188. 






70.0 

221. 






80.0 

249. 






90.0 

285. 



1 



100.0 

811. 






120.0 

869. 



I 



140.0 

434. 






160.0 

476. 






160.0 

499. 






180.0 

565. 






• 200.0 

624. 






260.0 

768. 






BOO.O 

908. 






860.0 

1110. 






400.0 

1249. 






460.0 

1428. 






500.0 

1666. 






600.0 

1999. 






700.0 

1999. 






1000.0 

1 3332. 






1600.0 

1 4999. 






2000.0 

1 4999. 






3000.0 

9999. 
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frequency or arrangement of 
check plots, 430; to determine 
necessary number of replica¬ 
tions, 416 
Borden, R. J., 442 

Card system, in making a correla¬ 
tion table, 100; in making a 
frequency distribution, 17 


Chaddock, R. E., 7, 8 
Chang, C. C., 28 

Check plots, 429; methods of 
obtaining calculated check 3 deld 3 
from, 430; number of, 430 
Chi-square test, application of, 287 
Classes, limits of, 12; mid-points 
of, 12; number of, 11; range of, 
11; recording data in, 15 
Competition, plot, 420; effect of, 
in arranging plot layouts, 428; 
methods of measuring the effect 
of, 420 

Contingency, coefficient of, 165; 
correction for, 169; limitations 
of, 169, 172; methods o ‘ deter¬ 
mining, 165 

Correlation, analysis of, 90; by 
foot-rule method, 164; from 
ranks, 161; perfect negative, 
107; perfect positive, 105. See 
Multiple correlation. Non-linear 
correlation. Partial correlation. 
Probability 

Correlation, coefficient of, 95; a 
measure of linear correlation, 
95; a ratio value, 113, 116, 148; 
calculation of, 96; used for re¬ 
gression lines, 118 
Correlation ratio, 147; comparison 
with correlation coefficient, 154; 
correction for, 155; method of 
calculating, 149 

Correlation table, construction of, 
98; importance of, 162 
Covariance, analysis of, 442 
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Curved regression lines, 165; for 
prediction, 160; method of calcu¬ 
lating, 166 

Curves, fitting of, 249; criteria for, 
249, 261,252; examples of various 
types of curves and method of 
fitting, 252-283; groups of curve 
types, 252; logarithmic, 282 

Data, collection of, 2; measuring 
and recording, 4 
Day, James W., 407 
Degrees of freedom, 289, 341 
Deviation or dispersion, constants 
of, 66; comparison of usefulness 
of, 89; necessary qualifications 
of, 67; relation between average 
and standard deviations, 85; 
relation between standard and 
quartile deviations, 89; types of, 
67. See Average deviation, 
Quartile deviation, Standard 
deviation; Variability 
Distributions, types of frequency, 
20 

Elderton, W. Palin, 287, 288, 289, 
290, 294, 296 
Emerson, R. A., 292 
Empirical mode, method of deter¬ 
mining, 55 

Errors of observation, 216 
Ezekiel, Mordecai, 215 

Field experiments, interpretation 
of results from, 452; for a period 
of years, 462; on basis of devia¬ 
tion from the mean method, 467; 
on basis of general probable 
error, 469; on basis of general 
probable error from check plots. 


466; on basis of standard or 
probable error, 462 
Fisher, R. A., 155, 240, 289, 290, 
296, 331-335, 340, 341, 349, 360, 
360, 442, 462, 462, 463 
Fisher’s method, for interpreting 
goodness of fit, 289; for inter¬ 
preting results from small sam¬ 
ples, 331; tabled values for argu¬ 
ment ty 331 

Foot-rule method, for determining 
correlation, 164 
Fraser, A. C., 23 

Frequency curves, 29; fitting of, 249 
Frequency distributions, group¬ 
ing of measurements in, 11; 
methods of making, 16; types of, 
20; value of, 11 

Garber, R. J., 403 
Greometric mean, definition of, 41; 
method of calculating, 63; use 
of, 64 

Goodness of Fit, in curve fitting, 
287; in Mendelian segregation, 
295; interpretation of, 289; 
method of determining, 287 
Graphic illustration, importance 
of, 27; rules for, 36 

Hall, A. D., 405 

Harris, J. Arthur, 399, 401, 402 
Hayes, H. K., 439, 467, 459 
Histogram, 31 
Hoover, M. M., 403 

Illinois Agricultural Experiment 
Station, 62, 139, 140 
Interpretation of results, general 
suggestions for, 7 
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Kiesselbach, T. A., 420 

Latin square, analysis and ar¬ 
rangement of, 360 
Least squares, 132 
Line diagram, 27 
Logarithmic curve, 282 

McCleUand, C. K., 406 
Mcllvaine, T. C., 403 
Mean. See Arithmetic mean, 
Averages, Greometric mean 
Median, definition of, 41; method 
of determining, 52. See Averages 
Mills, Frederick C., 68 
Missing plots, eliminating effect of, 
364; methods of calculating 
yields of, 365 

Mode, definition of, 41; types of, 
55. See Empirical mode, 
Theoretical mode 
Moving average, 61, 435 
Multiple correlation, 173; coeffi¬ 
cient of, 183; definition of, 173; 
limitations of method for, 215; 
method of determining, 173 

Non-linear correlation, 147 
Normal curve of error, 221, 272 
Number of observations, to 
measure differences, 318 

Odds, calculation of, 231; inter¬ 
pretation of, 236; tables of, 236, 
317. See Probability 
Ogive, 28 

Ordinates, 29, 133; method of 
loaded or weighted, 30 

Parabolas, methods of fitting 
second, third, and fourth order, 
143 


Parker, E. R., 403, 433 
Partial correlation, 201; coefficient 
of, 202; definition of, 201; limita- 
tions of methods for, 215; method 
of determining, 202 
Pearl, Raymond, 249 
Pearson, K., 137, 148, 165, 165, 
237, 251, 254, 258, 261, 262, 264, 
273, 274, 287, 289, 296, 316, 335 
Percentages, dangers in use of, 9 
Peters’ formula, for probable error 
of a single observation, 303; for 
probable error of the mean, 303; 
relation of constants in Bessel’s 
and Peters’ formulas, 303; tables 
to facilitate calculation of proba¬ 
ble errors by, 305 
Plot technic, 398; efficiency in use 
of land of plots of different sizes, 
414; recommendation regarding 
plot arrangement and replica¬ 
tion, 463; size, shape, and rep¬ 
lication of plots, 404. See 
Blank tests. Check plots, Com¬ 
petition, Soil heterogeneity. 
Uniformity trials 

Prediction, calculated from regres¬ 
sion, 118,125; from curved regres¬ 
sion lines, 160; from straight lines, 
139; Pearson’s method of, based 
on past experience, 335; relation 
between predicted and actual 
values, 125; standard deviation 
of predicted values, 125, 179, 370 
Probability, methods of interpret¬ 
ing, 231; for results from small 
samples, 324 

Probable error, concept of, 216; 
determined by counting, 230; 
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formulas for probable errors of 
yarious constants, 244; of an 
average, 246; of a single observa¬ 
tion, 224; of a sum or difference, 
243, 305, 307; of MendeUan re¬ 
sults, 337; of the coefficient of 
correlation, 239; of the coeffi¬ 
cient of variability, 239; of the 
correlation ratio, 240; of the 
difference between the correla¬ 
tion coefficient and correlation 
ratio, 242; of the mean, 225; 
of the probable error of a single 
determination, 248; of the 
standard deviation, 238; to ana¬ 
lyze results from several trials, 
311. See Bessel’s formula, 
Peters’ formula, Probability 

Quartile deviation, 88, 230 

Handom arrangement, 342; re¬ 
striction of, 359 
Eandom sample, 3 
Bank correlation, 101 
Regression, apphcation of, 122; 
based on three variables, 186; 
based on two variables, 183 
Regression lines, 118; method of 
fitting, 122. See Curved re¬ 
gression lines. Variance analysis 
Relation, between two characters, 
90; by means of fitted lines, 132; 
by means of graphs, 93. See 
Correlation 

Richey, Frederick D., 435, 437, 
438, 439, 441 
RusseU, E. J., 405 

Sanders, H. G., 442 


Scatter diagram, 91 
Scofield, C. S., 402 
Secrist, Horace, 64 
Shen, T. H., 423, 424, 425 
Sheppard’s correction, 250, 276 
Skewness, 251 

Small samples, methods for evalua¬ 
ting results obtained from, 297. 
See Bessel’s formula, Fisher’s 
method, Peters’ formula. Proba¬ 
bility, ‘Student’s’ method 
Snedecor, George W., 180, 190, 240, 
331, 350, 452 
Soil heterogeneity, 399 
Spearman, C., 161, 164 
Stadler, L. J., 420, 422, 426, 427 
Standard deviation, definition of, 
74; methods of determining, 74; 
of a series of standard devia¬ 
tions, 80. See Standard error 
of estimate 

Standard error, 223; in variaiKje 
analysis, 340; relation between 
standard and probable error, 224 
Standard error of estimate, in 
correlation analysis, 129; in 
multiple correlation, 179; in 
variance analysis, 369 
Standards, for calculation of re¬ 
sults, 6 

Straight line, for prediction, 139; 

method of fitting, 132 
Stringfield, G. H., 423, 424, 425 
‘Student,’ 10, 324-331, 335, 425, 
459, 462, 463 

‘Student’s’ method, for interpret¬ 
ing results from small samples, 
324; for argument f, 328; table 
of odds for argument t, 328; table 
of odds for argument Z, 325 
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Tables for aid in calculation and 
interpretation; corresponding 
values for r computed from 
472; for estimating p robability 
based on the normal probability 
integral corresponding to values 
of sc/cr, 475; odds calculated for 
the Z values of ‘Student’s* table, 
480; odds calculated from 
‘Student’s’ t table, 484, 485; 
odds for differences in one direc¬ 
tion only, 317; odds for values 
of DjP. E,y 479; odds for values 
of DjP. E, (short table), 236; 
significant values of r and R, 
490; sums of powers of natural 
numbers, 468; values for inter¬ 
preting Goodness of Fit, 291; 
values of F and f, 486; values to 
facilitate computation of the 
probable error of a single ob¬ 
servation, from Bessel’s formula, 
473; values to facilitate com¬ 
putation of the probable error 
of a single observation, from 
Peters’ formula, 474; values to 
facilitate computation of the 
probable error of the mean, 
from Bessel’s formula, 473; 
values to facilitate computation 
of the probable error of the 


mean, from Peters’ formula, 474; 
values to facilitate fitting of a 
logarithmic curve, 469 
Theoretical mode, 55; approximate, 
56; comparisons of approximate 
and true, 57; methods of deter¬ 
mining, 56. See Averages 
Tippett, L. H. C., 155 

Uniformity trials, 441 
United States Department of 
Agriculture Weather Bureau, 24 

Variability, coefficient of, 86 
Variance, 67, 74 

Variance analysis, 340; applica¬ 
tion of method of, 342; applied 
to a complex experiment, 378; 
applied to problems of plot 
technic, 412; applied to regres¬ 
sion analysis, 369; applied to 
results obtained by Siting 
curved regression lines, 375; 
interpretation from, 348 

Wallace, H. A., 180, 190 
Wishart, J., 364, 365, 452 

Yates, F., 364, 366 
Yule, G. Udny, 21, 40, 41, 57, 64, 
74, 119, 168, 169 





